Quantum
Social Science

Emmanuel Haven and
Andrei Khrennikov



http://www.cambridge.org/9781107012820




QUANTUM SOCIAL SCIENCE

Written by world experts in the foundations of quantum mechanics and its appli-
cations to social science, this book shows how elementary quantum mechanical
principles can be applied to decision making paradoxes in psychology, and used in
modeling information in finance and economics.

The book starts with a thorough overview of some of the salient differences
between classical, statistical, and quantum mechanics. It presents arguments on why
quantum mechanics can be applied outside of physics and defines quantum social
science. The issue of the existence of quantum probabilistic effects in psychology,
economics, and finance is addressed and basic questions and answers are provided.
Aimed at researchers in economics and psychology, as well as physics, basic
mathematical preliminaries and elementary concepts from quantum mechanics are
defined in a self-contained way.

EMMANUEL HAVEN is a Professor at the School of Management, University of
Leicester, UK. He has published numerous articles in a variety of fields, such as
operations research, economics, and finance.

ANDREI KHRENNIKOV is a Professor of Applied Mathematics at Linnaeus
University, Sweden, and Director of the International Centre for Mathematical
Modelling in Physics, Engineering, Economics and Cognitive Science.






QUANTUM SOCIAL SCIENCE

EMMANUEL HAVEN

University of Leicester

AND
ANDREI KHRENNIKOV

Linnaeus University

B3 CAMBRIDGE
S5 UNIVERSITY PRESS




CAMBRIDGE UNIVERSITY PRESS
Cambridge, New York, Melbourne, Madrid, Cape Town,
Singapore, Sdo Paulo, Delhi, Mexico City

Cambridge University Press
The Edinburgh Building, Cambridge CB2 8RU, UK

Published in the United States of America by Cambridge University Press, New York

www.cambridge.org
Information on this title: www.cambridge.org/9781107012820

© E. Haven and A. Khrennikov 2013

This publication is in copyright. Subject to statutory exception
and to the provisions of relevant collective licensing agreements,
no reproduction of any part may take place without the written
permission of Cambridge University Press.

First published 2013
Printed and bound in the United Kingdom by the MPG Books Group
A catalogue record for this publication is available from the British Library

Library of Congress Cataloguing in Publication data
Haven, Emmanuel, 1965—
Quantum social science / Emmanuel Haven and Andrei Yu. Khrennikov.
. cm.
Includes bibliographical references and index.
ISBN 978-1-107-01282-0 (hbk.)
1. Social sciences — Mathematical models. 2. Quantum theory.
I. Khrennikov, A. IU. (Andrei IUr’evich), 1958— 1I. Title.
H61.25.H38 2012
300.1'53012 — dc23 2012027126

ISBN 978-1-107-01282-0 Hardback

Cambridge University Press has no responsibility for the persistence or
accuracy of URLSs for external or third-party internet websites referred to
in this publication, and does not guarantee that any content on such
websites is, or will remain, accurate or appropriate.



http://www.cambridge.org
http://www.cambridge.org/9781107012820

To our lovely Wives — Irina and Sophie

To our lovely Children — Anton, Nath, and Sam






Contents

Foreword

Preface
Acknowledgements
List of symbols

Physics concepts in social science? A discussion

Classical, statistical, and quantum mechanics: all in one

1.1 Newtonian mechanics

1.2 References

1.3 The Hamiltonian formalism

1.4 Statistical mechanics and the Liouville equation

1.5 The classical kingdom. . .

1.6 References

1.7 Classical fields

1.8 Reference

1.9 The Born—-Sommerfeld quantization

1.10 Reference

1.11 Theory of quantum waves

1.12 References

1.13 Heisenberg’s symbolic calculus

1.14 Heisenbergian symbolism in physics: a version of symbolism
in art

1.15 References

1.16 Completeness of quantum mechanics and a possibility to
apply quantum mechanics outside of physics

1.17 References

1.18 Brownian motion

1.19 References

page xiii
XVii
X1X
XX1

~N O\ W W

11
12
12
14
14
17
17
18
18

23
24

24
28
28
31

vii



viii

I

Contents

1.20 The Schrédinger equation

1.21 References

1.22 Do not be afraid of no-go theorems!
1.23 References

Econophysics: statistical physics and social science

2.1 Science and social science: econophysics?

2.2 References

2.3 The physics-based “Fokker—Planck” PDE in economics
2.4 References

2.5 Potential and kinetic energy in social science

2.6 References

2.7 The backward Kolmogorov PDE in finance

2.8 References

2.9 What a weird world! Martingales and fake probabilities
2.10 References

2.11 Whetting the quantum appetite

2.12 References

Quantum social science: a non-mathematical motivation
3.1 What is quantum social science?

3.2 Key findings from quantum social science

3.3 References

Mathematics and physics preliminaries

Vector calculus and other mathematical preliminaries
4.1 Linear spaces

4.2 References

4.3 State space: Hilbert space

4.4 References

4.5 COperators

4.6 References

4.7 Dirac brakets and bras and kets
4.8 References

4.9 Eigenvalues/eigenfunction
4.10 References

4.11 Hermiticity

4.12 References

4.13 Projection operators

4.14 Probability density functions
4.15 References

31
35
35
36

37
37
40
40
41
41
42
43
48
49
52
52
53

54
54
62
64

71
71
72
72
73
73
75
75
76
77
7
7
78
78
79
79



111

Contents

4.16 ODEs and PDEs

4.17 References

4.18 Basics of stochastic mathematics, Brownian motion,
non-arbitrage condition, It6’s Lemma

4.19 References

Basic elements of quantum mechanics

5.1 Mathematical formalism of quantum mechanics: brief
introduction

5.2 References

5.3 Double slit experiment: rationale for the existence of
probability waves

5.4 References

5.5 Quantum mechanical postulates

5.6 References

5.7 States and state functions

5.8 References

5.9 Wave packets — constructive and destructive interference

5.10 References

5.11 Heisenberg’s uncertainty principle

5.12 References

5.13 The time-dependent and time-independent Schrodinger PDE

5.14 References

5.15 Classical limit ideas: Ehrenfest’s approach and the
correspondence principle

5.16 References

Basic elements of Bohmian mechanics

6.1 Short introduction to Bohmian mechanics
6.2 References

6.3 Mathematical formalism

6.4 References

6.5 Non-locality

6.6 References

6.7 Criticisms of Bohmian mechanics

6.8 References

Quantum probabilistic effects in psychology: basic questions
and answers

A brief overview
7.1 Decision making in social science: general overview

ix
79
80

80
82

84

84
89

90
92
92
94
95
95
96
96
96
97
97
98

98
100

102
102
103
103
105
106
107
107
108

113
113



7.2
7.3
7.4
7.5
7.6
1.7
7.8

Contents

References

Modeling risk: some basic approaches

References

Possible remedies to the paradox: a brief discussion
References

The role of the law of total probability (LTP): a brief overview
Reference

Interference effects in psychology — an introduction

8.1
8.2
83

8.4
8.5

8.6
8.7
8.8

8.9
8.10

8.11
8.12
8.13
8.14
8.15

8.16

8.17
8.18

Classical decision making and the Bayesian approach
References

Non-classical decision making: violation of the LTP (law of
total probability) and the quantum Bayesian approach
Contextual probabilistic formalization

Interference effects in social science: decision making based
on LTP with interference terms

Savage sure-thing principle

Behavioral games: Prisoner’s Dilemma

Violation of rationality in the experiments of Shafir and
Tversky

Prisoner’s dilemma-type experiment: Shafir and Tversky
Violation of double stochasticity for matrices of

transition probabilities

Prisoner’s dilemma-type experiment: Croson

Gambling experiment — 1: Tversky and Shafir

Gambling experiment — 2: Tversky and Shafir

The Hawaii vacation experiment

Non-classicality of statistical data: non-zero coefficients of
interference

The constructive wave function approach and fit to data from
the experiments of Shafir and Tversky

Other experiments

References

A quantum-like model of decision making

9.1
9.2
9.3
94
9.5

Introduction

Two-player game and rational behavior
Construction of a mental state

A process of decision making
Example: decision making in PD

Appendix 1: Channels and liftings

116
117
120
120
122
122
123

124
124
125

125
128

132
132
134

135
136

137
138
139
141
141

142

144
145
152

155
155
155
156
158
161
162



v

10

11

12

13

Contents

Appendix 2: Quantum Markov chain description of data from
experiments in cognitive psychology
9.6 References

Other quantum probabilistic effects in economics, finance, and
brain sciences

Financial/economic theory in crisis

10.1 Relevance of the concepts of efficiency and non-arbitrage: a
brief discussion

10.2 References

10.3 George Soros’ interpretation of the crisis and the use of
classical quantum physics in finance

10.4 References

10.5 The need for an information modeling device in
economics and finance

10.6 Reference

Bohmian mechanics in finance and economics

11.1 The pilot wave function and its uses outside of quantum
mechanics

11.2 References

The Bohm—Vigier model and path simulation

12.1 The Bohm-Vigier model in finance

12.2 References

12.3 The Newton-Bohm equation: path simulation
12.4 Reference

Other applications to economic/financial theory

13.1 The (non-)Hermiticity of finance-based operators?

13.2 References

13.3 Implications of the non-Hermiticity of a Black—Scholes
Hamiltonian operator on the use of the classical limit
arguments

13.4 References

13.5 Implications of the non-Hermiticity of a Black—Scholes
Hamiltonian operator on the stochastic equivalent of
Hamilton—Jacobi equations

13.6 Interpretations of the wave function: a brief discussion

13.7 The wave function and non-observed state prices

13.8 Price and superposition of values

Xi

163
170

173

173
176

177
181

182
183

184

184
185

186
186
187
187
191

192
192
196

197
198

198
198
200
204



xii

14

15

Contents

13.9 References

13.10 Arbitrage and negative probabilities

13.11 References

13.12 The Li-Zhang and WKB approach

13.13 References

13.14 The wave function as a Radon—Nikodym derivative

13.15 References

13.16 Universal Brownian motion: definition and discussion

13.17 References

13.18 Universal Brownian motion and option pricing

13.19 References

13.20 Wave functions in drift-dependent option pricing

13.21 References

13.22 Generalizations of It6 stochastics: path integration and other
tools

13.23 References

13.24 g-calculus and finance

13.25 References

Neurophysiological sources of quantum-like processing in the brain

14.1 Introduction

14.2  Why could the brain use the quantum-like representation of
information which is based on classical electromagnetic
waves?

14.3 Prequantum classical statistical field theory: non-composite
systems

14.4 Cognitive model: two regimes of brain’s functioning

14.5 Classical regime: time representation

14.6 Classical signal processing of mental images

14.7 Quantum-like processing of mental images

14.8 Composite systems

14.9 References

Conclusion

Glossary of mathematics, physics, and economics/finance terms

Index

207
207
210
211
214
214
220
220
222
222
226
226
227

227
228
228
235

237
237

239

242
246
250
252
255
259
261

263

265
274



Foreword

This new book by Emmanuel Haven and Andrei Khrennikov argues that informa-
tion processing in social systems can to a degree be formalized with the mathe-
matical apparatus of quantum mechanics. This is a novel approach. Understanding
decision making is a central objective of economics and finance and the quantum
like approach proposed here, is used as a tool to enrich the formalism of such deci-
sion making. Emmanuel and Andrei argue for instance that probability interference
can be used to explain the violation of the law of total probability in well known
paradoxes like the Ellsberg decision making paradox.

Emmanuel and Andrei’s book forms one of the very first contributions in a very
novel area of research. I hope this book can open the road for many new books to
come. More new results are needed, especially in the area of decision making.

H. Eugene Stanley

William Fairfield Warren Distinguished Professor;
Professor of Physics; Professor of Chemistry;
Professor of Biomedical Engineering;

Professor of Physiology (School of Medicine)
Director, Center for Polymer Studies,

Department of Physics, Boston University

By chance a few days before Andrei Khrennikov and Emmanuel Haven asked me
to write this Foreword to their new book Quantum Social Science, 1 was brows-
ing the collected works of Wolfgang Pauli, Writings on Physics and Philosophy,
eds. Charles P. Enz and Karl von Meyenn, Springer (1994). I was just coming off
a busy semester, including teaching a rather advanced course on harmonic anal-
ysis and quantum physics. To those erstwhile Ph.D. students in mathematics and
physics, I had found myself counseling them with utterances such as “look, all
physicists need to think semi-classically or even classically,” or “you have to do
something, you cannot just say it is all random motion,” or “Heisenberg didn’t
really understand mathematics, but his intuition was sufficient to guide him.”

Xiii



Xiv Foreword

Therefore I was very pleased to see Haven and Khrennikov also going to some
of Pauli’s thoughts in their Preface. Pauli, one of the greatest thinkers on quan-
tum mechanics, was often preoccupied with the interaction of experiment with
observer, and in analogy with the interaction of the conscious with the unconscious.
Pauli’s advocacy of the coupling of objective quantum physics to the subjective,
e.g. psychic, was patterned upon Bohr’s fundamental notion of complementar-
ity. Two mutually contradictory concepts, e.g. those of particle and wave, may
co-exist.

Indeed, quantum mechanics has forced upon us a new reality, possessing many
co-existing dualities. One has the Schrodinger picture of differential equations
describing all the chemical elements upon which the universe depends, and the
Heisenberg picture stressing more the probabilistic nature of scattering interactions.
The two pictures were more or less reconciled by Born in 1926, with his concept of
probability wave. I have reviewed the Born probability interpretation of quantum
mechanics from its inception to the present in K. Gustafson, The Born Rule, AIP
Proceedings 962 (2007) pp. 98-107. I detailed in that review how often the great
pioneers of quantum theory had to resort to reasonings of classical physics. So one
should not think that quantum mechanics is all ““ hocus-pocus.” Quantum mechanics
is grounded in reality.

On the other hand, it is quite important to stress that the Born interpretation
places the physics into an abstract configuration space, and not in real 3d space.
As a consequence, from then on one must rely on the mathematics. Quantum
mechanics has generated some very powerful mathematics. Ideally, this then
should be coupled with new quantum-like thinking that one will not find in
classical physics. It is the authors’ intention in the present book to apply these
powerful new mathematical tools and the evolving new non-classical quantum
intuition to social science, behavioral economics, decision theory, and financial
engineering.

Both authors already have considerable experience in this endeavor. Andrei
Khrennikov is the founder of the celebrated series of annual quantum physics
conferences held in Vixjo Sweden for the last dozen years. At those conferences
Emmanuel Haven from the economics side has joined with Khrennikov in recent
years to organize special sessions on the subject matter of this book. Khrennikov
has previously put forth his thinking in two books, Information Dynamics in Cog-
nitive, Psychological and Anomalous Phenomena, Kluwer (2004), and Ubiquitous
Quantum Structure: From Psychology to Finance, Springer (2010). Haven brings
to the present book more expertise in economics and finance.

Overall, one could describe their basic approach as that of embedding situations
from the social or economic sciences into a quantum mechanical context and then
using the methods of the latter to obtain new insights and results for the former.



Foreword XV

Such approach presumes of the reader a substantial knowledge of both contexts,
that of quantum mechanics, and that of the particular social field of application.
That is asking a lot.

I chose to address this issue, that of more needed interdisciplinary competence in
education, science, and the general public, in my recent autobiography The Crossing
of Heaven: Memoirs of a Mathematician, Springer (2012). I have come to the
conclusion that we must invoke and enforce a new term, that of Multidisciplinarity.
Interdisciplinarity is a weak word. It implies that one is less than one hundred
percent committed to each of the two fields. Or that one is slightly weak in one’s
own field and leaning on an expert from the other field, who is probably a bit weak
also in his field. I have worked successfully in several fields of science and I can
assure you that you should plan on becoming an expert also in “the other field,”
and that will take you, say, at least five years before you have a chance of becoming
competitive there.

Thus a collateral message of this foreword is that of advancing the concept and
indeed the cause of creating more multidisciplinarity in our future mathematicians,
physicists, social scientists, and, in a more general sense, throughout the educated
public. A tall order! But great opportunities will open up to those who are strong
enough.

This book by Haven and Khrennikov is a move in that direction, a pioneering
effort.

Karl Gustafson
Professor Of Mathematics
University of Colorado at Boulder






Preface

The current level of specialization of knowledge in a variety of fields of inquiry
may make it quite challenging for a researcher to be at the same time a “developer”
and a “tester” of a theory. Although a theory can exist without a necessary clear
and obvious practical end goal, the ultimate test of the validity of a theory (whether
it is situated in the exact or social sciences) will always be how measurement can
“confirm” or dislodge a theory.

This book is largely dedicated to the development of a theory. We will be the
very first to accept the accusation that the duo “theory-test” is widely absent in this
work, and we believe it necessary to make this statement at the very beginning.

This book is about a very counter-intuitive development. We want to use a
physics machinery which is meant to explain sub-atomic behavior, in a setting
which is at the near opposite end of the size spectrum, i.e. the world as we know
and live it through our senses. We may know about the sub-atomic world, but we
do not have human experience of the sub-atomic world. Do we have credible and
provable stories which can explain how the sub-atomic engages into the mechanics
of the statistical macro-world? Probably not. Why do we bother then about being
so exotic? The interested reader will want us to provide for a satisfactory answer
to this obvious question, and we want to leave it up to him or her to decide
whether we have begun, via the medium of this book, to convince that the level of
“exoticality” (and “yes” how exotic is that word?) is sensibly less than anticipated.
We can possibly give a glimmer of “hope,” even at this early stage. Consider
the words of one of the towering giants of physics of the twentieth century —
Wolfgang Pauli. In an unpublished essay by Pauli, entitled “Modern examples
of ‘background physics’,” which is reproduced in Meier* (pp. 179-196), we can
read Pauli’s words (Meier™ (p. 185)): “Complementarity in physics. .. has a very
close analogy with the terms ‘conscious’ and ‘unconscious’ in psychology in

* Meier C. A. (2001). Atom and Archetype: The Pauli/Jung Letters, 1932—1958. Princeton University Press.
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XViii Preface

that any ‘observation’ of unconscious contents entails fundamentally indefinable
repercussions of the conscious on these very contents.” The words of Pauli are
important. They show there is promise for a connection between “concepts” of
utmost importance in two very different sciences: complementarity in quantum
physics and “complementarity” between consciousness and unconsciousness in
psychology.

In this book, we intend to give the reader a flavor of an intellectual development
which has taken shape over several years via the usual media many academics
use: conference presentations and academic articles. The theory presented here is
nowhere complete but we strongly believe that it merits presentation in book form.

The models presented in this book can be called “quantum-like.” They do not
have a direct relation to quantum physics. We emphasize that in our approach,
the quantum-like behavior of human beings is not a consequence of quantum
physical processes in the brain. Our basic premise is that information processing
by complex social systems can be described by the mathematical apparatus of
quantum mechanics. We present quantum-like models for the financial market,
behavioral economics, and decision making.

Connecting exact science with social science is not an easy endeavor. What
reveals to be most difficult is to dispel an intuition that somehow there should exist
a natural bridge between physics and the modeling of social systems. This is a very
delicate issue. As we have seen above it is possible to think of “complementarity”
as a concept which could bridge physics and psychology. However, in some specific
areas of social systems, the “physics equivalent” of the obtained results may have
very little meaning.

It is our sincere hope that with this book we can convince the brave reader that
the intuition of the authors is not merely naive, but instead informative. Hence,
may we suggest that “reading on” is the command of the moment? Let the neurons
fire!
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R: space of real numbers

C: space of complex numbers

p(., .): probability density function (2 dimensional)

o(t, ., .): time-dependent probability density function

L»(R3): space of square integrable complex valued functions ¥ : R® — C

H = L»(R?): complex Hilbert space with a scalar product

[.i.m: limit in the mean square sense

P = (2, F, P): P is a probability space and points @ of €2 (which is a non-
empty set) are said to be elementary events. F is a so-called o-algebra and P is
a probability measure

m.s.: mean square

8(x — xg): Dirac §-“function”

PPle: matrix of transition probabilities

d, f(x): q differential of a function f(x)

dy, f(x): h differential of a function f(x)

Some physics symbols used in the book

m: mass

a: acceleration

f: force acting on particle

V' real potential function

¢, S: phase of a wave function

v: frequency

t: time

VV: gradient of the real potential function

XX1
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p: momentum
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‘H(.,.): Hamiltonian function
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L: angular momentum of an electron

I: intensity of the electromagnetic field

A = (a;;): Hermitian matrix

H: Hermitian matrix representing the energy observable (quantum Hamiltonian)
g position operator

p: momentum operator
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A,,: Laplace operator
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Part 1

Physics concepts in social science? A discussion






1

Classical, statistical, and quantum mechanics: all in one

This chapter provides for a very short course on classical (Newtonian as well
as statistical) mechanics and quantum mechanics. Readers who have not been
trained in physics will be able to gain basic knowledge of the main physical
theories developed during the last 400 years, with the inclusion of some of the
interpretational problems of these theories.

1.1 Newtonian mechanics

We discuss one of Newton’s laws, namely Newton’s second law: “the product of
mass and acceleration is equal to the force” or in mathematical symbols:

ma = f. (1.1)

We state that m is the mass of a particle, a is its acceleration, and f is the force
acting on the particle.

Newton also introduced the notion of a continuous (infinitely divisible) physical
space which was used to describe the dynamics of a particle. Here we can also men-
tion the contribution of Leibniz. However, the rigorous mathematical formalization
of the real continuum was done much later, at the end of the nineteenth century.
Physical space was represented by the mathematical model R?, the Cartesian prod-
uct space R x R x R of three real lines. In this mathematical model, Newton’s
second law can be formalized in the following way. Let us introduce the following
notations. Let ¢ = (x, y, z), be a three-dimensional vector, where x, y, z are the
particle’s coordinates:

v Y _ (d—x, 4. ﬂ) (1.2)
dt dt dt dt
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is the vector of velocity, and, finally:

_dv (dzx d’y dZZ) (1.3)

““a @ ar an
is the vector of acceleration. The dynamics of a particle, 1 — ¢(¢) (its trajectory in
physical space), is described by the ordinary differential equation:

d*q(1)
dt?

To find the particle’s dynamics, we also have to know the initial conditions:

= f(t,q()). (1.4)

d
q(to) = qo. (o) = d—f(to) = vp, (1.5)

where gy and vy are respectively the particle’s position and velocity at the initial
instant of time fy.

An important class of forces is given by the so-called “conservative forces.”
We start with the one-dimensional model, a particle on the line: there is only one
coordinate x. We state that a force f(x) is called conservative if there exists a real
valued function V (x) (which is called the potential) such that:

dv

fx) = e (1.6)

The potential V (x) represents the potential energy of a particle (see for instance the
next chapter for the use of such potential in a social science setting). To illustrate
this notion, consider a basic example which also plays an important role in quantum
mechanics. The harmonic oscillator is a well-known object in classical mechanics.
The restoring force f which is proportional to the displacement of a particle from
its equilibrium position is:

fx) = —kx, (1.7)

where k is a positive constant. This is a conservative force with the potential
V(x) = kx?/2. This is the equation of the standard parabola indicating the fact that
the potential energy has its minimum at the point x = 0. Newton’s second law for
the system is:

d’x

Solving this ordinary differential equation, we find that the motion is described by
the function:

x(t) = Acos 2mvt + ¢), (1.9)
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where:

1 k 1
V= — | — = —. (1.10)
2V m T

Remark that v indicates the frequency expressed as the number of cycles per time
unit. Clearly, as is intuitive, the force constant £ and the mass m influence this
frequency. The position x(#) depends on this frequency v but also on the amplitude
A and phase ¢. They can be found from the system of equations:

Acos¢p = xg, Asing = —vy/2mv. (1.11)

In the case of a particle in the three-dimensional case, the force f is a vector
f = (fx, fy, f-)- Itis called conservative if there exists a (real) potential V(g), g =
(x,v,2), such that f, = _%_Z’ fy= —%, f. = —%. We also recall the notion of
the gradient of a function V. This is a vector composed of its partial derivatives
and it is denoted as VV. Hence, a conservative force can be represented as the
“negative gradient” of the potential:

f=-VV. (1.12)

Although in this book we try to minimize mathematical details as much as
possible, we need to point out the theorem of the existence and uniqueness of the
solution of the equation (1.4) with the initial conditions (1.5). Such a problem, i.e.
an equation with initial conditions, is called the Cauchy problem. This is one of
the basic mathematical problems of classical mechanics. The simplest version of
the aforementioned theorem is that if the force is described by a smooth function
f, i.e. differentiable and with continuous derivative, and the derivative is bounded,
i.e. there exists a constant ¢ > 0 such that, for every g € R3, | f'(¢)| < c, then, for
any pair (qo, Vo), a unique solution of the Cauchy problem exists (1.4), (1.5). This
mathematical theorem was the main source of the causal deterministic viewpoint
to classical mechanics: if we know the position and velocity of a particle at t = 1y,
then we can find them at any instant of time ¢t > fy : ¢ = q(¢), v = v(t) = %.

Consider the following quote by Laplace [1]:

We ought to regard the present state of the universe as the effect of its antecedent state and
as the cause of the state that is to follow. An intelligence knowing all the forces acting in
nature at a given instant, as well as the momentary positions of all things in the universe,
would be able to comprehend in one single formula the motions of the largest bodies
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as well as the lightest atoms in the world; provided that its intellect were sufficiently
powerful to subject all data to analysis; to it nothing would be uncertain, the future as well
as the past would be present to its eyes.

Later interpretations of quantum mechanics also leave the theoretical possibility
of such a super intellect contested.

This is a good example of how pure mathematics generates fundamental philo-
sophic principles. As it often happens in science, it is not easy to change philosophic
principles which have been established on the basis of some special mathematical
results and models. During Laplace’s lifetime, the theory of differential equations
had not yet been well developed. Nowadays, it is well known that the Cauchy
problem (1.4), (1.5) may have a non-unique solution even for continuous forces.
If f is smooth, then the solution is unique only locally, i.e. for a small neighbor-
hood of the point (¢, xo). However, globally it can be non-unique. Hence, modern
mathematics does not imply determinism even in classical mechanics (see [2] for
usage of this argument in classical non-deterministic biological dynamics). We
also remark that if the dynamics of a particle is even deterministic, but unstable,
then a small disturbance of initial conditions, can change crucially the trajectory
of such a particle. In such a case, although the principle of determinism is formally
valid, it has no usage in real practice, since it is impossible to determine initial
conditions with infinite precision. This argument against the uncontrollable usage
of the principle of determinism in classical mechanics was presented by Blohinzev
[3] in his comparison of classical and quantum mechanics. In conclusion, we can
see from the above that Laplace’s causal determinism is indeed a mere prejudice.

Besides Laplace’s prejudice, we can also mention the Kantian prejudice which
says that physical space has to be identified with its Euclidean model [4]. This
prejudice was based on two-thousand years of Euclidean geometry. The first blow
to the Kantian views of physical space was given by Lobachevsky. However,
the genius of Einstein was needed to establish modern views of the geometry of
physical space.

The above discussion raises a reasonable recommendation: the reader may want
to veer close to mathematics and instead steer away from general physical, meta-
physical, and philosophic principles.

1.2 References

[1] See http://plato.stanford.edu/entries/determinism-causal and the reference contained
therein, cited as: Laplace, P. S. (1820). Essai philosophique sur les probabilités forming
the introduction to his Théorie analytique des probabilités, Paris: V. Courcier repr.
Truscott, F. W. and Emory, F. L. (1951). A Philosophical Essay on Probabilities.
Dover, New York.
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[2] Conte, E., Federici, A., Khrennikov, A., and Zbilut, J. P. (2004). Is determinism the
basic rule in dynamics of biological matter? Proceedings of Quantum Theory: Recon-
sideration of Foundations. Series in Mathematical Modelling in Physics, Engineering
and Cognitive Science, 10, 639-678, Vixjo University Press, Sweden.

[3] Blochinzev, D. 1. (1976). Elementary Quantum Mechanics. Nauka, Moscow
(in Russian).

[4] Kant, I. (2008). The Critique of Pure Reason. Penguin Classics, London.

1.3 The Hamiltonian formalism

To proceed from classical to quantum mechanics, one typically uses the Hamilto-
nian formalism for the description of the motion of classical particles. As usual, let
us introduce the momentum p = mv of a particle and consider phase space with
coordinates (g, p), where ¢ is position. Points of the phase space are interpreted
as states of classical particles. We state again that, by Newton’s second law, to
determine the trajectory of a particle it is necessary to know both initial position
qo and the velocity vg. In particular, knowledge of only position is not sufficient.
Therefore, it is natural to define the particle’s state as the pair (¢, v). By scaling the
velocity by the particle’s mass, we introduce its momentum, p, and equivalently
we represent the particle’s state as a pair (g, p).

We remark that the momentum’s definition can be expressed in the form of an
ordinary differential equation:

dg _p

= —. 1.13
dt m (1.13)
Hence, Newton’s second law, (1.4), can be written as:
d dv
L_ (1.14)
dt dq
Let us introduce the following function on the phase space:
»?
Hig. p) =7+ V(q). (1.15)
m

‘H(.,.) is called the Hamiltonian function. This is the total energy of a particle
which moves under the action of the force induced by the potential V and the
2
kinetic energy é’—m The system of equations (1.13), (1.14) can be written as:
dg OH dp  9H
dt — 9p dt  dq’
This is the system of Hamiltonian equations. It is easy to prove that the energy is
preserved in the process of motion:

H(q(0), p(1)) = H(q(t0), p(to)). (1.17)

(1.16)
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To prove this important fact (the law of energy conservation), it is sufficient to use
the basic rule for the differentiation of a composition of functions and then to apply
this rule to the system of Hamiltonian equations.

By using the Hamiltonian formalism, we can formulate a feature of classical
mechanics, which can be called locality. Let us consider a system consisting of N

particles with the three-dimensional coordinates ¢; = (x;,y;,z;),j=1,..., N
and corresponding momenta p;. The Hamiltonian function of a system of N
particles with masses m ; moving in the potential V(qy, ..., gy) has the form:
N2
H(g.p)=) ——+V(g), 1.18
(4. p) ; o TV @ (1.18)
whereq = (q1,...,9n), P = (P1, - .., pn)- The above Hamiltonian gives the total

energy of this system composed of N particles. The system of Hamiltonian equa-
tions describing the dynamics of this composite system can be written as:

dq; _ 9M(q,p) dp; _ _9H(q,p)

— i =1.....N. 1.19
dr op; | di 0g; 7 (1.19)

Within the potential V, the interaction between different particles is described
by terms containing coordinates of a few particles. We can consider the interaction
between particles by writing for instance terms of the form g; ...qgy (various
products of different coordinates). But let us consider now a potential which does
not contain interaction terms, V(q) = Vi(q1) + - - - + Vn(qy). The corresponding
system of Hamiltonian equations is:

daj _pi dpi _ Vi .y (1.20)
dt m; dt aqj
This is a system of N-independent equations.

Hence, an important principle emerges from our discussion so far: Hamiltonian
mechanics is local, i.e. in the absence of interaction between particles, such parti-
cles move independently of each other.

We remark that non-local motion, as is the case with for instance Bohmian
mechanics (see Chapter 6), has the following (paradoxical from the viewpoint of
our classical intuition) feature. In the absence of interaction, even for V = 0, the
dynamics of different particles are dependent on each other. Changing the state of
one particle (g, p;) induces changing the states (g;, p;), i # j, of other particles.
In the classical world, we have never seen such a behavior of physical systems.

Let us introduce a mathematical tool which has a key role in the Hamiltonian
formalism. The Poisson bracket of two functions on the N-particle phase space,
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f(q. p). g(g, p), is defined as:

N

df(g, p)dg(g, p) 9f(q.p)dg(q, p)
{f.g)= Z( - S ) (1.21)
o qj P pj 9g,
As an example, consider functions f(g, p) = g;, g(q, p) = p;. Then:
{gj»pj} =1, {q;, pi} =0,j #k. (1.22)
{gj»a} =0, {pj, pc} =0. (1.23)

By using the Poisson bracket, we rewrite the system of Hamiltonian equations
as:

dq;
dt

This form of the Hamiltonian dynamics will be used to proceed from classical
Hamiltonian mechanics to quantum mechanics.

d .
= {g;. H}, % = {p;. H}. (1.24)

1.4 Statistical mechanics and the Liouville equation

In studying the dynamics of an ensemble of a huge number, say N particles, the
presence of the system of Hamiltonian equations plays merely a methodologi-
cal role. From as early as the nineteenth century until the 1960s, it was simply
impossible to solve this system for large N and non-trivial potentials. Nowadays
in principle one can solve it numerically and obtain millions of trajectories in the
phase space. However, it is not clear how one can use or visualize the results of
such computations. Already in the nineteenth century it was proposed that instead
of studying the trajectories of individual particles, it would be better to consider
the probability to find a particle in some domain, say W, of the phase space. Such
an approach meant in effect a move away from the deterministic description of
mechanics to a statistical description. Hence, the name statistical mechanics was
coined to denote this particular area of study.

Let us consider the phase space of the system of N particles, R>", with points
(¢, p), where g = (q1,...,9n), p = (P1, ..., pn). What is the probability den-
sity function which indicates the probability to find the first particle at point g
with momentum p;, the second particle at point g, with momentum p,, ...,
the Nth particle at gy with momentum py? Since momenta are mass scalings
of velocities, the question can be reformulated as: “What is the probability den-
sity function of the first particle at point g; with velocity v;, the second parti-
cle at point g, with velocity vy, ..., the Nth particle at gy with velocity vy ?”
We state that mathematically a probability density is a function p(gq, p) which is
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non-negative and normalized by 1:

/2 p(q, p)dqdp = 1. (1.25)
R N

The probability to find a particles at a point (g, p) from the domain W of the
phase space is calculated with the aid of the probability density function:

P((q. p) € W) = / o(q. p)dadp. (1.26)
w

A fundamental problem now consists to describe the dynamics of the
(time-dependent) probability density, t — p(t, g, p). Fortunately, the Liouville
equation gives us the answer:

9a:2) — (H(q, p), p(t, q, P)}, (1.27)
p(to, q, P) = po(q, p). (1.28)
Here, we remark:
=3 (D iy (1.29)
—/ \0q;dp;  Op;dq,

Hence, if the initial probability density function is known, then (by solving the
Liouville equation) we can find the density at any instant of time. We remark that
the usage of the probabilistic description of an ensemble of N particles does not
contradict the existence of the deterministic Hamiltonian dynamics.

We do not provide the formal derivation of the Liouville equation. Instead
of this, we present physical arguments which lie behind this equation. Consider
the probability density function on a trajectory (g(z), p(¢)) in the phase space
p(t, q(t), p(t)). We calculate its total derivative with respect to time:

N
do _ % . (a_p%ﬁ_p@)_
=1

= 1.30
dt 0t dg; dt ~ 0dp; dt (150

We now use the system of Hamiltonian equations (1.19) (this describes the trajec-
tory in the phase space) to express the time derivatives of coordinates and momenta
and obtain:

o _ 9 +i(3_PaH(q’P> _ 8_08H<q,p>).

dr ot dq; dp;  dp; g,

j=1
Then the Liouville equation is equivalent to the following statement: the distribution

. . . . . do _
function is constant along any trajectory in phase space, i.e. 57 = 0.



1.5 The classical kingdom 11

1.5 The classical kingdom...

At the end of the nineteenth century, it was widely believed that all physical pro-
cesses can (at least in principle) be described with the aid of classical statistical
mechanics.' The two fundamental principles of classical mechanics, namely deter-
minism and locality, had never been doubted. No experimental data were available
to disprove whether these principles actually existed.

The elaboration of a very consistent picture of natural phenomena was emerging.
Here are some examples. A previous state determines coming states. A change of a
state could happen only through the action of some force. For a composite system
consisting of a few particles and where interaction is absent, a change of the state of
any particle could not change the states of other particles. Such philosophical views
of natural phenomena are known under the term of local realism. Here “realism”
denotes the realism of states of physical systems, i.e. their positions and momenta.
Their dynamics are described by transitions from one state to another.

Let us speculate on a physical world in which local realism is violated. Start
with a world in which the principle of locality is violated, but the principle of
determinism holds true (“non-local realism”). Consider two cars moving, e.g. in
Moscow and New York. The motion of each car is deterministic. Each car has a
well-defined position in space and a velocity. However, if we were to consider there
exists action at a distance, then if, say, the car in Moscow stops near a traffic light,
the car in New York may feel the effect of this stop instantaneously! Note that
instantaneously means at least faster than the speed of transmission (at the speed
of light) of a signal between Moscow and New York.” If indeed such instantaneous
action were possible, then a state formed by the Moscow car stopping could affect
the state of the New York car.

Consider now a local world in which the principle of determinism is violated,
i.e. the previous state of a system does not determine uniquely successive states. A
car moving in Moscow can appear with some probability in any place of the world.
In all cases, the initial position and velocity of this car are the same. Hence, the
initial state does not determine the car’s dynamics.

We remark that physical determinism influenced some social doctrines. For
example, the philosophical basis of Marxism—Leninism is known under the name
of “historical materialism.” This says that one social system will inevitably change

! When Max Planck finished highschool, he applied to university to study physics. A professor interviewing
applicants explained to young Max that it was totally meaningless to start an education in physics. The professor
was sure nothing more could be studied in physics. All was now known! Young people would only destroy their
lives by starting careers in physics. Max was very talented in music and the professor recommended him to start
a career in music. See [1].

2 The optic fiber signal speed can be close to the speed of light. Therefore, in the case of financial transactions
for instance, transmission speeds can attain close to speed of light transmission.
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another, capitalism — socialism — communism. Even Sigmund Freud’s psy-
chological determinism was created under the influence of classical mechanics.
In [2], we can read about Freud’s psychoanalysis: “What is attractive about the
theory, even to the layman, is that it seems to offer us long sought-after and much-
needed causal explanations for conditions which have been a source of a great deal
of human misery. The thesis that neuroses are caused by unconscious conflicts
buried deep in the unconscious mind in the form of repressed libidinal energy
would appear to offer us, at last, an insight in the causal mechanism underlying
these abnormal psychological conditions as they are expressed in human behav-
ior, and further show us how they are related to the psychology of the ‘normal’
person” (see also [3]). Furthermore, [3] mentions that “In psychology, those, like
Freud, who believe in psychic determination in psychiatry, assume that all men-
tal events have causes. Freud believed that the existence of unconscious forces
proved psychic determinism to be a fact of mental life...he regarded psycho-
analysis as a science based on causal-deterministic assumptions.” See [4] [5] for
an attempt to combine Freudian psychological determinism and free will through
the Bohmian quantum model. See also Chapter 6 for the Bohmian mechanics
model.

1.6 References

[1] See http://backreaction.blogspot.com/2011/12/advent-calender-9-prof-jollys-advice.
html, and the reference contained therein: Planck, M. (1933). Wege zur physikalis-
chen Erkenntnis (S. Hirzel), p. 128.

[2] Internet Encyclopedia of Philosophy. University of Tennessee. See http://www.iep.
utm.edu/freud/ (under b. The coherence of the theory).

[3] The Encyclopedia69 Dictionary. Please see at: http://www.encyclopedia69.com/
eng/d/determinism/determinism.htm.

[4] Khrennikov, A. (2002). Classical and Quantum Mental Models and Freud’s Theory
of Unconscious Mind. Series in Mathematical Modelling in Physics, Engineering and
Cognitive Sciences. Vixjo University Press, Sweden.

[5] Khrennikov A. (2004). Information Dynamics in Cognitive, Psychological, Social, and
Anomalous Phenomena. Series: Fundamental Theories of Physics. Kluwer, Dordrecht.

1.7 Classical fields

The completion of the theory of classical mechanics of particles was performed
via the introduction of the notion of the classical mechanics of fields, i.e. classical
field theory — the local deterministic theory of the electromagnetic field. The field’s
state (at the instant of time ¢) is given by the vector:

¢(t, x,y,2)) = (Et,x,y,2), B(t, x, y,2)), (1.31)
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where:
E(t,x,y,z)=(Ei(t,x,y,2), E2(t, x,y,2), E3(t,x,y,2)) (1.32)
and:

B(t’x’ Yy, Z) = (Bl(tvx7 Y, Z)’ BZ(tvxv Yy, Z)v B3(t’xv Y, Z)) (133)

are electric and magnetic fields, respectively. The dynamics of the electromagnetic
field also can be described by the Cauchy problem (i.e., a dynamical equation
combined with initial conditions):

A, x, y,2)
at

where L is a differential operator of the first order with partial derivatives with
respect to coordinates. At the moment, its form is not important. This operator was
found by Maxwell. We remark that the system of Maxwell equation (1.34) can be
written as a Hamiltonian system with respect to field components [1]. The electric
component plays a role of position, ¢(¢, x, y, z) = E(¢, x, y, z), and the magnetic
component plays a role of momentum, p(t, x, y, z) = B(t, x, y, z). What is the
phase space of this field system? The energy of the electromagnetic field (at the
fixed instant of time) is given by the integral:

= L(¢(t’ X, Y, Z))’ ¢(t0’ X, Y, Z) = ¢0(t5 X, Y, Z)’ (134)

S(E,B)Z/ (E*(x,y,2) + B%(x, y, 2))dxdydz. (1.35)
R3

Since this integral is finite, the field’s position g(x, y,z) = E(x, y, z) and the
field’s momentum p(x, y, z) = B(x, y, z) have to be square integrable (integrals
of squared functions are less than infinity). By using mathematical analogy, we can
see E? relates to a real potential — B? relates to kinetic energy — in the non-field
setting. Denote the space of square integrable functions by L,. Thus, the field’s
phase space is the Cartesian product of two L,-spaces: Ly x L.

The electric and magnetic components can be combined in a single complex
valued field ¢ = E + i B. This is well known (in classical signal theory) as the
Riemann—Silberstein representation of the classical electromagnetic field. This rep-
resentation induces the complex structure on the phase space, ¢ = g + ip, where
all functions depend on spatial coordinates.’ This is equivalent to the consideration
of the space H of square integrable complex valued functions:

H= {qb : / lp(x, v, 2)|Pdxdydz < oo} . (1.36)

3 This complex representation of the classical electromagnetic field was in usage before the creation of quantum
mechanics. Nowadays, little attention is paid to this historical fact. The fathers of quantum mechanics, including
Schrodinger, were well aware of the Riemann—Silberstein representation. Originally, the complex wave function
was invented merely as an analogue of the complex (classical) electromagnetic field.
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1.8 Reference

[1] Khrennikov, A. (2008). Quantum-like model for classical random electromagnetic
field. Journal of Modern Optics, 55, 2257-2267.

1.9 The Born—-Sommerfeld quantization

Contrary to what could be expected, the first steps towards edifying quantum
mechanics were not revolutionary at all! We note that those first steps were not
at all accompanied by a fundamental change in the philosophical foundations of
science. The story started with a graph representing experimental data, and it
contained a spike, which from the viewpoint of classical mechanics was quite
difficult to explain. The experimental graph turned out to be about black body
radiation and it was Max Planck who found that the spike could be explained in
a classical statistical mechanics framework, but it required one novel assumption:
radiation is emitted not continuously, but by discrete portions. Purely formally
the energy space was decomposed into cells. The size of a cell depends on the
frequency v of the oscillations of the electromagnetic field. Max Planck postulated
that dependence on the frequency is linear and the coefficient does not depend on
the frequency:

AE, = hv. (1.37)

This coefficient of proportionality was later called Planck’s constant. Since the fre-
quency has dimension I/time, the Planck constant is expressed in units of “energy x
time.” This is the dimension of the classical physical variable called action. This
constant was measured with very good precision:

h ~ 6.6260693(11) x 1073 J x sec. (1.38)

The decomposition of the energy space into small cells and the summation over
cells is similar to the standard procedure of forming Riemann sums.* To calculate
the Riemann integral, the size of cells has to go to zero. However, Planck did not
make this last step and wrote the answer using cells of a finite size (proportional to
h). We note that in quantum folklore, one can find a story that Max Planck obtained
the correct answer, because he simply did not know that in order to calculate
Riemann’s integral one has to consider that the limit of the cell’s size goes to zero.

We remark that the tool of discretization of the energy space was not as novel
as it is typically presented in textbooks on quantum mechanics. It was actually
rather standard in classical statistical mechanics! In particular, Boltzmann used

4 These sums are used in the construction of the Riemann integral.
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discretization €, 2¢, ..., ne, ..., where € was a “minimal quant” of energy. This
is maybe the reason why the work of Planck was very welcome in the classical
statistical community: nobody considered the introduction of a parameter of energy
discretization as an attack against classical statistical mechanics!

The discretization parameter i ceased to be merely a parameter only after
Einstein’s work [1] (1905). In his work, Einstein claimed that AE, = hv is not
just a minimal portion of energy which can be transmitted for the frequency v,
but that even in the absence of interaction of the electromagnetic field and matter,
the field is “quantized,” i.e. it is split into a collection of quanta of lights. Later
these quanta were called photons. Thus, in opposition to classical field theory, the
electromagnetic field has to be decomposed into an ensemble of photons, i.e. it has
corpuscular features.’

The next step towards quantum theory was performed on the basis of Bohr’s
quantization condition. We want to explicitly state that in classical Hamiltonian
mechanics, the energy is preserved on each trajectory (see (1.17)). Suppose now
that there exist constraints (of an unknown nature) which forbid some motions
and some trajectories, and that the system can move only via a discrete set of
trajectories. Denote those possible trajectories (consistent with the constraints) by:

Viseoos Vs ee s (1.39)

Since the energy is constant on each of them, we obtain a discrete set of possible
energies:

Ei=EWy), E2=E(2),.... Ex = E(yn). ... (1.40)

This idea was explored by Niels Bohr in his model of the atom. It was known from
experiments that atoms can emit and absorb energy only by quantized portions.
Bohr proposed a model describing this feature of atoms. In this model, the electron
is a classical-like particle which moves around the nucleus. However, in such a
motion a purely classical charged particle would continuously emit radiation and
lose energy. Finally, it would fall onto the nucleus. This was one of the main
unsolved problems of classical electrodynamics. Bohr postulated that an electron
can move only on a discrete set of orbits (1.39) and hence its energy can take
only a discrete series of values (1.40). Since an electron can only jump from
one orbit to another, the atom can emit (absorb) only discrete portions of energy
AE;; = E; — E;. To match experimental data, Bohr postulated that the frequency

3 There is a piece of irony in this story. Although Albert Einstein introduced quanta of light and hence in this way
he made the first step towards modern quantum theory, later (in the 1920s) he gave up and until the end of his
life he worked to create a classical field theory which would describe quantum phenomena.
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v of emitted (absorbed) electromagnetic radiation is determined by Planck’s law:
AEij = E,‘ — Ej = hv. (141)

Since these frequencies were known from experiment, he could find energy spacing
in the atom. Bohr was also able to “derive” energy spacing even theoretically and he
obtained a key result which indicates that the angular momentum L of an electron
is to be an integer multiple of /2

L:ni = nh, (1.42)
2
where n = 1, 2, 3, ... is the quantum number, and i = h/27.
Bohr’s quantization condition (1.42) determining the electron’s orbits in the
atom was generalized to the famous Bohr—Sommerfeld quantization rule (which
also had been postulated):

/ pdq = hn, (1.43)
yﬂ

where y, is the permitted orbit corresponding to a natural number #. In the original
Bohr model, only circular orbits were permitted; in the Bohr—Sommerfeld model
orbits can be elliptic.

Thus, the first step towards quantum theory was the recognition that some phys-
ical quantities, first of all energy, which were considered as continuous in classical
mechanics, are fundamentally discrete. Discreteness by itself is less fascinating.
However, the concept is fascinating, and even mystical, when it is combined with
the wave features of the systems under consideration (see below). Photons are
mystical not because they have corpuscular features,® but because these features
are combined with wave behavior. As was shown in the famous experiment on the
interference of quantum light (see Chapter 5, Section 5.3), photons did not lose
their wave features. They interfere as usual waves. “Quantumness” was exhibited
by the detection procedure. As a consequence of the discreteness of energy in
experiments on quantum interference, one registers not intensities of signals and
interference of these intensities, but rather clicks of detectors which are “eating”
discrete portions of energy. The probability density of the number of clicks presents
the interference picture similar to the ordinary wave interference.

6 Already Newton invented corpuscles of light.
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1.11 Theory of quantum waves

The next step of great importance was performed by Louis de Broglie who assigned
the wave length to any quantum particle.” Thus, not only a photon has a wave length
(and hence a frequency),® but even an electron or a neutron, i.e. a massive particle.
Later, it was shown experimentally that de Broglie’s conjecture was correct and
even massive micro-systems can demonstrate non-trivial interference. As in the
case of photons, this is interference of the number of discrete counts of detectors,
i.e. interference encoded in the probability density.

The natural question arises, e.g. [1], how big (in size and mass) can systems be to
exhibit wave properties, e.g. interference? The theoretical formulation of quantum
mechanics cannot provide the definite answer to this question. Bohr emphasized
that the laws of quantum mechanics are valid only at scales related to the funda-
mental quant of action — the Planck constant. He had in high esteem the role of
the correspondence principle, which established the coupling between classical
and quantum mechanics. This principle is discussed in detail in Chapter 5, Section
5.15. This principle (which, in fact, was and still remains very vaguely formu-
lated) says that if 7 — 0, i.e. the Planck constant is negligibly small compared
with the action scale (timexenergy) of systems under consideration, then quan-
tum features (such as interference) disappear and classical mechanics becomes
applicable. However, Bohr’s correspondence principle has never been really justi-
fied. Although an advanced mathematical formalism related to this principle was
developed, e.g. [2], its physical meaning is still the subject of many discussions.
Therefore, it should not come as a surprise to witness the fact that high-level
researchers in quantum mechanics have claimed that wave features can be exhib-
ited by macroscopic massive bodies. For instance, Nobel prize winner A. Leggett
expects the creation of Schrodinger’s cat-like states — i.e. macroscopic superposi-
tions. This came after a discussion held following a talk from one of the authors
of this book.” A. Zeilinger performed famous experiments on the interference of

7 de Broglie interpreted “quantum waves” as physical waves. Later he elaborated the double solution theory by

which quantum particles appeared as singularities in quantum waves. The former were driven by the latter. De
Broglie’s double solution theory was the first step towards modern pilot wave theory and Bohmian mechanics.
This is a theory which combines corpuscular and wave features of quantum systems in a realistic manner. See
also Chapter 6 where we discuss the basics of Bohmian mechanics.

This was not surprising.

This refers to the talk given by A. Khrennikov on May 3, 2004, at the Beckman Institute of the University of
Illinois, Urbana Champain.

©
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macro-molecules [3]. Recently, De Martini created macroscopic photonic clouds
in states of superposition and, moreover, he created entangled macroscopic clouds
of photons [4]. However, all these studies are far from fully clarifying! Indeed,
they suffer from interpretational problems. We need to indicate that superposition
is also a fundamental feature of classical macroscopic waves. Thus, superposition
by itself is not a unique feature of quantum mechanics. We note that the super-
position attains a quantum character when it is combined with the discreteness of
measurement results. Interference of continuous quantities, such as intensities of
classical radio signals, cannot be considered as a quantum feature. However, the
interference of discrete clicks of detectors is really a quantum phenomenon. To
check the property of “quantum superpositions” is a difficult problem. For exam-
ple, in experiments of De Martini [4] discreteness is created by hand, through
threshold type measurements of the intensity of the electromagnetic field: if I > €
the resultis +1,if I < € itis—1. However, as was shown by Adenier and one of the
authors of this book [5], such “threshold generated” combination of discreteness
and interference can be obtained even for classical electromagnetic signals.

Finally, quantum theory obtained a solid mathematical base via Schrodinger’s
dynamical equation (see also Section 1.20 and Chapter 5). In a similar way as de
Broglie, Schrodinger considered waves which were associated with micro-systems
as real physical waves. He derived an evolutionary equation for the wave associated
with a massive particle, e.g. a non-relativistic electron, moving under the action of
an arbitrary potential V (g).
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1.13 Heisenberg’s symbolic calculus

Somewhat before Schrodinger’s work, Heisenberg started a new trend in physical
science which can be called symbolism. He made a mathematical observation which
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was trivial by its very mathematical nature, but it turned out to play a fundamental
role in the further development of quantum theory.

Consider the notion of the Hermitian matrix A = (a;;): its elements satisfy
the condition a;; = a;;, where, for a complex number a = a; +iay, a = a; —iax
denotes its conjugate. Heisenberg identified discrete values of physical observables
with eigenvalues of Hermitian matrices. In Heisenberg’s approach, all physical
observables have to be represented by Hermitian matrices.

As is well known from linear algebra,'’ any Hermitian matrix of finite size,
n x n, can be diagonalized in the basis consisting of eigenvectors corresponding
to its eigenvalues (eigenvalues are real numbers and eigenvectors are orthogo-
nal). However, matrices in quantum theory are of infinite size. We shall explain
later in the book why one cannot proceed with matrices of finite size. In such
a case, some Hermitian matrices cannot be diagonalized. Besides eigenvalues,
their spectra can contain a non-discrete part. It can even happen that there are no
eigenvalues at all, and then such spectra are called continuous. This mathemat-
ical formalism matches the physical situation: some physical observables, such
as the particle’s position and momentum, are still continuous (as it is in classical
mechanics).

1.13.1 Canonical commutation relations

Heisenberg performed a formal translation of classical Hamiltonian mechanics
(in which observables were given by functions on the phase space) into a new
type of mechanics (quantum mechanics), in which observables are represented by
Hermitian matrices. He correctly noted the crucial role the Poisson brackets could
play in classical formalism. They are defined for any pair of classical observables,
fi1, f>. We remark that Poisson brackets are antisymmetric { i, o} = —{f2, f1}-
A natural operation on the set of Hermitian matrices corresponding to Poisson
brackets is the commutator of two matrices:

[Ar, Aol = A1Ar — Ay Ay, (1.44)

defined with the aid of standard matrix multiplication. Note that the commutator is
anti-symmetric as well. The transformation of the usual multiplication of functions
into matrix multiplication was the great contribution of Heisenberg towards the
creation of quantum formalism. Starting with the classical position and momentum
observables ¢g;, px (coordinates on the phase space) and the equalities for their
Poisson brackets, see (1.22), (1.23), he postulated that corresponding quantum
observables denoted by §;, pi (hats are used to distinguish classical and quantum

10 please see Chapter 4 where various linear algebra concepts are dealt with in more detail.
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observables, functions and matrices) have to satisfy the following commutation
relations:

[4;, pjl =ihl, [§;, px] =0, ] #k; (1.45)
4,3kl =0, [pj, pr]l =0, (1.46)

where / is the unit matrix. These commutation relations were called the canonical
commutation relations. The appearance of i in the non-trivial commutator is not
surprising. One cannot simply borrow the relation (1.22) and put the unit matrix
1, instead of the constant function f = 1, on the phase space. Take two Hermitian
matrices A; and A, and form their commutator B = [A, A,]. The latter is a skew-
Hermitian, i.e. its elements satisfy the condition b;; = —b ji- However, the unit
matrix is simply Hermitian; by multiplying it by i, we obtain a skew-Hermitian
matrix i /. The Planck constant % in (1.45) plays a role of scaling factor (the scale
of energy for micro-systems under consideration). One can say that Heisenberg
introduced a non-commutative phase space.

1.13.2 Schrodinger’s representation

Later Schrodinger found a concrete representation for the quantum observables of
position and momentum, and nowadays authors of textbooks typically simply start
with this (Schrédinger) representation. However, this may give the impression that
Schrodinger’s concrete choice of the operators of position and momentum §G;, p;
played a primary role in the derivation of the canonical commutation relations.
This was not the case. As was pointed out, Heisenberg really started with classical
Poisson brackets on the phase space variables. As was mentioned in Section 1.11,
Schrodinger considered the wave function of a quantum system as a real physical
wave. Therefore, we work in the space L,(R?) of square integrable complex valued
functions ¥ : R? — C, i.e.:

/R % 1Y (q)*dg < oo. (1.47)

For a shorter notation, one can set H = L,(R?). This is a complex Hilbert space
with the scalar product:

(U1, Yo)(= (YY) = /R} V1(q)¥2(q)dq. (1.48)

We note that the Hilbert space is defined in Chapter 4, Section 4.3. Contrary
to Heisenberg, Schrodinger worked with operators (and not matrices), i.e. he
considered a more general framework. For simplicity, we consider here the
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one-dimensional case, i.e. of a particle moving on the real line. Here H = L,(R).
He introduced the operators of position and momentum:

Y (q)
g

q¥(q) = q¥(q), p¥(q) = —ih (1.49)

The result of the action of the position operator on the square integrable function
¥(q) (vector in H) leads to another function, ¢ — gV (g). In the same way, the
momentum operator p transforms /(g ) into its derivative, up to the constant factor
—ih. Formally, we can write:

g=q, p=—ih—. (1.50)

We remark that H was considered by Schrodinger as the space of classical fields.
See also Section 1.7 and especially (1.36). Thus, originally the appearance of the
complex Hilbert space to represent operators of position and momentum was just
the operator reformulation of the theory of classical fields and signals. Of course,
this is correct only with respect to views relative to Schrodinger, but not at all
relative to Heisenberg or Bohr.

1.13.3 Heisenberg’s dynamics

Finally, Heisenberg put operators satisfying the canonical commutation relations
in the system of the Hamiltonian equation (1.24), instead of the classical phase
space variables. In this way, he derived the basic equations of quantum dynamics:

Wi Lg A, D= Ly A (151)
where H is a Hermitian matrix representing the energy observable. It is called
the quantum Hamiltonian. Thus, classical and quantum dynamics have the same
form, cf. (1.24) and (1.51). However, the variables have different physical mean-
ings and mathematical representations. In (1.24), the “position” and “momentum”
are real valued functions; in particular they commute. In (1.51), the “position”
and “momentum” are Hermitian operators (which can be represented by infinite
Hermitian matrices); they satisfy the canonical commutation relations. In classical
mechanics, the position and momentum are interpreted as objective properties of
systems. In quantum mechanics, these are observables which cannot be considered
as objective properties of quantum systems.



22 Classical, statistical, and quantum mechanics: all in one

1.13.4 Quantization procedure

How can one find such a Hamiltonian? Consider the classical Hamilton function
of the form (see also Section 1.3):

2

H(g, p) = f—m +V(g). (1.52)

where V is a polynomial function, e.g. V(g) = kq? and k is a real constant. Then
one can construct the corresponding Hermitian matrix, i.e the quantum observable,
by formally putting matrices § and p in the classical Hamiltonian function, instead
of classical variables. For the aforementioned potential, we obtain:

~ 1
H=—p*+kG> (1.53)
2m

If the potential is not a polynomial, then the mathematics are more complicated.
The operator theory and Schrddinger’s representation of the canonical commutation
relations have to be used, see Section 1.13.1. The main problem arises for classical
observables, functions on the phase space, which contain products of position and
momentum variables, e.g. f(g, p) = gp. In principle, we can form a family of
matrix expressions corresponding to this function, f=agp+ Bpg, where a, B
are real numbers, o + 8 = 1. However, we obtain the Hermitian matrix only for
a=pB=1/2, f =(Gp+ pg)/2. This rule is known as the Weyl quantization."

If one uses the Schrodinger’s representation of the canonical commutation rela-
tions, i.e. (1.50), the quantum Hamiltonian, (1.52), can be written as:

2 2

where V(q) is the operator of multiplication by the function V(g) in the space
of square integrable functions, namely ¥ (g) — V(q)¥(g). Thus, in Schrédinger’s
representation all Hamiltonians are simply partial differential operators.

In general, quantization has the meaning of a transition from functions on the
phase space, f(gq, p), to Hermitian matrices or more generally operators, by using
operators of position and momentum, instead of corresponding classical variables.
It is important to stress that there is no “reasonable explanation” for such a formal
procedure which is required when transiting from classical physical quantities to
quantum physical quantities. However, it works well.

We remark that one of the problems in the application of quantum formalism to
social sciences (such as economics, finance, psychology, and cognitive science) is
that, roughly speaking, we do not have classical (such as Newtonian or Hamiltonian)

T Let f(q, p) = ¢*p. Find the corresponding matrix representation.
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mechanics. In other words, we do not have classical quantities which we can
automatically quantize. Therefore, the majority of quantum-like quantities used in
the aforementioned domains of science are phenomenological. They are invented
by analogy with quantum theory. Hence, and we need to emphasize this, we do
not start with a classical model and then quantize it, but we directly mimic the
quantum approach. This forms one of the important problems of the quantum-like
approach. One possible solution of this problem consists in using phenomenological
Hamiltonians.

1.14 Heisenbergian symbolism in physics: a version of symbolism in art

Heisenberg’s approach to micro-phenomena was really symbolic (operational).
Heisenberg was not able to present physical reasons (in the classical meaning)
for the introduction of matrices, instead of functions on the phase space. His
calculus was useful to encode observed energy levels in the spectra of Hermitian
matrices, but nothing more.'? Nevertheless, this symbolic approach has been very
fruitful and it played a key role. The history of the creation of quantum mechanics
is an interesting subject for some social scientists. The main positive impact of
Heisenberg’s symbolic approach was the novelty in the description of physical
phenomena. In fact, this was not a detailed and realistic description as in classical
physics, but instead a fuzzy (operational) description of results of measurements.
We should also mention Bohr’s contribution who emphasized the role of the so-
called experimental context. For him, it was meaningless to speak about an object
outside of the concrete measurement context. The main negative impact was the
aggressive anti-classical attitude. From the very beginning, Heisenberg claimed that
his symbolic (operational) description of experimental data for micro-systems could
not be derived on the basis of a finer classical-like model of micro-reality. Moreover,
he and Bohr strongly advertised the viewpoint Mach held that it is meaningless
even to try to create such models, since such an activity belongs to the domain of
metaphysics and not real physics.'? One could say that Heisenberg and Bohr were
not correct, since a number of “prequantum” (classical-like) models reproducing
results of quantum experiments have been created, for example Bohmian mechanics
(see Chapter 6) and stochastic electrodynamics. However, it is clear that Heisenberg
and Bohr would not agree with such a statement, as for them “prequantum models”
are metaphysical.

The behavior and writings of Heisenberg and especially Bohr remind us very
much of the manifestos of symbolism and futurism. Please see [1] [2].

12 We note that to find theoretically these levels, one has to use Schrodinger’s approach.

13 This is a good place to recall that Mach intensively attacked Boltzmann by claiming that, since molecules
are not observable (as was the case at that time), they are metaphysical creatures and hence they have to be
excluded from real physical theory. Mach’s attacks against Boltzmann’s realism may have played a role in
Boltzmann’s tragic death.
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We also mention works of Plotnitsky [3] [4] who analyzed similarities between
“romanticism” in literature and “romanticism” in Heisenberg’s and Bohr’s writing
see also Khrennikov [5] [6]. Plotnitsky also gave talks on Beckett and quantum
mechanics and on Blake and quantum epistemology. For example, he recently pre-
sented his views at an interdisciplinary workshop (philosophy, finance, psychology,
quantum physics) at the University of Leicester, UK, November 2011.
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1.16 Completeness of quantum mechanics and a possibility to apply
quantum mechanics outside of physics

Heisenberg was the first who claimed that a finer description of micro-phenomena
than that given by the matrix representation of physical observables is in principle
impossible. His claim was supported by Bohr who later elaborated the principle of
completeness of quantum mechanics. The main Heisenberg argument was based
on the uncertainty relation:

AxAp > h, (1.54)

which is related to the first equality in the canonical commutation relations (1.45).
Heisenberg was sure that, because of the uncertainty relation, the precise position
and momentum cannot be jointly assigned to a quantum system, e.g. to an electron.
Therefore, it is impossible to create a finer description of quantum phenomena,
e.g. based on the classical phase space description.
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Later this interpretation of Heisenberg’s uncertainty relation was criticized by
Margenau [1] and Ballentine [2]. To understand their point, we remark that Heisen-
berg established the expression (1.54) as the minimum amount of unavoidable
momentum disturbance caused by any position measurement. However, he did not
give a precise definition for the uncertainties Ax and Ap. It was Kennard in 1927
who first proved the modern inequality:

0x0)p > ﬁ, (1.55)
2

where i = h/2m, and oy, 0, are the standard deviations of position and momen-
tum, respectively. The crucial point is that the standard deviations are statistical
quantities. They can be defined only through measurements of either position or
momentum for huge ensembles of particles. Therefore the Heisenberg uncertainty
relation (1.55) has nothing to do with the joint determination of position and
momentum for a single particle. This is a statistical (dispersion) relation applica-
ble to an ensemble of systems and describing the interrelation between standard
deviations of positions and momenta of systems in such an ensemble. However,
at the beginning of the twentieth century, the Margenau—Ballentine argument was
not yet known. Unfortunately, this argument against the “naive interpretation” of
Heisenberg’s uncertainty relation is until today practically unknown, and, if it is
known, it is simply discarded in the modern quantum community. By the “naive
interpretation” we understand this to be a rather common viewpoint to Heisenberg’s
uncertainty relation: it is impossible to assign to a quantum system both position
and momentum, since, by (1.54), increasing the precision of determining the posi-
tion should automatically decrease the precision of determining the momentum and
vice versa. A closely related interpretation is that it is impossible to perform a joint
measurement of position and momentum with arbitrary high precision. Neither of
these interpretations could be justified by (1.54), because in reality one does not
operate with (1.54) (whose meaning is rather unclear), but with (1.55). The latter
has nothing to do with position and momentum of an individual particle. Therefore,
in spite of (1.54), we have Bohmian mechanics (see Chapter 6) in which position
and momentum of a quantum particle are well defined.

Niels Bohr inspired by Heisenberg’s discovery concluded that quantum mechan-
ics is complete. Even the grandchildren of our grandchildren will not be able to
find a finer description of micro-phenomena. .. At the time of Bohr’s writing, the
“finer description” had the meaning “space time description.” Later the ortho-

dox “Copenhagenists”'* generalized this principle of impossibility to any kind of

14 The word “Copenhagenists” comes from the Bohr—Heisenberg Copenhagen interpretation of quantum mechan-
ics. By this interpretation, the wave function of a quantum system provides the most complete description of
its state, i.e. no finer description could be created.
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additional variables which might improve the quantum description. Nowadays,
such variables are known under the name hidden variables. When this term was
coined, the idea was that position and momentum were known. What was hidden
was only the pair of those variables, i.e. a point of the phase space. The complete-
ness of quantum mechanics implies that determinism cannot be recovered through
a finer description. Thus, instead of the symbolic dynamics of Hermitian matrices,
a more detailed dynamics, e.g. in space time, cannot be constructed.

We state again that one has to distinguish determinism as a general philosophic
principle from its applications to real phenomena. As was remarked, even in clas-
sical mechanics determinism can be violated by dynamics with some (continuous)
forces f(g). Moreover, the initial conditions (position and velocity) cannot be
determined with infinite precision. If the dynamics are unstable, a small pertur-
bation can change the trajectory crucially. In this case, the principle of deter-
minism has merely a theoretical value.'> For an ensemble consisting of a huge
number of particles, in practice we can operate only with probabilities and the
dynamics will be given by the Liouville equation. The fact of the existence of the
underlying Hamiltonian mechanics has merely a metaphysical value: positions and
momenta can be really assigned to individual particles and these quantities can be
imagined as evolving in space independently of our measurements. By the Bohr—
Heisenberg approach, it is sufficient to operate only with probabilities for results of
measurements.

A reader may be curious and ask the following question: “Why do we need all
these philosophic considerations on the completeness of quantum mechanics?” The
main problem is that we want to use quantum mathematics without having to share
the views of Bohr and Heisenberg, i.e. the so-called Copenhagen interpretation
of quantum mechanics. Our position is that we consider Heisenberg’s discovery
as merely a discovery of a new mathematical formalism describing results of
measurements for systems characterized by a high sensitivity to external influences.
The reader can hopefully understand our dilemma: we want to use the total power
of the quantum operational (symbolic) approach and at the same time we do not
want to give up realism. The latter is very important for us. The very subject of this
book is tied to this position we adopt. We plan to apply quantum mathematics to
social and cognitive phenomena. We cannot forget (even if we wished) that these
phenomena are based on classical physical processors of information, the brains
(individual and collective).

15 We remark that classical mechanical determinism is rigidly coupled to the mathematical model of space-time,
namely to the real continuum. The states of classical systems are given by pairs of real numbers (or by pairs of
real vectors). The infinite divisibility of this space plays an important role, cf. with p-adic spaces which have
been recently used in theoretical physics [3].
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We are well aware of attempts to create models of a so-called quantum brain (see
also Chapter 14). In such models, quantum processes at the micro-level induce our
mental activity, see e.g. Penrose and Hameroff [4] [5]. However, we do not want to
couple our modeling to this very special model of the brain’s activity. In particular,
we do not want to give up the neuronal paradigm of neurophysiology and cognitive
science. Neurons are classical processors of electrical signals. Therefore, we try
to convince the reader that the arguments of Bohr and Heisenberg about the com-
pleteness of quantum mechanics were not fully justified. The structure of quantum
mathematics does not exclude a possibility of a peaceful coexistence, of e.g. clas-
sical signal processing of information in the brain (performed by neurons) and the
quantum probabilistic description of the results of (self-)measurements performed
by the brain! Please see again Chapter 14 for more details. A similar viewpoint
was presented by de Barros and Suppes [6]: classical oscillatory processes in the
brain can in principle induce information processing which has to be described by
the mathematical formalism of quantum mechanics. We can also mention Nelson’s
stochastic quantum mechanics [7] in which quantum probabilistic behavior can
be reduced to classical randomness. See also Chapter 13 for more details on this
approach.

When considering a quantum-like model of the functioning of the brain pro-
posed in [8], the brain processes concrete mental images by using a classical
representation of information. However, abstract mental images, such as concepts,
are processed on the basis of the quantum-like representation of information. A
physical mechanism of creation of the quantum-like representation of classical
signals is presented. Quantum-like images are encoded by covariance matrices
of classical signals. In the quantum terminology, these are density matrices. Thus
concepts are represented by density matrices (which are in fact classical covariance
matrices). The same model can be applied to “collective brains” and thus social
systems.

Thus, we do not merely reject the Bohr—Heisenberg thesis about completeness
of quantum mechanics. We explore the incompleteness of the quantum (and more
general quantum-like) description. Our main claim is that such a description is
useful precisely in situations in which the complete information is not available
or even if it is available it is impossible to process it in the complete setting.'® A
cognitive system must make a cut-off in the information space. But such a cut-off
has to be done in a consistent way. This can be done by using quantum information
theory. In our approach, the latter is simply a version of classical information theory
adjusted for the processing of incomplete information.

16 For example, a cognitive (social) system does not have time or computational resources to analyse the complete
data about a problem.
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For applications to social systems, it is important to know that such systems can
process information in a quantum-like way just as it occurs in macroscopic classical
systems. Thus, instead of all the quantum mysteries, we have “only” special formal
schemes of processing of incomplete information. Our main thesis is that social
systems developed the ability to use such quantum-like scheme of information
processing and decision making.
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1.18 Brownian motion

The creation of a mathematical model of so-called “Brownian motion” was a
crucial step towards the probabilistic description of physical reality. Maybe we can
claim it was not less important than the creation of the quantum formalism?'’ We
would like to compare the probabilistic dynamics of the Brownian motion (also
known as the Smoluchowski equation) with the probabilistic dynamics of quantum
particles (given by the Schrodinger equation). The consideration of the probabilistic
dynamics given by the Smoluchowski equation and not by the Liouville equation
has an important philosophic impact. By creating a mathematical model of the
Brownian motion, physicists understood that the Hamiltonian phase space model
cannot be directly applied to this (classical) phenomenon. The basic problem is
that in general the velocity of a Brownian particle is not well defined; its trajectory,
although continuous, is not differentiable. Therefore, instead of the probability
density p(g, p) defined on the phase space, one has to use the probability density
of spatial coordinates p(q).
The g-space is often called configuration space.

17 In this chapter we are interested in physics, but it has to be remarked that the first mathematical construction
of the corresponding stochastic process was done in finance; in the doctoral thesis of Louis Bachelier [1] in
1900, see also Section 2.1.
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In phase space mechanics, it is always possible to obtain the configuration space
density from the phase space:

p(t.q) = f p(t.q. p)dp. (1.56)

The Liouville dynamics on the phase space induce the dynamics of the probability
density on the configuration space.

Suppose now that g(¢) is continuous, but not differentiable. Then the velocity
(and, hence, the momentum) is not well defined. Nevertheless, the density on the
configuration space is used to find the probability that the particle’s coordinate ¢
belongs to a domain V of the configuration space:

Pq() € V) = /V o1, 9)dq. (157)

The problem of the derivation of the corresponding dynamical equation for p(z, q)
now arises.

The simplest probabilistic dynamics of this type correspond to the Brownian
motion. In a few words, we can say that a particle moves in a linear fashion
colliding with a molecule which changes the direction of motion, and again the
particle resumes a same linear based movement. Note that at the points of collision
the velocity is not well defined. Einstein and Smoluchowski found the form of this
probability density to be of the Gaussian form:

1 2 2

pt,q) = ——=e 7%, (1.58)
1 V2t

and then by calculating its derivatives they found that this function satisfies the

partial differential equation:

dp(t.q) _ 19°p(t.q)
ot 2 9g?

This partial differential equation formally (i.e. from a mathematics point of view)
coincides with the Fokker—Planck partial differential equation. See Chapter 2.
However, physically they are different: the Smoluchowski’s equation describes the
probability density of position and the Fokker—Planck’s equation is the equation for
the probability density of velocity. Equation (1.59) describes the dynamics of the
probability density on the configuration space. If one knows the initial probability
density p(fy, q) = po(q), it is possible to find the density at any instant of time
> 1.

However, the knowledge of the initial position g(#)) = go of a particle does
provide a possibility to determine uniquely its state g(z), t > fo. The dynamics
depend on a chance parameter, say w, g = ¢(t, ). Formally, if w was known in

(1.59)
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advance, it would be possible to recover determinism along the trajectory t —
q(t, ). However, o is never known. For example, for a Brownian particle,
includes the knowledge of all possible collisions which will occur for this particle!
Hence, the principle of determinism has no practical value for classical stochastic
processes.

One natural way to recover determinism is to use a coarser description of
reality, namely to define states of particles not as points of the configuration
space, but as probability densities on this space. The dynamics (1.58) emerg-
ing from such an approach are deterministic. We shall speculate that some-
thing similar was done in quantum mechanics. However, this “recovery of deter-
minism” for the Brownian motion has an unexpected consequence and that is
“non-locality” of this model! This is a rather unexpected statement: non-locality
of classical dynamics! To illustrate this viewpoint, we proceed to the multi-
dimensional case.

In the multi-dimensional case, the Cauchy problem'® for Smoluchowski’s equa-
tion has the form:

ap(t,q5;~-~,‘1N_) =3 Z?]zl Ag;pt, g1, qn), (1.60)
,0(10,5]1’---a‘]N)=pO(QIa---7QN)» (161)

where Laplace operators A, are defined as:

?p 3*p 3%
Agp=75+ -5+,
9x; 8yj 0z;
and g; = (xj,y;,zj), j =1,..., N.If the initial density is factorizable:
Po(q1, - .- qn) = po1(q1) - - . pon(gnN), (1.62)

i.e. at the initial instant of time ¢ = #; particles are independent, then the solution
of equation (1.60) can be found in the form:

p(f’QI,---»QN)=p1(t,QI>---pN(t7‘IN)7 (163)

with:

pj(to, q;) = poj(g;), j =1,..., N. (1.64)

18 We state again that this is a dynamical equation with initial conditions.
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Thus, the Cauchy problem (1.60), (1.61) can be separated into a system of inde-
pendent problems:

opjt,q;)) 1
% = Equpj(t»Qj), (1.65)
pj(to, q;) = po(q;)- (1.66)

Such a dynamics can be called local: the dynamics of the state (in the sense of
the probability density) of the jth particle has no influence on the dynamics of
the ith particle, i # j. We state again that equation (1.60) describes the motion of
non-interacting Brownian particles.

However, if the initial density is not factorizable, i.e. at ¢ = #( particles are not
independent, they will be correlated (e.g. as the result of the common preparation
procedure), and then we cannot use the ansatz (1.63) and split the Cauchy problem
for Smoluchowski’s equation, see (1.60), (1.61).

Thus, in the very classical situation, the Brownian motion, the determinism
(realism) may be incompatible with locality. An attempt to recover the former
through the usage of a coarser mathematical description, via the interpretation of
a probability density as a state of a system, may lead to the impossibility to treat
independently the dynamics of N non-interacting Brownian particles.

We remark that little attention is paid to this trivial mathematical fact: initial
correlations can have an impact on further dynamics. We have presented here this
“determinism—locality” analysis of the Brownian motion to keep closer to typical
discussions of quantum foundations. We shall see that the quantum situation will
remind us very much of our presentation of the “determinism—locality” problem in
the classical theory of random processes, see [2] (in Russian) for more detail.
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1.20 The Schrodinger equation

It is clear that the dynamics of a quantum particle cannot be simpler than the
dynamics of a Brownian particle: a quantum particle collides not only with other
particles, but also with fields. Moreover, it is evident that the picture of the vacuum
as the totally empty space does not match physical reality: the random background
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is present everywhere.'” Therefore, one could not expect that it would be possi-
ble to construct the phase space dynamics of the Hamiltonian type for quantum
particles. The dynamics of p(t, g) were needed. In principle, we might refer to
Heisenberg’s uncertainty relation with the original Heisenberg interpretation: posi-
tion and momentum cannot be jointly determined. However, we prefer to use purely
classical arguments.

Roughly speaking, in quantum mechanics the following ansatz was used:

p(t, q) = ¥3(t, q). (1.67)

So, it was proposed to search for a “density amplitude” (¢, g) (wave function)
and not directly for a density. At the beginning (in the pioneering studies of
Schrodinger), this amplitude was real. Later it was proposed to extend this ansatz
and consider complex amplitudes, i.e. to look for a density which is represented as:

ot q) = 1y (t, ), (1.68)

where (¢, g) takes values in the field of complex numbers C. The correct equation
for this probability amplitude is the famous Schrodinger equation. We write it
directly for an N-particle system:

N 2

. aW(t9qla---an) h
h = - — A, Ut q, ...,
i o7 ;2171, sV, q qn)
+V(611s---,C]N)w(tsCII,---,C]N), (169)
V(to, q1, -, qn) = Volq1, - - - gN)s (1.70)

where m ; is the mass of the jth particle and V is a potential. In the modern presen-
tation of quantum mechanics, this dynamical equation is simply postulated. There
are no reasonably justified derivations of Schrédinger’s equation in conventional
quantum theory. The original Schrédinger derivation was heuristic and it had little
to do with modern quantum theory. When quantum theory was being developed,
Schrodinger considered the i-function (at least for a single particle) as a real
physical field.?’

19" Although Copenhagenists (see Section 1.16) had never accepted Planck’s viewpoint of the spontaneous emis-
sion of light by atoms, in modern quantum theory, especially quantum field theory, the vacuum is also considered
as a highly complex structure which can produce experimentally observable effects, e.g. the Casimir effect.
Although formally classical field and quantum viewpoints of the vacuum are totally different, the resulting
picture of the vacuum as the actively acting environment is practically the same.

Feynman claimed that he derived Schrodinger’s equation by using the formalism of the path integral, e.g.
[1]. However, since he treated the path integral formally, merely as a symbol, his “derivation” cannot be
considered as rigorous. In a series of papers of one of the authors [2]-[4], it was shown that by representing
the y¥-function in the form ¥ (¢, g) = Q(t, q) + i P(t, q), where Q and P are the real and imaginary parts
of ¥, Schrodinger’s equation can be written as a system of Hamiltonian equations with respect to the field
variables Q and P. Thus, the Schrodinger equation is a special case of the Hamiltonian dynamics for the field

20
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If one assumes that quantum mechanics is complete, i.e. the state of a quantum
system is given by the wave function ¥ (and any finer description is forbidden),
then the theory is deterministic: the knowledge of the initial condition, (1.70),
provides the knowledge of the wave function at any instant of time. Under natural
conditions, the Cauchy problem (1.69), (1.70) has the unique solution. Of course,
the price to be paid for obtaining such determinism is to allow for the probabilistic
nature of a quantum state. In the same way as for the Brownian motion, we are also
equally aversive by the fundamental non-locality of quantum dynamics.

Let us now present the quantum analogue of the consideration which was pre-
sented for the Smoluchowski equation for a system of classical particles.

Suppose that there are no mutual interactions between different particles, i.e.:

Vigi,....qn) = Vi(g) + -+ Vnign). (1.71)
If the initial wave function is factorizable:
Yolqi, - .- qn) = Yoi(q1) - - . Yon(gn), (1.72)
then the solution of equation (1.69) can be found in the form:
vt q, ... qn) =¥t q) - YN, gn), (1.73)
with:
Yi(to, q;) = Yojlgj), j=1,...,N. (1.74)

Thus the Cauchy problem (1.69), (1.70) can be separated into a system of indepen-
dent problems:
ihallfj(f,qj‘) h?

o o, Vit 4D+ Vi@V a). (1.75)

Vi(t0. q;) = ¥o(q;). (1.76)

Such dynamics are local: the dynamics of the state (in the sense of the probability
amplitude) of the jth particle has no influence on the dynamics of the state of the
ith particle, i # j.

We remark that the factorization of the wave function implies factorization of
the probability density, and hence independence of different particles. However,

phase space (we remark that such phase space is infinitely dimensional). We state again that the system of
Maxwell equations for the classical electromagnetic field can also be represented as the Hamiltonian system
with respect to the field variables. Therefore, Schrodinger’s equation can be considered as the generalization of
the Maxwell equation for the case of massive particles. However, such an interpretation is incompatible with
the conventional interpretation of the wave function.
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the analogy between classical Brownian motion and the dynamics of a system of
quantum particles is not complete. The factorizability of the density, i.e. the prob-
abilistic independence of particles, does not imply factorization of the probability
amplitude. For example, take:

Yo(q1, 2) = €PYo1(q1)V02(q2)- (L.77)
Then:

00(q1, 42) = 1Vo(q1, ¢)I* = [Wo1(g)*[¥02(q2) > = poi(q)poa(qr).  (1.78)

For such an initial yr-function, we are not able to split the Cauchy problem (1.69),
(1.70) into the system of independent problems (1.75), (1.76). Thus, classical
probabilistic independence of initial conditions does not provide independence of
dynamics. This is the essence of quantum non-locality. Within the conventional
(Copenhagen) approach, this observation is difficult to comprehend. Pilot wave
theory was one of the first theories which took this observation seriously (Bohmian
mechanics is an improvement of the de Broglie’s double solution model). See also
Chapter 6 for more details on Bohmian mechanics. This theory was one of the first
attempts to go beyond quantum mechanics and create a finer (in fact, space time)
description of the micro-phenomena.

The so-called prequantum classical statistical field theory (PCSFT) is a promis-
ing new approach which may go beyond quantum physics [3]. In this model,
quantum non-locality has been reduced to classical correlations in the background
field.

Our analysis of quantum non-locality differs from conventional considerations.
In the conventional presentation, quantum non-locality is a consequence of quantum
entanglement, i.e. the existence of wave functions of the form:

Y(q1, q2) = ¥i(g)¥a(q2) + ¥a(g)¥i(q2), (1.79)

where | # ¥,. From a (mathematical) point of view, it is impossible to factorize
the wave function of the composite system S = (S, S,), where S| and S, are two
systems. Factorization can be written as:

Y(q1, q2) = ¥1(qD)V¥2(q2). (1.80)

Typically, one may not always pay attention to the following trivial mathematical
fact. If the corresponding probability density is not factorizable:

(g1, q2) # p1(q1)p2(q2), (1.81)

1.e.:

1V (q1, @2)I* # 1¥1(gD)*[¥a(g)]*. (1.82)
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The impossibility to split the Cauchy problem for the Schrédinger equation has the
purely classical probabilistic explanation: initial correlations will affect the future
dynamics. Thus, the correlation of phases (and not the coordinates) is the essence
of quantum entanglement.

Thus, the quantum multi-particle correlations have a lot in common with multi-
particle correlations of classical particles (see [5] for a deep analogy between
quantum entanglement and correlation of classical Brownian motions). However,
quantum correlations cannot be totally reduced to the classical. Besides the cor-
relations of particle coordinates, the correlations of phases, encoded in the wave
function (complex probability amplitude), play an important role.
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1.22 Do not be afraid of no-go theorems!

The so-called “no-go theorems” (see von Neumann [1] [2], Bell [3], and Kochen-
Specker [4]) are often considered as a barrier on the way towards applications
of quantum formalism, outside physics. Since the mathematical statements made
about the completeness of quantum mechanics are taken as mathematical proofs,
there is an impossibility to combine quantum formalism and realism. The majority
of scientists are sure that quantum phenomena cannot be emergent from some
classical phenomena. As was already emphasized, such a scientific ideology is not
acceptable by the authors of this book. Therefore, we have to present arguments
against the common interpretation of no-go theorems. A detailed analysis of no-go
ideology was performed in [1]. No-go theorems are statements about the impossi-
bility to construct “prequantum models” reproducing the probabilistic predictions
of quantum mechanics and operating with classical probabilities. The main point
is that physics cannot tell us anything about the features of such models and their
coupling with the quantum model. How can one hope to prove that something does
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not exist without any knowledge (or at least not much) about this “something”?
Therefore, each author of a no-go theorem, in fact, formulates a list of features
of a “prequantum model” and its correspondence with the quantum model. Then
the author proves that his list of assumptions is in contradiction with quantum for-
malism. Hence, instead of the standard conclusion that the classical probabilistic
description is incompatible with the quantum description, we can say that the list
of assumptions underlying a no-go theorem is not properly formulated. Therefore,
the contradiction with quantum formalism is not surprising. We remark that the
situation is made more complicated by the vague formulations of no-go theorems.
The authors of these theorems, e.g. von Neumann and Bohr, use some “hidden
assumptions” which play an important role in “derivations” (see [1] for an analysis
of hidden assumptions in Bell’s theorem). We cannot say it better than Bell [3]
himself: “long may Louis de Broglie continue to inspire those who suspect that
what is proved, by impossibility proofs, is lack of imagination.”?!

Hence, we recommend to researchers applying quantum formalism outside quan-
tum physics: do not be afraid of no-go theorems! However, one has to use the
lessons of the no-go activity. It seems that no-go statements work against classi-
cal mechanics of particles, but not against classical wave models. We claim that
classical waves and oscillatory processes can produce quantum (or more general
quantum-like) representations of information, see [4], and Chapter 14.
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2

Econophysics: statistical physics and social science

2.1 Science and social science: econophysics?

Economics and finance have for long used concepts drawn from the exact sciences.
Famous economists such as Vilfredo Pareto, Nobel Prize winners Paul Samuelson
and Maurice Allais, and many others, all used concepts from the exact sciences in
order to aid them in modeling economic phenomena.

As we mentioned already in a footnote in Section 1.18 of Chapter 1, Louis
Bachelier [1] submitted in 1900 a doctoral thesis in mathematics on the use of
a Brownian motion (of the arithmetic type) as a general descriptor of an asset
price process. Paul Samuelson [2] proposed, 60 years later, to use the geometric
Brownian motion so as to allow for the fact that asset prices cannot be negative. This
Brownian motion becomes then a major ingredient in the famous Black—Scholes
option pricing theory [3].

The famous American mathematician, John von Neumann' (with economist O.
Morgenstern), wrote the basics of game theory. Their book [4], entitled Theory of
Games and Economic Behavior, which first appeared in 1947, is the “classic” of
any game theorist’s library.

Important contributions to theoretical economics were also proposed by Gerard
Debreu [5], a Nobel Prize winner in economics (and a mathematician by training),
on the development of the so-called core of the economy.

Leonard Savage [6], a famous statistician, developed the Savage expected util-
ity” model (1954), where subjective probabilities are used in the calculation of
expected utility. Robert Aumann [7], also a mathematician by training and a recent
economics Nobel Prize laureate, developed the so-called Anscombe—Aumann
approach (1963), where expected utility is measured with a mixture of subjec-
tive and objective probabilities.

1 See for instance reference to von Neumann in Section 1.22 of Chapter 1 in the context of no-go theorems.
2 We refer the interested reader to Chapter 7, where we expand more on the meaning of utility functions.

37
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The Savage expected utility model mentioned above was found to have inconsis-
tencies in its axiomatic content. As an example, the Ellsberg paradox [8], which we
also discuss in much more detail in Chapter 8, indicates that the famous sure-thing
principle, a key assumption of the Savage model, can be refuted on experimen-
tal grounds. The theoretical economics community has attempted to answer the
shortcomings laid bare by the Ellsberg paradox.

In light of this very brief overview, how can we understand the birth of the
so-called “econophysics” movement? What does “econophysics” stand for?

From a symptomatic perspective, the econophysics community is mainly com-
posed of physicists (but we can also count some social scientists in that community)
who are interested in explicitly using physics techniques and concepts in the social
sciences. Econophysics does not only target economics or finance. One can find
applications of physics concepts in sociology and even religious studies. We note
that the econophysics movement is not characterized by social scientists attempting
to apply social science concepts in physics.

It is very much debatable how the econophysics movement came into being. The
book by Nikolae Georgescu-Roegen [9], a Harvard economist, could possibly be
seen as a starting point for the movement. Bertrand Roehner [10] in a survey paper
on the econophysics movement, indicates that the term “econophysics” was coined
for the very first time in a talk delivered by Eugene Stanley at a statistical physics
meeting held in August 1995 in Xiamen (China). In effect, Eugene Stanley may
well be called the founding father of the movement. As editor-in-chief of the journal
Physica A, numerous articles on the topic of econophysics have been published in
that journal. Rosario Mantegna and Stanley [11] published a successful handbook
on some of the basics of econophysics as early as 1999. Thomas Lux and Marchesi
[12], succeeded in publishing an economics article in the famous journal Nature
in 1999. In 2006, economist Xavier Gabaix joint with Eugene Stanley (and others)
[13] published a highly cited econophysics article in the top-notch economics
journal, Quarterly Journal of Economics.

Can we now come to a clearer definition of what econophysics is? Not really!
Most of the literature in econophysics will be characterized by the use of mainly
statistical physics techniques to social science areas of application. A frequently
used concept in econophysics is the so-called power law. A lot of important econo-
physics work has indeed attempted to find the existence of such power laws in
economic data. Please consult for instance Mantegna and Stanley [11]. We will
show some other examples of simple econophysics applications later in this chapter.

Maybe we can try to define the econophysics movement by what it is not.
Econophysics does not seem to be concerned with applying quantum physical
concepts to social science problems. It is in that sense that econophysics is distinct
from what we would dare to call “quantum social science.” For a much more
extensive discussion, please see Chapter 3, Section 3.1.
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As the reader may have noticed, this book is thus not about econophysics. Instead
this book is very much pre-occupied with attempting to convince the reader that
simple quantum mechanical concepts can be employed to good use in a variety
of social science settings. In Chapter 3, we will be focussing on explaining, in
substantial detail, what so-called “quantum social science” is all about. Part III
of the book will examine quantum probabilistic effects in psychology, while
Part IV will consider quantum probabilistic effects in economics, finance, and
brain sciences. The classical stochastic model of a financial process presented in
this chapter (see Sections 2.3 and 2.7) plays an important role in the transition to
quantum models, which we propose in Part IV of this book (notably Chapters 11,
12, and 13).

From the outset, we need to mention that one of the main problems which
emerge when considering applications of the quantum formalism to the social
sciences (particularly in finance and economics) is that we cannot perform the
so-called “quantization procedure,” i.e. the transition from classical to quantum-
like quantities, by simply using operators instead of classical financial variables.
Surprisingly, the problem is not in the formalism of the transition (i.e. quantization)
by itself, but in the absence of a financial analogue of classical statistical mechanics,
cf. Chapter 1. To proceed to quantum-like financial modeling we need to operate
with classical quantities such as financial energy, momentum, and so on. As was
pointed out already, current financial mathematics does not provide us with such
quantities. Nevertheless, some analogs and motivations can be extracted from
classical finance. One of the crucial points when considering the coupling of
classical and quantum finance is the usage of the basic classical financial model
which refers to the fundamental equation of classical statistical mechanics, i.e. the
Fokker—Planck equation.’ Therefore, we present below in brief detail applications
of this equation in classical finance. From these considerations, we also get the
motivation to introduce financial analogs of potential, energy, and momentum —
see Section 2.5.

As we already indicated above, the theory of classical stochastic processes is
actively used in Sections 2.3 and 2.7. We have tried to present the fundamentals of
classical stochastic finance in a simple and brief way. Nevertheless, readers who
have never used stochastic calculus may encounter resistance to proceed easily
through these sections. In principle, these sections can be omitted (at least during
a first reading). We remark that a brief introduction to the theory of classical
stochastic processes is presented in Chapter 4, Section 4.18.

In the next section, we consider a simple economics application of the for-
ward Kolmogorov partial differential equation, also known as the “Fokker—Planck”

3 Mathematically, the Fokker—Planck equation coincides with the Smoluchowski equation, see Chapter 1,
Section 1.18 (on the probabilistic description of the trajectories of Brownian motion).
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partial differential equation. In the next section (Section 2.5), we briefly discuss
potential and kinetic energy equivalents in economics. In Section 2.7, we show an
example of a very famous backward Kolmogorov partial differential equation: the
Black—Scholes partial differential equation. The Black—Scholes model aids in pric-
ing financial derivative products. In the penultimate Section 2.9, we give a flavor of
the wonderfully “weird” world of finance, where fake probabilities are high up the
agenda to solving asset pricing problems. We finish the chapter with a very short
section, which has the sole aim to “whet the appetite” on how quantum mechanics
can be connected to basic option pricing. No quantum mechanics knowledge is
required at this stage.
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2.3 The physics-based “Fokker-Planck” PDE in economics

We have already discussed the Fokker—Planck partial differential equation (PDE) as
describing the time evolution of a probability density function of velocity. We have
already mentioned this equation in Section 1.18 (please see under equation (1.59)).
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Many textbooks in physics will deal with the background and construction of the
Fokker-Planck PDE. One area where such an equation can be used to beneficial
effect is in the estimation of stochastic volatility. The concept of volatility has wide
bearing in financial asset pricing. Following Hull [1] (p. 206), the volatility of the
price of an asset is a measure of the uncertainty about the returns of a stock. It is
universally defined as the standard deviation of the return of an asset (a stock for
instance). If stock prices are assumed to be lognormally distributed,* then we can
say that the percentage changes in the stock price are normally distributed. The
finance community often uses the concept of “volatility” and this is the square root
of the variance of the return of an asset. Recall that Brownian motion has already
been discussed in Section 1.18 of Chapter 1. We can imagine that the volatility
of the price of an asset moves over time following a Brownian motion. Hence,
suppose we have the stochastic differential equation for volatility, o, to be:

do =oa(o)dt + B(o)dz, 2.1

where do denotes the infinitesimal change in the value of volatility, o; @ (o) is some
drift function of volatility; d¢ denotes the infinitesimal change in time; 8 (o) is some
diffusion function of volatility; dz is a Wiener process. Imagine, following Wilmott
[2] (p. 319) that from empirical data you can estimate: do = « (o) dt + vo*dz;
with v = 0.88 and A = 1.05. One can estimate « (o) using the Fokker—Planck
PDE approach, by using % — %%,82 + % (o) = 0. As per Wilmott [2] (p. 320),
impose time independency and assume that we know the steady-state distribution

of f: foo. One can write %‘)j ({ = B2 = % (o) and integrating once (towards o),
Wilmott [2] (p. 320) obtains afx, = 5 %= 7 from which & = 51— %= and where

the constant is assumed zero. Hence, if one knows f,, one can find the drift,
a(o). We note that Wilmott [2] (p. 320), indicates that f., could be a lognormal
probability density function (pdf) on volatility.
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2.5 Potential and kinetic energy in social science

We may wonder how potential and kinetic energy connect to economics? Khren-
nikov [1] [2] and Choustova [3] [4] [5] [6] have shown that many concepts in basic
physics can have a social science equivalent (including potential energy).

4 Please note that other distributions can certainly be assumed too! The 2008 financial crisis showed us that
so-called fat-tailed distributions would be much more appropriate.
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The model presented in this section can be considered as a “classical mechani-
cal model” for finance. In principle, it can be used as the basis for what we could
call “financial quantization,” i.e. a transition from the functional to the operator
representation of financial variables. The main problem is that at this level of the
“classical mechanical model” of the financial market we do not know which “pre-
cise” financial Hamiltonian function describes the financial analogue of energy. In
effect, we thus “play”” around with Hamiltonian functions borrowed from (classical)
mechanics. Quantization will lead to the use of quantum financial Hamiltonians.

Let us follow closely, in the development below, Khrennikov [7] (pp. 155-157).

Consider the most simple concept: the phase space. Assume there exists a con-
figuration space Q = R" of price vectors 7 =(q1, 92, -- -, qn), Where g; is the
price of the share of the jth corporation. The dynamics of prices can then be
described by a trajectory 70) = (q1(?), q2(t), ..., qn(t)) in Q. One can define
3q;(t) = q;(t + At) — q;(t) which symbolizes a discrete price change. A contin-
uous price change v;(t) = ¢ j(t) = lima,_g W can then be defined. Note
that one can consider time scales such as At, 2At¢,. ..

There exists a phase space Q x V, where V = R” and v = (vi, V2, ...,0,) €
V. A state (g, v) is called a classical state.

The analogue of physical mass can also be introduced, i.e. the number of shares of
stock j: m;. The market capitalization of trader j (firm j) is then T;(¢) = m ;q;(t).

Total energy is the sum of kinetic and potential energy. Kinetic energy
is defined in physics as % Z'J’: \m jvjz. and the interpretation with the former
economics-based analogies is now immediate. Potential energy is denoted as
usual V(qi, ..., q,). It describes interactions between traders as well as inter-
actions from other factors, such as macro-economic factors. What is its functional
form? An example of a simple financial potential would be (g; — g;)*. Classical

price dynamics are then defined by a price momentum p; = m;v;. We then have

vj(t+At)—v_,-(t)) _ —av

N 3, and here we find the well-known Newtonian
J

m; (hm At—0

equation.
The development above can also be found in other work. Any of the refer-

ences mentioned above will give a similar treatment (i.e. Khrennikov, [1] [2] and

Choustova [3] [4] [5] [6]).
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2.7 The backward Kolmogorov PDE in finance
2.7.1 What is an option?

One of the most famous statistical physics equations in finance is the so-called
Black—Scholes PDE. This PDE, when solved, yields the price of a so-called
“option” contract. There do exist two basic option contracts: the call option and the
put option.

In Bailey [1] (p. 439), a call option is defined as:

Definition 1 A security that gives its owner the right, but not the obligation, to
purchase a specified asset for a specified price, known as the exercise price or the
strike price.

In Bailey (p. 439), the put option is defined as:

Definition 2 A security that gives its owner the right, but not the obligation, to
sell a specified asset for a specified price, known as the exercise price or the strike
price.

When you go “long” on an option, you pay a premium (this is the option price).
The writer of the option has the so-called “short” position.

2.7.2 The Black—Scholes portfolio and preferences for risk

The typical Black—Scholes PDE derivation is as follows. The interested reader may
want to consult Black and Scholes [2]. Assume a collection (also called a portfolio)
of two assets: a stock and an option. The portfolio value can be called, IT. It can be
written as follows:

n—_r42fg 2.2)
o s’ ’
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where F is the financial option price and S is the stock price. We remark that the
financial option price is the price of a call or a put option (please see Definitions
1 and 2 above). This option price is typically a function of two variables: time
and the value of the underlying asset. Option pricing can be applied to a myriad
of underlying assets, such as bonds, stocks, and other options. In the derivation
we provide here, we will assume that the stock (or also “share”) is the underlying
asset. The practical significance of the option price is that it is the price of the
option contract. This price is also known under the name of “premium.” As an
example, if we were to think of a put contract as an insurance contract against a
certain contingency, then the put price, F', would be nothing else than the price of
the insurance contract.

We note the quite abstract form of this postulated portfolio: the minus sign which
precedes the financial option F indicates we must sell an option. The +%—§ indicates
the quantity we need to buy of the underlying asset, S. Often the question is raised
how the inventors of the option pricing formula got the “intuition” to propose such
an abstract portfolio formula. We may want to take a step back now. Consider the
so-called binomial option pricing model. The binomial option pricing model can
be shown to converge to the Black—Scholes option pricing model. The key paper is
by Cox et al. [3]. In the binomial option pricing model, the portfolio used is quite
similar to the portfolio presented in the above equation (2.2). As any text book on
option pricing will show, the finding of a quantity A (which is similar — albeit not
the same! — to the partial derivative of F towards §) makes that the portfolio in the
binomial option pricing model has the same value, no matter whether the price of
the underlying asset S goes up or down. Following Hull [4] (p. 243), the portfolios
in the binomial option pricing model can be written as S.u.A — f, = S.d.A — fy,
where S.u is the price of the underlying asset when it goes “up,” while S.d is the
price of the underlying asset when it goes down; f,, and f; are the so-called intrinsic
values of the option when the price of the asset is going up or down, respectively.
Following the above two definitions (Definitions 1 and 2), the intrinsic value of
an option, when it is a (long) call (Definition 1), would be max{S.u — X, 0} when
considering S.u, where X is the strike price. Using Definition 2, we would have
as intrinsic value for a (long) put, max{X — S.d, 0} when considering S.d. From
the imposed equality, S.u.A — f, = S.d.A — f;, one can find A = ﬁ This
A is essential as it allows the use of the so-called “risk free rate of interest” as a
return parameter on the portfolio. Such a rate of return is in financial economics
a highly desirable variable, since it is independent of preferences for risk. But
the novice reader may now wonder about those two new terms: “risk free rate of
interest” and “preferences for risk.” The risk free rate of interest is an interest rate
which is relevant for assets which do not bear any risk. As an example, bonds
issued by a government would in theory need to yield a risk free rate of interest
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if those bonds are guaranteed to be repaid no matter the financial circumstance.
The concept of “preference for risk” is quite easy to understand. As individual
investors, we all have different levels of tolerance towards risk. Some investors are
much more sensitive towards the perceived risk position of a certain asset, while
others do perceive the level of risk as quite acceptable.

Although it is very intuitive to understand that we have levels of tolerance for
risk vis-a-vis a certain financial asset, it is quite a much more daunting task to
formulate, in a rigorous way, such levels of tolerance for risk. Economists, have for
long used the tool of utility functions to “reflect” our attitude towards risk (more
on this function in Chapter 7).

As an example, we could for instance think of projecting various scenarios of
asset returns in the future. Typically, we assume the existence of states of nature
(a state of nature such as “an expanding economy” or also a state of nature such as
“a collapsing economy”). If we were to attach probabilities to the likelihood of such
states occurring and if we had some idea what return each asset would carry in each
of the different states of nature, then we could calculate the mean and the variance
of the returns of each asset across the different states of nature. Assets could then
be classified according to their risk/return profile. However, this is not fault free.
The probabilities of states and estimated levels of returns are mostly subjective
assessments. Furthermore, one can easily be confronted with the situation where
asset A has a higher expected return than asset B, but asset A’s volatility is also
higher compared to asset B’s volatility. As Danthine and Donaldson [5] (p. 23)
remark: “what decrease in expected return is a [decision maker] willing to accept for
a 1% decrease in standard deviation of returns?” Answering this question requires
the notion of risk tolerance.

Clearly, if we can dispense with the use of any considerations towards the
formulation of attitudes towards risk, then we have in some sense a much more
tractable theory. The very objective of the portfolio as formulated in equation (2.2)
above (and we gave some background information as to how we can see a similar
portfolio in the binomial option pricing formula) is thus to form a portfolio which
allows for the application of the use of the risk free rate of return for a judicious
choice of the A. Indeed, if equation (2.2) were to be rewritten as —F + A'S,
where we used A’ to distinguish it clearly from the A in the binomial option
pricing model, then if we replace A’ = % in the derivation of the Black—Scholes
model (please see below — especially equation (2.8)), then we can obtain a risk
free portfolio. The attentive reader will of course have spotted that the relation
between A’ and A is mathematically not that remote. For more on the background
of choice under (un)certainty and the various models of expected utility, please see
Chapter 7, Sections 7.1 and 7.3.
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2.7.3 A Taylor expansion in a stochastic environment?

The discrete change in the value of the above Black—Scholes portfolio (equation
(2.2)), which we denote as 611, is:

STI = 3F+8Fss (2.3)
N s '

It is an assumption that the stock price process follows a geometric Brownian
motion (see Samuelson [6]):

dS = uSdt + o Sdz, (2.4)

where u is the expected return; o is volatility of the stock price S; dz is a Wiener
process; ¢ is time. Remark that the expected return, u, includes preferences for risk.
It is precisely one of the great achievements of the Black—Scholes model that, by
virtue of its portfolio construction, this expected return is fully absent from the final
partial differential equation (i.e. the Black—Scholes partial differential equation),
which is (2.12). Assume one wants to know how to write the infinitesimal change
in F (the option price (put or call)), denoted as d F, when the derivative F is a
function of the stock price and time.

We cover in some detail in Chapter 4, Section 4.18.4 the so-called It6 Lemma
[7]1, which we will use now. Employing the Itd Lemma in the context presented
here involves the use of equations (2.5) and (2.6) below. As per Hull [4] (p. 291),
the It6 Lemma indicates that:

oF OF 10%F oF
dF = | —uS+ — + ———028?% ) dr — ) oSdz, 2.5
(as“ T T2asC ) +<as)0 ¢ (2)

and we can put this into a discrete format as follows:

SF oF S+8F+1—82F 282 ) 5t + oF S8 (2.6)
. i — ) o S8z. :
s T T2as? 35S ¢

INTERMEZZO0. The reader will have noticed our “casual” switching from con-
tinuous to discrete changes. Such a change is not to be taken lightly. In a stochas-
tic sense, does it make sense to write that E(X'(r)) = E [l .i.msﬁow] =
lim,_¢ E [M], where [.i.m is the limit in the mean square sense (and this
is a very different notion from the ordinary limit definition)? We will assume stan-
dard Hilbert spaces L' = L' (, F,P) and L?> = L?(Q, F, P), which are defined
as L' ={Y : E[|Y|]} < oo}and L?{Y : E[Y?]} < oo}. Note that L> C L'. Here
is an interesting proof. The proof was provided by Alexander [8].

Proof. We can write: |E(X'(t)) — ECUE=20)| = |E(X/ (1)) — (XH2=x0y))|,
Square both sides and use Jensen’s inequality then we obtain:
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1.0 < |E(X'(1) — B0 2 o | E(X/(1)) — (RH=x0) )

2. |E(X'(1) — (R0 ))* < B {(X(r) — (RED=20)2) (which is Jensen’s
inequality)

Now we know that lim,_ o FE [(M — X’(t))z] =0 since this is the
definition of [.i.m. Therefore, we can write (using 1 and 2 and the definition of
Lim)y: 0 < lime_g |[EQX(1) — EGE=0) = |E(X/ (1) — (U220 <
lim,_o E [(X'(1) — ((2=0))2] =0 and  therefore  lim,_q |E(X'(t))—
E(M)f =0 which of course implies that lim,_o|E(X'(t))—
E(X9=x0) =0 and which therefore proves that E(X'(t)) =

lim,_o E [22=x0] n

After this brief intermezzo, let us put the geometric Brownian motion in discrete
format:

68 = uSét +o0S6z. 2.7
As per Hull [4] (p. 291), if we substitute the § F equation (see above) and the 5.5
equation (see above) into §I1 = —6 F + %(W , then we get:
F OF 10*F oF
SM=—((—=puS+—+-—=508*)dt+ (- )oSs
((as“ T taase” ) + (as)a Z)
oF
+ﬁ(uS8t +086z2). (2.8)
You will observe that the discrete change in the value of the portfolio will be
written as:
oF 109*F
S =|—— — =——0°5%) 1. 2.9
< or 20527 ) 29)

A crucial argument (see also Hull [4] (p. 292)) now consists in claiming that
since we do not have the Wiener process we can say that the return of the portfolio
(%) per unit of time % is equal (under no arbitrage) to the risk free rate of interest:

ST 1
_ = rf s
IT 4t
where r is the risk free rate. Now remark that this risklessness of the portfolio is
only valid for a brief instant of time.
Finally, all that now needs to be done is to substitute §I1 and IT into the above
equations, to get:

OF  19*F , , F
—— = ——0"S* | St =r; [ —F +—5 )t (2.11)

(2.10)

aS
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Cancel both 67 on the left-hand side and the right-hand side of the equation and
you obtain the Black—Scholes equation (i.e. the partial differential equation):
oF oF 1 3’F

S— 282 —r,F. 2.12
ot T as T g T (2.12)

The Black—Scholes PDE is a famous example of a so-called backward Kol-
mogorov PDE. There is a lot of literature on this The backward Kolmogorov PDE
can be written as (see Wilmott [9] (p. 144)) + B(y, t) £+ A(y, t)aP =0,
where P is a pdf; B(y, t) is some diffusion functlon A(y t)i 1s some drift functlon,
y is some position variable; # is time.

It is easy to show that the Black—Scholes PDE is a backward Kolmogorov PDE.
Following Wilmott [9] (pp. 147-148), using the format above and substituting
for B(y.1) = B(S,1) = 02S? and A(S,1) = uS: 2 + 1028228 4 pus2E = 0.
Imposing P(S, t) = (exp(r;(T — t))F(S, t) and taking the necessary derivatives,
one gets:

o 2= (exp(ry(T —)F(S, 1), = —rse " TOF(S, 1) + 28D ers(T=0)

0P _ ry(T—1)IF
PRk

ES
2P _ r(T—1)d°F
° 95z — e IR

Substituting all this into - 3P + O'2S28 +u SaP = 0 and dividing by "/,
one obtains: —r;F + && + 0252 85 +usSiE =0.

Bouchaud [10], Bouchaud and Potters [11], Bouchaud and Sornette [12],
Schweizer [13], and Schél [14] provide for an alternative and very elegant

way of deriving the option price. We expand on this approach in Chapter 13,
Section 13.20.
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2.9 What a weird world! Martingales and fake probabilities

How can one solve this backward Kolmogorov PDE? One approach is to use mar-
tingales to solve such PDE. Martingales are a well-known mathematical instrument
in finance. A heuristic (and in this case incomplete view) of the martingale is very
simple: the conditional expectation of say a stock price at time T > ¢, given the
information you have attime ¢ : I, is E[S7|I;] = S;, forall t < T. For an excellent
introductory book on this topic, see Neftci [1]. More advanced material can be
found in the excellent text by @ksendal [2].

One possible approach to solving the backward Kolmogorov PDE (Black—
Scholes PDE) is provided for in Neftci [1]. We now closely follow Neftci [1]
and we summarize’ below the development® contained in Neftci [1] (pp. 346—
358). Consider a stock price S; = Spexp (Y;) and let Y; be following a normal
pdf with mean pt and variance o>t. The moment generating function, defined as
E(e"*), where A is some arbitrary parameter can be found as being (assume that
Y, follows a pdf with mean ut and o%¢):

1
E(e"*) = exp (xm + Eaztﬂ) . (2.13)

Yt . . . .
The first moment can then be found as d%ix) =t when this derivative is

evaluated at A = 0. We can write the change in Y, as AY; and this then follows
N(u(t —s), 0t — s)). The moment generating function is now:

E(e*"*) = exp (m(r —5) + %oz(t - s)xz) : (2.14)

Therefore, E(e*"") = exp(u(t — s) + 30%(t — 5)), where we set A = 1. One can
write, £ [%lSu, u < t] = Elexp(AY;)|S,]. Please note that the notation says we
5 The summary is based on work from Neftci, S., An Introduction to the Mathematics of Financial Derivatives,

pp. 346-358, Elsevier (2000).
© Up to Section 2.10.
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obtain the expectation of the division of S; over S, for fixed u such that u < ¢.
We can write, E [S;|S,, u < t] = S, exp(u(t —u) + %az(t — u)), and where S, is
treated as non-random at time u# (and hence can be taken out of the expectation
operator).

We would like to introduce a new probability measure P, which will help us to
transfer S;, which is not a martingale, into an S;, which will be a martingale, and
that up to a deterministic process. This approach describes a mean shift induced
with the presence of the risk free (and constant) rate of interest.

Hence, let us now write the following, EP[(eXp(—rft)St|Su, u<t]=
exp(—rru)S,, which in words says that the expectation of the discounted value
of a risky asset can be discounted with the risk free rate (ry), as long as we use
the probability measure P. This is very useful from a finance perspective! The
risk free rate of interest is not linked to preferences for risk. Hence, from a natural
science perspective, the risk free rate of interest can almost be considered as a
(time-dependent . . . ) constant. We have already alluded to the usefulness of the
risk free rate of interest (and its importance) in Section 2.7.2 above.

The key issue in the above development is to find an expression for P. Associate
that new probability to a normal density with mean p¢, and the same variance as
before gzt. But what is p? Sure we can write, in analogy with EP[S:|S,,u < 1],
that EP [S,]S,,u < t] = S, exp(p(t — u) + %az(t — u)). But that does not bring
us much further. _

We can augment the above expression, E” [S:1Su, u < t], a little more by
considering a discount factor and we could write E* [e™" 708, S, u <] =
Se "1 exp(p(t — u)~—|— %02(1 —u)). To say something sensible about the
at-present undefined P, one could think of imposing that the expecta-
tion EF [e"f =818, u < t] obeys the martingale. This would then mean

that EP [e777478,|S,, u < t] = S,. This is reasonable since this is equiv-
alent to saying that E? [e777"S/|Su, u < t] = e™"s"S,. Therefore, impose on
S,e "1 W exp(p(t — u) + %az(t — u)) so that it is equal to S,,.

Therefore, one needs that e /=% exp(p(t — u) + %02(1‘ —u)) = ¢€". One can
easily see this now by just writing e((z0" = )t=w)+0l=1) — (0 anq this is only
the case when p =ry — %oz. Thus, the probability P associated with the normal
density N(pt, o*t) can now be made more precise (by using the martingale condi-
tion) N(pt, 0%t) = N ((rf — %02) t, O’zt). N

What one can see clearly is that the transition from P to P has shifted the
mean. This leads to a very nice analogy. If the payoffs in a lottery dice game are
to be changed, how could one proceed? The mean of the value of that lottery can
be altered by changing the payoffs you get from each dice outcome. However,
the mean value of the lottery can also be altered by changing the probabilities
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associated to each dice outcome! This is indeed a seriously weird solution: if the
dice is a fair dice, then we know what the objective probabilities are of each dice’s
outcome: 1/6. Thus, in analogy with the dice example, you can think of the change
from P to P asa change of probability, from the real probability P to some “fake”
probability P!

If one writes that the call value at time t = 0:

Co = E” [e7"" max [Sr — X, 0]], 2.15)

where X is the strike price (i.e. the price at which we can exercise the option) and
St is the terminal stock price, then the main query consists in asking how to work
out the expectation E”?

We have now an answer. By imposing the martingale, one could find that the fake
probability P can be associated with N(pt, o2t), with p = rp— %02. Let us use
the integral to calculate the expectation. We remind ourselves that the probabilities
we want to use in this expected value calculation must be drawn from N (pt, o2t).
We write:

o
1
Co = / T max[Sy — X, 0]————e 257 =20 gy (2.16)
—o0 2702T
We are interested in the “ideas” behind this integral. We have the following
important parts:

Lo 527 Yr=r=39T), thic is the functional form of the Normal density

V2mo?T
associated with N(pt, 01), with p = ry — 3072,
o (Yr—(ry— %Jz)T)Z: notice the presence of the mean here, (r — %02).

o dY7: notice that we clearly integrate towards Y7 here.

We can get rid of the max-operator by imposing S7 = Spe!” > X and this can
be rewritten as:
X > 1 1 1.2 2
Yr > ll’l( > / e T S()eYT - X —e_m(YT_(rf—EO' )T) dYr.
So (&) ( ) V2molT
(2.17)
This integral can then be split into two parts:

2
. S()f eirfTEYT L e 202T(YT (rfiig i’ dYT Part A
(50) 2mo’T

L (Ve (rr—L152)T)?
o« X [x) T P70 d¥r = Part B.
So

er(}’fféoj)T
o T
. . 2 . .
to write —Xe_’fo::EX) (/- Lo?)r Te_i( ’dZ. Remark here, integration now

A handy way of solving Part B is to set Z = , which allows one

oT
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happens towards Z. In the lower bound, one reads In < 9 ) One can rewrite this as
In (S—> =In()" '— (32) . The lower bound of the integral can be rewritten
n(£)~(ry—3o)T B —tn()-(ry—10?)T B m( )+(rf_f M7
s N = T = T
symmetry of the normal density, Xe"fo i T @47 = —Xe 1T N(dy).
This latter part is “one-half” of the Black—Scholes solution.
Part A can be solved likewise, with a little more trickery, to obtain

(Lo
So [, e {4z, 7 IO Inwoduce H = Z +o0N/T:

So ffggf J%?e_%(H) dH = SN(d;), where d| = d, + o+/T. The full Black—
Scholes solution for a European call is now available, taken from parts A
and B.

The development above which thus deals with a solution technique to solving
the Black—Scholes PDE can also be found in other sources. Books on the topic of
partial differential equations will often carry solution techniques for certain types
of PDEs. As we already remarked in Section 2.1 above, the Black—Scholes PDE is
a backward Kolmogorov PDE.

= —d,. Because of
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2.11 Whetting the quantum appetite

Li and Zhang [1] show in an interesting paper how option pricing can also be
modeled via the use of the most fundamental quantum mechanics partial differ-
ential equation: the Schrodinger PDE. Without going into any depth (please see
Chapter 13 for a more detailed treatment of this approach), the authors show
[2] (p. 2) that the necessary transformations to achieve such a pricing approach
are that the call function (which is a function of the stock price and time),
Call(S, t) = \/o(8)g(x,t), where g(x, t) is the quantum mechanical wave func-
tion (which we will discuss in much more detail in the next chapter), and o (S) is
some volatility function of the asset price S. Furthermore, the authors also show
in the same paper (p. 2) that x(S) = 8f G(IS)dS with § = +/ — 1. The authors
then show that one can use the Schrédinger PDE to solve for g(x, ¢). Interesting
potential functions are considered in a fully financial environment. The concept of
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the potential function has already been discussed in Sections 1.1, 1.3, 1.13.4, 1.20
in Chapter 1 and 2.5 in this chapter.

Haven [3] shows that when using the so-called WKB approximation method,
the Schrodinger PDE can be used to obtain the option price. We will discuss the
WKB and the Li and Zhang approaches in more depth in Chapter 13.

In summary, we have covered some simple examples which show how elemen-
tary physics equations such as the Fokker—Planck PDE and the backward Kol-
mogorov PDE can be successfully used in economics. This chapter has introduced
the reader to the concept of mean changes via the use of a fake probability. This
approach is beneficial, from a finance perspective, as the risk free rate of interest
can then be employed. Such interest rates can be seen as the near equivalent of a
natural science constant.
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3

Quantum social science: a non-mathematical motivation

3.1 What is quantum social science?

After a short discursion into the field of “econophysics” we now arrive at a much
more exotic stop. However, readers who have perused Chapter 1, will possibly be
less astonished to find that instead of making reference to social science within
a statistical mechanics environment, we now make reference to social science as
it could be embedded in a quantum mechanical context. Or is “quantum social
science” denoting something altogether different? The term is certainly fraught
with a huge potential for misinterpretation. A common, but maybe not so erro-
neous, interpretation of the term often made by newcomers to this “field” can
be expressed via the following question: “is quantum social science about re-
formulating social science with quantum mechanical tools?” Such a question
brings us closer to the goal of attempting to explain quantum social science, but
right here and now, i.e. at this very point in this book, we have the opportunity
to make a serious attempt to be really precise on what is meant with this new
term.

Therefore, let us from the outset indicate what it is noz. Quantum social science
is not about reformulating social science on a quantum size scale. The macroscopic
world does not operate at the Planck scale. On prima facie, this obvious statement
does not need any further explanation. However, if the human experience is centered
around consciousness and the functioning of the brain, then we are much less sure
to claim there is a total absence of quantum processes. Roger Penrose has proposed
the idea that the brain can operate according to quantum mechanics. The key
references to note are by Penrose [1] and Penrose [2]. Roger Penrose and Stuart
Hameroff [3] edited in May of 2011 a special issue of the Journal of Cosmology
on consciousness and the universe. The special issue contains numerous articles on
the topic of the relationship between quantum physics and consciousness. See also
Hameroff and Penrose [4] and Hagan et al. [5]. We are unsure whether to subscribe

54



3.1 What is quantum social science? 55

to those points of view in our book. We will have more to say about this topic in
Chapter 14.
Besides the brain and consciousness, anything else which is part of the human
experience certainly does not operate on a scale comparable to the Planck scale.
Clearly, we certainly use the word “quantum” in quantum social science. Here is
our attempt to be precise in what we mean. We even encapsulate it in a definition.

Definition 3 Quantum social science has as goal to investigate problems within the
wide remit of the social sciences — be it economics, finance, psychology, sociology,
or other domains of inquiry — with the help of formal models and concepts used in
quantum physics.

Formal models from quantum physics are many and plentiful. Chapter 1 gave us
already a rich flavor. Chapter 6 will give an example of a formal model, Bohmian
mechanics, which can be used to some extent within a social science setting. An
example of the use of a formal concept from quantum mechanics in a social science
setting can be the idea of employing probability interference in psychology. This
is a concept which we will cover in Chapters 5 and 8.

Two immediate questions emerge: (i) How can we argue for the use of con-
cepts and models from quantum physics in such a macroscopic setting? (ii) What
problems have been solved? We hope Chapters 1 and 2 have already given some
idea of the usefulness to consider why concepts from physics (for instance sta-
tistical physics) have found inroads in social science. It is impossible to make
an assessment of the achievements of “econophysics™ contributions to social sci-
ence, but there is little doubt that we can make the argument that physics and to
a wider extent, engineering concepts, have penetrated many finance models. We
think specifically of derivative pricing models. The proprietary finance models
developed by research departments of international investment houses rely very
heavily on concepts developed in the physical sciences. A simple example is the
intensive use of Monte-Carlo simulation in finance. This simulation technique, to
the best of our knowledge, was popularized in finance via the great efforts of an
outstanding finance academic (with a physics training), Phelim Boyle [6]. See also
Ma [7] for more on financial asset pricing.

The attentive reader has spotted that we still have not answered the first and sec-
ond immediate questions we mentioned above: Why quantum physical concepts in
social science? The econophysics movement which is roughly about 12 years old
may have seen the emergence of a parallel movement, i.e. the one we attempted
to describe in the above definition. It is difficult to pinpoint what the precise
research papers were which jump-started the quantum social science movement.
However, some trust can be put in the assertion that the Foundations of Physics
paper by Andrei Khrennikov, which appeared in 1999 [8], may have had a very
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important impact on the new movement. We believe that the central objective of
that paper and subsequent work (for instance the 2004 Kluwer book by Andrei
Khrennikov [9]) was essentially asking the question: How can we model informa-
tion to a reasonable standard in a social science setting? We do not want the reader
to jump to fortuitous conclusions! Quantum social science is not only about mod-
eling information in social science. We believe it is an important component but by
no means the only component. Surely, there do exist important models in the social
sciences, most notably in economics, where information can form an active part of
for instance a pricing model. However, there is surely room for more novelty in this
area. Let us consider the last sentence of the abstract of Sheldon Goldstein’s paper
which appeared in Foundations of Physics [10] (p. 335): “I would like to explore
the hypothesis that the idea that information plays a special role in physics natu-
rally emerges in a Bohmian universe.”! Goldstein answers the question regarding
the role of the central object (although by no means the unique characteristic) of
quantum mechanics: the wave function. This is indeed an important question, also
for our purposes, since there is a close connection, we believe, between the wave
function and information. Before delving a little deeper between the connection of
the wave function and information, we feel it to be quite appropriate to mention
that Anton Zeilinger elaborated a purely informational interpretation of quantum
mechanics. See Bouwmeester and Zeilinger [11] (Chapter 1). His theory is neither
about particles nor is it about waves. It is about information as a fundamental,
irreducible objective entity. Although Zeilinger may have never spoken about such
a possibility, the reader may conclude that in Zeilinger’s interpretation quantum
theory can be applied everywhere where information plays a fundamental and
active role. We also would like to mention the contributions of Christopher Fuchs
[12] [13] who recently presented a novel viewpoint to quantum probabilities (and
hence entropy and information). He interpreted quantum probability as subjective
probability: it represents the experimenters’ subjective expectations of the results
of experiments. The Fuchsian interpretation of the quantum wave function is still
questioned by a majority of physicists. On the other hand, in social science this
interpretation can be fruitfully used.

We can possibly have a sense of discomfort which maybe generated by the
thought that “the wave function does not have to be quantum mechanical to establish
a link with information.” This is indeed correct. However, to our knowledge, there
is a specific model in quantum mechanics (which we first discuss in Chapter 6
and then in Chapters 11 and following) which provides for a usable model (in a
social science setting) of linking information with the quantum mechanical wave

! Bohmian mechanics is covered in Chapter 6.
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function. Goldstein proposes that the quantum mechanical wave function is a
puzzling object. He proposes several questions that can be asked as to its existence
(see [10] (p. 336)):

e “Does it merely represent information or does it describe an observer-
independent reality?”

« “If it is objective, does it represent a concrete material sort of reality, or does it
somehow have an entirely different and perhaps novel nature?”

To come back to the point we made about the non-unique characteristic the
wave function carries in quantum physics, we hint back to Goldstein’s paper [10]
where he queries that the wave function is (p. 336) (i) everything, (ii) something, or
(ii1) nothing. For our purposes, we need to exclude (iii). But as Goldstein also
indicates, the second option is the one which leaves room for the use of so-called
“hidden” variables. The motivation for hidden variables can be traced back — even
before quantum mechanics existed. Jammer [14] (p. 259) argues that Hertz had
a theory of “verborgene Koordinaten,” which actually informed so-called hidden
motions and masses. Jammer [14] presents two definitions of hidden variables. The
first definition we cover much later in the book, in Chapter 13. Let us consider his
second definition (p. 262). We leave out the more technical parts (i.e. parts (3) and
(4) of that definition, which in essence refer to the existence of probability densi-
ties): “(1) each individual quantum system described by the. . . state function ¥ is
characterized by additional hidden states labeled by a parameter A; the totality of
all hidden states is the phase space I" of hidden states; ¥ and A determine the result
of measuring any observable on the system. (2) Each state function  is associated
with a probability measure py (A) on I' such that if A is a measurable subset of I"
then py, (A) is the probability that the state, defined by ¥ and A, lies in A.” What is
of interest here (having thus only cited aspects (1) and (2) of this definition) is that
A are called hidden variables. As Jammer [14] also remarks (p. 262), if A’s value is
known for an individual system in state i, then, with certainty, one can predict the
result of any measurement on it. A very telling (and early) interpretation of hidden
variables was in fact given by no less than Born. Jammer [14] cites him as follows
(pp- 263-264): “The classical theory introduces the microscopic coordinates which
determine the individual processes, only to eliminate them because of ignorance by
averaging over their values; whereas the new theory gets the same results without
introducing them at all. Of course it not forbidden to believe in the existence of these
coordinates; but they will only be of physical significance when methods have been
devised for their experimental observation” (see Born [15]). Of course, as Jammer
also reports, hidden variables became much more of a “no-no” once the work of
von Neumann seemed to establish the impossibility of hidden variables. The main
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argument” (see Jammer [14] (p. 270)) for the refutation of hidden variables is the
argument that if hidden variables were acceptable, then no dispersive ensembles
could be homogeneous. But von Neumann’s proof shows that every ensemble is
dispersive and no ensemble can be homogeneous. However, homogeneous ensem-
bles do exist. This then refutes the existence of hidden variables. To put it in words
which can be understandable for the non-physicist, Jammer writes [14] (pp. 270-
271): “If experiments force us to base the formalism of quantum mechanics on
postulates as formulated above,’ any conception of hidden variables, designed to
embed, even only conceptually, the theory into a deterministic scheme is incon-
sistent with these postulates.” History also shows us that it was David Bohm who
actually called into being again the possible existence of hidden variables. It is very
interesting to note that Bohm indeed did write in his 1951 book [16] that hidden
variables were an impossibility. However, the two key papers by Bohm, supporting
hidden variables appeared very quickly after the book [17] [18]. We will have to
say much more about the Bohmian approach in Chapter 6 of this book. Later work
by Jauch and Piron will however show again that quantum mechanics would not be
able to be interpreted with hidden variables. See Jammer [14] (pp. 300-302) and
Jauch and Piron [19], but also Kochen and Specker [20]. We note that Bohm and
Bub [21] refuted the Jauch and Piron proof.

This very short description on the evolution of hidden variables could absolutely
not be complete without mention of the most important contribution of Bell [22]
[23]. Bell’s theorem states that [14] (p. 306): “a local hidden variable theory can
not reproduce all statistical predictions of quantum mechanics.”

We need to emphasize that we presented here in detail the conventional viewpoint
on hidden variables. Roughly speaking, those variables cannot be introduced in a
consistent way (at least locally). However, as it was stressed in Section 1.22, the
aforementioned argument against hidden variables cannot be considered as the
final word! In spite of all the no-go theorems, some form of a local hidden variable
theory might be invented in the future. We refer the reader to the citation of Bell
on the views of de Broglie in Section 1.22.

Goldstein also queries [10] (p. 337) what information the wave function repre-
sents. He mentions (p. 337) that if the wave function is about information, then ““it
is presumably concerned directly either with mental events or, more likely, with
the behavior of macroscopic variables.” But Goldstein also raises the query that
(p- 337) “the very form of the Hamiltonian and wave function strongly points to
a microscopic level of description.” We have already hinted to the notion of a
Hamiltonian in Chapter 1. The Hamiltonian in a quantum mechanical setting is

2 A sketch of von Neumann’s proof is provided for on pp. 267-270 in Jammer [14].
3 Those are postulates PI-P.IV in Jammer [14] (pp. 267-268).
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operator derived and in that sense is very different from the classical mechanics-
based Hamiltonian. There is also evidence from important work performed by Belal
Baaquie [24] that the Hamiltonians which are usable in for instance an interest rate
modeling environment exhibit traits which, from a physics point of view (quantum
mechanical or classical mechanical), are very difficult to interpret.

Let us come back to the wave function. We mentioned in Section 1.11 that de
Broglie interpreted quantum waves as physical waves. Any undergraduate student
in a physical sciences curriculum will know that there is a very famous relationship,
proposed by no less than Louis de Broglie many many years ago, between a wave
property (i.e. the wave number*) and the momentum of a particle. This is important
to keep in mind, especially in light of our earlier statement that wave functions are
not a unique characteristic of quantum mechanics. As we will see more in detail in
Chapter 6, the wave function can be embedded in a physics model such that it very
clearly affects the behavior of a particle (see [10] (p. 348, Section 6)). We believe it
is in that sense that the wave function takes on the role of information. The simple
algebraic detail of this statement will be shown in Chapter 6, and the transposition
of that important idea within a social science setting was first proposed by Andrei
Khrennikov (see [8] and [9]).

Hence, so far we seem to come to the hesitating conclusion that quantum social
science seems to have something to do with (i) wave functions, (ii) information
connected to such wave functions, and (iii) a very peculiar model which seems to
connect particles, wave functions, and information. We used the word “hesitating”
as indeed quantum social science as a new field does not revolve around solely
those vague (we hope it all gets clearer in Chapter 6) references.

Therefore, let us propose three other facets which may possibly also be included
in this new field, quantum social science. The list is clearly non-exhaustive. We will
first discuss the functional approach by Volovich. A second facet will briefly treat
the issue of consciousness and quantum mechanics. The third facet will consider a
“bridge” model between classical and quantum mechanics.

Volovich, in a Foundations of Physics paper [25], argues that a trajectory in
the Newtonian approach does not have physical real meaning since it embeds the
use of real numbers, while our observations require the use of rational numbers.
He proposes in that paper a so-called functional approach, where the Liouville
equation, which we have already discussed in Section 1.4, is now the starting
point. The functional approach is applied to both classical and quantum mechan-
ics. Interestingly, Volovich shows that with the functional approach the densities
of the distribution functions (for a Gaussian wave packet (see also Chapter 5 for
the idea of such packet)) are the same as the densities used in classical mechanics,

4 See Chapter 5, section 5.9, where we discuss the wave number.
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as long as a condition is met that equates the Planck constant with the product
of two distribution parameters (this is equation (17) in that paper). We remark
in Chapter 13, where we will discuss the so-called universal Brownian motion,
that the treatment of the stochastic equivalent of so-called Hamilton—Jacobi equa-
tions will involve the setting of equalities between the Planck constant and other
parameters.

Another possible facet of quantum social science deals with the treatment of
consciousness and quantum physics. We already alluded to the work of Roger
Penrose. But we also believe that this is the correct place in the book to discuss in
some detail the approach Carl Jung, founder of analytical psychology, followed by
attempting to connect psychology with exact science, in particular quantum physics.
Wolfraim [26] describes how Pauli, one of the most eminent quantum physicists
of the twentieth century, was in contact with Jung for many years to discuss how
quantum mechanics could possibly be connected to psychology. This led to the
publication of a book, jointly authored by Jung, Pauli, and Hull [27] in 1955 entitled
The Interpretation of Nature and the Psyche. Wolfraim [26] writes that “Because
mathematics reflects the order of the Unus Mundus, it solves the profound mystery
of how it is that mathematics, which is a phenomenon of the mind, should prove so
remarkably effective in representing phenomena occurring in the physical world.”
The meaning of “Unus Mundus” seems to be what Wolfraim [26] describes as the
“deeper levels of the collective unconscious.” There may be here some connection
with one of the proposals Edward Nelson [28] once made about the nature of the
so-called “formalism” approach to mathematics. Says Nelson [28] (p. 7) “what is
real in mathematics is the notation, not an imagined denotation.” This would then,
as we argued in Haven [29], rule out the existence of so-called “models” in this
approach to mathematics. We based our argument on the proposal Verhulst [30]
(p- 33) made that “A model. . . is a metaphor with something added, it has not only
qualitative but also quantitative aspects which adds to the precision of description.”
If there are metaphors which, we could propose, are equivalent to the denotations;
if indeed mathematics is a representation of the mind which at the same time is
also superbly effective in describing natural phenomena, then it must be that there
should be very little “human construct” in mathematics. In other words, one could
for instance subscribe to the formalism approach Nelson proposes.

An important point is the possible fact that we may not be able to, as Wolfraim
says [26], “directly perceive an objective world but only experience a mental repre-
sentation of it constructed from the brain’s interpretation of incoming sense-data.”
Of course, if there exists an accurate representation of the external world, it must
be, as per Wolfraim [26], that the images “must be governed by the same environ-
mental constraints and functional properties that we normally attribute to physical
objects, such as spatial depth, motion and rotation as well as environmental forces
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such as gravity as well.” This statement is closely linked to what Wolfraim [26]
calls the “Environmental Invariants Hypothesis.” This hypothesis comes from the
work of Shepard [31] and it is worth noting what this hypothesis stands for. As
Wolfraim [26] says: “The Environmental Invariants Hypothesis claims that gov-
erning principles inherent in the laws of physics, such as spatiality, momentum,
gravity, friction and centripetal force etc., found in the physical environment, are
also actively present in the mental imagery comprising our perception of an expe-
riential world. That is, our mental representation of the physical world is regulated
by the very same governing principles that apply to the physical environment.”
Shepard [31] says the following (p. 1318): “Analogously in psychology, a law that
is invariant across perceptual dimensions, modalities, individuals, and species may
be attainable only by formulating that law with respect to the appropriate abstract
psychological space.”

Baaquie and Martin [32] describe the psyche of an individual as (p. 11) “being
represented by a state vector, denoted as | P) whose elements are all possible states
of an individual’s psyche.” Ideas can be expressed also as state vectors and if they
are independent from each other, Baaquie and Martin [32] then indicate that we
can write (in general) (see p. 12): (Idea 1|Idea 2) = 0. The fact that the product of
those ideas is zero embeds the notion of orthogonality. As is also remarked in their
paper, ideas can be seen as superposition of (non-)independent basic ideas. As an
example, watching television may be done with a level of attention which is affected
by the mixing up of other ideas, i.e. one may be thinking of the kids playing in
the garden while watching the television. Thus, as in Baaquie and Martin [32] (see
again p. 12, but also p. 13), the individual’s psyche is smeared out amongst many
different states (some dependent, some independent) and they write (equations (5)
and (6), p. 13): |a) = ci|ldea 1) + c;|Idea 2) 4 c3|Idea 3) +...cy|ldea N), where
¢; are complex numbers and it is the square modulus |c; |2 which can be seen as
the weight or probability of each of the ideas in the superposed thought |a). When
the state is normalizable we have that Z,N: | lc;|*> = 1 and the state space which
consists of normalizable states is called a Hilbert space. See also Chapter 5 for
more definitions on this topic.

Baaquie and Martin [32] (p. 16), remark that “ when the mind is observed either
externally or by itself, the density matrix undergoes decoherence . . . (and one can
write): p = ZZNZ | lei |? |Idea i) (Idea i|.” Free will is an important concept in all of
human decision making. The way that Baaquie and Martin [32] (p. 16) define free
will is interesting: it “operates in the freedom of choosing to actualize a particular
state.”

The stance Baaquie and Martin [32] (see p. 19) take towards the classification
of the human psyche is an interesting one. The paper discusses in detail how a
Fermion and Boson field can be used to express the state of the human psyche.
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Baaquie and Martin [32] also provide for a beautiful idea: the definition of
self-consciousness is seen as the rate of change of consciousness (see p. 27).
They introduce a time variable which has the peculiarity that it can be seen as the
psychological time of an individual. Baaquie has used this interpretation of time in
some of his other work. Equation (17) (p. 27) defines the time-dependent change
of the creation operator as %ﬁ’) = 5’—; dair and it is remarked that the operator %it
and the operator @’ do not commute. As Baaquie and Martin [32] (p. 27) remark, it
is not allowed that one is at the same time in the state of consciousness AND in the
state of self-consciousness. The absence of precise measurement on position and
momentum we will also argue for in later chapters, notably Chapter 13.

Baaquie and Martin [32] also propose the idea (p. 36) that one can probe an
electron at different scales and this scale-dependent probing thus gives different
results in terms of energy measurements. They propose that this scale dependency
can also be applied to the field of the human psyche.

Let us consider (very briefly) the third facet to quantum social science: a “bridge”
model between classical and quantum mechanics. This model proposed by Aerts
and Durt appeared first in Foundations of Physics [33]. The authors propose a
sphere model where three major situations are distinguished: (i) a situation where
the fluctuations on the experimental apparatus is maximal; (ii) a situation where
the fluctuations on the experimental apparatus is zero; and (iii) an intermediate
situation. The fluctuations have nothing to do with measurement error due to the
apparatus. Different types of probabilities (Kolmogorovian or not Kolmogorovian)
are found in the three models.

Another bridge model, which we will discuss in much more detail in
Chapter 13, is the model which considers the stochastic equivalent of the Hamilton—
Jacobi equations.

Are we any further in our elucidation of what quantum social science now is? The
aware reader can sense that this is a very multifaceted movement, but it resolutely
uses a quantum mechanical tool kit. But why? We hope to convince the reader
that the use of this quantum mechanical toolkit has given interesting insights into
a variety of areas of the social sciences. We thus turn in the next sub-section to
highlight some of the past and current achievements.

3.2 Key findings from quantum social science

The title of this section is somewhat ambitious. We will attempt to provide a brief
overview of some of the key findings. Clearly, we cannot provide much detail on
any of those key findings as much more detail will follow in later chapters. It is our
intention to give an appetite-inducing flavor of some of the achievements to date
in the field.
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Quantum social science has been working on multiple problems, which we can
divide into the following groups:

« financial asset pricing,

« decision making,

e quantum game theory,

« new social science concepts.

A reference, which treats all of the above groups in detail, is by Khrennikov
[34].

In the area of financial asset pricing, research in quantum social science may
have started as early as 1998, with a paper by Segal and Segal [35] on a reformu-
lation of the Black—Scholes option pricing equation within a quantum mechanical
context. Related work on the topic of such specific embedding was also performed
by Accardi and Boukas [36]. But there was also much earlier work by Hudson
and Parthasarathy [37] who brought out a paper on the formulation of a quan-
tum version of the Itd formula. Belal Baaquie’s work on using a non-stochastic
approach towards financial derivative pricing can be found in his 2005 book [38].
But Baaquie went beyond a mere reformulation of derivative pricing. He extended
his analysis, intensively using path integration,” to other areas of finance, notably
to interest rate modeling [24]. He also provided for a world primer on using the
Wilson expansion in finance. Baaquie also is currently developing very interesting
Hamiltonians, which for the most part are quite devoid of any physics-based inter-
pretation. This also shows quite clearly that a simple “import” of physics principles
into social science may well be much less evident than previously anticipated.
Brandenburger, a celebrated economist, together with Yanofsky [40] produced
a paper where a classification scheme is proposed, which aids in better under-
standing the hidden variable theory interpretation of quantum physics. Bohmian
mechanics and its applications to economics and finance, as we have already
mentioned at the beginning of this chapter (and in other chapters), was first intro-
duced by Khrennikov [8] [9]. See also Choustova [41] and Haven [42]. In Haven
[43], the Wentzel-Kramers—Brillouin approximation in option pricing theory is
considered.

In the area of decision making and psychology, we can mention the early work
of Belal Baaquie [44] on how quantum field theory can be used to model con-
sciousness.” See also Deutsch [45]. We also mention the work of Khrennikov [46]
[47] on the pilot wave (Bohmian-like) model of dynamical processing of con-
scious and unconscious information by the brain. Here the classical configuration

3 Path integration was developed by Feynman, and following Vardarajan [39] it can be seen as an equivalent
model to the von Neumann approach when wanting to construct probability models to explain complementarity.
% We also mentioned some of the related work in the first section of this chapter. See [32].
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space is given, not by the real continuum, but by fields of p-adic numbers (dis-
crete hierarchic trees). Brandenburger and La Mura [48] investigate how decision
makers when given access to quantum signals can improve their decision making.
For instance, memory limitations can be overcome via the setting up of so-called
quantum signals.

Busemeyer et al. [49] and Busemeyer and Wang [50] have shown that the
Ellsberg paradox (a decision making paradox well known in psychology and eco-
nomics) can be explained with the help of probability interference. See also Khren-
nikov and Haven [51]. The interference concept will be explained in Chapter 5 and
it will be shown how to apply it to decision making in Chapter 8 (see for this Asano
et al. [52]; Asano et al. [53]; Accardi et al. [54]).

Danilov and Lambert-Mogiliansky [55] develop non-expected utility with the
help of quantum mechanical concepts. Finally, La Mura [56] shows how quantum
mechanical concepts can solve (amongst others) the Rabin paradox. The use of
experiments to uncover quantum mechanical behavior at the level of decision
making are discussed in Conte et al. [57] and in Khrennikov [59][58]. See also
Bordley and Kadane [60].

In regards to quantum game theory, influential work is by FEisert et al. [61],
Brandenburger [62], and La Mura [63]. Quantum games do allow for another
consideration of equilibriae when qubits are considered. Broekaert er al. [64]
generalize the famous liar paradox with the aid of quantum mechanics.

Finally, new social science concepts have been contributed mainly in the area
of devising a relevant social science-based uncertainty principle. Martin Shubik
[65], as early as 1999, did mention that “modern finance. . . has not yet provided
us with either the appropriate concepts or measures for the bounds on the minimal
overall uncertainty that have to be present in an economy.” Baaquie [38] discusses a
pragmatic approach to a social-science-based-version of the Heisenberg uncertainty
principle. See also Bordley [66].
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Vector calculus and other mathematical preliminaries

4.1 Linear spaces

In essence vector spaces are quite simple mathematical objects. We can distinguish
between so called ‘real vector spaces’ and the maybe less used ‘complex vector
spaces’. The former uses real numbers, while the latter uses complex numbers. For
the novice reader, many textbooks will give a definition of such a space and they
very often will go into more detail (such as on covering the notion of subspaces;
product of spaces and span). Hubbard and Hubbard [1]; Kreyszig [2] and Ha [3]
are good examples.

The real vector space V is characterized by 1) commutativity in addition and
hence for two vectors a,b € V:a + b = b + a; ii) associativity in addition and
hence for vectors a,b,c € V:(a +b) 4+ c =a + (b + c); iii) the existence of a
vector 0 € V suchthat:a + 0 = a;iv) foreach vectora € V there exists an additive
inverse, —a : (—a) + a = 0. Moreover, for real scalars «, 8 € R and vectorsa, b €
V, the following simple laws need to be satisfied: i) la = a; ii) (@ + B)a =
aa + Ba (distributivity towards scalars); iii) « (@ + b) = aa + ab (distributivity
towards vectors): iv) @ (Ba) = (@f) a (associativity). The complex vector space is
obtained by just swapping the real scalars for complex scalars.

An important concept which is very often defined in relation to vector spaces
is the concept of a basis of a vector space. The definition is quite immediate.
A vector space V is n-dimensional if its basis contains n linearly independent
vectors. n vectors are linearly independent when vectors by, by, ...b, € V and n
real scalars: oy, oo, ... o, € R o1by +o2bs ... .. o,b, = 0(with 0 € V) such that
o) =ay...=a, =0 (with 0 € R). The set of n linearly independent vectors is
called a basis of dimension 7.
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4.2 References

[1] Hubbard, J. H. and Hubbard, B. B. (2002). Vector Calculus, Linear Algebra and
Differential Forms: A Unified Approach. 2nd edition. Prentice Hall.

[2] Kreyszig, E. (1999). Advanced Engineering Mathematics. J. Wiley.

[3] Ha, D. M. (2006). Functional Analysis. Volume 1. Matrix Editions, New York.

4.3 State space: Hilbert space

We denote the fields of real and complex numbers by the symbol C and R,
respectively; for a complex number z = u +iv, u,v € R, 7 denotes its conju-
gate: 7 = u — iv; |z] = /22 = Vu? + v

The basic mathematical structure of quantum mechanics is a complex Hilbert
space, H: a linear space over complex numbers (i.e. it is possible to form linear
combinations of vectors with complex coefficients) endowed with a scalar product.
The latter is a form of mapping a pair of vectors 1, ¥, € H into acomplex number
(Y1, ¥2). It has the following properties:

(¥, ¥) = 0 (positive — definiteness);
e (Y, ¥) =0if and onlyif ¥ = 0 (non-degeneration);
(

o (Y1, ¥2) = (Y2, Y1) (conjugate symmetry);
° (wv Oﬂﬁl + ,31//2) = a(wv ‘//1> + ﬁ(d’v ‘/’2), o, ﬁ € (Cv 1//1« ‘/’ €H

(linearity with respect to the second argument).

As a consequence, we obtain that:

o {0y + By, ¥) = ayn, ) + B, ¥).

We remark that in the physical literature, the scalar product is linear with respect
to the second argument, as in this book. In the mathematical literature, it is linear
with respect to the first argument.

The theory is especially simple in the finite-dimensional case (which is typically
considered in quantum information theory). Here H = C” is the Cartesian product
of n-copies of the set of complex numbers C. Hence, a pure state:

v =(21,--»2n)s 4.1)
where:
I =lzil* + -+ |za* = 1. 4.2)

We remarked above that a Hilbert space is a linear space. As per Messiah
[1] (p. 164), this means that for two square integrable functions W; and W5, the
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linear combination oW, + fW,, where o and B are complex numbers, are also
square integrable functions. A square integrable function W is a function such that
f |W|%dx converges. Still following Messiah [1] (pp. 164-166), the existence of
linearity and the existence of a scalar product are two important characteristics
of a Hilbert space. However, the completeness, which is a property of square
integrable functions, is the hallmark property which really makes a space a Hilbert
space. The completeness property requires Cauchy convergence of any sequence
of square integrable functions towards a square integrable function (AND vice
versa!). This then means that any square integrable function can be seen as the
limit of a Cauchy converging sequence.

We note that definitions of the Hilbert space can be found in many books.
The interested reader may want to peruse Aleksandrov et al. [2] (pp. 234-237).
Messiah [1] (pp. 164-166), discusses the linearity and completeness of a Hilbert
space. From a more function analytical point of view, Hilbert spaces can also be
defined as so-called inner product spaces, but with some important conditions. See
Ha [3] (p. 292) and (p. 296) for, respectively, the definition of an inner product
space and the induced normed space. The relationship between a Hilbert space and
an induced normed space is defined in Ha [3] (p. 300). We note that Gustafson and
Sigal [4] (p. 6) also give a good overview of the definition of a Hilbert space.
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4.5 Operators

We have already hinted at the existence of operators in Chapter 1 (see for instance
Section 1.13 on Heisenberg’s symbolic calculus). In fact, a formal definition of a
position and momentum operator is given in equation (1.50). For the benefit of the
reader, we expand a little more on operators and related concepts in this section.
An operator in its most basic form can just be seen as an operation which changes
one function f(x) into another function g(x). See for instance Fong [1] for more
on the real basics of operators or also Haken and Wolf [2].

An essential characteristic of the algebra of linear operators is the non-
commutativity of the product of two operators. Linear operators w and v can
be defined as: (i) way = awy and (i) w [ay; + BYn] = awy + Bwyr,, where
« and B are arbitrary complex constants.



74 Vector calculus and other mathematical preliminaries

Clearly, if w is an operator and v is another operator, then the expression
Dw f (x), where U acts on w f'(x), may not at all be equal to the expression generated
by wv f(x), where w acts on D f(x). Please see for instance Messiah [3] for more
details. Bowman [4] indicates (pp. 53—54) that the “fundamental entity (in quantum
physics) is the quantum state” and it is the behavior of such a state which is key.
Measurements of quantum states are performed via the route of operators. Operators
when applied on a quantum state will change that quantum state unless the operator
is the identity operator.

According to Morrison [5] (p. 160), it were the mathematics luminaries Leibniz
and Lagrange who founded the so-called operator method and Boole was one
of the protagonists of the so-called formal theory of operators when applied to
quantum mechanics. An operator, w, is defined relative to a function in the following
straightforward way:' g(x) = @ f(x). Here is a simple example of an operator
w: take the derivative of the function f(x): wf(x) = %. Operators carry the
distributive property towards addition and substraction. Furthermore, the product
of two operators yields a third operator. Recall the definition of position and
momentum operators introduced in equation (1.50). Those two operators do not
commute. It is simple to show why this is the case. Consider a function f(x). Show
that gp f(x) # pq f(x). One just needs to write the definition of the momentum
operator, p = —ih%, and apply it to: pq f(x) = —ih%(qf(x)). This is clearly not
the same as: g( —ih%( f(x))), as one takes the derivative of a product on the right-
hand side of the non-equality but no such product exists on the left-hand side of
the non-equality. In fact, it also is straightforward to show that gp f(x) — pq f(x)
is equal to i%i f (x) and this can be slightly rewritten as gp — pg = if1, where 1 is
the identity operator. This equality, which is the Heisenberg uncertainty relation,
was already introduced in Chapter 1, equation (1.54).

Hermitian operators are covered below (under “Hermiticity”). Projection oper-
ators can be introduced via the concept of bras and kets (please see below under
“Dirac brakets and bras and kets” and for a definition see the entry below on
projection operators).

Identity operators, as mentioned above, leave unchanged a quantum state.

The “unitary operators” can be defined via the notion of an adjoint operator.
Please see below again under “Dirac brakets and bras and kets.”

An operator w is bounded if [|W]l = supyycp.jyj=ry WYl < 0o. We need
to stress that the basic operators of quantum mechanics such as position and
momentum and the majority of Hamiltonians are not bounded. Nevertheless,
bounded operators play an important role in quantum mechanics, especially in

! We denote operators, as in Chapter 1, with a cap.
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quantum information theory. Please see also the section on projection operators
(Section 4.13).
Jackson [6] is a further good source for a discussion on operators.
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4.7 Dirac brakets and bras and kets

We now turn to Dirac’s symbolism.” We recall the notions of ket and bra vectors.
Elements of the Hilbert space H are called ket vectors and they are denoted as
|v). Elements of the dual space H*, the space of linear continuous functionals on
H, are called bra vectors. They are denoted as (¢|. Basically, the symbol (¢|r)
has the meaning of the action of the functional (¢| to the vector |v). However,
since the dual space H* is isomorphic to H, we can always identify a bra vector
with the corresponding ket vector. After such identification, the pairing (¢|y) has
the properties of a scalar product. Thus, for two vectors ¢, ¥ € H or in the Dirac
notation two ket vectors |¢), |V):

(@, ¥) =), [¥)) = (Pl¥). (4.3)
Hence, we can rewrite properties of the scalar product by using Dirac’s
symbolism:
(¥ |r) = 0 (positive — definiteness);
o (YY) = 0if and onlyif v = 0 (non-degeneration);
(

V1ly2) = (Y2l Y1) (conjugate symmetry);
o (Yl + Byn) =y ly) + B V2), . B €C, Y,y € H

(linearity with respect to the second argument).

As a consequence, we obtain that:

o (e + BnlY) = a(yily) + Bnly).

Let us now consider how operators function within Dirac brakets. Following
Morrison [1] (p. 444) (equation 10.17), a Dirac braket can be defined as (; [wi/,) =

2 This is a formalism which is basic in quantum information theory.
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[ ¥i(@yr)dv, where ¥f denotes the complex conjugate’ of ;. The operator
w acts on the state function v,. Note that (y|wyr) is also written sometimes
as (Yr|w|y,). We can write that the operator w acts on a state as w|y). Now
consider again (yr|wi,), and this means the operator w acts on the state |y),
i.e. on the “ket.”” But there is no action on the bra, when using (Y |w). It is
the adjoint operator which operates on the bra. Bowman [2] (p. 56) defines the
adjoint operator as an operator which acts on a bra, producing a new bra which
then corresponds to a ket formed by another operator. If w is an operator, then,
if w™ is the adjoint operator, one can write wW|y) = |¢p) <— (¥ |w™ = (¢|. This
means the action of the operator w on the ket state 1) produces a new ket state
|¢). This ket state corresponds to the bra state (¢| obtained by the action of the
operator W' on the bra state (y|. Please note that operators are defined on the
Hilbert space. The state function is then an element of the Hilbert space. See
for instance Gustafson and Sigal [3]. The Hilbert space is further considered in
Section 5.1.

The unitary operator is defined as follows. If the inverse of an operator w,
denoted as w~', is equal to the adjoint operator w™*, then W is a unitary operator.
The inverse operator is such that ww ' = w~'®w = identity operator. It is important
to stress that the basic property of a unitary operator is that it preserves the scalar
product (and hence the norm).

The essential component in unitary transformations is the unitary operator. Fol-
lowing Bransden and Joachain [4] (p. 216), “the application of a unitary operator
to every wave function is called a unitary transformation.” Messiah [5] (p. 292)
indicates that “the product of two unitary transformations is a unitary transforma-
tion.” A transformation is so-called “infinitesimal” if the operator U defining the
unitary transformation can be written as (this is equation VII.94 in Messiah [5]
(p.292)) U = I +ieF, where F is a Hermitian operator (Hermitian operators are
covered below, under “Hermiticity”), I is the identity operator, i € C, and ¢ is an
infinitesimal real quantity.

If one writes the following Dirac braket (y{|wy) = [ ¥ (Wy)dv, then this
yields the expectation value. One can also write (W |v,) = f (W*y)vadv. Note
the effect of the operator now on the state function v}
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4.9 Eigenvalues/eigenfunction

Eigenvalues were already briefly mentioned in Chapter 1. We give a little more
detail here. In Chapter 5, we use the concept again when we give some detail on the
time-(in)dependent Schrodinger equation. The eigenvalue equation for an operator
w, with eigenfunction f; and eigenvalue /, is given by w f; = Lf;. For the definition
of an operator, please see above. The eigenvalues of the operator can be discrete
valued, and/or continuous valued. When the function f; is replaced by a quantum
mechanical wave function, v, the eigenvalue equation is then often re-named as an
eigenstate equation, wyy = [¢, and v can be seen as an eigenstate. Haken and Wolf
[1] (p. 130) indicate that “eigenvalues are identical with the observed values.” To
put it somewhat more precisely, postulate 4 (see also below, Section 5.5, for more
of a discussion on postulates in quantum mechanics) in Bransden and Joachain [2]
(p. 199) indicates that the “only result of a precise measurement of the dynamical
variable . . . is one of the eigenvalues. . . of the linear operator associated with (the
dynamical variable).”
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4.11 Hermiticity

One of the key postulates of quantum mechanics (postulate 3, please see
Section 5.5 in Chapter 5) mentions that observables are represented by operators.
However, there is an essential condition which needs fulfilling if such is the case,
and this is the characteristic that all operators must satisfy Hermiticity.* Although
the term seems quite exotic, the meaning of it is quite straightforward. An
operator, w, will be called Hermitian if (v |y») = (¥ |Wy,). The Hamiltonian,’
H, in quantum mechanics must be Hermitian, i.e. (ﬁwllwz) = <1ﬁ1|ﬁ1ﬁ2). The
momentum and position operators are also Hermitian. Please see for instance
Fermi [1] (p. 33) for some other examples of Hermitian operators. An important

4 A Hermitian matrix has been first defined in Chapter 1, Section 1.13. Hermiticity is also further discussed in
Section 4.11.
5 The Hamiltonian formalism was extensively introduced in Chapter 1, Section 1.13.
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property of Hermitian operators is that their eigenvalues must be real (i.e.
measurable). Another important property is that the product of two Hermitian
operators will be Hermitian if and only if the two operators commute. Clearly,
this means that the product of the position and the momentum operators
cannot be Hermitian. Hermitian operators are a subset of the space of linear
operators.

Baaquie [2] [3] shows that in finance the Hamiltonian which corresponds to
the famous Black—Scholes partial differential equation® is not Hermitian. Baaquie
indicates that this non-Hermiticity is traceable to the necessary requirement of
the martingale condition (please see Chapter 2 for a brief discussion of what a
martingale is).

We finalize this section with the remark that the existence of arbitrage (please
see below for the so-called non-arbitrage theorem) should then imply the existence
of Hermiticity. What does this mean? What conclusions can we derive from such
an observation? What does it mean that probability is not conserved in a non-
arbitrage-based financial context (i.e. when there is no Hermiticity)?
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4.13 Projection operators

We can define a projection operator via the two properties: idempotency and Her-
miticity (please see entry above on Hermiticity). An operator w is idempotent
if w? = w. When the operator is both idempotent and Hermitian, the operator
is a projection operator. We can express any vector ¥ in the Hilbert space in
terms of two orthogonal vectors ¢ and 6 by means of a projection operator. Write
Y =¢+60 and ¢ = wy and O = (I — w), where [ is the unit (or identity)
operator. One can write that (¢|0) = (wy| (I — w) ) and because of Hermitic-
ity of @, one can write that (Wy| (I — ) ¥) = (¥|w — W*|¥) and this is equal
to zero since, via idempotence, w> = w. Note that / — o is also a projection
operator.

6 This equation was covered in Chapter 2.
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4.14 Probability density functions

Following Ross [1] (p. 7), a random variable X will be a “function that assigns a
real value to each outcome of the sample space, S (which is the set of all possible
outcomes).” By the Kolmogorov axiomatics [2], the Kolmogorov probability space
is atriple P = (2, F, P). Points w of © (which is a non-empty set) are said to be
elementary events. F' is a so called o-algebra and P is a probability measure.

Following BrzeZniak and Zastawniak [3] (pp. 1-2), a o-algebra F' on the non-
empty set 2 is a family of subsets of €2 such that: (i) the empty set and the set
Q belong to F; (ii) if A belongs to F, then so will the complement Q\ A; (iii) if
Ay, Ay, ...isasequence of setsin F,then A} U A, ... also belongs to F. Remark,
thus, that elements of F are events. If F is a o-algebra on €2, then a probability
measure P will be a function P : F — [0, 1] such that (i) P(2) =1 and ii) if
Ay, Ay, ... are pairwise disjoint (i.e. A; N A; = @ (i # j)) and belong to F then
P(ATUAy..)=PA)+PA)+....

The random variable is called “continuous” if there exists a function f (x)
which is called the probability density function such that [ 4 J (x)dx denotes the
probability of the random variable X to be in the set A. Following Hubbard and
Hubbard [4] (p. 417) for a function to be a density of a probability function it must
satisfy two essential conditions: (i) f(.) > 0 and (ii) ka f (x)d*x = 1. The one-
dimensional probability density function for the so-called “normal distribution”

1

with mean X and standard deviation o is given by: f (x,0) = Tﬁe*(*’*)z/ 207
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4.16 ODEs and PDEs

The basic distinction between an ordinary differential equation (ODE) and a partial
differential equation (PDE) is that the former uses ordinary derivatives, while the
latter uses partial derivatives. This distinction is then based on whether a function
does depend on one independent variable or depends on more than one independent
variable, respectively. An example of an ODE is equation (1.4) in Chapter 1. An
example of a PDE is equation (1.59) in Chapter 1. The Schrédinger equation is a
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partial differential equation, since, even in its simplest form, the wave function is a
function of position and time variables. We also say that the Schrodinger equation
is a partial differential equation of second order. The order is nothing else other than
the highest derivative which appears in the equation. Hence, in the Schrodinger
PDE, the derivative with highest order is the second derivative, which happens
to be the second derivative towards position. Following Boyce and Di Prima [1]
(p. 5), one needs to also distinguish differential equations on whether they are linear
or non-linear. Consider the ODE F(x, y, y'...y"™) = 0; where y are functions of
x, and y’ indicates the first ordinary derivative towards x; similarly for y™, which
indicates the nth derivative towards x. An ODE will be linear if F is a linear
function of the variables y, y’...y"™. All basic equations of quantum mechanics
are linear. The Schrodinger equation is a linear PDE of second order.

The PDE or ODE will be non-linear in the alternative case; i.e. when F
is a non-linear function of the variables y, y’...y"™. As an example, consider
y" 4+ 2exp(x)y” 4+ yy’ = x*, which is a third-order non-linear ODE, because of
the presence of yy’. Kreyszig [2] (pp. 64—65) defines a linear second-order differ-
ential equation as y” + p(x)y’ + g(x)y = r(x). The equation is linear in y and its
derivatives, y’ and y”. p(x), g(x), and r(x) can be any given functions of x. If the
differential equation cannot be written in this form, then it is non-linear. Consider-
ing the example f(x)y” 4+ p(x)y’ 4+ g(x)y = r(x), then this a linear second-order
differential equation since we can write it as’ y” 4 % y + % y = % Consider
in the linear second-order differential equation that »(x) = 0, then this differential
equation is homogeneous. Otherwise, it is called non-homogeneous.
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4.18 Basics of stochastic mathematics, Brownian motion,
non-arbitrage condition, It6’s Lemma

4.18.1 Basics of stochastic mathematics

Here are some definitions and claims which may highlight some of the basics of
stochastic mathematics.

Definition 4 (Hwei [1] (p. 209)) A random process X (t) is continuous in the mean
square (m.s.) if lim,_.o E {[X(t + &) — X(1)]*} = 0.

7 We assume f(x) # 0.
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Definition5 (Hwei[l](p. 172)) The random process X(t) is a Wiener process when
it is characterized by the following properties: 1. X(t) has stationary-independent
increments, 2. the increment X (t) — X(s), witht > s, must be normally distributed;

3. E(X(t))=0,4. X(0)=0.

Definition 6 (Hwei [1] (p. 209)) A random process X (t) is having an m.s. deriva-
tive X'(t) ifl.i.mgﬁow = X'(t). We denote with l.i.m the limit in the mean

square sense, lim,_,o E {[w — X’(z)]z} =0.
Claim 7 (Hwei[l](p.220)) If X(t) is m.s. continuous, then the mean is continuous.

Proof. Consider the Var[X(t +¢)— X(1)] = E {[X(t + &) — X()*} —{E[X
(t+e)— X®1)* >0 and therefore E {[X(r +¢&) — X()]*} = {E [X(t + &)—
XN = [ux(t+¢&)— ux(t)]z. By the assumed mean square continuity of X (#)
we have that lim,_,g E {[X(t +e)— X(t)]z} = 0 and hence lim,_, o [ux(t + &)—
ux(@)]=0. n

Claim 8 (Hwei [1] (p. 220)) An m.s. continuous random process is continuous in
probability.

Proof. Use Chebychev’s inequality P{Xt+h)—X@®)|>=¢} <
_ 2 _ 2
w. If h goes to zero, then w must go to zero.

Therefore, P {|X(t + h) — X(¢)| > e} must go to zero as i goes to zero. [ |
Claim 9 (Hwei [1] (p. 222)) A Wiener process has no m.s. derivative.

Proof. We know that X(¢) has mean square derivative X'(t) so E(X'(t)X'(s)) =
w Now for a Wiener process, we know that E(X(¢)X(s)) = o?min (¢, $).
Therefore, % =02 if s <t and zero if s > ¢. Thus, we have some step
function f(z — s) which is equal to unity if s < ¢ and zero for s > ¢. Clearly,
this step function is not continuous at s = ¢. Hence, w will not exist

ats = . ]

4.18.2 Brownian motion

A discrete time version of arithmetic Brownian motion is 8x = a8t + be(81)'/?,
where € follows a normal density with mean zero and variance of unity. The
mean of 8x is adt, and the standard deviation is: b(8t)!/2. One can generalize
the above discrete time version of Brownian motion by writing §x = a(x, t)§t +
b(x, 1)e(8t)!/?. In continuous time, we can rewrite this equation as a stochastic
differential equation dx = a(x, t)dt + b(x, t)d W, where dW is a Wiener process.
An example of a geometric Brownian motion would be dx = axdt + bxdW.
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4.18.3 Non-arbitrage theorem

The discrete state space non-arbitrage theorem (as opposed to the continuous state
space non-arbitrage theorem (see Kabanov and Stricker [2]) is a crucial theorem in
asset pricing theory. See for instance the paper by Harrison and Kreps [3] for the
original ideas. The formulation of the non-arbitrage theorem by Etheridge [4] is fol-
lowed here closely. We repeat definition 15.1 in Etheridge [4] (p. 11) but with some-
what different notation. Assume there are N tradable assets (some assets may be
risky and some not) and their prices, at time #o are given by po= (pg. p, .- .. pY))-
Assume there exists a K éwhere K indicates the K states of the world) dimen-
sional state price vector ® = (&, O», ..., Pg) which is strictly positive in all
coordinates. Consider the following model

P Dy Dy, Dk
Pé D, Dy, Dy
. = ¢, . + @, . + -+ Pk . )
- : : :
Po Dy Dny> Dyk
where each N-dimensional vector Dy, ... Dk is the security price vector at time
t, if the market is, respectively, in state 1, ..., K. Following theorem 1.5.2 in

Etheridge [4] (p. 11), “For the market model described (here) there is no arbitrage
if and only if there is a state price vector.” The proof of this theorem can be found
in Duffie [5].

4.18.4 Ito’s Lemma

Following @ksendal [6], It6’s Lemma can be expressed in integral form or in differ-
ential notation. Equation (4.1.6) (p. 44) in @ksendal [6] defines X, as a stochastic
integral: d X, = udt + vd B,, where B, is a one-dimensional Brownian motion, u
and v are respectively drift and diffusion factors, and ¢ is time. Theorem (4.1.2)
(p. 44) in Pksendal [6], says that if a g(¢, x) is twice continuously differentiable
on the product space [0, co[ xR, then Y; = g(¢, X;) is also a stochastic integral and
It6’s Lemma indicates that:

2

g g 197g 2
dYy, = —(, X))dt + —(t, X,)d X, + ——=(t, X;)(d X,)". “4.4)
ot ox 2 0x2
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Basic elements of quantum mechanics

5.1 Mathematical formalism of quantum mechanics: brief introduction

In this chapter, we present basic notions of quantum mechanics, and we emphasize
“quantum mathematics.” To posit that the mathematical formalism of quantum
mechanics can be used outside of quantum physics (as in sociology, economics,
or finance) may be of interest. If one can steer away from merely positing and
veer instead into convincing the reader that such a position is tenable, then some
achievement has been booked. But the price to pay is that the formalism of quantum
mechanics needs to be uncovered: how else can one judge whether what we posit
is senseful? Thus, a reader can either (i) formally accept our viewpoint about the
quantum-like paradigm (see Khrennikov [1]), or (ii) ask for a detailed analysis of
the quantum foundations which would justify this paradigm. In the first case, it
may well be sufficient to skip this chapter (but we should suggest to attempt to
include Chapter 3). In the second case, we invite especially those readers who are
concerned about the fact that the formal usage of the mathematical formalism of
quantum mechanics may transfer major problems of quantum foundations to social
science, economics, and finance, to read the present chapter carefully.

Quantum mechanics formally describes states of systems, observables and the
dynamics of states and observables. We explained in Chapter 4 the notion of Hilbert
space.

Consider complex vectors (here describing pure states of a quantum system),
i.e. ¥ € H (H being a Hilbert space) such that:

Iy )? = (yly) = 1. (5.1)

The normalization (by one) of the above vectors is of capital importance to engender
the notion of the probability of a pure state. We note that Hermitian operators are
used to denote observables (such as the position observable).

84
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In an orthonormal basis {e;}, observables are given by Hermitian matrices A =
(aij); here:

C_lij =daji. (52)

Remark that by using the usual scalar product notation we write the matrix
elements as (e;, Ae;), but we can also employ (e;|Ale;) to denote matrix elements
in the notation proposed by Dirac.

The squared absolute values of the coordinates of a state vector are interpreted
as probabilities (Born’s interpretation). As we have remarked in Asano et al. [2]
(p- 63): “One can say that the quantum formalism provides a geometric rep-
resentation of probabilities which is based on the Euclidean distance.” In the
finite-dimensional case, it is especially easy (from the mathematical viewpoint) to
formulate quantum postulates describing measurements of observables. Let A be
a Hermitian matrix representing a quantum observable. Consider its eigenvalues
a; and eigenvectors e; : Ae; = «je;. It is postulated that only values «; can be
observed in measurements of the quantum observable represented by A. Quantum
theory cannot predict which concrete value o, will be obtained. It predicts only
the probabilities Py (A = «;) to obtain values «; for A measurements for systems
prepared in the pure state . For further simplification, let us consider the case of
the non-degenerate spectrum' o; # o, i # j. In this case, any pure state ¥ can be
expanded with respect to the orthonormal basis consisting of eigenvectors of A:

¥ =) cjej, (5.3)
J

where Y ; [¢;|* = 1. Itis postulated that:
Py(A =a;) = c;]* = l{e; V). (5.4)

This is the basic rule for establishing the coupling between quantum theory and
experiment. Denote by n; the number of measurements of A in which the result
A = o; was obtained, and denote the total length of the series of measurements by
N. Finally, set u;(N) = %, the frequency of observation of the value «;. Then by
the frequency interpretation of probability:

[{e; 1) I* = Jim p2;(N). (5.5)

The rule (5.4) is a discrete version of Born’s rule: the probability to find a particle
at the point x of physical space is given by the square of the absolute value of the
Y -function (complex probability amplitude):

Py(x) = [y (x)]%. (5.6)

! In the finite-dimensional case, the spectrum coincides with the set of eigenvalues.
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By using Born’s rule, it is easy to derive the quantum representation of the average
of the quantum observable given by A. For any classical random variable & taking
values &; with probabilities p;, its average is defined as:

(E)=EE=) &p;. (5.7)
J

Any quantum observable can be considered as a classical random variable taking
values «; with the probabilities p; = Py (A = «;). Hence:

(A)l/,:Zajpj. (58)
J

The reader may be surprised by the above statement. However, this is really the
case: any single quantum observable is described by classical probability theory.
Problems with classicality arise if two or more quantum observables represented
by non-commutative operators are considered.

Sometimes it is important to know, besides the possible results of quantum
measurements and corresponding probabilities, the post-measurement states. It
was postulated by von Neumann that if the result A = «; has been obtained, then,
immediately” after this, the system can be found in the state e;. Thus, the state
¥ has been projected onto the eigenvector e; corresponding to the result of the
measurement. We note that this opposes Born’s rule, and von Neumann’s projection
postulate is still a subject of debate.

Now consider an observable given by a Hermitian matrix with degenerate spec-
trum (still in the finite-dimensional case), i.e. the dimension of the subspace L ;
consisting of eigenvectors corresponding to «; can be larger than 1. Denote by 7,
the orthogonal projector onto the subspace L ;. Then it is postulated that:

Py(A=a;) = |7, ¥ (5.9)

If L; has dimension 1, then (5.9) is reduced to (5.4). What can one say about
the post-measurement state? In any textbook, one can find the statement that the
post-measurement state is:

. LY
Ve, = BRI

with the projection of the original state ¥ on the subspace L ; which is normalized
by 1 (to get again a pure state). However, von Neumann was sure that the case of
a degenerate spectrum was more complicated and it cannot be treated in the same
way as the case of a non-degenerate spectrum. He pointed out that the degeneration

(5.10)

2 “Immediately” indeed is somewhat fuzzy . . .
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of spectrum implies that in general post-measurement states are not pure states,
but instead so-called mixed states [3] (see [4] for an analysis of the consequences
of von Neumann’s viewpoint). The latter are described not by normalized vectors,
but density matrices (we shall define them below — please see equation (5.16)).
Although the rule (5.10) was used at the very beginning of quantum mechanics,
e.g. in the famous paper of Einstein et al. [5], this rule was presented in the form of
a postulate only in the 1950s by Liiders. Therefore, experts in quantum foundations
refer to (5.10) as Liiders’ projection postulate. Sometimes it is called the “von
Neumann-Liiders postulate” or simply the “projection postulate” or even the “von
Neumann projection postulate.”

In the infinite-dimensional case, the formulation of measurement postulates is
based on more complicated mathematics. Roughly speaking, the main difficulty is
the presence of generalized eigenvectors, i.e. eigenvectors which do not belong to
the Hilbert space H, the space of quantum states. For example, for the position
operator, Dirac’s §-function e, (x) = §(x — x) is the eigenfunction corresponding
to the eigenvalue x. This function does not belong to the L,-space, the space of
square summable (or integrable) functions — the state space of quantum mechan-
ics. The same happens for the momentum observable. Neither does the complex
exponent e, (x) = e'Po*/ " belong to the L,-space. However, this is a generalized
eigenfunction of the position operator corresponding to the eigenvalue pg. The
formalism of generalized eigenvectors was used by Paul Dirac who created the first
mathematical formalism of quantum mechanics. Von Neumann [3] used another
approach, which came to be known as the theory of orthogonal projection mea-
sures. We recall, as was mentioned before already, that in quantum information
one often operates in a finite-dimensional Hilbert space. However, real quantum
physics is infinite dimensional.

If a quantum observable is represented by a Hermitian operator whose eigen-
vectors {e;} belong to the Hilbert space H and form the basis in this space,
then all aforementioned postulates can be immediately generalized to the infinite-
dimensional case. In this book, we shall not delve deeper into the operator mathe-
matics of quantum mechanics. The reader can always proceed by keeping in mind
the finite-dimensional situation.

In this part of section 5.1 we reproduce (pp. 63—64)° the paper by Asano et al.
[2]. The dynamics of a pure state are described by the Schrodinger differential
equation:

d
0 = HY @), Y0 = Yo, 5.11)

3 Masanari Asano and Masanori Ohya and Yishiharu Tanaka and Irina Basieva and Andrei Khrennikov (2011).
Quantum like model of brain’s functioning: decision making from decoherence. Journal of Theoretical Biology,
281, 63-64.
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where the operator H is the generator of evolution, also called the “Hamiltonian,”
the operator of energy. We remark that Schrodinger dynamics are deterministic.
By fixing the initial state, we can find the state of a quantum system at any instant
of time. The fundamental problem of the foundations of quantum mechanics is
that this state does not determine the values of observables. Measurements induce
randomness.

We remark that each pure state i determines a Hermitian operator, the projector
onto this state; p = |) (| (the last symbol is simply the Dirac notation), p¢ =
(@Y ). We recall the basic properties of py:

(a) it is positively defined, i.e. (¢|p|¢) > 0 for any ¢;
(b) it is Hermitian;
(c) its trace (the sum of diagonal elements) equals to one.

The Schrodinger dynamics for pure states (vectors) can be rewritten as the
dynamics for corresponding operators:

d
id—‘;a) = [H. p()]. p(0) = po. (5.12)

where [H, p] = Hp — p’H is the commutator of operators.
Consider now a statistical mixture (in the classical sense) of a few projection
operators p; corresponding to pure states v; with weights p; > 0, p; = 1:

p=pip1+ -+ Pupn. (5.13)

Each operator of this form satisfies conditions (a)—(c) and vice versa. Denote the
class of all operators with properties (a)-(c) by the symbol D(H). This is the
space of states of quantum systems. Its elements (called density operators) can
be interpreted as statistical mixtures of pure states. In general, a density operator
can be represented in many ways. There is one special expansion corresponding
to eigenvectors of p. The density operator corresponding to a pure state can be
characterized in the following way: in the basis of eigenvectors, its matrix has only
one non-zero element (equal to one), i.e. up to a permutation of eigenvectors:

10
p = (o o)’ (5.14)

where the blocks of zeros have the corresponding sizes. However, this takes place
only in the basis of eigenvectors.

Consider,” for example, the two-dimensional Hilbert space H and fix some
orthonormal basis in this space, {e], e,}; take a pure state:

Y = xe; + yey, (5.15)

4 This part of the text until and including equation 5.16 is not part of the Asano ez al. [2] article.
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where |x|? 4 |y|?> = 1. The density matrix p corresponding to this pure state has

the form:
x| xy
o= ('_' y2>. (5.16)
xy |yl

The dynamics of a quantum state are described by the equation (5.12). This dynam-
ical model can be used only in the absence of interaction of a quantum system with
an environment, a bath. If such interaction is essential (so a system cannot be
considered as isolated), the dynamics (5.12) have to be modified and additional
terms have to be included. The basic postulate of quantum theory is that the state
dynamics are linear. Therefore, the modified dynamics have the form:

d
id—'(;(t) = [H, p()] + L(p), p(0) = po, (5.17)

where L is a linear operator. This operator has to be chosen in such a way that
starting with pg € D(H), we shall obtain a trajectory ¢t — p(¢) in D(H). The cor-
responding conditions for linear systems were formulated by Gorini, Kossakowski,
Sudarshan, and Lindblad, see, e.g., [7] for details.

Consider a mixed state p and a quantum observable A. The average of A in this
state is given by the formula (see e.g. von Neumann [3]):

(A), = TrpA, (5.18)

where Tr denotes the operator trace. This formula can be derived on the basis of
Born’s rule and the probabilistic interpretation of the classical statistical mixture
(5.17).
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5.3 Double slit experiment: rationale for the existence of probability waves

Varadarajan [1] (slide 11) mentions that “the double slit experiment suggests that
the logic of quantum theory is not classical, i.e. is not a Boolean algebra, because of
the complementarity principle.” There are many variant descriptions of the double
slit experiment. Let us introduce the setting of the experiment with a description
given by Varadarajan. Citing Varadarajan [1] (slide 8): “Electrons from a source,
all with the same energy, pass through two slits on a screen and fall on a plate.
We place a counter at a variable point x on the plate and record the arrival of the
electrons. If the source is a weak one, we will be able to count the electrons one
by one as they arrive.” Using the same notation as in Varadarajan [1] (slide 8),
denote by A;(x) the event that slit i (= 1, 2) is open. Denote A(x) as the event
when both slits are open. From a classical point of view, one could then claim that
A(x) = Ai(x) U Ay(x) and the probability of the event A(x) to occur would then be
(assuming mutually exclusive events) p(A(x)) = p(A1(x)) + p(A,(x)). However,
the experimental evidence, does show that this is not the case. How can that now
be explained? The standard explanation revolves very often around the concept of
so-called “wave—particle” duality.

Let us re-set the décor of the experiment in a slightly different way. We want to
transit first from a classical mechanical situation to a quantum mechanical situation.
Consider the description below (see Khrennikov [2], Khrennikov [3], Khrennikov
and Haven [4]). We follow closely Haven [5] (pp. 43-45) (up to Section 5.4).

Imagine an experimenter firing a gun containing very tiny plastic pellets onto
a screen, similar as in the Varadarajan description, which has two equally spaced
slits. We imagine there is a detector screen, behind the screen containing the slits,
upon which the pellets land. Assume there exists a detector which can count the
pellets landings in the various locations on the detector screen. Denote the top
and bottom slits as respectively slits 1 and 2. We then have the following three
scenarios:

o slit 1 is open and slit 2 is closed,
o slit 1 is closed and slit 2 is open,
e slit 1 is open and slit 2 is open.

We imagine that the diameter of the pellets is substantially smaller than the
slits” width. When carrying out the experiment, the following (expected) result
occurs. In scenario 1, pellets start accumulating behind slit 1. Some pellets also
land close to slit 2, and go even further as they are deflected on the edges of slit 1. In
scenario 2, pellets accumulate behind slit 2 and some pellets land close to slit 1 and
even further. When both slits are open we have an accumulation behind both slits
and some scattering also.
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The key issue now consists in remarking that if one were to convert the pellets
into electrons, the result of the experiment would be altogether seriously different.

Essentially, with electrons, an interference pattern will form. Electrons will first
behave like particles and with the onset of time, they will start behaving like waves.
This in essence, exemplifies, the idea of wave—particle duality. The most striking
(and frankly very much counter-intuitive) event is the fact that there is interference
between an electron and itself. This result is substantially different from what we
would expect if the electrons had been plastic pellets. Those results laid the basis
for the formal development of quantum mechanics.

The probabilistic description of the electrons landing on the detector screen is
different from the probabilistic description of plastic pellets landing on the detector
screen. In fact, the difference in description is so resolutely different that a new
notion was born: “probability interference.” In a nutshell, the observed interference
in the double slit experiment when electrons are fired almost requires that we must
superpose probability distributions. Note the use of the word “almost.” As is well
know, such functions cannot be superposed.

Let us denote with p;(x) the probability that the electron arrives at position x
when slit 1 is open. Similarly, for p,(x). We can now query what the expression
would be when both slits 1 and 2 are open. Would it be pja(x) = pi(x) + pa(x)?
This probability formula would reflect the situation when both slits are open but
when we use plastic pellets rather than electrons. Hence, this formulation is not
reflecting the interference pattern experimenters found when they used electrons.

As we have indicated above, it is not possible to capture interference by superpos-
ing probability distributions. The mathematical machinery needed for the superpo-
sition of probability waves (or probability amplitudes) is well explained in Morrison
[6] (pp- 55-56) and we follow it here closely. But before getting into the mechanics
of this machinery, let us quickly remind ourselves about the notion of “conjugate”
of a complex number, which we covered in Chapter 1, Section 1.13. We also dis-
cussed it briefly in Chapter 4, Section 4.3. The wave function is essential in the
determination of the probability density function on the position. The pdf, denoted
as le(x)lz, is obtained by writing that Ii/fl(x)l2 is the product of the wave function
with its complex conjugate, ¥ *. The wave function when written in terms of phase
and amplitude can be expressed, for when slit 1 is open, as |y (x)| exp(iS;(x)),
where S;(x) is the phase of the wave and |y1(x)| is the amplitude of the wave
function; |y, (x)|, for when slit 2 is open, can be expressed in the same way. The
transition of going from the probability amplitude to the pdf is via the procedure
of the complex conjugate. The complex conjugate of [y (x)| exp(i Si(x)) is simply
[Yr1(x)] exp(—iS1(x)). Similarly, for when slit 2 is open.

At this stage, we have not yet indicated how we arrive at probability inter-
ference. We follow now closely Morrison [6] (pp. 55-56). We need one more
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ingredient: superposition of the probability amplitudes. This can be defined as
Yo(x) = ¥r1(x) + ¥a(x), where r(x) is the superposed state. If we write that
pr2(x) o« | (x) + w2(x)|2, then substituting |y;(x)| exp(iS;(x)) into that expres-
sion, one obtains:

P = W11 + ¥ + 2 [¥1(0)] [a(x)] cos (Si — S2). (5.19)

A complex number z (see Chapter 4, Section 4.3) can be denoted as z = x + iy,
where x is the real part and y is the imaginary part; z can also be written as z =
rexp(if), where r = \/x2 4 y2.r is often denoted as |z|. The angle 6 = tan™" (%),
where y = rsinf and x = r cos 6. In analogy with the wave function, we also say
that |z| is the amplitude and 6 is the phase.

Equation (5.19), is the probability formula, which now includes the probability
interference term 2 |y (x)| |¥2(x)| cos (S; — S2). When this term is not zero, it
renders the probability in a quantum context to be either sub- or super-additive.
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5.5 Quantum mechanical postulates

Aerts and Aerts [1] remark (p. 27) that there does not exist “a uniquely accepted
set of axioms for quantum theory.” The authors go on to show some examples of
approaches used in quantum physics. They mention [1] (pp. 27-28) the Bohmian
mechanics approach (see Chapter 6); the Feynman path integral® approach (which
we have already mentioned in Chapter 1 and Chapter 3; the Birkhoff-von Neumann
approach [3]; and the convexity of states approach [4]. They propose that any theory
would have to contain at least three parts which link theory to experiment. They
are as follows (p. 28):

5 Holland [2] (p. 268) views the Feynman approach as a way to obtain “quantum action from the set of all classical
actions.”
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1. “there exists a set ) _ ¢ of possible states for a system S”;

2. from experiments one can infer a set of observable quantities, Og, and to “each
observable there corresponds a set of discrete or continuous outcomes, X 4”°;

3. a map P exists which is as follows: “P: ) ¢ xOg x X4 — [0, 1] and

ineXA P = l'”

As Aerts and Aerts [1] (p. 28) remark, for a classical deterministic system, one
defines P : ) ¢ xOs x X4 — {0, 1}and }_ .y P =1.

The objective of this section does not consist of discussing an axiomatic struc-
ture of quantum mechanics. Many books exist on this topic and it is certainly not
the objective of this present book to engage in this very complex topic. The title of
this section in fact hints at the existence of postulates. Indeed, there are some basic
postulates which are closely allied to the three parts presented above. In Chapter 1
and in other parts of this book, we mention the word “postulate” several times.
For instance, in Chapter 1, we discussed (amongst others) the Bohr postu-
late about electrons taking on discrete energy values; the Bohr—Sommerfeld
quantization rule; and the Heisenberg postulate (this chapter) that operators on
position and momentum should satisfy a peculiar commutation relation (the
Heisenberg uncertainty principle). We also mentioned (amongst others) the von
Neumann projection postulate (or also the von Neumann-Liiders postulate). In
Chapter 8, we will discuss Kolmogorov’s postulate of being able to embed
“context” in probability space. See also Kahneman [5] for a very interesting
interpretation of “context.” In Chapter 14, where we discuss the possibility of
a quantum-like brain; we also will mention several postulates.

Morrison [6] distinguishes four postulates in quantum mechanics. Other authors
may bring forward slightly different postulates. For instance, Bransden and
Joachain [7] (pp. 194-205) propose six postulates. Omnes [8] (pp. 467-477) pro-
poses the following rules:

Rule 1 (p. 467). “The theory of an individual isolated physical system is entirely
formulated in terms of a specific Hilbert space and a specific algebra of
operators, together with the mathematical notions associated with them.”
We remark that some of those mathematical notions were covered in
Chapter 4.

Rule 2 (p. 468) “The vectors i in the Hilbert space evolve in time according to
the Schroédinger equation.”

Rule 3 (p. 468) “A physical system S can be said to consist of two non-interacting
systems® §’ and S”.”

% Omnes does give more mathematical detail on how the Hilbert space of S relates to the two Hilbert spaces of
S’ and S”. We do not mention this here. Please consult, pp. 468—469 in Omnés [8].
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Rule 4 (p. 476) “Every description of a physical system should be expressed in
terms of properties belonging to a common consistent logic. A valid rea-
soning relating these properties should consist of implications holding in
that logic.”

Following Morrison [6], the four postulates he distinguishes are:

Postulate 1 (p. 58). “Every physically-realizable state of a system is described in
quantum mechanics by a state function ¥ that contains all accessible
physical information about the system in that state.”

This postulate has been discussed before. See also Bransden and Joachain [7]
(p. 194).

Postulate 2 (p. 70). “If a system is in a quantum state represented by a wave
function v, then Pdv = |/|* dv is the probability that in a position
measurement at time ¢ the particle will be detected in the infinitesimal
volume element dv.”

We have discussed this postulate already in Section 5.1 of this chapter. See
equation (5.6).

Postulate 3 (p. 158). “In quantum mechanics, every observable is represented
by an operator that is used to obtain physical information about the
observable from state functions.”

Postulate 4 (p. 186). “The time development of the state functions of an iso-
lated quantum system is governed by the time-dependent Schrodinger
equation...”

We have already mentioned this fourth postulate in Chapter 1, where we
described it around equations (1.69) and (1.70).

Relative to postulate 3, we note that in the conventional axiomatics of quan-
tum mechanics, observables are represented by Hermitian operators. However, in
applications to economics and finance we can ignore this restriction and proceed in
the generalized quantum mechanical framework, i.e. by operating with observables
represented by non-Hermitian operators, e.g. Hamiltonians, see Chapter 13.
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5.7 States and state functions

Postulate 1 above gives us a good idea about the meaning of a state. As per Morrison
[1] (p. 58), note the word “accessible” in that postulate, which shows that in quantum
mechanics we can never know with precision either position or momentum. This
inherent imprecision is fully connected to the Heisenberg uncertainty principle
which we also discuss below. Omnes [2] (p. 118) indicates that “a state of a system
is well defined when one can assign a definite probability to every conceivable
property.”

Note also that position and time are independent quantities in quantum mechan-
ics and that is because classical quantum mechanics does not allow for paths. The
state function, before complex conjugation is applied, is indicative of the prob-
ability wave or the probability amplitude. Note also that only normalizable state
functions can serve as representing quantum states. We also distinguish between so
called “stationary” and “non-stationary” states. In the case where we have a conser-
vative system, i.e. with a real potential which is time-independent, stationary states
will exist. When the wave function is not separable, then we must obtain a non-
stationary state. A stationary state is an example of a so-called eigenstate. Following
Bowman [3] (p. 146), consider the Hamiltonian operator of the Schrodinger equa-
tion which is Hermitian. An eigenstate of this Hamiltonian is time invariant. For a
simple overview between the difference of a classical and a quantum description
of a state of a system, see Eisberg and Resnick [4], pp. 409-410.

An important distinction is to be made between so-called “pure” states and
“mixed” states. Following Bransden and Joachain [5] (p. 641), when a system is
described by a single wave function then it is called a pure state. In the case of
a mixed state, a statistical mixture of wave functions is needed. Mixed states are
represented by density operators (in the finite-dimensional case, density matrices),
see Section 5.1.
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5.9 Wave packets — constructive and destructive interference

Wave packets can be expressed in the form of:

U(x, 1) = A(k) expli(kx — wt))dk, (5.20)

1 0
V2r /_oo
where k is a wave number, A(k) is the amplitude function, ¢ is time, x is position,
and w is the angular frequency. This expression shows, as per Morrison [1] (p. 109)
that “there is a superposition of an infinite number of plane wave functions with
infinitesimally differing wave numbers k.” Note that there are infinite number of
regions of constructive interference which are combined with an infinite number of
regions of destructive interference. See Morrison [1] (p. 108). The above expression
is an example of Fourier integration. Kreyszig [2] (p. 570), defines a Fourier
transform of a function f as:

f(w) f(x)exp(—iwx)dx, (5.21)

1 o0
kY, 2 /oo
where i is a complex number. Note that f(x): (i) needs to be piecewise continuous

on every finite interval and (ii) f(x) is absolutely integrable on the X -axis. Kreyszig
[2] (p. 570) defines the Fourier integral as:

f(x) = «/%Tr /_ : Fw) expiwx)dw. (5.22)

Remark that the wave number & can be written via the de Broglie relation as k = £,
where p is momentum.
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5.11 Heisenberg’s uncertainty principle

This equality was already introduced in Chapter 1, equation (1.54), and also in
the section on “Operators” in Chapter 4. The original discussion can be found
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in Heisenberg [1]. The relation expresses the fact that there is no full precision
on measuring either position or momentum. If one measures the position with
a high precision, the trade off will be that there will be more uncertainty on
the measurement of momentum and vice versa. “Simultaneous eigenfunctions of
(position and momentum operators) cannot (have) a physically realizable quantum
state” (see Morrison [2] (p. 490)). The principle does not say anything about the
imprecision of the measurement apparatus. Instead, the principle does indicate there
exists a intrinsic uncertainty at the quantum scale. In its easy form, the relation
can be expressed as AxAp > % For a Gaussian wave packet, the relation is said
to be minimal and becomes AxAp = % The Heisenberg uncertainty principle can
be proven with the use of the Schwartz inequality. See equation 6.7.13 in Holland
[3] (p. 257). Finally, the Heisenberg uncertainty principle is a special case of the
so-called generalized uncertainty principle.
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5.13 The time-dependent and time-independent Schrodinger PDE

Equation (1.69) in Chapter 1, Section 1.20, formulated the time-dependent
Schrodinger PDE for an N-particle system. This is the most general version of
that PDE. The time-independent Schrodinger PDE obviously does not contain the
time parameter and is substantially easier to solve. The separation of variables as
a solution technique is well known, and it implies that one can write the time-
dependent wave function as a product of two other functions W(x, t) = ¥ (x).«(?).
This approach will require a time-independent real potential function and thus will
imply the use of a conservative system.

The time-independent Schrédinger PDE for a 1-particle system can be written
in shorthand as HW = EW, where E is the particle’s energy. If we recall our
brief entry on the meaning of eigenvalues and eigenfunctions in Chapter 4, then
the above 1-particle time-independent Schrodinger equation can be seen to very
much resemble what we entered in Section 4.9, wyr = [y Clearly, w is now the
Hamiltonian operator. The wave function, W, is the eigenfunction and the energy,
E . is now the eigenvalue. Section 4.11 in Chapter 4 also discussed Hermiticity. We
know the Hamiltonian operator is Hermitian and hence this implies that E is real.
See also Morrison [1] (p. 464) for a more extensive discussion.
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Messiah [2] (p. 61) points out that the choice of the wave function (i.e. the
Schrodinger equation) is restricted to certain “a priori conditions” such as the
(1) linearity and homogeneity of the equation, and (ii) the PDE must be “first order
with respect to time.” The latter condition is then linked to the fact that the wave
function once known at an instant of time ¢ will determine the function at later
times.

The Schrodinger equation exhibits some interesting properties. Auletta et al.
[3] (pp. 107-110) mention some of those properties for the cases when position
variables are one- and three-dimensional. Here are some regularity properties which
are interesting. The wave function W, [3] (p. 107), “has to be single valued and
continuous.” As per Auletta, Fortunato, and Parisi [3] (p. 107) there “can not be two
different probability amplitudes for the same position” and continuity is necessary
since the Schrodinger equation requires differentiability. When the real potential
were to be infinite in some regions, then continuity of the wave function is still
needed (see (ii) in [3] (p. 108)). However, its first derivatives may not be continuous.
Finally, another interesting regularity property says that whatever the dimension,
“the wave function of the ground state never vanishes” [3] (p. 108).
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5.15 Classical limit ideas: Ehrenfest’s approach and the
correspondence principle

Morrison [1] (p. 169) reports that the correspondence principle proclaims that in
the so-called “classical limit” quantum mechanical laws must become Newtonian
laws. Clearly, the correspondence principle must establish a relationship between
an operator (on position and momentum) and the classical equivalent of the opera-
tor. The obtaining of the classical limit can sometimes be defined with the argument
that one wants to see what occurs when 27 — 0 and this means really (following
Morrison [1] (p. 170)) that in the classical limit “the quantum effects are immea-
surably small.” Holland [2] (p. 219) refers to a proposal by Berry [3] who says
that the smallness of 7 “has no absolute meaning because its value depends on the
system of units.” The uncertainty principle can apply to macroscopic particles, but
as Morrison [1] (p. 171) indicates the meaning of that uncertainty principle is the
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same, i.e. there is no limit on the precision of measurement at the macroscopic
scale. Here is a precise way to express the correspondence principle: Morrison [1]
(p- 172): “the classical function Q(¢) is the expectation value of the operator Q with
respect to the wave function ¥(x,t) that represents the state.” Thus, the average
momentum, (p) = m“X becomes p = m % % in the classical limit. This forms the
first part of Ehrenfest’s theorem similarly, for the average position. Ehrenfest [4]
proposed the following relationship (this is the second part of Ehrenfest’s theorem)
% = (—%) (see also Morrison [1] (p. 520)), which indeed gives the quantum
mechanical equivalent of Newton’s second law. We follow closely Morrison [1]
(pp. 521-522) (equations 11.105-11.112) for a sketch of the proof of this theo-

rem. The key ingredient needed is the formulation for the time development of
the expectation of a Hermitian operator <Q(t ) — < a?> + %(l [ﬁ, @]), where @ 18

an arbitrary Hermitian operator and H is the Hermitian Hamiltonian operator. To
obtain the posmon equivalent in the classical limit, one replaces the arbitrary Her-
mitian operator Q by a position operator. We can write 4@ W ) — rl; (p) (), where use
was made of the fact that the commutator relation for posmon is [H x] =i —p.To
obtain the momentum equivalent in the classical limit, one follows the same strategy
using now the commutator relation for momentum [7/-2 ]’7\] ih aVT where V is the

real potential and 1 is the identity operator. The result is then dz(t ) = — (%) And

from the latter one can find immediately that m ; 2(; ) = (F(x,t)). The right-hand
side can in effect be written as — [ y*(x, 1) [2250] ¢ (x, £)dx (Morrison [1]
(p. 522) (equation 11.112)), and note the minus sign which appears because of the
fact that force is the negative derivative of the real potential towards position. In the
classical limit, ffooo v*(x, t)F(x, )Y (x, t)dx can be written as F ({x) (¢)). Thus,
in the classical limit the time evolution of (x) and (p) appears as in Newtonian
mechanics.

As is remarked in Holland [2] (p. 255), “the mean quantum (and classical)
motion will coincide rigorously with that of a classical particle when the following
condition is satisfied: (F(x)) = F({x))” (see Messiah [5] (p. 217), as quoted in
Holland [2]). Holland [2] (p. 255) remarks that this equality is obeyed for polyno-
mial potentials up to and including second degree.

We note that within a Bohmian mechanics context (please see the next chapter
for the basics of Bohmian mechanics), Holland [2] (p. 224) makes the argument
that the “quantum dynamics will coincide with, or approach, the classical dynamics
when the quantum force (the negative gradient of the quantum potential) and power
become negligible in comparison with the classical force and power.”’ It can be
shown that if the quantum potential tends to zero and this is inserted into the

7 Please see the next chapter for a discussion on the emergence of the quantum potential.
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quantum Hamilton—Jacobi and continuity equations (which are equations (6.14)
and (6.15) in the next chapter), one obtains the classical Hamilton—Jacobi and
continuity equations. Thus when the quantum potential tends to zero, one can
argue this as a correspondence principle (see Holland [2] (p. 226)).

There exists another well-known approach to the classical-quantum duality
world and that is the Wentzel [6], Kramers [7], Brillouin [8] approach or the
so-called WKB approach. Holland [2] (pp. 231-234) shows convincingly that this
is not necessarily a foolproof method to argue for a classical limit. As per Holland
[2] (p. 232), when the real potential “is a slowly varying function of (position)
x and (the energy difference) E — V is not too small,”® one can find a “classical
wave function” (see Holland [2] (p. 232 (6.4.9)) and the quantum potential using
the amplitude from that wave function can then be generated. Please note the inter-
pretation of this wave function is not obvious. We come back to the WKB method
in Chapter 13 of this book.

We finish this sub-section with some of the words out of the “caveat lector”
section of the paper by de Gosson and Hiley [10]. De Gosson and Hiley cite
(p. 1418 in their paper) the work of Mackey [11] (p. 106) who mentions that
“quantum mechanics is not just an algorithm for attaching a self-adjoint operator
to every classical Hamiltonian, because such a programme would overlook many
facts: first quantum mechanics rules out a large number of conceivable Hamiltoni-
ans, and secondly there are features of quantum mechanics (such as spin) which
do not manifest themselves in the classical limit.”

5.16 References

[1] Morrison, Michael, A. (1990). Understanding Quantum Physics: A User’s Manual.
Volume 1. 1st edition. Pearson Education, Upper Saddle River, NJ.

[2] Holland, P. (2000). The Quantum Theory of Motion: An Account of the de Broglie—
Bohm Causal Interpretation of Quantum Mechanics. Cambridge University Press.

[3] Berry, M. (1991). Some quantum-to-classical asymptotics. In Chaos and Quantum
Physics. Proceedings of the Les Houches Summer School (1989). Eds. M. Giannoni,
A. Voros, and J. Zinn-Justin. North-Holland, pp. 251-303.

[4] Ehrenfest, P. (1927). Bemerkung iiber die angendherte Giiltigkeit der Klassischen
Mechanik innerhalb der Quantenmechanik. Zeitschrift fiir Physik, 45, 455-457.

[5] Messiah, A. (1961). Quantum Mechanics. Volume 1. North-Holland.

[6] Wentzel, G. (1926). Eine Verallgemeinerung der Quantenbedingungen fiir die Zwecke
der Wellenmechanik. Zeitschrift fiir Physik, 38, 518-529.

[71 Kramers, H. (1926). Wellenmechanik und halbzahlige Quantisierung. Zeitschrift fiir
Physik, 39, 828-840.

[8] Brillouin, L. (1926). La mécanique ondulatoire de Schrodinger: une méthode générale
de résolution par approximations successives. Comptes Rendus, 183, 24-26.

8 Please see also Bohm [9] for more detail.



5.15 Classical limit ideas 101

[9] Bohm, D. (1951). Quantum Theory. Prentice Hall.
[10] de Gosson, M. A. and Hiley, B. (2011). Imprints of the quantum world in classical
mechanics. Foundations of Physics, 41, 1415-1436.
[11] Mackey, G. W. (1998). The relationship between classical and quantum mechanics.
Contemporary Mathematics, 214. American Mathematical Society.



6

Basic elements of Bohmian mechanics

6.1 Short introduction to Bohmian mechanics

Sheldon Goldstein in a Foundations of Physics paper [1] indicates (p. 341):
“Since macroscopic objects are normally regarded as built out of microscopic
constituents . . . there can be no problem of macroscopic reality per se in Bohmian
mechanics.” Goldstein in the same paper remarks (p. 342) that this |1ﬁ|2 has “a
status very much the same as that of a thermodynamic equilibrium.”

Basil Hiley the closest collaborator of David Bohm, says the following (Hiley
[2] (p- 2)): “What Bohm (1952a; 1952b) did was to show how to retain a description
of all the usual properties of a classical world and yet remain completely within the
quantum formalism.” The Bohm (1952) [3] [4] references in that quote refer to the
original work of Bohm in which he sets out the basics of the Bohmian mechanics.

As we will see later in the next section of this chapter, the appearance of an
“additional term” in the Hamilton—Jacobi equation, is the hallmark of Bohmian
mechanics and it is very often termed the “quantum potential.” Hiley [2] (p. 2)
remarks that since the Bohmian momentum is a well-defined' function of position
and time, an ensemble of trajectories can be found when the quantum potential is
non-zero. A unique, classical path is found when the quantum potential is zero.
From the outset, we hope the reader can savor the beauty of this simple but very
powerful result. Bohmian mechanics indeed shows this very gentle transition from
quantum mechanics to classical mechanics via the value of the quantum potential.
A perhaps less gentle transition can be found when considering the Ehrenfest limit
theorem, which is the theorem we covered in Section 5.15 of Chapter 5.

A very important characteristic of Bohmian mechanics is that paths do have
simultaneous determined position and momentum, i.e. we can legitimately talk
about the existence of paths. But as Hiley remarks [2] “even though as observers

! For those who want to know (but please see the sections below in this chapter), it is the gradient of the phase of
the polar version of the wave function which is the momentum.
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(we) do not know the value of one of these variables.” The quantum poten-
tial’s significance from a physics point of view seems to indicate the (Hiley [2]
(p- 3)) “quantum potential had simply ‘locked together’ the particles described by
entangled states.”
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6.3 Mathematical formalism

The mathematical formalism involved in deriving the core arguments of the
Bohmian mechanical set up is quite easy. Holland [1] (pp. 68-69 and p. 134)
provides for some of the essential steps. See also Bohm and Hiley ([2] (pp. 28-29))
and Auletta, Fortunato, and Parisi [3]. For the development below (equations (6.1)
until (6.16)), we follow Choustova [4] (pp. 9-12) (equations (2.3)—(2.11)).
The wave function in polar form is considered:

¥(g.1) = R(g. e+, ©.1)
where R(q,t) = |¥(q,1)|;S(g,t)/h is the argument of the complex number
¥ (q, t). This polar form is put into the Schrédinger equation:

oy h? 3%y

ihﬁ = —%a—qz—FV(q,t)w(q,t). (6.2)

Begin with the left-hand side of the Schrédinger equation:

3 3R . i 98 .
ih—w —in [ Z=eii 4+ Rl__e’% (6.3)
ar Y h
R s 8S .
— ihelh — RZ2 el (6.4)
3t Y

Consider now the right-hand side of the Schrodinger equation. Write out first
oy .
aq *

OR ;s i0dS s
—e'" + R——e¢'r.

6.5
aq h dq (6.5)
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: 3y .
Now write out FrR

=l

2 i 92 2
PR s PORDS s ORiDS v L i0°S s R(ﬁ) bt (6.6)

— o' —_—h — —
8q2€ +h8q Bq 8qh8q P h dg? h? \ 9q
which can then be simplified to:
PR ;s 200RDS i 928 s R [(3S\*
dgq

=lv

(6.7)

—e'h 4+ ——— ———e'n
0q? h dq 8q h dg? h?
Substitute all this into the Schrédinger equation: ih% =¥y + Vg, t) x

" 2m 9g°
Vv(g,1).
One obtains:

92 i s ; is
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ot 2m | R

Multiply the above with ¢~ 7,50 as to get:

3R RaS:—hZ 37 T g 3q

where VR = Ve i = VR élie .
The real and imaginary parts can now be separated:
First the imaginary part:

R —h%> 1 [2i9dR3S i 3%S
= R ) (6.8)

" min|hagog  hag
This can be simplified into:
dR —1[_0R3S 928
= 2— " +R .

= — 6.9
ot  2m | 9q dq 0q? ©9)

For the real part:

R3S I 7K BV |+ vr (6.10)
at  2m | dg> h2 ‘ ‘

Multiply now (6.9) (left-hand side and right-hand side) by 2R, so as to get:

R  —1 AR 3S 928
= — |2R2—— +2RR—|.

—_— = 6.11
at  2m | dq g 0q? ©.11)
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The left-hand side of (6.11) can also be written as:

IR IR’

Remark also that 2R%% + RRZ3 (which is in the right-hand side of (6.11))

can also be written as:

32
q

IR IS 3?s 9 aS
2R——+RR— =—(R*—). (6.13)
dq g dg®> dq dq
Thus, (6.11) can now be rewritten as:
AR> 1 9 0S5
— 4+ —— (R ) =0. (6.14)
ot m dq aq

Equation (6.14) is also known under the name of the “continuity equation.” We
can see this equation expresses the evolution of a probability distribution, since
R* = |y .

We can simplify (6.10) a little (divided by —R):

s 1 [3S\? n? 9%R
—+—(=) +(Vv- —)=o0. (6.15)
ot 2m \ dq 2mR 0q?

Equation (6.15) is important for our purposes. If ;’—; << 1 and let %‘?:Tlf be
negligibly small, then (6.15) is a Hamilton—Jacobi equation. Bohm [5] interprets
the above equation by claiming that — 2 PR g 4 so-called quantum potential.

2mR dq?
The Newton—-Bohm equation is:

d*q(t) _dV(g.t) 9Q(q.1)
a2 dq dq

(6.16)

and Q(q, t) depends on the wave function and the wave function evolves according
to the Schrodinger equation.
The initial conditions are g(ty) = qo and g'(to) = g, (momentum).
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6.5 Non-locality

Non-locality is a topic which has been explained at multiple points in Chapter 1. An
essential issue which relates intrinsically to the concept of non-locality is the fact
that in a classical mechanics setting forces do “fall off with interparticle distance”
(Holland [1] (p. 282)). And Holland [1] (p. 282), continues “the contribution to the
total force acting on the ith particle coming from the quantum potential . . . does not
necessarily fall off with distance.” The most telling formulation of non-locality can
probably be found back in the use of the Newton-Bohm law, which was equation
(6.16) above, and which for a one body system is simply:

m.a=—-V(V+Q), (6.17)

where m is mass, a is acceleration, V is the real potential, and Q is the quantum
potential.

As per Holland [1] (p. 282), for a “many body system in the limit of large
separations” one obtains

miai = - [Vl Q(Qh q29 ee ey Qn) + Vi%(qi)]q/:qj(t)? (618)

where i is the ith particle (this is equation 7.1.12; Holland [1] (p. 282)). Holland
([1] (p. 282)) would see three characteristics as typical of what he calls a “non-local
connection”:

« “dependence of each particle orbit on all the others”;
« “response of the whole to localized disturbances”;
« “the extension of actions to large interparticle distances.”

Holland ([1] (p. 290)) reports that the “condition for non-locality is...non-
factorizability” of the wave function. The factorizability of, say, a two body
system-based wave function would be ¥ (xy, x2) = ¥a(x1)¥p(x2) (Holland [1]
(p- 287, equation (7.2.1)). Particle 1 is associated with ¥4 and satisfies its own
Schrodinger equation. Similarly, particle 2 is associated with {5 and also satisfies
its own Schrodinger equation. Holland writes [1] (p. 288) “factorizability implies
physical independence.” Bohm and Hiley [2] (p. 61) compare the factorization to
the existence of independent pools of information.
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As Holland indicates ([1] (p. 462)), it can be that “quantum mechanics is both
incomplete and non-local.” If the wave function is interpreted as a probability
amplitude and not as a kind of a physical wave (the ensemble interpretation of
wave function — Einstein, Margenau, Ballentine, see Chapter 1), then “quantum
non-locality” is not surprising at all. The same property can be assigned with
the Smoluchowski equation for a few Brownian particles, see again Chapter 1.
Hence, the non-locality of Bohmian mechanics is so intriguing only because the
wave function is assigned with an individual (may be composite) system (the
pilot wave), but not an ensemble of such systems. We urge the reader also to
consult again our discussion on non-locality in Chapter 1, Section 1.20, just under
equation (1.78).

Now consider again equation (6.18) and one can indeed see that the non-locality
is intimately connected to the existence of the quantum potential. Please also refer
to Bohm and Hiley [2] (pp. 134-159), who provide for a full chapter on the topic
of non-locality.
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6.7 Criticisms of Bohmian mechanics

In Chapter 3, we already mentioned that Bohm in effect revived hidden vari-
ables. Historically speaking, we should mention that one of the very early crit-
ics of Bohmian mechanics was also a very unexpected critic: Louis de Broglie.
Recall that we mentioned in Chapters 1 and 3 that de Broglie interpreted quantum
waves as physical waves. Jammer [1] (p. 287) indicates that originally de Broglie
rejected Bohm’s work, but later on he came to accept it more. Jammer [1] (p. 289)
cites Takabayasi [2], who said that “the proposed hidden variables would become
physically significant only through a modification of the Schrédinger equation or
law of motion, a modification which is ‘artificial and improbable.” ” Holland [3]
(pp. 25-26) sums up very well the usual objections which are voiced against
Bohmian mechanics. We mention some of them here (Holland [3] (p. 25)):

“you can not prove the trajectories are there”;
“it predicts nothing new””;

“it attempts to return to classical physics”;
“the price to be paid is nonlocality.”

Ealb o



108 Basic elements of Bohmian mechanics

Critique ‘1°, as Holland remarks [3] (p. 25), is indeed partially true since
the Heisenberg uncertainty principle holds. But indeed, as Holland also fur-
ther indicates, this in itself is not sufficient proof that no trajectories can exist.
Critique ‘2’ can be replied to as follows. Holland [3] indicates (pp. 184—185),
that “In the quantum theory of motion we can make more detailed statements
about the behavior of individual elements in the ensemble than are contained in
the distribution function, of the type possible in classical mechanics.” Holland’s
[3] (p. 25) main argument in reply to the third objection is that there exists a
“‘state’ of a mechanical system that lies beyond the material points” and there-
fore this makes that Bohmian mechanics is not just a straight return to classical
physics.

A critique which is sometimes put forward against the use of Bohmian mechanics
in a macroscopic system is that there would seem to be no action of the particle on
the wave. The “one-way” direction, i.e. of the wave function guiding the particle
(but no opposite influence), may have a connection to the fact that equation (6.16),
m d;‘ﬁgt ) — — 3V8(ZJ ) _ BQ;ZJ ) is the particle equation of motion. However, we hasten
to add that we must tread very carefully here. It is essential to remark that in fact
“one can deduce the wave function from the trajectories” (Holland [4]). Please see
Holland [5] and Holland [6] for recent results.

Finally, as to the last point of critique (i.e. non-locality), one can safely claim
that, following Holland [3] (p. 25), non-locality is indeed “an intrinsic feature of the
de Broglie-Bohm theory.” However, non-locality, although may be not a desirable
physical property, seems to be found in physics approaches other than Bohmian
mechanics. For instance, Bohm and Hiley [7] (p. 144) mention that Aspect et al.
[8] [9] [10] provided for an “experimental proof that, if there are hidden variables,
they must be non-local.”
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7

A brief overview

7.1 Decision making in social science: general overview

Decision-making models are central in economics and psychology. Finding appro-
priate models which can approach human decision-making behavior is, as expected,
a very challenging task. Economics has for a long time embraced models which are
based on a particular axiomatic skeleton. The axioms are thought to be “reasonable”
approximations of general decision situations.

A central starting point in preference modeling in economics consists in proving
that there exists an equivalence between the preference relation of an object x over
an object y, denoted as x > y, if and only if there exists a utility function u(.),
which maps a set of objects into R, such that u(x) > u(y). This is not an easy
task. However, for a finite set of objects X (to which x and y belong), as any good
micro-economic theory textbook will show, the equivalence is quite easy to show.
It is substantially more difficult to show when the set X is countable infinite or
uncountable. As David Kreps [1] indicates (p. 24), for an uncountable X there
may exist a preference relation >, but this does not mean that there exists a utility
function u(.)! The lexicographic preference relation is an example.

The utility function has many practical uses in social science. Here we mention
two very basic uses:

1. In economics, the utility function plays an essential role in the derivation of a
demand function. The classical approach to deriving such a demand function
consists in maximizing a function subject to an equality constraint. In economics,
this is known as the “method of Lagrange.” Ingersoll [2] (p. 8) describes the
method in a nutshell: to maximize a function f subject to an (equality) con-
straint g(x) = a, the so-called Lagrangian is L(x, A) = f(x) — A(g(x) — a)),
where A is the Lagrangian multiplier. At this point, it needs to be mentioned
that the word “Lagrangian” does have a different meaning in physics. Following
Baaquie [3] (p. 78), a “Lagrangian . . . is the fundamental mathematical structure
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in the path-integral formulation of quantum mechanics.”! The use of the (eco-
nomics version) of the Lagrangian can be seen in the following simple example.
Any good undergraduate textbook in economics will discuss how a consumer
maximizes a utility function subject to the budget he or she is constrained by.
The basic formulation is then max u(¢) constrained by the budget equation
_p>._c) = I, where 7)) isa 1 x n price vector and ¢ isan x 1 vector of quan-
tities of goods which are part of the consumption bundle of the consumer, /
is the budget figure, and u(.) is a utility function. The Lagrangian is imme-
diate, £ = u(¢)— AP ¢ — I), where A is the Lagrangian multiplier. One
can obtain from this equation that the level of satisfaction will be maximized
where the so-called “marginal rate of substitution” is equal to the slope of the
budget curve. The interested reader may query whether, besides equality con-
strained optimization, there is room in economics for optimization procedures
with inequality constraints. The answer is affirmative, and the “Kuhn—Tucker”
conditions (Kuhn and Tucker [4]) are invoked in that respect. The so-called
“sufficiency theorem” by Kuhn and Tucker provides for conditions to obtain a
maximum/minimum. For an excellent discussion, see Chiang [5] (Chapter 21,
Section 2 (p. 722); Section 4 (p. 738 and following) and especially Section 5
(p. 744)).

2. The utility function plays also an essential role as an input in risk aversion. The
concavity and/or convexity of the utility function expresses risk aversion/risk
loving behavior of a decision maker. Let us make the simple assumption that we
derive utility from using wealth. We can then compare the expected utility of
consuming wealth, denoted as E(u(w)), with the utility derived from expected
wealth, u(E(w)). Let us imagine a gamble with two outcomes, for instance. The
u(E(w)) corresponds then to the utility received from obtaining a sure outcome,
while E(u(w)) then corresponds to the utility of gambling (that is to accept
the lottery). Hence, it is intuitive that, if u(E(w)) > E(u(w)), the individual is
risk averse. If the opposite equality occurs, E(u(w)) > u(E(w)), the individual
is a risk lover. Equality occurs if the individual is indifferent to risk. Those
relationships are also tied to the concavity, convexity, and linearity, respectively
of the utility function. Please see also below for the next section where we
propose other risk aversion measures.

Let us revisit the relationship between the preference over objects (whatever
those are) and the corresponding relationship expressed via the mathematical
inequality over levels of utility (as given by the utility function). The following

! Professor Baaquie flagged up this issue of the meaning of the Lagrangian whilst he was staying for his sabbatical
at the University of Leicester.
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sequence of “events” is important. Kreps [1] (p. 31) says it succinctly as follows:?
“we’ll make assumptions about the mathematical structure of the objects in the set
X —we will want x € X somehow to represent uncertain prospects. And by impos-
ing further conditions on > having to do with the mathematical structure of X, we
will try to specialize the form of the function u.” The central question which is now
being asked is this: (Kreps [1] (p. 31)): “what corresponding forms of functions
u will we seek?” We are now getting back to the three grand groups of expected
utility models already mentioned in Chapter 2. The workhorse of most economics
models is the von Neumann—Morgenstern model [6], where the probabilities used
to calculate the expected utility are “objective.” When “subjective” probabilities
are used, then the Savage model [7] will be very relevant. In case of a mixture
of objective and subjective probability, the Anscombe—Aumann [8] model is used.
The famous decision-making paradoxes (such as Allais and Ellsberg’s paradox)
relate to the axiomatic underpinnings of those models. The next chapter will study
in detail the violation of the sure-thing principle (an important axiom in the Savage
expected utility model).

The classical expected utility models in economics, we mentioned above, have
now been “superseded” by augmented models. An excellent survey paper is by
Machina [9].

Finally, new decision modeling movements have appeared on the international
research scene. We note for instance the work of Colin Camerer at Caltech.
Camerer’s approach is directly inspired from brain science and it attempts to
mimic human decision making in an as close way as possible. This new movement
is also known under the name of “Neuroeconomics” [10], which may be seen as a
subfield of a larger more general discipline known under the name of “behavioral
economics.”

The relationship between a preference relation and the utility function is tightly
connected with probably the most fundamental “building”? block of economics:
“economic rationality.” We follow Danthine and Donaldson [11] (p. 25) to sum-
marize the key assumptions:

1. Economic participants (or investors, or economic agents) have a complete pref-
erence relation (i.e. agents always can express a preference over objects (inci-
dentally they can be indifferent between objects t00)).

2. Using the same notation we introduced at the beginning of this chapter, a
preference relation satisfies transitivity: Vx, y,z € X :ifx > y and y > z, then
X > Z.

2 Please note that X is the set of objects. The mapping: X — R, expresses the levels of utility (as given by the
utility function).
3 Or should we say “stumbling” block?
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3. Preference relations are stable over time.

4. A preference relation > on X is continuous, that is for any sequence of pairs
{Xn, yn}oo, withx,, > y,; forall n, we have x = lim,,_, oo X, and y = limy, o0 Y}
we have x > y. The continuity assumption says that consumer preferences
cannot exhibit jumps.

As Danthine and Donaldson [11] (p. 25) remark, the above four key assumptions
guarantee (please see the beginning of this chapter) that if x > y, if and only if
there exists a utility function #(.), which maps a set of objects into R, such that
u(x) > u(y).

The above was a brief discussion of choice under certainty. When uncertainty is
built into the utility spectrum another assumption route is to be taken. The choice
then becomes a choice over lotteries. We follow Varian [12] (pp. 172-174). Varian
makes the important distinction between two properties: (i) the existence of a
utility function and (ii) the property that a utility function is (Varian [12] (p. 174))
“additively separable over the outcomes and linear in the probabilities.” We do not
go into detail on the necessary assumptions to guarantee the existence of a utility
function (in the uncertainty environment). It is quite telling though to consider the
axioms needed to guarantee the second property we mentioned above. We follow
Varian [12] (p. 174):*

1. “lotteries with indifferent prices are indifferent”;

2. “there is some best lottery. . . and some worst lottery . .."”;

3. “if one lottery between the best prize and the worst prize is preferred to another
it must be because it gives higher probability of getting the best prize.”

With those axioms, a utility function with the second property will exist. The
proof can be found in Varian [12] (pp. 174-175).

The three chapters in this part of the book will analyze human decision making
in a still different way. The objective here consists in trying to uncover, via the
use of quantum physics concepts, whether human decision making can be better
explained by such concepts.
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7.3 Modeling risk: some basic approaches

As is well known in the micro-economics literature, the so-called “St. Petersburg”
paradox is often invoked, as per Blavatskyy [1] (p. 677) to argue against “expected
value and in favour of expected utility.” The key paper on this paradox is by
Samuelson [2] (also cited in Blavatskyy [1]). The paradox is quite easy to explain.
We follow Samuelson [2] (p. 25): “Peter offers to let Paul toss a fair coin an
indefinite number of times, paying him 2 ducats’ if heads first come up at the first
toss, 4 ducats if its first comes up at the second toss...2' ducats for heads first
coming up at the ¢th toss. .. and so forth ad infinitum. Hence, if Paul has linear
utility, he could be made to pay for the ‘fair price of playing the game’ the value of
the mathematical expectation of the gains: E(2') = %2 + 4—1‘4 + - %—: 4+ =00

Itis quite straightforward to argue that if a utility functional were to be introduced
which is concave (i.e. with second derivative weakly negative), the infinite expec-
tation problem could be converted into a finite expectation (using then expected
utility). The last bracketed words are important, because they rejoin exactly the
point made by Blavatskyy [1] that this paradox is often invoked to defend expected
utility (as opposed to expected value).

We remarked already in the beginning of this chapter that utility functions can
be characterized by degrees of convexity and/or concavity. A linear utility function
is both concave and convex.

The concavity of the expected utility function indicates risk aversion. But as a
measure of risk aversion it is a little incomplete since it would be scale dependent.
An appropriate measure which counters scale dependency, is the so-called “Arrow—
Pratt measure of risk aversion.” Textbooks devoted to the basics of micro-economic

5 This is a currency unit.
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theory will define this measure. We follow here Varian [3] (p. 178):

u(w)

ARA(w) = — TR

(7.1)

where u” is the second derivative of the utility function towards wealth, w; and u’
denotes the first derivative of the utility function towards wealth.

Let us consider an agent with utility function #(w) and another agent with utility
function v(w). The agent with utility function u(w) is more risk averse than the
agent with utility function v(w) when —% > —% for all levels of wealth.
Using the ARA measure we can then also calculate whether ARA is increasing
(IARA), decreasing (DARA), or constant (CARA).

As Varian [3] (p. 181) indicates AR A is a measure of local risk aversion. Two
well-known measures which are appropriate for a context of so-called global risk
aversion, are: (i) a measure which relates to the composition of two functions and
(i1) a measure which involves a “willingness to pay approach.” We mention those
here and we follow again Varian ([3] (p. 181)).° As mentioned already above, a
natural way to measure degrees of risk aversion follows from imposing degrees
of concavity on the utility function. Hence, agent 1’s utility function, u, is “more
concave” than agent 2’s utility function, v, when u(w) = h(v(w)) where h(.) is
an increasing/strictly concave function. Finally, there is another possible measure.
As per Varian ([3] (p. 181)), denote’ a(e) as the maximum amount of wealth® an
agent would be willing to give up so as to avoid the risk, €. Such risk is typically
defined in a very basic way: a random variable with mean zero. One can write
that u(w — a(e)) = E(u(w + ¢)). The utility for diminished wealth (the left-hand
side of this simple equation) is equal to the expected utility of getting into the
gamble. This indeed a very intuitive statement, and it follows that agent 1 with
utility function u(w) is more risk averse than agent 2 with utility function v(w)
when a,(g) > a,(¢e) (and this must hold for any wealth level).

It is instructive to consider the following theorem which establishes the equiv-
alence between the three measures we mentioned above. We adapt the proof from
Varian ([3] (pp. 182-183)). Ingersoll [4] (pp. 40—41) gives also a proof.

Theorem 10 If u(w) and v(w) are two differentiable, increasing and concave
expected utility functions then: —-02 > — W) o ) = h(v(w)) < a,(e) >

u'(w) v'(w)
a,(e), where h(.) and ¢ are defined as above.

Proof. (1). =L@ o VW) 4y = h(v(w)). We do not do this. (2) u(w) =

u'(w) v'(w)

h(v(w)) = a,(e) > ay(e). u(w — a(e)) = E(u(w + ¢)) and by the given we can

6 For a similar discussion, see also Ingersoll [4] (pp. 37-40).
7 We alter somewhat notation. 8 We assume such quantity could exist.
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also see that u(w — a(e)) = Eh(v(w + €)). By Jensen’s inequality, which says
that for a random variable x and f(.) a strictly concave function of x, Ef(x) <
f(Ex). So we can say that Eh(v(w + ¢€)) < h(Ev(w + ¢)) and we know that
h(Ev(w + ¢)) = h(v(w — a,(e)) and h(v(w — ay(¢e)) is equal to u(w — a,(e)), and
therefore we can say that u(w — a,(¢)) < u(w — a,(¢)) and thus it must then be
true that a,(g) > a,(¢). (3) That a,(¢) > a,(e) = A YW can also be

u'(w) v'(w)
proven. | |

> —

A useful comparative static result is as follows. We follow again Varian ([3]
(p- 184)). Consider two assets, one risky and one is risk free, and invest an amount
a in the risky asset. Assume there exists an endowment of wealth of level w. Hence,
w — a is the amount invested in the riskless asset. Second period wealth, w*, can
be written as: a(l +r) + (w — a)(1 +ry), where r is the risk free interest rate.
To simplify, set’ ry = 0. A key question is then: What is the expected utility from
investing a units of currency? One writes Eu(w + ar) = v(a). The first derivative
(towards a) is Eu'(w + ar)r and the second derivative (towards a) is Eu”(w +
ar)r?. With an assumed existence of risk aversion, there is the requirement that the
second derivative is negative. Set the first-order condition as Eu'(w + ar)r = 0.
How does the amount of money invested, a, vary with changes in wealth, w?
Denote a(w) as the optimal level a function of w. Differentiating the first-order
condition with respect to w yields Eu”(w + a(w)r)r(1 4+ a’(w)r) = 0, from where
one finds that a’(w) = % In order to know what the sign behavior is of
a’'(w), the following claim is made. We adapt the claim below from Varian [3]
(p. 185).

Note: Increasing ARA means: if wealth increases, AR A increases; decreasing
AR A: if wealth increases, AR A decreases.

Claim 11 Eu”(w + ar)r is positive, negative, or zero as ARA is decreasing,
increasing, or constant.

Proof. Itneeds to be shown that DARA (decreasing absolute risk aversion) implies
that Eu”(w +ar)r > 0. If r > 0, then ARA(w + ar) = % < ARA(w) and
this can be rewritten as u”(w + ar) > —ARA(w)u’(w + ar), and since r > 0
we can write that u”(w + ar)r > —ARA(w)u'(w + ar)r. Now let us consider
the case of r < 0. Writing that u”(w + ar) > —ARA(w)u'(w + ar) and con-
sidering decreasing ARA (i.e. if wealth increases, ARA decreases) we have
that u”(w + ar) < —ARA(w)u'(w + ar), and since r < 0, we must have that
uw’(w+ ar)r > —ARA(w)u'(w + ar)r. Whether r < 0 or r > 0, we get the same

result. Taking expectations over u”(w + ar)r > —ARA(w)u'(w + ar)r yields

9 This is in fact not an unreasonable assumption in the current financial context where interest rates on current
deposits (in some countries) carry virtually zero nominal interest rates (and possibly negative real interest rates).
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Eu’(w+ ar)r > —ARA(w)Eu'(w + ar)r and we know that Eu'(w +ar)r =0
by the first-order condition. Hence, Eu"(w + ar)r > 0. n

Thus, when the investment in the risky asset, is increasing, risk aversion must be
decreasing. If you reduce the investment in the risky asset, then you get increasing
risk aversion.
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7.5 Possible remedies to the paradox: a brief discussion

In Chapter 2, we have already mentioned the existence of paradoxes in decision
making, most notably the Ellsberg paradox [1]. This paradox is discussed in detail
in Chapter 8, Section 8.6. Please note the paradox is treated in condensed form but
with excellent detail in Kreps [2]. We do not include the details of this paradox at
this point in the book.

However, let us provide for some needed background in order to “set the tone”
of the gravity of this problem for economics. To underscore this “gravity,” let
us consider Schoemaker [3] who at the beginning of his Journal of Economic
Literature article noted (p. 529) that: “It is no exaggeration to consider expected
utility theory the major paradigm in decision making since the Second World War.”
It is really in the light of this quote that one can gauge the impact a paradox such
as Ellsberg’s can have. After all, it affects the expected utility paradigm.

Segal [4] provides for an excellent discussion of the Ellsberg paradox, and for
a proposal and summary of other approaches, to deal with that paradox within
the context of the utility structure well known in economics. Please see also
Section 1 in this chapter. Segal [4] remarks (p. 194) there are two important issues
which relate to the Ellsberg paradox (as presented by Ellsberg himself): (i) the sep-
aration of risk and uncertainty and (ii) the fact that the so called sure-thing principle
(please see again Chapter 8, Section 8.6) cannot be held up at all times as a valid
axiom by actual decision makers. The second point needs emphasizing, since if
indeed the axiomatic structure underlying the Savage model showed this defect, the
model as such was becoming substantially weaker. As we have briefly discussed in
Chapter 2, the Savage model is one of the pillar models of expected utility in
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economics. Hence, the economic theory community (as well as the academics
in applied economics research) were quite keen to see answers to this problem.
Indeed, leading economists have contributed to this important debate.

Segal also indicates [4] (p. 194) that Ellsberg never empirically verified his
proposed paradox.'’ But much research subsequently did (please see Segal [4]
(p. 194) for some of the relevant references).

Let us now briefly consider some of the proposals which were put forward. Segal
[4] distinguishes two groups of proposals: (i) the use of so-called non-additive prob-
abilities or (ii) the use of the additive probability approach (which is the objective
of Segal’s paper). In this book, we will (very) briefly review one non-additive prob-
ability approach. We use the same references Segal proposes. Schmeidler [6] (p.
572) remarks: “non-additive” probability is an objective probability and such type
of “probability(ies) have been in use in physics for a long time.” In this chapter, we
provided for a brief discussion on the use of objective and subjective probabilities.
But let us continue briefly with Schmeidler [6] (p. 572) who remarks that “objec-
tive probability is considered here as a physical concept like ... momentum.”
Schmeidler [6] (pp. 572-573) argues that a die can for instance be made as
“perfect” as possible, i.e. by controlling for a uniform density of the material
used in the manufacturing of the cube etc. By controlling for such physical aspects,
the objective probability of obtaining one of the faces of the die, is indeed 1/6. On
the contrary, the subjective probability of an event, according to Schmeidler [6]
(p. 573), can be seen “as the number used in calculating the expectation. .. of a
random variable.” And Schmeidler immediately adds that “This definition includes
objective or physical probabilities as a special case where there is no doubt as to
which number is to be used.”

Let us now consider one non-additive probability approach. Fishburn, one of
the most noted decision theorists of our times, proposes in his paper (Fishburn [7]
(p- 1052)), six axioms, two of which are of importance to guarantee the existence
of subjective probability.!! A straightforward discussion of each of the six axioms
is provided for in Fishburn [7], pp. 1052—-1053. His axioms imply useful properties,
and most notably one axiom implies a property (‘“‘statewise dominance”) (Fishburn
[7] (p. 1053)) which is a special case of Savage’s sure-thing principle. Theorem 1
in Fishburn [7] (pp. 1053-1054) indicates that his set of axioms do hold if and only
if there exists a unique so-called skew-symmetric bilinear functional, p, so that for
gambles f and g, gamble g is preferred to gamble f if and only if p(f, g) > 0. As
Segal [4] remarks (p. 194), the preferences in the Fishburn model are not assumed
transitive, but theorem 3 in Fishburn [7] (p. 1057) allows for such transitivity, but

10 Wu et al. [5] (p. 404) do mention that some data appeared in Ellsberg’s doctoral thesis at Harvard.
I Remark that the Savage model uses subjective probability (see also Chapter 2).
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as Segal [4] (p. 195) further points out, the skew-symmetric bilinear functional will
not explain the Ellsberg paradox. We note that in Segal’s [4] model (the additive
probability approach) transitivity is satisfied.
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7.7 The role of the law of total probability (LTP): a brief overview

One of the basic laws of classical probability theory is the law of total probability
(LTP). This law is a basic theorem drawn from classical Kolmogorovian probability
theory. It is a consequence of the additivity of probability and Bayes’ formula for
conditional probabilities. We remark that Bayes’ formula is a definition in the
classical Kolmogorov model. The conditional probability P(B|A) is defined by
using the probability P(B N A) of the intersection of events A and B (their joint
occurrence):

P(BNA)
—; P(A) > 0. (7.2)

P(A)

We recall the definition of Kolmogorov probability space. By the Kolmogorov
axiomatics [1], the probability space is a triple:

P(B|A) =

P=(,F,P). (7.3)

Elementary events are denoted by w (those events belong to 2); elements of F
are events, P is probability. We emphasize that Bayes’ formula is not a theorem,
it cannot be derived. Kolmogorov wrote that in his model, Bayes’ formula is a
definition of conditional probability.

We formulate the LTP in the form as it is used in decision making. Consider
two dichotomous random variables a = +1, b = £1. The b-variable describes
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decisions. So, we can make the decision b = +1, “yes,” or b = —1, “no.” The
a-variable describes possible conditions preceding the decision making. For exam-
ple, a = +1: “the climate will change towards warming,” a = —1; the negation.
An example for the b-variable: “one buys a property near the sea,” b = —1; the
negation, b = +1.

LTP The prior probability to obtain the result, e.g. b = +1 for the random variable
b is equal to the prior expected value of the posterior probability of b = +1 under
conditions a = +1 and a = —1:

Pb=j)=Pa=+1)P0b=jla=+1)+Pla=-DP0b = jla=-1), (74)
where j = +1or j = —1.

The LTP gives a possibility to predict the probabilities for the b-variable on
the basis of conditional probabilities and the a-probabilities. The main idea behind
applications of the LTP is to split, in general, a complex condition, say C, preceding
the decision making, into a family of (disjoint) conditions, in our case C{ =
a =+41 and C¢ = a = —1, which are less complex. One can then estimate in
some way (subjectively or on the basis of available statistical data) the probabilities
under these simple conditions P(b = *+|a = %1) and the probabilities P(a = +1)
of the realization of conditions C¢. On the basis of these data, the LTP provides
the value of the probability P(b = j) for j = £1.If, e.g., P(b = +1) is larger than
P(b = —1), it is reasonable to make the decision b = +1, for instance say “yes.”

Typically, decision making is based on two thresholds for probabilities (chosen
depending on a problem): 0 < e_ < g, < 1. If the probability P(b = +1) > ¢,
the decision b = 41 should be made. If the probability P(b = +1) < e_, i.e.
P(b=—1)>1—¢_, thedecision b = —1 should be made. If e_ < P(b = +1) <
&4, then additional analysis should be performed.
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Interference effects in psychology — an introduction

8.1 Classical decision making and the Bayesian approach

In the former chapter (Chapter 7, Section 7.7), we defined the Bayes probability
rule for two events A and B. The Bayesian approach has very important practical
applications. The title of this section of the chapter suggests the Bayesian approach
seems to have a close connection with classical decision making. This is clearly
true, but it does say little on which areas of decision making this approach has high
impact. In financial applications but also in the area of risk and insurance, does
this theory have high levels of use. Robert [1] is an excellent source for a detailed
description. We give here a slightly (but only slightly) more involved definition of
the Bayesian approach. We follow here Shevchenko [2]. Denote, as in Shevchenko
[2] (p. 43)' the density function for a random vector X of data, given a vector of
parameters Y, as Fy|y. The joint density Fy y of the data and parameters is given
by:

Fxy = Ilyx.Fx, (8.1

where Iy x is the density of parameters given that the data are taking a specific
value (the posterior density), Fx is the marginal density of X. Bayes’ theorem is
very close to the above equation, and it says that the posterior density, ITy|x, can
be calculated as:

1
My x = —FxyIly, (8.2)
Fx

where [Ty is the density of parameters. As is indicated in Shevchenko [2] (p. 44), the
density Iy, is characterized by combining prior knowledge (ITy) with information
derived from the data, given thus by Fyy. Shevchenko [2] (pp. 119-120) also
distinguishes two main approaches on how to estimate the parameters of the prior

! We have the adapted the notation.

124
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distribution. In the so-called “pure Bayesian approach,” the prior is subjectively
specified (for instance using opinion), while in the so-called “empirical Bayesian
approach,” data are used for specification. Practical aspects of such specifications
are given also in Shevchenko [2] (see for instance pp. 119-121). We do not expand
on this here.

Schmeidler [3] makes the following very interesting statement (p. 571): “There
are two . . . rules for assigning prior probabilities to events in case of uncertainty.
The first says that symmetric information with respect to the occurrence of events
results in equal probabilities. The second says that if the space is partitioned into
k symmetric (i.e. equiprobable) events, then the probability of each eventis 1/k.”
Schmeidler indicates he does not agree with the second rule. Let us cite him again
(Schmeidler [3] (p. 571)): “The probability attached to an uncertain event does
not reflect the heuristic amount of information that led to the assignment of that
probability. For example when the information on the occurrence of two events
is symmetric they are assigned equal prior probabilities. If the events are com-
plementary the probabilities will be 1/2, independently of whether the symmetric
information is meager or abundant.” This comment clearly puts an important qual-
ifier on the specification of the prior (for instance in the case of the pure Bayesian
approach which we mentioned above).

With this added information in mind, we are now ready to consider Bayesian
decision making in a very different context: non-classical decision making.
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8.3 Non-classical decision making: violation of the LTP (law of total
probability) and the quantum Bayesian approach

The departure point for our quantum journey is the understanding that the LTP, in
spite of its matching with our “natural probabilistic expectations,” is really just a
mathematical theorem. It was proven on the basis of a special mathematical model
for probability, i.e. the Kolmogorov probability model, see Kolmogorov [1]. The
cornerstone of Kolmogorov’s approach is the postulation of a possibility to embed
complex conditions (contexts) preceding the decision making into one probability
space. This postulated (!) embedding provides a possibility to apply to contexts a



126 Interference effects in psychology — an introduction

set-theoretical algebra, known as Boolean algebra. Hence, operations of intersec-
tion, union, and complement can all be used. The first operation (intersection) is the
subject of our main interest, since it plays the fundamental role in Bayes’ formula,
which we recall is a definition of conditional probability in the Kolmogorov model.”
Suppose now that Kolmogorov’s embedding postulate has a restricted domain
of application.> We note this is not surprising at all. All mathematical models are
restricted only to special classes of natural or social phenomena. Thus, the Boolean
algebra cannot be freely applied to any given collection of contexts (i.e. complexes
of conditions preceding the decision making). We are especially interested in the
situation where the operation of intersection cannot be used. In this case, Bayes’
formula for conditional probabilities has no meaning. It then follows that the LTP
cannot be derived in the absence of Bayes’ formula. Hence, the natural law of
classical probability, the LTP, can be violated! Is this surprising? In fact, it is not
more surprising than, for instance, the appearance of non-Euclidean geometries,
e.g. Lobachevsky’s geometry in physics. In parallel to the fact that the Euclidean
geometric model has its limits of application, the Kolmogorov probabilistic model
has its own limits too.
In particular, the LTP is violated in quantum physics, in the double-slit experi-
ment. Please see Chapter 5, Section 3 of this book for details on this experiment.
In this chapter, we consider this experiment again, but now in a way which
is proper for comparing the LTP and decision making. The b-observable (see
Chapter 7 (Section 7)) gives us the position of the photon on the registration screen.
To remain within the objective of connecting with decision making, one can con-
sider the problem of predicting the position of a photon’s registration, that is to pre-
dict the probability that the photon hits a selected domain on the registration screen.
To make the b-variable discrete, we split the registration screen into two domains
say By and B_ and, if a photon produces the black dot in B, we set b = +1. We

can similarly define the result b = —1.
The a-variable (see Chapter 7, Section 7) describes the slit which is used by a
particle, say a = +1 the upper slit and a = —1 the lower slit. For simplicity, we

[N

This is a good place to make a general remark about the role of mathematical models in science. To analyze a
natural or social phenomenon, one should always be aware about the mathematical details of the model which
one wants to use. In the absence of such knowledge, one may risk interpreting features of the mathematical
model as fundamental features of Nature or society. In applying various laws of probability, some researchers
will not take note of the precise mathematical description of those laws. As an example, it is not uncommon to
notice that some researchers working on applications of probability and statistics in various domains of science
maybe sometimes quite ignorant about the Kolmogorov axiomatics of modern (classical) probability theory.
As a showcase to this observation, this phenomenon occurs quite often in quantum physics, including quantum
information theory.

The main problem is that this is a hidden postulate. It does not figure in the list of Kolmogorov’s axioms
(see [1]). Therefore, even if one does read the book ([1]), one may risk not paying attention to this extremely
important (hidden) postulate.

w
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set P(a = +1) = P(a = —1) = 1/2, so the source is placed symmetrically with
respect to the slits. Consider three different experimental contexts:

C : both slits are open. We can find P(b = +1) and P(b = —1) from the exper-
iment as the frequencies of photons hitting the domains B, and B_, respec-
tively.

C{ : only one slit, labeled a = +1, is open. We can find P(b = jla = +1),
Jj = %1, the frequencies of photon hitting B, and B_, respectively.

C? : only one slit, labeled a = —1, is open. We can find P(b = jla = —1),
Jj = =1, the frequencies of photon hitting B, and B_, respectively.

If we put together these frequency probabilities, which were collected in the
three real experiments, then we observe that the LTP is violated, e.g. Khrennikov
[2]. The classical LTP cannot be used to predict, e.g., the probability P(b = +1)
that the photon hits B under the context C (both slits are open) or on the basis of
probabilities P(b = jla = %1), that the photon hits B under contexts C{ (only
one respective slit is open). We remark that here the probabilities P(b = jla =
+1) are statistical empirical probabilities obtained in corresponding experiments.
We have performed experiments under contexts C¢, and we have collected the
corresponding data. We now want to predict the probabilities for a new experiment
(under the context C), but we do not perform that experiment. We can see that the
classical LTP prediction strategy does not work.

An important question is this: Can the LTP be violated outside quantum physics?
Why not! What is the crucial probability issue of the previous analysis of the two
slit experiment? Three experimental contexts C, C{ cannot be embedded in the
same space €2, since one cannot apply to the real physical situation the Boolean
algebra. It is impossible (physically) to make an “intersection” of, e.g., contexts
C and Cf, and to create a context C N C¢. In philosophic terms, this story is
about the principle of complementarity. If we specify the slit, e.g. context C$, we
specify particle features of a quantum system. This destroys the context C describ-
ing the wave features (interference of two waves propagating through two open
slits). In quantum physics, the principle of complementarity is often coupled to
wave—particle duality. We remark that Niels Bohr never mentioned wave—particle
duality. The principle of complementarity was formulated as a general principle
for the existence of incompatible (complementary) experimental contexts. From
a later point of view, it is not so surprising to observe that the principle of com-
plementarity may find applications not only in physics, but even in social science.
We mention that Bohr borrowed this principle from psychology. Our presentation
can be considered as the comeback of the principle of complementarity to psy-
chology and cognitive science. However, we come well equipped with quantum
mathematics.
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8.4 Contextual probabilistic formalization

We now mathematically formalize the above considerations. Consider a context
C (a complex of conditions: for instance physical, social, financial) and two
dichotomous observables a and b. We may call a and b random variables, but
we should remember that these are not random variables in the sense of the con-
ventional Kolmogorov model, i.e. we do not suppose that they can be realized as
(measurable) functions, a, b : 2 — {#1}. These variables under context C have
probabilities P(a = +1|C), P(a = —1|C), P(b = +1|C), P(b = —1|C); here, e.g.,
P(a = +1|C) is the probability that a = 41 under context (condition) C. We will
attempt to escape fixing the interpretation of the probabilities. They can be statis-
tical probabilities obtained via frequencies of results of measurements as well as
subjective probabilities, i.e. probabilities of a priori assignments for the values of
a and b.

In contrast to the LTP formulation of Chapter 7, Section 7 (see equation (7.4)), we
shall proceed by carefully controlling the contextual dependence of probabilities.
We emphasize that context-conditioning is quite different from the standard (as it
pertains to the Kolmogorov model) event-conditioning. The reason for this is not
only limited to the fact that event-conditioning is based on the Bayes’ formula and
Boolean algebra. A context C need not (although can in some cases) be associated
with any event. For example, we can speak about different social contexts, e.g. the
context of the present financial crisis. Thus, in general, a context is a complex of
conditions. In some special situations, the context can be identified with an event.

An important class of such event contexts is given by selection contexts which
correspond to conditioning upon values of some variable. Take a variable, say a,
which takes two values a = +1. Consider two contexts: C¢, the condition that a
takes the value a = +1, and C?, the condition that a takes the value a = —1.

For example, a is a question asked to a group (ensemble) of people. Here contexts
CZ have the ensemble representation: the C{ is characterized by the ensemble of
people who replied “yes” and C“ is characterized by the ensemble of those people
who replied “no.” The original ensemble of people used for this experiment can
be considered as the ensemble representation of some context, say C*. Since all
contexts in this consideration can be represented by ensembles, it may induce the
illusion that this experiment can be described with a unique Kolmogorov space.
This is not true. It is natural to choose the C-ensemble (the original group of people)
as the set Q2. This set was encountered in Chapter 7 (Section 7) as being part of
the triple which defined the probability space (equation (7.3)). Then, of course,

4 This context is determined by conditions under which the original group was created; for example, age,
education, and so on.
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the C¢-ensembles can be considered as subsets, say A, of 2. However, such an
embedding cannot be used for a proper description of the experiment. In general,
by giving the definite answer to the a-question people change their mental states.
People in C¢-groups (sets A4 ) cannot be identified with themselves in the original
C-group (set 2).

Consider now another variable b. Under selection contexts C§, we can per-
form the b-measurement and obtain the corresponding conditional probabilities
(contextual probabilities):

P(b = +1|CY), P(b = —1|C}), P(b = +1|C%), P(b = —1|CY).
To make the notation closer to the standard one, we set:

P(b = +1|C) =P(b = +1la = +1), P(b = —1|C%) =P(b = —1|a = +1),
Ph = +1|C)=P(b = +1ja = —1), Pb=+1|C) =P(b = —1|a = —1).

In the above presentation, we considered measurements of the b-variables. Thus,
the statistical interpretation of probabilities was in use. As was mentioned before,
there are no reasons why one needs to stick to one fixed interpretation. For instance,
we also can appeal to subjective probability. Thus, for example, P(b = +1|C{) can
be interpreted (depending on the problem) as a priori subjective probability that b
takes the value b = 41 under the condition that a has taken the value a = +1.

If the LTP does not hold true (as a consequence of multi-contextuality with
complementary contexts), then the left-hand side of equation (7.4) in Section 7.7
is not equal to the right-hand side. We call this difference the interference term by
analogy with quantum mechanics in which the LTP is violated, inducing a so-called
interference term. In contextual notation, the interference terms are given by:

3(b=+1|C) =P(b = +1|C)— —P(a = +1|C)P(b = +1]a = +1)

—Pa=—1|C)P(b = +1ja = —1), (8.3)
8(b=—1|C) =P(b = —1|C)— —P(a = —1|C)P(b = —1]a = +1)
—Pa=—1|C)P(b = —1|a = —1). (8.4)

This definition can be rewritten as the LTP which is perturbed by the interference
terms:

P(b = £1|C) = P(a = +1|C)P(b = £1]a = +1)
+Pa=—1|C)Pb =*lla = —1)+ 8y,
(8.5)
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where §; = §.(C). By analogy with quantum physics, see Khrennikov [3] for
details, we select the normalization:

i = 08+/2/Ts, (8.6)
where:
[y =1.(C) =Pla =+1|C)P(b = £l|la = +1)Pa = —1|C)
xP(b==xlla=-1) (8.7)
Thus, the LTP with interference terms (8.5) can be written as:
P(b ==x|C) =P(a = +1|C)P(b = £fa = +1)
+Pa=—1|CP(b =+la = —1)+2i:/TIL.  (8.8)

If the absolute values of the normalized interference term A, is less than 1 (for
some g = =£1), we can find an angle 6, such that:

Ag = cos0,. (8.9)
In the opposite case, we use the representation:
Ay = €coshf,, e = %1. (8.10)

Here 6, = 0(¢|C). The “probabilistic phase” 6, depends on the context C. If (8.9)
holds for both ¢ = =+, then this case yields trigonometric interference. If (8.10)
holds for both ¢ = =, then this case yields hyperbolic interference. Otherwise, we
get mixed hyper-trigonometric interference.

In the trigonometric case, we have the following LTP with the interference term:

P(b = £|C) = P(a = +1|C)P(b = £]a = +1)
+Pa=—1|C)P(b = £|a = —1)+2cosbuy/TL. (8.11)

This sort of interference between probabilities can be easily derived in the standard
formalism of complex Hilbert spaces used in quantum mechanics. However, we
emphasize that we did not start with this formalism. We did not start directly
with the assumption that the state of the brain is described by the complex vector
normalized by 1. Of course, one might proceed by starting with this assumption.
But in such an approach one misses the motivation to appeal to the mathematical
formalism of quantum mechanics. Why did the brain select such a representation
of information? Typically to justify postulating the Hilbert space for encoding of
the brain’s states, people appeal to the quantum brain, i.e. the brain as the real
quantum physical system. See, for instance, Roger Penrose [4] [5] and Stuart
Hameroff [6] [7].
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There are strong objections to claim there exists a “physical quantum brain.”
Therefore, we would not like to be rigidly coupled to this model which induces the
interference of probabilities and violation of the LTP in a standard quantum way.

We motivate the use of the mathematical formalism of quantum physics by
its natural appearance from the contextual probabilistic model for representation
of information.” We shall see later on that our very general contextual approach
induces the same LTP with an interference term just as in quantum physics. More-
over, the formalism of quantum physics based on the representation of probabilities
by complex probability amplitudes, on the vector representation of probabilistic
data in complex Hilbert space (Khrennikov [3]) also emerges. Thus, the brain
could design such a representation by attempting to find the simplest form of the
processing of contextual probabilistic data, i.e. a linear representation.

But the situation is more complicated. Besides the trigonometric interference of
probabilities, well known in quantum physics, the contextual formalism induced a
new kind of interference, namely hyperbolic interference:

P(b = +|C) = P(a = +1|C)P(b = *|a = +1)
+Pa=—1|C)P(b = t|a = —1) £ 2coshO,+/TI. (8.12)

Such a deviation from the classical LTP has a natural explanation. We recall
that the interference terms Ay provide the magnitudes of deviations from the
classical LTP (with corresponding normalizations by products of probabilities).
Trigonometric interference is the exhibition of rather small deviations (normalized
by probabilities), so |A.| < 1. Hyperbolic interference is the exhibition of larger
deviations, such that |A4| > 1. Of course, in our contextual model there are no
reasons to assume that deviations should be bounded by 1. We mention that this
may be a sign that quantum observables were selected in a “special” way, inducing
only the trigonometric interference. One may expect that social systems can exhibit
even stronger non-classicality than the quantum systems. It may well be that the
human being is more non-classical than the electron.

It is interesting to remark that starting with the LTP with the hyperbolic inter-
ference term we can develop a formalism based on generalized Hilbert spaces over
algebras of so-called hyperbolic numbers, which is very similar to the standard
quantum formalism in complex Hilbert space. We recall that complex numbers
have the form z = x +iy; x, y € R, and i> = —1. Hyperbolic numbers have the

5 We shall see that, in fact, the canonical Dirac—von Neumann formalism based on the representation of observables
by self-adjoint operators in complex Hilbert space is too restrictive to match the general contextual probabilistic
model. Its generalization based on the so-called lifting of the density matrix should be used to describe
probabilistic data from, for example, psychology. Please see Appendix 1 in the next chapter of this part of the
book.
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form z = x + jy; x, y € R, and j? = +1. In contrast to complex numbers, the
system of hyperbolic numbers is not a field, but only an algebra. This means that the
operations of addition, subtraction, and multiplication are well defined. However,
the division is not. Nevertheless, even in the absence of division it is possible to
proceed quite far (Khrennikov [3]).

8.5 Interference effects in social science: decision making based on
LTP with interference terms

Our basic hypothesis is that cognitive systems (including collective social systems)
can make decisions by using the LTP with non-trivial interference terms. To confirm
this hypothesis, we should find experimental evidence in psychology and cognitive
and social science. One should either design and perform experiments which will
demonstrate the violation of the LTP or find this violation in the existing data.

We remark that the violation of the LTP supports the hypothesis of the complex
vector representation of the information by cognitive systems. We remark that as in
quantum physics via the interference of probabilities, the violation of the classical
LTP is the only possible test for the existence of a kind of wave representation
in the brain. As well as in quantum physics, in neurophysiology it is impossible
(at least at this present time) to observe directly “mental complex amplitudes.”
We hope that our research on the violation of the LTP in the process of decision
making will stimulate neurophysiologists to look for vector (wave) representations
and quantum (quantum-like) information processing in the brain.

Recently Jerome Busemeyer paid attention to some famous experiments in
cognitive psychology (the Shafir-Tversky [8] and Tversky—Shafir [9], experiments)
which could explain violation of the LTP. Those experiments are related to the so-
called “sure-thing principle” and the so-called disjunction effect (see also Rapoport
[10], Hofstadter [11] [12], and Croson [13]).

8.6 Savage sure-thing principle

As we mentioned in the introduction to Chapter 7, expected utility is the tool used
in traditional economics to model uncertainty. Two classical decision (expected
utility) theory paradoxes are the Allais and Ellsberg paradoxes.

In this chapter, we deal extensively with the Ellsberg paradox (see the
Section 8.12 in this chapter on the Tversky and Shafir experiments). The Allais para-
dox (which is not treated in this book) really attacks von Neumann—-Morgenstern
expected utility. This paradox violates the so-called substitution axiom. As we have
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mentioned before, the von Neumann—Morgenstern model is a model of objective
probability (i.e. with probabilities which are given from outside —i.e. exogenously).

The Ellsberg paradox refers to the Savage model and in particular to a violation
of the sure-thing principle, an essential axiom in this expected utility theory. Prob-
ability in the Savage model is determined by the economic agent. Hence, in this
model subjective probability is used in the calculation of expected utility.

The sure-thing principle is quite easy to understand. Consider two sets of gam-
bles. Each set contains two gambles: G1 and G2 for set 1, G3 and G4 for set 2.
Imagine now that the participants in the experiment need to express a preference:
(1) in a first time, do they prefer G 1 over G2 (or vice versa) and (ii) in a second time,
do they prefer G3 over G4 (or vice versa). We can assume that participants in the
experiment are informed of the payoffs of all the gambles. We assume each gamble
has three states of nature: sny, sn,, and sn3. The crux of the sure-thing principle
resides now in paying close attention to the fact that the payoffs of gambles in
set 1, G1 and G2 for state sns, are identical. Similarly, the payoffs of gambles in
set 2, G3 and G4 for state sn3, are also identical.

The sure-thing principle is now easy to understand: the preference of the partic-
ipants in the experiment over G1 and G2 and G3 and G4 are not influenced by the
identical outcomes given state sns.

In Busemeyer et al. [14], it is pointed out that Shafir and Tversky [8] have
uncovered that participants in experiments such as the one described above, do
exhibit many violations of the sure-thing principle (STP).

We can formulate the STP in another possible way (Savage [15]). Following
Khrennikov [16] (p. 93), if you prefer prospect b, to prospect b_, if a possible
future event A happens (a = +1), and you still prefer prospect b, if the future
event A does not happen (a = —1), then you should prefer prospect b, despite
having no knowledge of whether or not event A will happen.

Savage’s illustration refers to a person who is undecided as to whether to buy a
property shortly before a presidential election. Says Savage, “Seeing that he would
buy in either event, he decides that he should buy, even though he does not know
which event will obtain” (Savage [15] (p. 21)). The crucial point is that the decision
maker is assumed to be rational. Thus, the STP was used as one of the foundations
of rational decision making and rationality in general. It plays an important role in
economics in the framework of Savage’s expected utility theory.

Savage’s STP is a simple consequence of the LTP. Consider a Kolmogorov prob-
ability space (£2, 7, P). Suppose that the uncertainty context C and contexts C{
can be embedded in the same probability space, i.e. the situation can be described
by using set-algebra (Boolean algebra). Moreover suppose that C is represented by
Q2. The contexts C{ are represented by subsets AL of Q2 and A_ =Q\ A;. We
hope that the reader will forgive us for the introduction of new symbols A.. We
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want to distinguish sharply between contexts and their set-theoretical images (if
they exist). Suppose now that, for example, for b = +1, both conditional probabil-
ities P(b = +1|C%) and P(b = +1|C?) are equal to 1. We can express contextual
probabilities in the set-theoretic framework:

P(b=+1|C)=P0b =+1), P(b ==%1|C)) =P ==*1|A). (8.13)
We obtain:
Pb=4+1)=Pb=4+11AL UA_)=PA)+PA_)=1. (8.14)

Probability P(b = +1) can be considered as a conditional probability with respect
to the disjunction of events A and A_, i.e.:

P(b = +1]A; UA_).

As we remark in Khrennikov [16] (p. 94) the “violation of (8.14) (is a nonclassical
probabilistic effect)® induced by the creation of disjunction. .. the influence of
disjunction (to the decision b = +1) cannot be reduced to separate out influences
of its counterparts. In cognitive psychology this situation is called the disjunction
effect.”

8.7 Behavioral games: Prisoner’s Dilemma

The prisoner’s dilemma is a very famous example in basic game theory. Many
references exist as to this game. See, for instance, Howard [17] or also Nowak
et al. [18]. It can be formulated in the following simple way. Two individuals
(denote them as ‘SA’ and ‘SB’) are suspected of committing a crime. The police,
wanting to press charges must be able to ascertain who of the two individuals is
the culprit. As is customary, they isolate both suspects. They can either confess or
deny the crime. The situation is summarized below:

Suspect A(SA) PA PA
Suspect B (SB) Confess Deny
PB Confess 4 years; 4 years 1 year; 8 years
PB Deny 8 years; 1 year 2 years; 2 years

From the table, one can see that the suspects can do well by both denying.
However, the players can do better if one of them confesses (i.e. betrays the other
suspect). In that case, the suspect who confesses only gets one year, while the denier
gets eight years. If both of them confess, then they are worse off when compared
to when both of them were denying. This is obvious. The problem in the prisoner’s

6 See the paper by Shafir and Tversky [8].
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dilemma thus returns to the issue that since one suspect does not know what the
other suspect will do, no best action can be taken. How should the prisoners act?
Rational prisoners, i.e. prisoners who proceed on the basis of the Savage STP,
should always (both) select the strategy to betray, i.e. to cooperate with police.

8.8 Violation of rationality in the experiments of Shafir and Tversky
8.8.1 Contexts involved in the Prisoner’s Dilemma (PD)

This sub-sub-section reproduces’ part of Section 7.4.1 in Khrennikov [16]
(pp. 101-102).
The following mental contexts are involved in the PD:

« Context C, representing the situation when a player has no idea about the planned
action of the other player, the “uncertainty context.”

« Context C¢, representing the situation when the B-player supposes that A will
stay silent (“‘cooperate”), and

o Context C?, when B supposes that A will betray (“compete”).

Such a version of the PD experiment was performed by Croson [13].

Another version of the PD experiment (which is also realistic) was performed
by Shafir and Tversky [8]. In their experiments, the B-player was informed about
the real actions of the A-player.®

We can also consider similar contexts C2. We define dichotomous variables
a and b corresponding to actions of players A and B: a = +1 if A chooses to
cooperate and a = —1 if A chooses to compete; the b values are defined in the
same way.

A priori the law of total probability might be violated for the PD, since player
B is not able to combine contexts. If those contexts were represented by subsets
of the so-called space of “elementary events,” as is done in classical probability
theory, then player B would be able to consider the conjunction of the contexts
C and, e.g., C{. Therefore, player B could operate in the context C A C{ (which
would be represented by the set C N C¢). But the very situation of the PD is such
that one cannot expect contexts C and C4 to be peacefully combined. If player B
obtains information about the planned action of player A (or even if he just decides
that A will play in a definite way, e.g. the context C§ will be realized), then the
context C is simply destroyed. It could not be combined with C¢.

We can introduce the following contextual probabilities:

7 Andrei Khrennikov (2010). Prisoners Dilemma. Ubiquitous Quantum Structure: From Psychology to Finance.
Springer-Verlag, Berlin, Heidelberg, pp. 101-102.
8 It actually is a little bit more complicated. Please see the fuller description of their experiment below.
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e P(b = %1|C): probabilities for actions of B under the complex of mental con-
ditions C.

o pix =Pl ==I1|C)) and p_1 =P(b = £1|C%): probabilities for actions of
B under the complexes of mental conditions C§ and C?, respectively.

e P(a = £1|C): prior probabilities that B assigns for actions of A under the
complex of mental conditions C.

As we pointed out, there is no prior reason for the LTP to be true in this situation.
Recently, Busemeyer et al. [14]; [19]-[21] have shown that the LTP can be violated
by statistical data collected by Shafir and Tversky [8] many years ago.

8.9 Prisoner’s dilemma-type experiment: Shafir and Tversky

This sub-section reproduces’ part of Section 7.4.1 in Khrennikov [16] (pp. 102—
103).

Shafir and Tversky [8] performed the following PD-type experiment. Participants
were told that they would play a two-person PD against another participant. In fact,
contrary to what they had been told, participants played against a pre-programmed
strategy. All participants were told that they had been randomly assigned to a
bonus group, which meant that they would occasionally be given information
about the other player’s already chosen move before they had to choose their own.
Throughout the experiment, each participant saw three versions of each PD: one
in which the other player’s move was unknown, one in which the other player had
cooperated, and one in which the other player had defected.

In the Shafir-Tversky [8] PD experiment: we have,

e P(b=—-1|C)=0.63 and hence P(b = +1|C) = 0.37,
e p__ = 097, pP—+ = 003, P+— = 084, P++ = 0.16.

As usually in probability theory, it is convenient to introduce the matrix of
transition probabilities:

prla _ (0-16 084
— 1003 097)°

We point out that this matrix is stochastic (as it should be). But it is clear that the
matrix obtained by Shafir and Tversky is not double stochastic!

9 Andrei Khrennikov (2010). Prisoners Dilemma. Ubiquitous Quantum Structure: From Psychology to Finance.
Springer-Verlag, Berlin, Heidelberg, pp. 102-103.
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8.10 Violation of double stochasticity for matrices of
transition probabilities

In probability and combinatorics, a double stochastic matrix is a square matrix of
non-negative real numbers, with the peculiar property that each of its columns add
up to 1 and each of its rows add up to 1. When only the columns of non-negative
real numbers (of the square matrix) add up to 1, then one obtains a left stochastic
matrix. When only the rows of non-negative real numbers (of the square matrix)
add up to 1, then one obtains a right stochastic matrix. Hence, a double stochastic
matrix must be both left stochastic and right stochastic.
We emphasize that, since:

P(b =+1|CH) +P(b=—-1|C)) =1, P(b=+1|C.-)+Pb =—1|C) =1,
or in our notation:

P+++pr—=1py+p_=1

the matrix P’¢ is always a right stochastic matrix.

If P’ was produced by quantum observables represented by symmetric opera-
tors a and b (in the two-dimensional complex space), it should be double stochastic,
since in such a case, e.g.:

Dot = H{FalHu)1? = [(Fpl+a) %,

where |£,) and |%,) are normalized by 1, eigenvectors of operators a and b are
defined respectively:

aldq) = £|£a), blEp) = £|+£p).

To derive double stochasticity, we apply the Parseval equality.

We point out again that matrices of transition probabilities constructed from
experimental data in cognitive psychology are not double stochastic. We now follow
Khrennikov [22] (p. 186). On the other hand, matrices of transition probabilities that
should be generated by conventional quantum mechanics in the two-dimensional
Hilbert space are always double stochastic.

We can present two possible explanations of this “non-double stochasticity
paradox”:

(a) The statistics of these experiments are neither classical nor quantum (i.e.,
neither the Kolmogorov measure-theoretic model nor the conventional quantum
model with self-adjoint operators could describe these statistics).

(b) Observables corresponding to real and possible actions are not complete. From
the viewpoint of quantum mechanics, this means that they should be represented
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not in the two-dimensional (mental qubit) Hilbert space, but in a Hilbert space
of a higher dimension.

8.11 Prisoner’s dilemma-type experiment: Croson

This sub-section reproduces'” part of section 7.4.1 in Khrennikov [16] (pp. 103—
104).

Croson [13] performed a similar experiment with one important difference.
Unlike the original Shafir-Tversky experiment, participants were now not informed
that they belonged to a “bonus group.” They were also not informed they would
occasionally get information about actions of their co-players (in advance). Partic-
ipants were proposed — in a subset of games — to guess the actions of co-players.
Hence, the PD game in this version became a game with elicited rather than con-
trolled beliefs. In such a PD experiment, Croson obtained the following data:

P(b = —1|C)=0.225 and hence P(b = +1|C) = 0.775; so the cooperation
rate was essentially higher than in the original Shafir-Tversky experiment:

p—— = 068, pP—t+ = 032, P+— = 017, P++ = 0.83.

Hence, the matrix of transition probabilities is:

pla _ (083 0.17
—\032 068)°

We see an essential deviation from the original Shafir—Tversky experiment. It is
especially interesting that both experiments were based on the same payoff matrix:

75,75 25,85
85,25 30,30/°

Croson’s experiment is very important in our mental contextual model. A mental
context can be changed not only by a “real change of the world,” but even by the
brain’s self-measurement. Even by imagining something, the brain changes its state
of mind, i.e. its mental context.

In Croson [13], an asymmetric version of the PD was performed. Here the payoff
matrix had the form:

85,65 35,75
95,15 40,20/

Here:

P(b =—1|C) = 0.375 and hence P(b = +1|C) = 0.625,

10 Ibid., pp. 103-104.
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so the cooperation rate was essentially higher than in the original Shafir-Tversky
experiment:

p__ =065, p_ =035 p._ =047, p,r =053

Hence, the matrix of b|a-contextual probabilities is:

phla _ (053 0.47
— 1035 065)°

8.12 Gambling experiment — 1: Tversky and Shafir

The experiment that Tversky and Shafir [9] proposed to test the disjunction effect
is well described in Busemeyer [20]. We follow this description here. Experiment
participants have an equal chance to win $200 or lose $100. The key issue consists
in remarking that the gamble is played in sequence: playl and play2. Playl is
required. Play2 is optional. The experimenters then considered three conditions.
In condition (i) experiment participants were told they won play1, but in condition
(ii) they were told they lost play1. In condition (iii) nothing was told to participants
in the experiment as to the outcome of playl. As we have indicated before in
this chapter (Section 8.6), the adding in of a sure outcome should not influence
the preferences. Recall the four gambles, G1, G2, G3, and G4 we discussed in
Section 8.6. Preferences of G1 over G2 and G3 over G4 should not be influenced
by the identical outcomes in state sn3. In a similar way, can we claim the same
outcome with the set-up in the Tversky and Shafir experiment: if you prefer to
gamble in play2, given that you know you lost in playl, and you prefer to gamble
in play2, given that you know you won in play1, then it should not matter that you
do not know the outcome in play1 in order to prefer to gamble in play?2.

Consider still another way to look at the experiment. We follow here Khrennikov
and Haven [23] (p. 380), where we show a very common form of presenting the
paradox. Consider the following experiment. We have an urn with 30 red balls and
60 other balls (blue and green). We do not know the exact proportion of green and
blue balls. We consider four gambles and we ask experiment participants to express
a preference between gambles 1 and 2 and between gambles 3 and 4. The gamble’s
payofts are as follows:

1. Gamble 1 (G1): you receive 1 unit of currency (uoc) if you draw a red ball.

2. Gamble 2 (G2): you receive 1 unit of currency (uoc) if you draw a blue ball.

3. Gamble 3 (G3): you receive 1 unit of currency (uoc) if you draw a red or green
ball.

4. Gamble 4 (G4): you receive 1 unit of currency (uoc) if you draw a blue or green
ball.
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Most of the experiment participants (and this result has occurred in repeated
experiments) will prefer G1 over G2, G1 > G2. The intuition for such preference
can be explained by the fact that one knows the odds of winning in G1 (i.e. 1/3
probability) but in G2 one is unsure about the odds. Participants in this experiment
also indicated that G4 > G3. Here again, one knows the odds of winning in G4 are
2/3. However, one is unsure about the odds in G3. Hence, the odds are ambiguous
in G2 and G3.

This paradox clearly violates the sure-thing principle. This can be easily shown
(see Khrennikov and Haven [24] (p. 7)) if we use the following table to summarize
the payoffs (in units of currency):

Red Blue Green
Gl 1 0 0

G2 0 1 0
G3 1 0 1
G4 O 1 1

The constant payoffs in set 1 (G1 and G2) and in set 2 (G3 and G4) should not
influence the preferences. Hence, if G1 > G2, then, using the sure-thing principle,
it should be G3 > G4. As indicated already above, experiment participant will
very often indicate G3 < G4.

Let us now cast the Ellsberg paradox in notation which can be used for our
purposes. Here, a gambling device, e.g. roulette plays the role of A. B is a
real player, his actions are b = +1 to play the second game, and b = —1 not
to play the second game. The context C corresponds here to the situation when
the result of the first play is unknown to B. The contexts C4 correspond to
the situations when B is informed of the results a = +1 of the first play in the
gamble.

Tversky—Shafir gambling experiment, the version with the same group of
students.

We reproduce'! here part of section 7.4.2. in Khrennikov [16] (p. 104).

The data given here derive from the experiment which was performed for the
same group of students, but under different contexts C f (win context), C4 (lost-
context), C (uncertainty context). Please note that there was a ten day pause between
successive experiments. From Tversky and Shafir [9] we have:

P(b =+41|C)=0.36 and hence P(b = —1|C) = 0.64;
p—+ =059, p__=041; pyy =0.69, p,_ =0.31.

Il Andrei Khrennikov (2010). Gambling experiment. Ubiquitous Quantum Structure: From Psychology to
Finance. Springer-Verlag, Berlin, Heidelberg, p. 104.
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We get the following matrix of transition probabilities:

phla _ (069 031
—\059 041)°

This matrix of transition probabilities is not double stochastic either, compare with
previously considered PD-type experiments.

8.13 Gambling experiment — 2: Tversky and Shafir

We reproduce'? here part of section 7.4.2. in Khrennikov [16] (pp. 104-105).

In the same paper, Tversky and Shafir [9] modified the gambling experi-
ment. Three different populations, one for each context, were involved in the
b-measurement (between subject design). The data are:

P(b = +1|C) =0.38 and hence P(b = —1|C) = 0.62;
P—+ = 057, pP—— = 0.43, P++ = 069, P+— = 0.31.
We get the following matrix of transition probabilities:

P 0.69 0.31
- \0.57 043)°
8.14 The Hawaii vacation experiment

We reproduceI3 here Section 7.4.3 and part of Section 7.5 in Khrennikov [16]
(p. 105).

Tversky and Shafir [9] considered the following psychological test demonstrat-
ing the disjunction effect. They showed that significantly more students report that
they would purchase a non-refundable Hawaii vacation if they knew that they had
passed or failed an important exam as opposed to the case when they did not know
the outcome of the exam.

The latter context is denoted by C and the “passed” context by C¢ and “failed”
context by C*.

Here the results are:

P(b =+1|C) = 0.32 and hence P(b = —1|C) = 0.68,;
p++ =054, p_. =057, py_ =046, p__ =0.43; and

prla _ (054 0.46
—\057 043)

It is again not a double stochastic matrix.

12 Ibid. pp. 104-105.
13 Andrei Khrennikov (2010). Exam’s result and Hawaii experiment + reason Based Choice and Its Quantum

Like Interpretation. Ubiquitous Quantum Structure: From Psychology to Finance. Springer-Verlag, Berlin,
Heidelberg, p. 105.
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Tversky and Shafir [9] claimed that the disjunction effect is caused by a decision
process of reason-based choice. Participants, instead of considering the conse-
quences of their decisions, focus on reasons to choose one thing versus another.

Let us go back to the Hawaii experiment. If the exam were passed, there would
be a good reason to go to Hawaii — to celebrate. If the exam were failed, there
would also be a good reason to go to Hawaii — to console oneself. However, before
knowing the outcome of the exam, there is no reason to go to Hawaii. Hence,
participants choose not to go. This dependence on reasons for choice leads to
violation of the STP.

Bagassi and Macchi [25] show that the disjunction effect does not depend on
the presence of uncertainty (pass or fail the exam), but on the introduction into the
text-problem of a non-relevant goal (“paying to know”).

In PD-type games, the information (real as well as obtained by imagination)
on plans of the A-player induces reasons (for the B-player) that are absent in the
absence of this information.

8.15 Non-classicality of statistical data: non-zero coefficients
of interference

The presented experimental data demonstrate the violation of the LTP:

(1a) Tversky—Shafir gambling experiment: version 1 (with the same group of
students) (Section 8.12). We reproduce'* here part of Section 7.6 in Khrennikov [16]
(p- 106). Here a-probabilities are equal: they were produced simply by a random
generator imitating the first play of the gamble. Simple arithmetic calculations give:

8y =—0.28, A =—-0.44;

5_ =0.28, A_=0.79.
The coefficients of interference are non-zero! Thus, the probabilistic data are non-
classical. These coefficients are bounded by 1. Thus, a non-classical version of the

LTP (with trigonometric interference) holds true. Here, the probabilistic phases
are:

6, =2.03,0_ = 0.66.

(1b) Tversky-Shafir gambling experiment: between subject design
(Section 8.13). We reproduce'® here part of Section 7.6 in Khrennikov [16]

14° Andrei Khrennikov (2010). Coefficients of interference and quantum like representation. Ubiquitous Quantum
Structure: From Psychology to Finance. Springer-Verlag, Berlin, Heidelberg, p. 106.
15 Tbid.
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(p- 106). Here also, the a-probabilities are equal. We find:

5. =—025 i,=-04, 0, =198;
5. =025 A =0.69, 6_=038l.

Thus (as one can expect), the uncertainty context C is again non-classical; it is
trigonometric.

(2) Shafir-Tversky PD experiment. We reproduce'® here part of Section 7.6 in
Khrennikov [16] (p. 107). In this PD experiment (Section 8.9) the B-player was
given the information that the A-player had chosen to cooperate and to compete
an equal number of times. Thus, here the a-probabilities are also equal. Here
A_ = —0.31 and hence the phase is _ = 1.89. However, A, = 3.98. Thus, the
interference level is very high. It exceeds the possible range of the conventional
trigonometric interference. This is the case of hyperbolic interference! Here the
hyperbolic phase 6, = arccosh (3.98) = 2.06.

This is the first example of hyperbolic (in fact, hyper-trigonometric) inter-
ference! It shows that students are even more non-classical than electrons and
photons!

(3) Tversky—Shafir Hawaii experiment (Section 8.14). We reproduce !’ here part
of Section 7.6 in Khrennikov [16] (p. 107). Here the a-probabilities are equal as
well. We have:

6+ = 017, )\.+ = 03, 9+ = 13,
6. =-0.17, »_=-0.37, 6_=2.

In summary, in all of the presented experiments, the LTP is violated. This means
thus that the probabilistic behavior of players is non-classical. However, contrary
to Savage, we would not call such a behavior solely irrational: it is irrational, but
non-classical, behavior.

Remark (On the equality of a-probabilities) In all experiments considered above,
besides Croson’s experiment'® the a-probabilities are assumed to be equal. In fact, it
is a rather natural assumption for decision making in the absence of information on
possible actions of the A-player to put equal probabilities for the player’s possible
actions.

16 Ibid., p. 107. 17 Ibid.

18 We were not able to get the a-probabilities for this experiment. We communicated with the author and she
promised to send us data. But, finally, we did not get the data. The experiment was done a long time ago and at
that time the a-probabilities were not important: Croson (as well as Tversky and Shafir) were interested only
in transition probabilities, since only these probabilities were used in their discussions on irrational decision
making. Hence, the a-probabilities were not included in the paper [13].
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8.16 The constructive wave function approach and fit to data from the
experiments of Shafir and Tversky

The Law of Total Probability (LTP) with the trigonometric interference term pro-
vides for a possibility to represent probabilities by complex probability amplitudes:
i.e. on the basis of probabilistic data, one can reconstruct a probabilistic amplitude.
Roughly speaking, if the cognitive systems really function on the basis of the com-
plex vector representation of information, then such a representation can be recon-
structed. This encapsulates the core of the constructive wave function approach. A
detailed (quite advanced mathematical) presentation of this approach can be found
(in the very general case, i.e. without coupling to cognition) in Khrennikov [3].

For the purpose of this section, let us make a short and simple presentation. We
use the elementary formula for complex numbers (which can be checked by direct
calculation):

D=A+B+2JABcosH = VA + ¢’/B|?,

for real numbers A, B > 0, 6 € [0, 27 ]. By using the LTP with the trigonometric
interference term, we can represent the probability P(b = B|C), f = %1, as the
square of the complex amplitude (Born’s rule):

P(b = BIC) = [Yc(B)* . (8.15)

Here:

Y (B) = ¥e(B) = vPla = +1|C)P(b = Bla = +1)
+€%P /P(a = —1|C)P(b = Bla = —1).  (8.16)

The formula (8.16) gives the quantum representation algorithm. For any trigono-
metric context C by starting with the probabilistic data:

P(b = £1|C), P(a = £1|C), P(b = +1|a = £1)

this algorithm produces the complex amplitude ¥/¢, which we can call the “mental
wave function,” i.e. the quantum informational state of the brain.

Let us now reconstruct “mental wave functions” (Asano et al. [26]) for experi-
ments on the disjunction effect:

(1a) Tversky—Shafir gambling experiment, version 1 (Section 8.12):
V(+) ~ 0.59 + ¢*9 0.54; (=)~ 0.39 + "7 0.45. (8.17)

(1b) Tversky—Shafir gambling experiment, version 2, between subject design
(Section 8.13):

V(+) ~ 0.59 + "% 0.53; (=)~ 0.39 + "' 0.46. (8.18)
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As one can expect, the two complex vectors (8.17) and (8.18) do not differ too
much.

We postpone the presentation of the Shafir—Tversky PD experiment, since it
exhibited hyperbolic interference. We go directly to the Hawaii experiment:

(3) Tversky—Shafir Hawaii experiment (Section 8.14):
V(+) ~ 0.59 + "% 0.53; (=) ~ 0.39 + "8 0.46. (8.19)

The LTP with trigonometric interference induces the representation of data
by complex amplitudes and the LTP with hyperbolic interference induces the
representation of data by hyperbolic amplitudes, see Khrennikov [3] for details.

In this book, we do not want to depart from the complex Hilbert space model
of cognitive processing of information. We just mention that the Shafir—Tversky
PD experiment provides for a sign that cognitive systems exhibit more complex
information behavior than physical quantum systems. The complex Hilbert space
model is too restrictive for their description. Thus, other non-classical models,
including models based on Hilbert space should be explored.

We remark that even for interference coefficients which are bounded by 1 (in the
case of trigonometric interference), the experiments in cognitive psychology which
were presented in previous sections can be considered as a sign that the canonical
(Dirac—von Neumann) quantum formalism does not work. The matrices of transi-
tion probabilities are not double stochastic. This seems to be a general feature of
mental observables. Up to now, we have not found statistical data which produce
double stochastic matrices. A natural generalization of the canonical (Dirac—von
Neumann) quantum formalism is given by the quantum Markov chain model,
developed by Accardi et al. [27].

We move the presentation of the quantum Markov chain description of data from
the experiments in cognitive psychology (with the trigonometric interference) to
Appendix 2 of the next chapter, because the model is quite complex mathematically.
It is based on a quite complicated construction of quantum information theory,
also known under the name of “lifting” (see Appendix 1 of the next chapter). As a
numerical example, we will construct'” in the next chapter a quantum Markov chain
representation of the data from the Shafir—Tversky PD experiment (see Appendix 2
in the next chapter).

8.17 Other experiments

In this section, we propose a practical experiment to measure the level of prob-
ability interference. See for instance Khrennikov [28]. Within this section, until

19 This is joint work of one of the authors with L. Accardi and M. Ohya [29].
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Section 8.17.3, we follow entirely (with very slight modifications) Khrennikov and
Haven [24] (pp. 17-24).”Y See also Haven [30] for a brief summary.

Assume there exists two mutually exclusive features A and B. Each feature
has a dual outcome, “0” or “1.” The outcome “0” in features A and B is denoted
as respectively a; and b;. Similarly, the outcome “1” in features A and B can
be denoted as respectively a, and b,. There exists an ensemble of experiment
participants, ¥ who have the same mental state. The ensemble probability is
denoted as p} and is defined as:

number of results a;

a4 — . 8.20
Pi= total number of elements in & (8:20)

Similarly for p? . A new ensemble ¥ needs to be prepared to perform the
measurement p?.

Ensembles, X{ and Ef’ ;1 = 1,2 need then to be prepared and they have states
corresponding to the values of A = a; and B = b;; j = 1, 2. The following prob-
ability is then defined:

alp __ number of results a; for the ensemble x?

abb _ TS (8.21)
/ total number of elements in X;

Likewise for pf.’j'a. From classical probability theory, total probability is defined
as:

alb alb, .
P =pipl} + phpsyii = 1.2, (8.22)

A similar definition can be made for p? .
In the presence of probability interference, one obtains (see also the section on
contextual probability formalization in the beginning of this chapter):

b b b b .
p§ = piply + pips) + 2y pipipi) pa) cos6y; ) = 1,2, (8.23)

where cos 6; is defined as:

a b b
S — pipi} + pips)

b_b_alb_alb
2\/ P1DPyPyj Py
If the cos6; is non-zero, then this would be indicative of the existence of the

quantum-like behavior of cognitive systems. A similar definition can be made for
b
pj-

(8.24)

cosf; =

20 This is Section 9.1 until Section 9.4 in that paper.
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8.17.1 Description and discussion of a proposed experiment

What is the conjecture we want to test? We note that the test description which we
will explain below does not contain the minute details of the experimental set up.
We only provide for a fairly general discussion of how we could possibly test our
conjecture.

In basic terms the experiment deals with having experiment participants rec-
ognize a list of songs from a pre-determined list of songs. The tempo of each of
the songs is distorted by either lengthening or shortening the tempo. We use the
definition of tempo as in Levitin and Cook [31] (p. 927): “the amount of time it
takes a given note or the average number of beats occurring in a given interval of
time, usually beats per minute.” Kuhn [32] (p. 270) defines, beat tempo, in a very
similar way as: “the rate of speed of a composition.”

The time of listening exposure the test participants are allowed so as to recognize
each of the songs varies. The time of exposure is lengthened when the tempo is
increased. However, the time of exposure is shortened when the tempo of songs is
decreased. The rationale for this time variation is discussed below.

The experiment participants are divided into several groups. We first want to
discuss the “normed” group. Levitin and Cook [31] in an experiment on tempo
recognition asked experiment participants to sing tunes of songs they themselves
had picked from a list of available songs. They examined how well the participants
could mimic the tempo of each of the chosen songs. In their experimental set up,
they formed a group of experiment participants (250 students) who would fill in
questionnaires which would allow, what Levitin and Cook [31] called, “norming.”
This questionnaire, in the words of Levitin and Cook [31] (p. 929), asked them (the
test participants) “to indicate songs that ‘they knew well and could hear playing
in their heads’.” If we were to set up such an experiment ourselves, then we
would categorize experiment participants in the “normed” group, to do exactly
that: indicate songs they know well. We would then also need to determine a set of
songs which we can term as being “best known.” However, we may want to make
sure we use songs from different music categories. In a study by Collier and Collier
[33], the authors examine tempo differences in different types of music (like jazz
and other types). The authors find that the tempo differences are quite tied to the
music genre in question. Furthermore, Attneave and Olson [34] indicate that the
size of a music interval is dependent on the level of frequency of the music.

In the Levitin and Cook [31] study, the 250 students we mentioned above, were
all taken from a psychology 101 course (i.e. an introductory level Psychology
course). Those students were given the questionnaire and from their answers the
experimenters chose 58 CDs. Our experiment proposal would not really follow the
Levitin and Cook [31] study closely, since we instead would ask participants to
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recognize songs we played randomly from a list we selected from the choice of
songs the “normed” group puts forward. In our experimental set up, the experiment
participants have to recognize songs we play for them when tempo and time of
exposure is varied. In the Levitin and Cook [31] study, participants are asked to
sing or hum a song for a time the participant selects him/herself and the obtained
tempo is then compared with the copyrighted song’s tempo.

Besides the normed group, we would in our envisioned experiment, have two
other groups of experiment participants. We note that none of the members of the
“normed” group would participate in the experiment itself.”’ We have therefore
two other groups. Group 1 whose participants are subjected to song excerpts where
tempo decreases are randomly injected into each song. The time of listening expo-
sure for each song is short. Participants in group 2 will be subjected to song excerpts
where tempo increases are randomly injected into each song. The time of the lis-
tening exposure for each song is longer than in each of the songs used in group 1.

The rationale for the variation of the exposure time comes from a study by Kuhn
[32],% where it was found that test participants were better able to detect tempo
decreases rather than tempo increases. Kuhn [32] (p. 271) indicates that a study
by Farnsworth [35] showed that the “listener is most likely to change affective
terms with which he describes a piece of music whenever its tempo is appreciably
slowed or hastened.” >* Kuhn [32] in his experiment set-up, where he solely used
professional musicians, showed that the beat tempos which had been decreased
were identified faster (in a statistically significant way) than beat tempos which
had been increased. Kuhn [32] indicates those results also had been obtained,
independently, in a study by Drake [36]. In more general terms, the work by Drake
and Botte [37] addressed a fairly similar problem. They had subjects listen to two
identical sequences (except for their tempo difference). One sequence had a higher
tempo than the other. The subjects were asked to indicate which sequence was faster.

We note that the tempo experiments by Kuhn [32] did not make use of music.
However, the Kuhn [38] study does provide for this. In this study, mention is made
of the work by Geringer and Madsen [39], which actually finds, in the context
of orchestral music, that tempo increases were more easily identified than tempo
decreases.

The Kuhn [38] study provides for a rich context in which one can appreciate
how tempo changes can be affected by extraneous variables such as melody activity
and audible steady beats. The study finds that when melody activity and audible
steady beat were kept constant, the experiment participants (the participants were

21 This is probably wishful thinking. Running the experiment with a sufficiently large pool of students may well
be very challenging.

22 Also reported in the Levitin and Cook [31] paper (p. 931).

23 Kuhn’s [32] study also discusses rhythm besides beat. We omit it here.
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students at an elementary school with a very strong music programme) could
distinguish well between slow and fast tempo. However, experiment results in this
study showed that melody activity clearly affected tempo perception, but there was
much less certainty as to how tempo recognition is affected when audible beat was
considered. It needs to be stressed that, according to Kuhn [38], there exists a sizable
literature which documents that there is ambiguity in tempo perception. Kuhn [38]
cites work by (amongst others) Madsen et al. [40] and Wang and Salzberg [41].
One way out, as suggested in Kuhn [38], is then maybe to only use musicians as
experiment participants in groups 1 and 2 (besides the normed group participants).

Khrennikov and Haven [42] have described an experiment where we can test
for the same type of variables (time and degree of deformation) by using instead a
database of pictures.

In our potential experiment, two features of the song recognition would be
compared:

1. time of processing of the songs,
2. the ability to recognize a song, Sy, by analyzing a deformation S of it.

We denote the time of processing of the song with the variable 7. The ability
to recognize the song with tempo deformations, which are either increasing or
decreasing, is denoted with the variable a.

The conjecture we want to test is:

Conjecture 12 t and a are complementary.

Preparation

The state preparation of the experiment can be described as follows. The experimen-
tal context (state) C is given by a sequence of songs, S, ..., S,,. The experiment
participants form a group G and each of the participants are exposed to all the songs
(from the distilled list of songs taken from the normed group) excerpts they will
hear. The context allows thus the experiment participants to learn the songs (some of
the songs they surely will know, but some they may not know as well (or not at all)).

In the Levitin and Cook [31] study, 46 students were selected for the tempo
recognition experiment. After learning has taken place, the group G is randomly
divided into two equal subgroups G and, G,.

First experiment: song tempo decreases and short exposure time

A first experiment would be performed with experiment participants from group
G 1. As was done in Levitin and Cook [31], test participants are to be seated in a
so-called sound attenuation booth. Each of the participants is then subjected to a
battery of songs (selected from our “best” songs (from the normed group)) played
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sequentially. Each of the songs is played for the same amount of time. In this
first experiment, the tempo of each of the songs is decreased and the exposure
time (to listen to the song) is kept uniformly short.”* Experiment participants must
choose from the full list of songs which the they are listening to. Songs in the
full list are indicated (alphabetically) by the name of the singer or composer. Next
to the authors’ name is the title of the song and the record company owning the
copyright of the song. We also note that experiment participants need to pick the
song from the list within a uniformly prescribed time interval. This is a possible
issue of contention. Kuhn [32] reports that professional musicians need less time to
respond to a tempo change and they also make less mistakes than non-professional
musicians. A study related to this issue is Kuhn’s [43] paper which reports that, on
a longitudinal basis, test participants (from all walks of life), when asked to keep
a constant tempo, seem to instead increase tempo. Our study would not be able to
contain only test participants who are musicians. Hence, setting the response time
too short could thus create a negative bias.

The low tempo songs Si,...,S, are deformations of the original songs
Si, ..., Sm- The tempo change could be fine tuned in the way Madsen and Graham
[44] (see also Kuhn [32]) have proposed. Those authors propose a modulation rate
(of tempo) of one beat per minute change every second.

Experiment participants in group G; are subjected to listening to Sj,..., S,
and also to listening to a few other songs which have not been part of the training
sample. We denote this set of songs as: Sg,. The width of the time window, w, is a
parameter of the experiment.

The task the experiment participants have to fulfill is to indicate whether they
either recognize or not the songs S, as modifications of the songs i, ..., S,,. We
can make this experiment a little more sophisticated by using the procedure Levitt
[45] used. See also Drake and Botte [37] where the Levitt [45] approach is described.
Levitt [45] would decrease the tempo difference between two subsequent sequences
by 1%, if the subjects gave two correct answers (to the two prior sequences). In
some sense, the tempo decrease compensates for the shorter period which is given.
We could also make it increasingly harder for test participants by instead increasing
the tempo for every correct answer.

Let w be an experiment participant from group G performing this task. We set
t(w) = 1 if  was able to give the correct answers for x % of the songs in Sg,; and
t(w) = 0 in the opposite case.

We now find probabilities P(t = 1|C) and P(¢ = 0|C) through counting num-
bers of experiment participants who gave answers t = 1 and ¢ = 0, respectively.

24 The “shortness” of the exposure time is obviously a calibration issue. Please see below for some beginning
discussion on this topic.
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We denote respective subgroups of experiment participants by G(f = 1) and
G(t = 0), respectively. The first subgroup consists of experiment participants
who have the ability to perform song recognition (with tempo decrease) “quickly”
and the second subgroup consists of experiment participants who do not possess
that feature.

Second experiment: song tempo increase and long exposure time

The second experiment is performed with experiment participants from the group
G, as well as the subgroups G(t = 0) and G (¢t = 1) of the first subgroup G .

The song deformations now are based on song tempo increases, which, as per
the experiment of Kuhn [32], are deformations which are harder to recognize. We
denote those deformations as S, ..., S, of the initial songs Sj, ..., S,,. As in the
first experiment, “unknown” songs will be added to the group of songs. We denote
the set of essentially deformed songs (with the “unknown” songs) Sg,.

The task the experiment participants have to fulfill is identical to the task
described in experiment 1: Can the participants recognize the songs in S, as
modifications of the initial songs Sy, ..., S;,?

The time window in experiment 2 is now longer than in experiment 1. The width
of the time window, w, is a parameter of the experiment.

Let w be an experiment participant performing this task. We set a(w) = 1 if @
was able to give the correct answers for x % of images in the series. And a(w) = 0
in the opposite case.

We now find probabilities P(a = 1|C) and P(a = 0|C) through counting num-
bers of experiment participants in the group G, who gave answers a = 1 and
a = 0, respectively. We denote respective subgroups of experiment participants by
Gy(a = 1) and Gy(a = 0), respectively. The first subgroup consists of experiment
participants who have the ability to perform song recognition (with tempo increase)
quickly and the second subgroup consists of experiment participants who do not
possess that feature. Because of the tempo increase, we note that the emphasis in
experiment 2 is on the carefulness of recognizing the deformation of a song.

Here again, we could use the Levitt [45] approach. We can increase (or decrease)
by 1% the tempo between subsequent songs if the test participant has given two
correct answers.

8.17.2 Sub- (super-) additivity

Using the above experiment, we find probabilities P(a = 8|t = «); o, 8 =0, 1,
by counting the number of people in the group G;(+ = o) who gave the answer
a = B. After this, we calculate the coefficient A and we find the angle 6 which
gives us the measure of complementarity of variables ¢ and a. If A > 1, we would
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find experimental evidence of probabilistic behavior which is neither quantum nor
classical. We could also consider A(w) and even make A dependent on both w and
the degree of deformation. This degree of deformation could be expressed by using
the tempo measure defined by Levitin and Cook [31].

8.17.3 The potential issue of the complementarity of t and a

Can the above conjecture we posed at the beginning of this section make sense
from a quantum mechanical point of view? As is well known, there does not exist
a quantum operator on time at all! It is not possible to find an uncertainty principle
of the type At.Aa = hcogn/2, Where heogn is an analogue of the Planck constant.
This relates to the issue of operators having discrete spectra. See Khrennikov and
Haven [42]. Discussions on analogues of Planck constants in financial contexts
and other non-quantum physical contexts have been provided for in Choustova
[46][47], Khrennikov [48] and Haven [49].

The very objective of our experiment is just to overcome those problems of
measurement and hence to be able to test for complementarity on the ¢ and a
variables.

In summary, in this chapter we have considered several experiments which
indicate a clear violation of the Law of Total Probability. The various versions of
the prisoner’s dilemma and the Tversky—Shafir gambling experiment, as well as
the Hawaii problem, all exhibit this violation. Hence, we can say that probabilistic
behavior in those cases is non-classical.

8.18 References

[1] Kolmogorov, A.N. (1933). Grundbegriffe der Wahrscheinlichkeitsrechnung. Springer
Verlag, Berlin. English translation: (1956). Foundations of the Probability Theory.
Chelsea Publishing Company, New York.

[2] Khrennikov, A. (2009). Interpretations of Probability. De Gruyter, Berlin.

[3] Khrennikov, A. (2009). Contextual Approach to Quantum Formalism. Springer
Verlag, Berlin.

[4] Penrose, R. (1989). The Emperor’s New Mind. Oxford University Press.

[5] Penrose, R. (1994). Shadows of the Mind. Oxford University Press.

[6] Hameroff, S. (1994). Quantum coherence in microtubules: a neural basis for emergent
consciousness? Journal of Consciousness Studies, 1, 91-118.

[7] Hameroff, S. (1994). Quantum computing in brain microtubules? The Penrose—
Hameroff “Orch Or” model of consciousness. Philosophical Transactions of the
Royal Society, London A 1-28.

[8] Shafir, E. and Tversky, A. (1992). Thinking through uncertainty: nonconsequential
reasoning and choice. Cognitive Psychology, 24, 449-474.

[9] Tversky, A. and Shafir, E. (1992). The disjunction effect in choice under uncertainty.
Psychological Science, 3, 305-309.



[10]

[11]
[12]
[13]

[14]

8.17 Other experiments 153

Rapoport, A. (1988). Experiments with n-person social traps 1: prisoner’s dilemma,
weak prisoner’s dilemma, volunteer’s dilemma, and largest number. Journal of Con-
flict Resolution, 32, 457-472.

Hofstadter, D. R. (1985). Metamagical Themes: Questing for the Essence of Mind
and Pattern. Basic Books, New York.

Hofstadter, D. R. (1983). The calculus of cooperation is tested through a lottery.
Scientific American, June, 14—18.

Croson, R. (1999). The disjunction effect and reasoning-based choice in games.
Organizational Behavior and Human Decision Processes, 80, 118—133.

Busemeyer, J. B., Wang, Z., and Townsend, J. T. (2006). Quantum dynamics of
human decision making. Journal of Mathematical Psychology, 50, 220-241.
Savage, L. J. (1954). The Foundations of Statistics. J. Wiley, New York.
Khrennikov, A. (2010). Ubiquitous Quantum Structure: From Psychology to Finance.
Springer Verlag, Berlin.

Howard, J. V. (1988). Cooperation in the prisoner’s dilemma. Theory and Decision,
24,203-213.

Nowak, M., May, R., and Sigmund, K. (1995). The arithmetics of mutual help.
Scientific American, 272, 76-81.

Busemeyer, J. B. and Wang, Z. (2007). Quantum information processing explanation
for interactions between inferences and decisions. In Quantum Interaction. Eds.
Bruza, P. D., Lawless, W., van Rijsbergen, K., Sofge, D. A., AAAI Spring Symposium
(Stanford University). Technical Report SS-07-08; 91-97. AAAI Press. Menlo Park.
Busemeyer, J. R., Matthews, M., and Wang, Z. (2006). A Quantum Information
Processing Explanation of Disjunction Effects. In The 28th Annual Conference of the
Cognitive Science Society and the 5th International Conference of Cognitive Science.
Eds. Sun, R. and Myake, N. Erlbaum, New Jersey, pp. 131-135.

Busemeyer, J. R., Santuy, E., and Lambert-Mogiliansky, A. (2008). Comparison of
Markov and quantum models of decision making. In Quantum Interaction: Proceed-
ings of the Second Quantum Interaction Symposium. (Eds.) Bruza, P., Lawless, W.,
van Rijsbergen, K., Sofge, D. A., Coecke, B., Clark, S. Oxford University, College
Publications, London.

Khrennikov, A. Yu (2009). Quantum like model of cognitive decision making and
information processing. Biosystems, 95, 179-187.

Khrennikov, A. and Haven, E. (2009). Quantum mechanics and violations of the
sure-thing principle: the use of probability interference and other concepts. Journal
of Mathematical Psychology, 53, 5, 378-388.

Khrennikov, A. and Haven, E. (2007). The importance of probability interfer-
ence in social science: rationale and experiment. Cornell University Library,
http://arxiv.org/pdf/0709.2802.pdf.

Bagassi, M. and Macchi, L. (2007). The “vanishing” of the disjunction effect by
sensible procrastination. Mind and Society, 6, 41-52.

Asano, M., Khrennikov, A., and Ohya, M. (2011). Quantum-like model for decision
making process in two players game: a non-Kolmogorovian model. Foundations of
Physics, 41, 3, 538-548.

Accardi, L., Ohya, M., and Watanabe, N. (1997). Dynamical entropy through quantum
Markov chains. Open Systems and Information Dynamics, 4, 1, 71-87.

Khrennikov, A. (2002). On the cognitive experiments to test quantum-like behav-
ior of mind. Reports from Vixjo University: Mathematics, Natural Sciences and
Technology, Nr. 7.

Accardi, L., Khrennikov, A., and Ohya, M. (2009). Quantum Markov model for
data from Shafir-Tversky experiments in cognitive psychology. Open Systems and
Information Dynamics, 16, 371-385.



154

(30]

(31]
(32]
(33]
[34]
[35]
(36]
(37]

(38]

(39]

(40]
[41]

(42]

[43]

[44]

[45]
[46]
[47]

(48]

[49]

Interference effects in psychology — an introduction

Haven, E. (2008). Bohmian mechanics in the mechanics of option pricing. In Quantum
Interaction: Proceedings of the Second Quantum Interaction Symposium. (Eds.)
Bruza, P., Lawless, W., van Rijsbergen, K., Sofge, D. A., Coecke, B., Clark, S.
Oxford University, College Publications, London.

Levitin, D. and Cook, P. R. (1996). Memory for musical tempo: additional evidence
that auditory memory is absolute. Perception and Psychophysics, 58, 927-935.
Kuhn, T. L. (1974). Discrimination of modulated beat tempo by professional musi-
cians. Journal of Research in Music Education, 22, 270-277.

Collier, G. and Collier, J. L. (1994). An exploration of the use of tempo in jazz. Music
Perception, 11, 3, 219-242.

Attneave, F. and Olson, R. K. (1971). Pitch as a medium: a new approach to psycho-
logical scaling. The American Journal of Psychology, 84, 147-166.

Farnsworth, P. R. (1969). The Social Psychology of Music. Iowa State University
Press, Iowa.

Drake, A. H. (1968). An experimental study of selected variables in the performance
of musical durational notation. Journal of Research in Music Education, 16,329-338.
Drake, C. and Botte, M. C. (1993). Tempo sensitivity in auditory sequences: evidence
for a multiple look model. Perception and Psychophysics, 54, 3, 277-286.

Kuhn, T. L. and Booth, G. D. (1988). The effect of melodic activity, tempo change,
and audible beat on tempo perception of elementary school students. Journal of
Research in Music Education, 36, 140-155.

Geringer, J. and Madsen, C. M. (1984). Pitch and tempo discrimination in recorded
orchestral music among musicians and nonmusicians. Journal of Research in Music
Education, 32, 195-204.

Madsen, C. K., Duke, R. A., and Geringer, J. M. (1986). The effect of speed alterations
on tempo note selection. Journal of Research in Music Education, 34, 101-110.
Wang, C. C. and Salzberg, R. S. (1984). Discrimination of modulated music tempo
by strong students. Journal of Research in Music Education, 32, 123-131.
Khrennikov, A. and Haven, E. (2006). Does probability interference exist in social
science? In Foundations of Probability and Physics —4. Eds. Adenier, G., Khrennikov,
A., Fuchs, C. AIP Conference Proceedings, 899, 299-309.

Kuhn, T. L. (1975). Effect of notational values, age, and example length on tempo
performance accuracy. Journal of Research in Music Education, 23, 3, 203-210.
Madsen, C. K. and Graham, R. (1970). The effect of integrated schools on perfor-
mance of selected music tasks of black and white students. Music Educator’s National
Conference, Chicago, Illinois, USA.

Levitt, H. (1971). Transformed up-down methods in psychoacoustics. Journal of the
Acoustical Society of America, 49, 467-477.

Choustova, O. (2006). Quantum Bohmian model for financial markets. Physica A,
374, 304-314.

Choustova, O. (2007). Toward quantum-like modelling of financial processes. Journal
of Physics: Conference Series, 70 (38pp).

Khrennikov, A. (2004). Information Dynamics in Cognitive, Psychological and
Anomalous Phenomena. Series Fundamental Theories of Physics, v. 138. Kluwer,
Dordrecht.

Haven, E. (2005). Pilot-wave theory and financial option pricing. International Jour-
nal of Theoretical Physics, 44, 11, 1957-1962.



9

A quantum-like model of decision making

9.1 Introduction

In the previous chapter, we presented experimental data from cognitive psychology
which can be considered as a strong argument in favor of the complex (or more
general) Hilbert space representation of information by cognitive systems and the
use of the quantum information scheme in information processing. We have seen
that the classical Law of Total Probability (LTP) is violated. The interference of
probabilities induces a possibility to “reconstruct a mental wave function.” An
important lesson we can learn from this is that the standard Dirac—von Neumann
approach based on self-adjoint operators is too restrictive to describe known data
from cognitive psychology. More general quantum models should be used. Please
see also Appendix 2, this chapter.

In this chapter, we proceed under the assumption (which we consider as suf-
ficiently confirmed experimentally) that in order to make decisions, cognitive
systems operate with “mental wave functions.” We describe the scheme of such
decision making' based on the lifting formalism, see Appendix 1, this chapter.

Since this book is oriented towards non-experts in quantum information theory,
we try to avoid the use of the lifting concept as long as is tolerable. In principle, the
reader can proceed without using the lifting concept. However, the formulation in
terms of lifting is mathematically elegant and it provides a possibility for further
generalizations of the model.

9.2 Two-player game and rational behavior

In this chapter (including Appendix 1) we reproduce’ (with only slight modifi-
cations) the paper by Asano ef al. [1]. We explain in more detail a two-player

I This is joint work of one of the authors with Asano and Ohya [1].
2 Masanari Asano and Masanori Ohya and Andrei Khrennikov (2011). Quantum-like model for decision making
process in two players game. Foundations of Physics, 41, 538-548.
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Table 9.1. Pay-off table of a two-player game.

0 and 1 denote the actions player A or B chooses.
Cij(x, y) denotes the consequences of the game,
andx,y =a, b, c, d represent the values of the
pay-off. For example, in the dilemma game, the
relation of c > a > d > b is assumed.

AB 0 1
0 Coola, a) Coi(b, ¢)
1 Cio(c, b) Cnld,d)

game and the rational behavior that is conventionally discussed in game theory.
Two players A and B have two alternatives for actions denoted by 0 and 1. These
players are under the same condition on their pay-offs as seen in the pay-off table,
Table 9.1, where C;;(x, y) denotes the consequences of the game, and x, y = a,
b, c, d represent values of the pay-off.

We here explain the rational behavior of a player in the setting of the so-called
“dilemma game.” The dilemma game has the inequalities ¢ > @ > d > b on the
values of the pay-offs. In the game, a player who chooses action 1 can avoid
the possibility of the minimum pay-off of d at least. Furthermore, the player can
gain the maximal pay-off of c if the other player chooses 0. To choose action 1
is reasonable for a player who wants to maximize his own pay-off. Game theory
considers that a rational player chooses 1 without any concern for the action of
the other player. The consequence of the game is always Cy; if both players are
rational .’

9.3 Construction of a mental state

In the above game, in principle a player has no idea about another player’s action.
We assume this uncertainty creates some psychological influence on the decision
making of each player, i.e. it yields irrational choices. The decision making in our
model is mathematically described in the form of a quantum state called a “mental
state.” In this section, we discuss the definition and construction of such a mental
state.

3 Note that, in this case, the sum of pay-offs in Cy; is less than the one in the consequence Cqg, where both players
perform the irrational choice of 0. This is an interesting property of the dilemma game.
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9.3.1 A prediction state

We consider two players, named A and B. Player B only has to predict A’s choice
before deciding his own action. Here, we assume that player B predicts player A
will choose action O with probability p. Action 1 is then chosen with probability
1 — p. This does not mean that player B “judges” player A’s action to be O (or 1).
Player B should consider the possibility of A’s actions simultaneously. We represent
such a situation by using the quantum state o = |¢) (¢|:

) =« |04) + B14) € H=C?, ©.1)

where |a|?> = D, |,B|2 = 1 — p and the orthogonal basis of |04) and |14) indicates
the alternatives of A. We call this state a prediction state.

9.3.2 An alternative state

When player B decides his action is 0, he thinks the consequence of the game will
be Cyp or Cyp. In a sense, he chooses a consequence described in the superposition
of Coo and C]O as:

a|Co) + B1Cio) -

Now, when we put [Cog) = |04) ® |0p) and |Cyp) = |14) ® |0p), where |0p) and
|15) are an orthogonal basis in X = C?, the state vector:

|®o) = & [Coo) + B1C10)
= |¢) ®105). 9.2)
In a similar way, this gives another vector as:
|®1) = a|Co1) + B1C11)
=|¢) ® [1p). 9.3)

We call the states of |®() (D], alternative states.

9.3.3 A mental state

In the process of decision making, the player imagines the four consequences, and
he decides his own action in a probabilistic way. We describe such a situation by
using the following quantum state on H ® C;

0 =1[¥) (], [¥) =x|Po) + y|P1). 9.4)

This description indicates that the player chooses 0 with probability A = |x|? and
1 with probability u =1 — A = |y|°.



158 A quantum-like model of decision making

9.4 A process of decision making

In this section, we discuss a process of decision making that consists of three stages:
prediction, comparison, and decision.

9.4.1 Making an initial mental state

The decision making starts from the prediction of the other player’s choice. Before
the prediction, the player’s mental state is given by:

po=18) (51, 1&) = x0108) + yo |18) € K, 9.5

where |xo| = |yo| = \/LE With the use of this py and the prediction state o (in
Section 9.3.1), we define the initial mental state 6; = |v;) (Vy|:

91=O’®,00.

9.4.2 A comparison of consequences

The essential part of the decision making process is comparing the consequences
of the game. The coefficients x, y of the mental state |V) = x |®g) + y |Dy)
become changed by the comparison. We assume its dynamics obeys the following
differential equations, and approach a state of equilibrium:

dr _ kr+k

dr "

du -

2 R4k, 9.6
o n+ (9.6)

where A = |x|? and = |y|. These equations are similar to a chemical equilibra-
tion in a reaction system written as:

k
(D()\:\ qD], (97)
k

where k (k) € R means a rate of reaction from @ to ®; (or from ®; to d). Using
k and k, we define the mental state in equilibrium:

O = |¥e) (Vel, |WE) = xE |do) + YE |61) ,

|xEg| £ |VE| k 9.8)
XE| = —, = — . .
E k+k F k+k
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The probabilities Ax = |xg|* and ug = |yg|* satisfy 2 = ‘fl—’t‘ =0 in the above
differential equations. Here note that this equilibrium state 0g is described as
O0r = 0 ® pg. We call pg a mental state after comparison.

The reaction rate k or k is related with the degree of the player’s tendency to
choose either 0 or 1. To discuss these parameters in a simple way, we consider
the case where the prediction state vector is |¢) = |0), i.e. ¢ =1 and =0 in
equation (9.1). In this case, the alternative state vectors in equations (9.2) and (9.3)
are |pg) = |Coo) and |¢1) = |Co1). Therefore, the equilibrium state |V ) is decided

in the reaction system of:

k
Coo = Co, 9.9
k

and the value of % indicates a degree of the worth of Cy relative to C¢; for the
player. On the contrary, if [¢) = |1), k and k decide |Wg) in the comparison of:

k
CIO_T\CII- (910)
k

Here we denote k and & of the above two comparisons with indices k;, kG=1,2).
In general, the alternative vectors are given by:

lpo) = & |Coo) + B [Cr0) 5 |¢p1) = a|Cor1) + BIC11) .

In this quantum mechanical representation, besides the two comparisons of
(ky1, k1) and (ka, ky), the player is allowed to make the following comparisons:

k3 ky
Coo=C11, Cio="Cor. .11
k3 ky

Generally, the rates of (k, k) in equation (9.7) are decided by these (ki, kD),
(ka, ko), (k3, k3), and (ka, ks). If the four comparisons are made independently,
we can write the rates of k and k of equation (9.7) as a classical expectation value
given by:

k= lal*ki + |81 k2 + | 817ks + | |*| B ks,
k= lal*k + |B1*ka + la?| B ks + |a|*| B (9.12)

However, we consider that the four comparisons of equations (9.9),
(9.10), and (9.11) are not made probabilistically in such classical means. In the
mental state, these comparisons are made with the effect of influencing each other,
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in a sense simultaneously. We give k and k in the following forms:
k=|s]>, k=[5 (5,5 € O),
1 1 1 1
t = |al*k} + |B1%k3 + a* Bk + ap*k;,
1 1 1 1
f=lal’k; + |BI°k; + ap*k; + a*BE; . (9.13)
The values of k and k in this definition are different from that in the classical
form of equation (9.12). The differences come from the effect of quantum interfer-
ence. In our quantum mechanical model, those influences come from simultaneous
comparisons.

Here, we introduce a quantum channel A* mapping from the prediction state o
to the mental state pg:

A" S(H) — S(K),
Ao = pg.

Since the comparison of consequences is made on a compound system in H ® /C,
the channel A* is defined with using a lifting £* : S(H) — S(H ® K). This lifting
is defined by:

. To®pT*
o= ——,
tr(To ® pT*)
where:
0o 0 K &
0 0 kK E
r=|, | 7 (9.14)
ki ki 0 0
Kok 0 0

In general, the state £*o is a quantum entangled state in H ® K. Note that 7 and 7
of equation (9.13) is rewritten as:

t =T Ipo), 7= (ol T 1), (9.15)
and it is easily checked that the equilibrium state 0 is described in the form of:
ME* o M*
Op = ———F—,
tr(ME*o M*)

where M is a projection defined by M = 0 ® I. From 0 = 0 ® pg, we obtain:
ME* o M* )

Ao =tr _
“ H(tr(ME*oM*)
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9.4.3 Decision of action

After the comparison, the player decides his own action. We assume the decision
corresponds to a quantum measurement of the state |Og) (Og| or |15) (15| to the
mental state pg. Therefore, his decision is made probabilistically in general. The
probabilities of decisions 0 and 1 are given by:

Ag =t(|08) (0] p£ [08) (08),
pe =t(|1g) (15| pe [18) (18). (9.16)

9.5 Example: decision making in PD

In this section, we apply our model to the Prisoner’s Dilemma (PD) game. We
show the model makes irrational choices in this example.

In our model, the characteristics of the game are reflected in the contents of the
operator T of equation (9.14). In other words, the pay-offs of the game as seen
in the Table 9.1 can be factors which decide the values of k; and k;. We give the
operator T for the example of the PD game, in the following form:

-1
0 0 0 ki
0O 0 0 O
T = 1 1
ki k; 0 O
1
0 kK 0 O

In this form, we assume k3 = O and k; = k, = k4 = 0, because the pay-off d for the
consequence Cjp is smaller than those of the other consequences and the pay-off
a for Cy is smaller than ¢ for Cy; but larger than d for Cy;. This setting of the
parameters provides the probability:

2 27
k
. o 1By

~ 1 1 12’
@ PIBIEs + ||k + BI2K + ap k]

1 1 12
)|a|2/<f +1BI2KS + Bk
= - 9.17)

1

~ 1 1 1
(@IS + |l K] + IBPK + apok]

As mentioned in Section 9.2, a rational player always chooses his action 1, i.e.
we = 1. The player in our model becomes rational in two special cases; the case
of k3 = 0 and the case of @ = 0 or 8 = 0. Since the parameters of & and 8 decide
the player’s prediction for the other player’s choice, the case of « =0 or 8 =0
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is unnatural to the principle of the game, which says that the player is uncertain
about the other player’s choice. It may correspond to a special situation where the
player obtains some information and can judge another player’s choice before his
own choice.

Appendix 1: Channels and liftings

In quantum information theory [2], a “map” is important for describing an infor-
mation transmission such as a measurement process or a signal transmission.
This map is called a channel A* : S(A) — S(B). Here S(A) (S(B)) are state
spaces of C*-algebras A (B). For example, a set of all bounded linear operators
B(H) on Hilbert space H realizes a C*-algebra A. If a channel A* is affine, i.e.
A O, Anpn) =Y, A A*(0n), Vou € S(A), VA, € [0, 1], Y A, = 1,itiscalled a
linear channel. A completely positive (CP) channel is a linear channel A* such that
itsdual A : B~ A (i.e. tr(A*(p)A) = tr(p A(A)) for any A € A) satisfies:

> ATA(BIB)A; =0,
ij=1
forany {A;} C A, {B;} C Bandn € N.
Liftings are a class of channels from S(A) to S(A ® B):

E*:S(A) —~ S(A® B). (9.18)
The following liftings are often used in physics:

1. Linear lifting: A linear lifting is affine and its dual is a completely positive
map.

2. Pure lifting: A pure lifting maps pure states into pure states.

3. Non-demolition lifting: A lifting is anon-demolition lifting for a state p € S(A)
if p is invariant for any A € A in the sense of:

E P)NA® 1) = p(A).

Here, p(A) = tr(pA), A € A.
4. Compound state lifting: A compound state lifting is a non-linear and non-
demolition lifting such that for a density matrix p = ), A¢Ex, Ex € S(A):

E(p) = ZkkEk ® A*Ey.
k
5. Transition lifting: A transition expectation is a completely positive linear map
givenby £ : A ® B — A, and it satisfies:

E1®1)=1.
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Transition expectations play a crucial role in the construction of quantum
Markov chains and they appear in the framework of measurement theory. The
dual of a transition expectation is an example of a lifting.

6. Isometric lifting: A lifting is a channel from a subsystem to a compound
system, and it is useful for describing open system dynamics. Let us consider
the following situation. A system interacts with another (environment) system,
and a correlated state is generated in a compound system. We assume that the
system is independent from another system before the interaction and initial
states of the two systems are given by p € S(A) and o € S(B). The compound
system after the interaction is represented by £*p € S(A ® B) in general. Now
let the lifting £* be an isometric lifting defined as:

E*p=VpV*,

where the operator V : H4 — H4 ® Hp satisfies V*V = 14,. Then for an
observable B € B(B), the expectation value tr 4£*p(B) is written as:

tr4E%p(B) = trA(pV*(1 ® B)V) = trA(pE(1 ® B)) = p(£(1 ® B)).

Here, we introduce the map £(1 ® B) = V*(1 ® B)V. This map is a transition
expectation and its dual is the isometric £*. We can easily check tr 4£*p (1) = 1.

When the £* represents a time evolution; £*p = Up @ cU* (U 1is a unitary
operator), the corresponding transition expectation is written by:

E(1® B) =tup(U(1 ®0)U*(1 ® B)).

If B is written as B = ), Ax P with projections { Py }:

AE p(B) = D ttaEp(P) = ) hp(€(1 ® PO) = ) MAip(Pp)-
k k k

In this form, values of Aj;p(P;) mean probabilities p(it), and E£(1 ® Px)
mean a POVM (a positive operator valued measure) Q, that satisfies Qy > 0,

Zka:I-

Appendix 2: Quantum Markov chain description of data from experiments
in cognitive psychology

In this section we construct a quantum-like representation of the experimental
statistical data from the Tversky—Shafir PD experiment, please see Section 8.9
of Chapter 8. In this appendix we reproduce (pp. 378-383)* (with only slight

4 Luigi Accardi and Andrei Khrennikov and Masaniori Ohya (2009). Quantum Markov model for data from
Shafir-Tversky experiments in cognitive psychology. Open Systems & Information Dynamics, 16(4), 378-383.
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modifications) the paper by Accardi et al. [3]. To describe these data, we have to use
amore general quantum probabilistic model than the standard Dirac—von Neumann
model based on Hermitian operators in a complex Hilbert space and the definition of
probabilities through projections of eigenvalues of operators (Born’s rule). We want
to emphasize that the aforementioned data have such a complex internal structure
that it is impossible to find two Hermitian operators with non-degenerate spectra
which act in the Hilbert space of the dimension matching the dimension of the
game, namely the two-dimensional space. This is a consequence of a simple fact:
the matrix of transition probabilities is not double stochastic. We shall use so-called
quantum Markov chains, a non-commutative generalization of ordinary Markov
chains. Please see Accardi et al. [3].

This section is based on advanced mathematics. Therefore, this section is not rec-
ommended for readers who have no experience of research in quantum probability
and quantum information theory. Experts from psychology, behavioral economics,
finance, and decision making can learn that statistical data from games exhibit-
ing irrational behavior can have a very complex non-commutative structure, more
complex than the structure of statistical data from basic experiments on quantum
foundations, e.g. the two slit experiment.

The quantum Markov model presented in this section was created by Accardi
et al. [3].

Given a classical Markov transition matrix (p;;) with state space {1,...,d}
(d € N), a natural way to associate to it a conditional density amplitude is to
define:

K = Z«/pijeii ®ejj € Mg ® My,
)
where M, denotes the d x d complex matrices, (e;) an orthonormal basis of Ce,
(ei;) the associated system of matrix units (e;;en = 8; peir), and ,/p;; are arbi-
trary (usually complex) square roots of p;;. Any conditional density amplitude
determines a (special) linear lifting (see Appendix 1):

E*: S(Md) — S(Md %) Md)

from density matrices on M, to density matrices on M; ® M, or, dually, a transition
expectation, i.e. a completely positive, identity preserving linear map:

E:My—> M;Q M,
defined by:
Ex) =Tr(K*xK), xeM;Q My, (9.19)

where Tr, denotes the partial trace over the second factor (Try(a ® b) := Tr(b)a €
M) and Tr denotes the non-normalized trace on M. More explicitly, if X, Y € My,
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one has:

EX®Y)=T(K*X®Y)K) =Y Y \/pij /PuTr(eij Xew ® e;i Y ex)

ij hk

- Z Z % Pij*\/ phkeiixehkfsjkTr(Yejj);

i,j hk
therefore, using the identities:
ejjYejj={ej, Yejlejj,
ejieqplnn = 8ix8pnein,

e Xewy = (e, Xe,)ein,

one obtains:

EX®Y)=_ J/pij /Puile. Xen)emle;. Yej). (9.20)

i,j.h

Notice that, if X, Y € M, are diagonal in the (e;)-basis, then this formula reduces
to the usual formula for the conditional expectation in classical probability:

EXQY)= Zpiniieiinj = Z Xii Zpijyjj ei; = XP(Y).
ij i j

Given any density matrix in M :
Po = E Lo’y €a’,y’»
a/ y/

the pair {0y, £} uniquely determines the joint n-point correlations:
pla®arQ...ay) :=Tr(pol(ag @ E(@1 @ E(@ Q... E(a, ®1)...)),

where ag, ay, as, ..., a, € M. We are interested in a time horizon with two time
points: initial and final. The corresponding joint probabilities are in this case:

TrpoE(a ® E(b ® 1)).

Using (9.20), we obtain:

Eb®1) = Z JPij N Puj-lei, bep)ei.

i,j.h
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Therefore:
E@REDBR) =Y \/Pij /Pujlei. ben)E(a ® ein)
ijh
= Z 2V, pij*\/ Phj (ei, bey,) Z oV paﬂ*\/ PyB (eqs ae)/)eay (eﬂa eiheﬂ>
i,j,h o, B,y
= Z VDii /Dijlei, bei) (e, aey)eay /Pai /Pyi-
i,j,e.y

By using the right stochasticity of the matrix of transition probabilities, Zj pij =1
(here p;j = P(b = jla =i)), we obtain:

TrppE(a @ Eb ® 1)) = Z (ei, bej)(eq, aey)a/pm-*, /DyiPary Treqy €y

i,a,y,o .y’

and, using the identity:
Treqyeqy = 8000y
and the notations:
(ei, be;) =: bjj, (eq,ae,) =: aqy
one finally obtains:

Trpo€a @ Eb ® 1) = Y _(ei, bei)(ew, aey)/Pai” /PryiPya

ha,y
3k
= E biiaay\/pozi A PyiPya
i,ay

= Z Pyalay (Z biim*m>
a,y i

= Z payaozyL(b)ay-

o,y

If the observables a, b have the form:
a = |+a){+al — I=a){—a; 16 = |Fp) (5] = |=5)(—sl,
the marginal probabilities for a are obtained by putting b = +1, i.e.:

Tr (po€(|+a)(+al ® D) =D /Pij /Driei +a)(+a» n) oni

ij.h

= puilei +ad(ta-en) D /Pij /Pij-
i j
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where we used the identity:

Trloeih = Zpa,yTreayeih = Zpay‘saigah = Phi-

o,y o,y

Now we specialize to the case d = 2, so that py has the form:

puu=p, pp=1—p, po=py =2,

for some p € [0, 1] and z € C. This gives the equation:

pller, +a)1> + (1 — p)l(ea, +a) 1> + 4Re (z{e1, +a) (+a, €2)) Re (/P12 /P21)
= P(a = +1|C).

A similar calculation for the marginal probabilities for b gives the equation:
Trpo€(1 ® E(+5)(+5D) = D _ Pua Y {1, 1) pai = P(b = +1|C).
o i
Expanding the eigenvectors of b and a in the e-basis, we obtain, for some p,, pp €
[0, 1]:

D ppullHs, e + Y (1= p)pail(+s, e)|* = P(b = +1 = |C)

[+a) =t v/Pa€1 + /1 — paes,
l+5) = v/ Prer + /1 — ppea,
and therefore the above equations become:
3k
ppa + (1 = p)(1 = py) + 4Re <Z'\/pa\/1 ~ Pa )Re (VP12 v/p12)
= P(a = +1|C),

pp11Py + pp12(1 — pp) + (1 — p)prapy + (1 — p)pn(l — pp)
= P(b =+1|C).

Looking for a solution with z = 0 leads to the simplified system:
pPa — (I =p)pa+ (1 —p)=Q2p—Dps+ (1 - p) = Pla =+1]0),
p(pi1 — p12)pr + ppi2 + (1 = p)pp(pr2 — p2) + (1 — p)pn = P(b = +1|C).

Recalling that the empirical values, found by Tversky and Shafir for the PD-type
experiment (please see Section 8.9 in Chapter 8), are:

1
P(a = +1|C) = X P(b=+1|C)=0.63,
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the first equation becomes equivalent to:

1
Qp—Dp,+(1—p)= >

which gives, independently of p:

B N 11
Pa=\P=3) 2,172

This result is not really surprising, since here the A-player is a computer which
produces wins and losses with equal probabilities. It is natural for the B-player
(who is really a player) to simply incorporate these probabilities in the quantum-
like representation of the A-strategy. This representation is given by vectors |£,).
Thus, the simplest representation:

I+a) = (e1 + €2)/V/2,

the second vector can be chosen as any normalized vector which is orthogonal
to:

|—a) = (€1 — 2)/¥/2.

Of course, mathematically the situation is essentially more general. The vector
representation of the state of A can involve complex phases:

[Ha) = (e1 + € e) /N2, |=4) = (e1 — €%e2)/V/2.

In a more complicated gamble, such that the A player is not a computer, the B player
may really use the additional degree of freedom, namely the phase to represent the
A-strategy. However, in the present gambling experiment it seems that B can be
fine with purely real eigenvectors.

The second equation becomes equivalent to:

Po(p(p11 — p12) + (1 — p)(pa1 — p22)) + ppia + (1 — p)prn = 0.63
& pp(p(0.16 — 0.84) + (1 — p)(0.03 — 0.97)) + p0.84 + (1 — p)0.97=0.63
& —ppp0.68 — py(1 — p)0.94 + p0.84 + (1 — p)0.97 = 0.63

& p(0.84 — py0.68) + (1 — p)(0.97 — p,0.94) = 0.63
0.63 — (0.97 — p,0.94)
<p = .
0.84 — p,0.68
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Thus any p;, € (0.1) such that:

0.63 — (0.97 — p,0.94)
0< <1
0.84 — p,0.68

will give a unique p.
The two inequalities are equivalent to:

0 <0.63 —0.97 + p,0.94
0.63 — 0.97 4 p,0.94 < 0.84 — p,0.68.

The first is equivalent to:

34
0.34 < p;0.94 & 9—4 < Dp.

The second is equivalent to:

118
Py(0.94+0.68) < 0.84+034 & ps1.62 < 128 & pp < 1.

Since:

34 118
— =~ 0.36 < — =~ (.73
94 162

any p in the (non-empty) interval g7, 1551 will give a solution.

If p, = g—j, then p = 0. Thus, in the density matrix p;; = 0 and py; = 1, non-
diagonal elements are equal to zero. The pure state p = e, ® e; is a “pure state of
mind.” In the same way, in the case p, = }—ég we get p = e; ® e;. We point out the
crucial difference of the quantum Markov model from the conventional Dirac—von

Neumann model based on Born’s rule, where:

P(b = +1|C) =P,(b = +1) = Trp(I+5) {(+»])

34 118

and:
Pla = +1|C) =Py(a = +1) = Tro(|+a) (+a))-

In the brain of the B-player, vectors |+,) and |+;,) are created. One can
speculate that they provide a kind of “internal mental representation” of the
context C. However, this internal representation does not determine completely
the real probabilities of answers. The latter arise in the process of interaction of
the internal mental representation with previous experience, which is encoded in
probabilities p;;, and, finally, in the lifting operator £*, which is determined by
the operator K. Of course, it is just a first reflection to interpret moving from the
conventional quantum model to the quantum Markov model: interference of the
internal mental representation of context C with representations of contexts corre-
sponding to fixed strategies, say C2 = (b = £1) and C% = (a = +1). The latter
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strategies are based on previous experience. We hope that psychologists may sug-
gest more justified motivations of the shift from the conventional quantum model to
the quantum Markov model. We would not be surprised if possible psychological
interpretations would be different from our interpretation.
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Financial/economic theory in crisis

In this chapter and Chapters 11, 12, and 13, we will discuss quantum-like models
with financial applications in mind. The very last chapter of this book will analyze
the sources of quantum-like processing in the brain.

The concept of non-arbitrage, as we have indicated before (see Section 4.18.3) is
of key importance in financial models. We reiterate its importance in this chapter.
We also briefly mention a popular finance model. In the coming chapters, the
wave function will sometimes have an information interpretation. Therefore we
also discuss the informational aspects of the classical financial theory (see Section
10.1). This chapter is meant to introduce the reader to some of the key achievements
in financial theory. By doing so, we hope to convince the reader, in later chapters,
that some of those very achievements can possibly be reformulated with the help
of the wave function approach. Section 10.3 in this chapter will give a flavor of
how Fourier integration can possibly be used to model George Soros’ concept of
reflexivity.

10.1 Relevance of the concepts of efficiency and non-arbitrage:
a brief discussion

With the 2008 financial crisis, the concept of efficiency may have been seriously
questioned. Indeed the financial market in September 2008 did take a tremendous
hit and the ensuing price movements would not be consistent with a so-called
efficient market.

For now, let us concentrate on what is efficiency. Ma [1] (p. 4) defines efficient
portfolios as: “portfolios that are efficient in the sense that no other portfolios are
available to reduce further the portfolio risk.” Here is an interesting corollary out
of Ma [1] (Corollary 1.3 (p. 41)): “Suppose the market is efficient with respect to
F.For all G C F and for any arbitrary trading strategies ¢ based on information
structure G, the value of the investment must coincide with the market price of

173
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the trading strategy.” This is an important statement. The set of information G is
a subset of the set of information F. This means that G contains less information
than F.

As Ma [1] (Chapter 1)) indicates, the efficiency definitions are due originally
to Fama [2]. Any textbook in basic finance, will define the following types of
efficiency:

o strong form efficiency: prices reflect all available information;
o semi-strong form efficiency: prices reflect all publicly available information;
o weak form efficiency: prices reflect all historic prices of the traded securities.

Strong form efficiency is elegantly formulated in Ma [1] (p. 52) as follows:
“In particular, no individual investor can make excess returns with his possessed
information set J; that is no more informative than the pooling information
set Njez F;

At this point, we would like to make two possibly important points. In what
follows, we would like to discuss (a) information manipulation, and (b) give an
example of where private information may not give any profit advantage.

Let us tackle (a). Ma [1] (p. 43)) indicates that the manipulation of infor-
mation can take on the forms of, what he calls: (i) “information leakage” and
(i1) “uncertainty creation.” These are two very interesting notions which do emu-
late very much realistic behavior. Ma [1] (p. 43) defines information leakage as:
“situations where agents wish to reveal truthfully their private possessed infor-
mation to others.” Uncertainty creation is then defined as per Ma [1] (p. 43) as
agents wishing to create “uncertainty in the rest of the economy.” The latter type
of information creation is straightforward: create information which is dubious (or
even false) so it can serve your investment strategy.

Now let us tackle (b). We reproduce’ here Haven’s [3] section 17 of that paper.
In Tirole [4] a market is considered with I/ (i = 1, ..., I) risk averse or risk neutral
traders. The traders exchange an asset on a price p and the (random) value of that
asset is p. The trader buys x units of the asset and if p is revealed, his gain will be
given by:

G' =(p—px'. (10.1)

A set E C Ris then defined containing all the potential values of p. Each trader has
a private signal s’, which belongs to the set of signals S?. The cross product of all

I Emmanuel Haven (2007). Private information and the “information function.” Theory and Decision, 64, 2-3,
2008, pp. 200-201.

2 This is the section “Private information and the information function” with as subsection “Private information
as defined by Tirole.”
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those sets S’ forms a set S. The vector of all signals is denoted by s = (..., s', ...).
The set 2 is then defined as: Q2 = E x §. It is then assumed that the traders have
a common prior v on 2. Each trader is assumed to take out a quantity x’ so as
to maximize his conditional expected gain. The rational expectations equilibrium
is defined to be a forecast function @, which in the words of Tirole [4] (p. 1166)
“associates with each set of signals s a price p = ®(s) and the set of trades
x'(p, s', S(p)) for each agent i, relative to information s’ and s € S(p) = ®~(p),
such that x'(p, s', S(p))” will maximize the expected conditional gain, which we
denote as in the excellent paper by Scheinkman and Xiong [5], as:

Ee(G'|p, s') = / GdTy, , (10.2)

where I' is a conditional distribution. The conditional distribution is induced by the
forecast function, the observed price and the signal s’. This explains the notation
Scheinkman and Xiong [5] use on this conditional distribution. Furthermore, the
market will clear for each s € S. The no-trade theorem then says that in a rational
expectations equilibrium (see Scheinkman and Xiong [5], p. 227): Eo(G'|p, s') =
0. This will thus be true if all agents are rational and have the same prior v. Thus
private information has no impact whatsoever on the conditional expected gains
if the agents are behaving under the conditions of what Scheinkman and Xiong
[5] call the standard rational expectations model. Thus, when those conditions are
violated the conditional expected gain could be non-negative.

This section of the book also has as goal to re-iterate the concept of non-arbitrage.
In Chapter 4, Section 4.18.3 we provided for a formulation of the non-arbitrage
theorem following Etheridge [6]. It is not difficult to show that if one of the prices
in the price vector (at time® ¢ = 0) is set to unity, and the security prices of that
one asset under the various states of nature (at time ¢t = 1) are set equal to unity
with the addition of a return equal to the risk free rate of interest, then one can
define a set of probabilities (risk neutral probabilities) by which we can discount a
risky asset at the risk free rate. Neftci [7] shows this very nicely in his book (see
pp. 19-20). This is a very useful result in finance, since risky assets would require
the use of preferences for risk which are notoriously difficult to estimate.* The
use of the risk free rate does not ask for such preferences, and, in effect, there is
wide agreement by market participants on the level of a risk free rate of interest
in an economy (for instance it could be the prime rate set by the central bank of a
country). As long as we do not worry about the meaning of the probability, then
such discounting is warranted.

3 When we formulated the non-arbitrage theorem in Chapter 4, Section 4.18.3, we denoted r = 0, asfp andt = 1,
asfy.
4 But see below for our brief discussion of the CAPM model.
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Beginning undergraduate students studying for finance degrees will all know
about the so-called “CAPM” model, or also the “Capital Asset Pricing Model,”
which in effect does give an estimate of the return of an asset (whether risky or
risk free). Following Luenberger [8] (p. 173), this model was developed mainly by
Sharpe [9], Lintner [10], and Mossin [11]. The CAPM model has been extended in
many ways.

The model is in fact quite easy to grasp. One needs essentially two main ingre-
dients: (i) the so-called S of an asset and (ii) the concept of a market portfolio. The
market portfolio can be thought of as proxied by for instance an index portfolio
such as the Dow Jones 30. One can define the so-called Beta for a security i, §;,
as B = i) \where r; 1s the return of asset i and r,, is the return of the market

0’7% ’
portfolio and cov(r;, r,;) is the covariance of the return of asset i and the return of

the market portfolio m. The variance of the return of the market portfolio is denoted
as o2 If asset is the risk free asset (with return the risk free rate of return, r ), then

covyrm) _ (). Remark that if i is the market

2
Om

cov(ry, r,) = 0 and therefore By =

portfolio (with return r,,), then cov(r,,, r,y) = 03, and hence §,, = Z—z = 1.Inanon-
expected form, the so-called CAPM can be written as r; = ry + ﬁ;i(rm —rf)+ €,
where ¢; is the error term.

The CAPM can also be written as a pricing formula. As per Luenberger [8]

(p. 187), one obtains then P = FTRECH) T where P is the price (now) of an

asset with expected selling price Q. The appropriate discount rate is thus ry +

Bi(E(rm) —1y).
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10.3 George Soros’ interpretation of the crisis and the use of classical
quantum physics in finance

Any beginning undergraduate student in economics will know about one of the
basic principles of economics, the so-called “invisible hand.” The principle is
deceptively simple and roughly says that each economic agent, even though he
or she acts in his or her own self-interest, will, in so doing, also help the other.
Paul Samuelson, the Nobel prize winner in economics mentions in his well-known
textbook (with Nordhaus) [1] that the “invisible hand” is a doctrine. As Samuelson
notes in this book, the “invisible hand” is a concept which can be sourced back
from Adam Smith’s [2] The Wealth of Nations. Quoting Samuelson [1] (p. 46), “the
invisible hand doctrine is a concept for explaining why the outcome of a market
mechanism looks so orderly . . . We know that the market sometimes lets us down,
that there are ‘market failures’.” Samuelson mentions that externalities are one case
of such a market failure.

Nozick [3] remarks, the “invisible hand” approach can be explained via the
theory of rational choice behavior amongst agents and he also indicates that this
does not necessarily imply that one needs to invoke the principle of expected utility
maximization. Nozick refers to his book [4], where variants of expected utility are
used instead.

The economic literature has provided interesting explanations of the workings
of the invisible hand. One quite condensed way of explaining its mechanics, in an
albeit quite abstract setting, is by Schelling [5]. We do not expand on it here. We
note that, already in 1978, it was remarked by Ullmann-Margalit [6] (p. 278) that
the invisible hand approach could be viewed as “the counterpart, within the social
domain, of the biological-evolutionary explanations within the domain of living
organisms.”

From an econophysics (statistical mechanics) point of view, the “invisible hand”
could be seen as a “device” by which a complex system can be stabilized to an
equilibrium state. However, we must emphasize that one needs to be very careful
with the extension of physics-based theories to social systems.

It could be claimed that in the command economies of the past, the rational
choice of individuals was assumed by the state. In effect, command economies
“modeled” an aggregate version of the rational choice of individuals, while in free
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market economies the rational choice was squarely lying at the individual level. The
“invisible hand” really operates at an individual level rather than at an aggregate
level. Clearly, the debate on the (optimal) weight of state regulation in economic
activity is an interminable one, and this book has no pretence at all to be a forum
for such a discussion.

A question however, which now has come to the foreground, is whether the
absence (or presence) of financial regulation could not in fact (in part) explain
the events of the 2008 financial crisis. If we interpret this crisis as having been
caused by the emergence of a degree of ignorance about how to price specific
financial assets, then we may want to indeed connect the doctrine of the invisible
hand to that crisis. One could for instance argue that the idea of efficiency, which
we covered in Section 10.1 of this chapter, is connected to the invisible hand.
In effect, assume very little relevant information is incorporated in prices. The
very presence of “price-less assets” would disallow the proper functioning of the
rational choice of individuals. After all, how could one exercise a rational choice
on goods, when their prices would not be reflective of the worth of those goods?
As a consequence, we would observe very random price behavior and decision
making. In effect, no economic decision maker would be able to decide whether to
(rationally) buy or sell. Such an economic state of affairs would indeed invalidate
the proper functioning of the invisible hand principle altogether. We remark that the
2008 crisis did exhibit instances where assets seemed to be very much mispriced
in some cases, merely because of the consequence of the absence of knowledge on
how to price the asset in the first place. We may wonder whether it was precisely
the absence of state intervention which made the existence of such “price-less”
assets possible.

As one can appreciate, such a very difficult problem cannot be solved in the
space of a book (and certainly not this one!). The interested reader may want to
visit the editorials by the Nobel prize winner (economics), Paul Krugman in the
New York Times to get an idea of how difficult the debate is on arguing the pros and
cons of state intervention in an economy (in this case the US economy), which to
some extent seems to be at a critical cross-road of its existence.

In social systems, as any economist well knows, it is impossible to perform a
pure experimental test (such as in physics) by selecting a specific experimental
context. The absence of such a setting does indeed make it extremely difficult to
ascertain the degree of potency of having the “invisible hand” function in a society
with for instance a mildly interventionist government.

One could argue that the focus needed for the “managing” of the “invisible
hand” principle in a financial context is in effect very different from when the same
principle is to be looked after in, say, an industrial production setting. Clearly, the
theory of industrial organization (for instance see the work of Jean Tirole [7]),
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which devotes a lot of intellectual effort to modeling the economics of industrial
production and organization, is different in its mathematical expression, from a
theory of financial management, which can account for, say, extreme events. The
stress would need to be put on the word “extreme.” The attacks against finan-
cial models are very often oblivious about mentioning this important qualifier. It
needs to be emphasized that a branch of applied probability has developed very
sophisticated models on how to measure extreme events. Whether those models
have been sufficiently incorporated into financial models remains to some degree
an open question. However, to claim that no such theories exist (mathematical or
financial mathematical) is an incorrect statement. Please see, for instance, the work
by Embrechts [8] and Delbaen [9].

George Soros, the multi-billionaire investor, has for many years proposed an
alternative theory to efficiency. The key concept which emerges from Soros’s theory
is the principle of “reflexivity.” See for instance [10]. The connection between
reflexivity and the wave function has been discussed in Khrennikov [11] [12] [13]
and Choustova [14] [15] [16].

Soros [17] argues that, in his theory of reflexivity, the economic agent’s thinking,
has two functions: (i) “to understand reality, that is the cognitive function” and (ii)
“to make an impact on the situation. . . (the) manipulative, function.” Clearly, the
second role, we believe, has already been alluded to when we discussed efficiency
in Section 10.1 of this chapter. Recall the idea of so-called “information manip-
ulation” we discussed above. We mentioned that such manipulation can take on
the form of information leakage and (ii) uncertainty creation. We recall that Ma
[18] (p. 43) defines information leakage as: “situations where agents wish to reveal
truthfully their private possessed information to. . . others.” Uncertainty creation is
then defined as per Ma [18] (p. 43) as agents wishing to create “uncertainty in the
rest of the economy.”

Soros [17] proposes that if both the cognitive function (understanding the mar-
ket) and the manipulative function “work independently of each other they produce
determinate results.” However, if both functions, in the words of Soros [17], do
“operate simultaneously (then) they interfere with each other.” It is this inter-
ference that Soros calls “reflexivity.” Soros [17] indicates that “reflexivity intro-
duces an element of unquantifiable uncertainty into both the participants’ under-
standing and the actual course of events.” The interested reader may sense the
notion of an uncertainty principle in some macroscopic environment. We already
mentioned such principle in Chapter 3, Section 3.2. But we also note the word
“interference” which from a simple analogy point of view makes us possibly think
about probability interference. This concept was covered in Chapter 5.

We may wonder whether we can connect this approach with the meaning of a
wave function in a Bohmian mechanical environment? Chapters 11, 12, and 13
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will discuss more the economic role of the Bohmian wave function. In Chapter 13
we will introduce a so-called “information risk parameter.”” The Wiener process
there will be mimicking the source of information risk. We can also argue that the
constructive and destructive interference, which are essential in the build up of the
wave function via the Fourier integration (see Chapter 5, Section 5.9), could be
an echo of the simultaneous interfering of what Soros calls the manipulative and
cognitive functions.

We can make the following argument. We can consider cognitive and manipu-
lative functions as variables of the model under consideration. If these observables
interfere (and experimentally this fact is expressed in the violation of the formula
of total probability), then we can apply the quantum-like approach to modeling
Soros’ theory of reflexivity, and describe the state of the market by the quantum
mechanical wave function. In simple quantum mechanical terms, if normalized
plane wave functions do interfere, via constructive and destructive interference
(i.e. cognitive and manipulative functions), then they build up a quantum mechan-
ical wave function. This resultant wave function, we will propose, can be used
as a carrier of a degree of erroneous information. The rationale for doing so, as
we will see in Chapter 13, may possibly be traced back to the idea Bohm and
Hiley [19] proposed of “active information.” This active information is narrowly
connected to the existence of the wave function. Furthermore, the use of Fourier
series and integrals in this context, also naturally leads to the uncertainty principle
of momentum and position. Hence, the idea of reflexivity in effect would then be
closely connected to the Fourier integration apparatus (and thus the uncertainty
principle). Furthermore, recalling the definition of the wave function in Chapter 5,
Section 5.9, we can see that the role of the amplitude function of the wave
number is of central importance in giving shape to the emerging wave func-
tion. The absence of reflexivity in this proposed framework would then clearly
imply the absence of the Fourier integration apparatus of the wave function con-
struction. The wave number can be best interpreted in the light of the famous
de Broglie relation p =hk: p is momentum and / is the rationalized Planck
constant.

Let us quote Soros on his idea on how interference produces effects in the
financial markets. Says Soros [17]: “This two-way connection works as a feedback
loop. The feedback is either positive or negative. Positive feedback reinforces both
the prevailing trend and the prevailing bias — and leads to a mispricing of financial
assets. Negative feedback corrects the bias.” With our proposed connection of
bringing reflexivity into the realm of wave function construction, we could identify
the existence of a negative feedback with the appearance of an amplitude function
which is very wide, producing via Fourier integration, a very tight wave function. If
that wave function is dependent on the position parameter, which is price, then the
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density function derived from that wave function will be tight, and the probability
of mispricing would be very much limited. Positive feedback effects would provoke
the opposite effect: the amplitude function on the wave number would be very tight
and, via Fourier integration, this would create a very wide wave function. If again,
this wave function is dependent on price, the probability of mispricing would indeed
be much less limited. Remark also the case where reflexivity is absent, i.e. when the
manipulative and cognitive functions do not interfere with each other, no such wave
function construction exists at all. In other words, the Fourier integration apparatus
(and the ancillary uncertainty principle) in that case completely disappears. In fact
this absence of reflexivity could possibly be connected to the existence of no-
arbitrage, where it can be shown that the absence of arbitrage leads to a break down
of the Fourier integration machinery we propose here. The existence of arbitrage
would then allow for the existence of an amplitude function and the appearance of
the Fourier integration machinery.

We finish this section with an observation on feedback loops. Feedback loops
are well known in classical dynamics (and neural networks). Hence, the reader may
wonder why the authors of this book advertise the usage of quantum formalism
to describe such market dynamics. As was pointed out, one of the reasons is the
presence of interference effects which cannot be described by classical dynamics.
However, for Soros the crucial consequence of the reflexivity theory is that, contrary
to models which are based on the formalism of classical statistical mechanics, his
theory does not imply that a stabilization to equilibrium must occur. Following
Soros, as we mentioned above, the financial market can be unstable. Such dynamical
behavior can be well explained by the fact that any solution of the Schrédinger
equation (which is different from the stationary solution) will fluctuate forever
without approaching the equilibrium state. We remark that stationarity of solutions
means that there are no such dynamics at all. In the modeling of the market,
the only possibility for the realization of such a stationary state is the state of
stagnation.
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10.5 The need for an information modeling device in
economics and finance

The former section gave us a flavor on how wave functions could be used to
model Soros’ idea of reflexivity. The interference of wave functions can be tightly
connected to the existence of reflexivity. The positive and negative feedback loops
may be connected to respectively tight and wide amplitude functions. The same
amplitude function could also be proposed to be connected to the prior distribution
(via Bayes rule). Bayes rule was briefly discussed in Chapter 8, Section 8.1.

The concept of information has a long history in the sciences. Information theory
has proposed many useful measures, such as (of course) entropy and “information
gain” formulas, which aid in precisely assessing the quantity of information in
systems. However, it remains very challenging to devise measures which can
determine the content of information.

Haken [1] (p. 55), gives an interesting example on how one can maximize
information. He considers symbols like dashes or dots. The probability of finding
such a dash or a dot, in a total population (N) of N; and N, dashes and dots,
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he defines simply to be p; = %, j =1, 2. The measure for the information per
symbol is then (Haken [1] (p. 55)):i = —K Zj p;lIn p;, where K is a constant and
j = 1, 2. This measure can then be maximized subject to the fact probabilities add
up to unity. Haken [1] (p. 57) also shows that by rewritingi = —K Zj pjlnp; as:
i =— Zj pjfi (with f; = =K Inp;), f; can be interpreted (Haken [1] (p. 57))
“as the information content of the symbol (dash or dot for instance).”

Haken shows that “information” and “information gain” can be precisely mea-
sured in, for instance, self-organizing systems. It is unclear whether economic
systems can in fact be seen as self-organizing systems.
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Bohmian mechanics in finance and economics

11.1 The pilot wave function and its uses outside of quantum mechanics

Let us recall our discussion on Bohmian mechanics in Chapter 6. The idea of
using Bohmian mechanics outside of quantum mechanics is not new anymore.
Khrennikov [1] provides for an overview on how this model can contribute in
precise terms to areas such as economics and finance.! Historically, the work by
Bohm and Hiley [2] and also Hiley and Pylkkinen [3] brought forward the idea that
the pilot wave function could be seen as a wave function containing information.
In Khrennikov [4], Choustova [5], and Haven [6], the idea of using pilot wave
theory to finance was investigated. Khrennikov [1] (p. 160) remarks that “the force
induced by the pilot wave field does not depend on the amplitude of the wave.”
He cites the argument made by Bohm and Hiley [2] that because of this property
the pilot wave is an information wave.

The various interpretations (with applications) of the wave function will be
covered in detail in Chapter 13.

Here are some of the key features which can be of use in an financial/economics
setting. When the wave function is not factorized, then a change in the price of a
stock i will affect the prices of stocks, j, with j # i. See Khrennikov [1] (p. 161).
The Bohmian theory, as we remarked already in Chapters 1 and 6, is non-local. The
amplitudes of wave functions are inconsequential on the force emanating from the
pilot wave (recall the existence of a quantum potential which is an essential part of
pilot wave theory — see Chapter 6).

An interesting discussion can be engaged on the notion of what we would
like to call a “pricing rule.” We will briefly refer back to this notion in the next
chapter. Recall the definition of the quantum potential from Chapter 6, which we

could derive from equation (6.15), Q(g) = L

3R 337 In Khrennikov [1], several

I' Chapter 9 in that book (pp. 151-170) provides for a discussion.
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examples are given on how such a quantum potential can be used in an economics
context. We reiterate two examples given there. The first example (Khrennikov [1]
(pp. 162-163) (Example 9.1)) concerns the simple case of a constant amplitude,
R. The force derived from the quantum potential, %, is then, in this case, zero.
Thus, the size of the amplitude in this case is totally inconsequential. Consider
a second example (see Khrennikov [1] (p. 163) (Example 10.3)) with amplitude

R(q) = c(g* + b), ¢, b > 0. The force, %, yields (ZZ;Z;Z and setting d = v/b,
then, as the price moves fromg = 0to g = d, there is no negative force in increasing
the price from the level O to the level d. Beyond level d, the situation is reversed.
The forces portrayed through those two simple examples show clearly that an
argument can be made that such quantities could be interpreted as some “pricing
rule.” Such rules could indeed be very sophisticated, depending on the functional

form of the quantum potential.
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The Bohm—Vigier model and path simulation

12.1 The Bohm-Vigier model in finance

Bohm and Hiley [1] (p. 194) (equation (9.29)) indicate that according to Bohm and
Vigier the velocity of a particle could be given by v = Z—f + &, where VS is the
gradient of the phase of the wave function towards position, m is mass, and £ is
a random contribution with mean zero. Bohm and Hiley’s interpretation (p. 195)
of the term % is seen as the “average velocity of the particle.” Bohm and Hiley
[1] (p. 195) argue that if the average velocity is so defined and the wave function
is expressed via the polar form 1 = R.e'S (this was equation (6.1) in Chapter 6),
“then Schrodinger’s equation implies that™:

dv

i —-V(V + 0), (12.1)

where the gradient (towards position) is taken on both the real and
quantum potentials.

Now recall the portfolio we considered in the Black—Scholes option pricing
model. In Chapter 2, equation (2.10), it was indicated that the return per unit of
time of the portfolio should be equal (in case of no arbitrage) to the risk free rate
of interest dﬁndl—t = r, where II is the Black—Scholes portfolio (a collection of a
stock and an option). We can make the argument that the above Bohm—Vigier
model could be used in this option pricing context in the following way. As in
Haven [2] (p. 334), we write in analogy with v = % + & that % = VS + w,
and the information function is now defined as ¥ (IT) = R (IT) exp(i S(IT)) and
S(I) = % and w = x@, where x is a time-independent arbitrage return.

We may of course wonder why one would want to write the above? In
Chapter 3, we hinted at the necessary existence of non-arbitrage in the deriva-

tion of the Black—Scholes model. In effect, the left-hand side and right-hand

! We omit subscripts .
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side of dﬁni = r can only be equal in the absence of arbitrage. Hence, writing

”fi—l;[ = VS(IT) + w, with the phase and the stochastic term as defined above, indi-

cates allowance is made for the existence of arbitrage. Thus, in that context one

can now propose %% > r or %d]—t < r. This leads us into an already established

theory, developed mainly by Ilinski [3], Otto [4], Fedotov, Panayides [5], and
Panayides [6]. See also Haven [7].

The Ilinski [3] and Otto [4] approaches specify that the return on the Black—
Scholes portfolio, IT, is: dI1 = rIldt + xI1dt. See, for instance, equation (43)
in Ilinski [3] (p. 237). The “x” can follow a specific random process like the
Ornstein—Uhlenbeck process, and this process is defined as in Ilinski [3] (p. 240)
(equation 49):

dx _ 12.2
I x(t) +n(t), (12.2)

where 7(#) is white noise and A is a relaxation parameter.
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12.3 The Newton—-Bohm equation: path simulation

The Newton—Bohm equation was described in equation (6.16), see Chapter 6, Sec-

2 .
tion 6.3. We recall this PDE as being m.a = mdd‘igt) = —Wa(g’t) - 0%(‘””, where

V is the real potential function and Q is the quantum potential function. The hall-

mark of Bohmian mechanics is the quantum potential, which depends on the wave
function’s amplitude. The wave function does evolve according to the Schrédinger
partial differential equation.
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Figure 12.1. Real trajectory I, generated on the basis of price data (source:
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Figure 12.2. Real trajectory II, generated on the basis of price data (source:

Khrennikov and Kotovich [1])

An important issue which needs to be tackled is to inquire whether real price
trajectories can be simulated by the Bohmian model. The simulations below
(Figures 12.1-12.6) are using as real potential a free particle in a box. The
Schrédinger PDE is solved (using the above real potential function) and then
the quantum potential is found. Simulation can then be started. An important issue
which remains open is to know what initial condition wave function one needs to
choose for the Schrodinger equation. The simulated Newton—Bohm paths do very

much depend on the choice of this initial condition.
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Figure 12.4. A Newton—Bohm trajectory (source: Khrennikov and Kotovich [1])

The figures above show path simulations based on real data (Figures 12.1-12.3).
The Newton—Bohm paths are shown in Figures 12.4-12.6.

The Y axis in Figures 12.4, 12.5, and 12.6 represent values which are the
logarithm of the values on the Y axis from Figures 12.1, 12.2, and 12.3. As
indicated already above, the results of the simulation are highly conditional on
the initial condition — wave function. A problem which presents itself here is how
to interpret the dynamics of expectations (of say market participants), which are
encapsulated at the level of the wave function. This is a problem we can also find
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Figure 12.6. Another Newton—-Bohm trajectory (source: Khrennikov and Kotovich [1])

back in economics. Do we know how to encapsulate the mood of a representative
agent in a utility function? If we were to try to mimic price paths with a stochastic
approach, should we not need to worry about the expected rate of interest to use
(which reflects preferences for risk (of the representative agent))? We may wonder
whether a pricing rule (tied to the quantum potential) cannot be guessed via certain
specific historical price moments. As an example, the behavioral finance literature
has come forward with several pricing effects. The pricing rule is in effect nothing
else than the force derived from the quantum potential. This is in effect the last
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term in equation (6.16) (see Chapter 6). We must therefore pay particular attention
to the amplitude function of the wave function. One very important feature of the
model would then be to encapsulate in the choice of the amplitude function the
possibility that a noticeable event in the market may be coming forward. One could
possibly measure such upcoming event via the change in level of the LIBOR rate
(London Interbank Offer Rate).
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Other applications to economic/financial theory

This chapter attempts to delve deeper into the question on how quantum mechanical
techniques can be brought closer into the realm of economics and finance.

13.1 The (non-)Hermiticity of finance-based operators?

Hermiticity of operators was discussed in Chapter 4 of the book. We again take up
this very important concept in the context of financial asset pricing. It is a classical
result from quantum mechanics that the existence of Hermiticity of the Hamiltonian
operator is intimately linked with the notion of conservation of probability. The
existence of Hermiticity is also known to be closely linked to the concept of spatial
localization. Please see below.

Baaquie [1] makes the important argument that the Black—Scholes Hamiltonian
is non-Hermitian and this condition provides for the need to satisfy the martingale
condition. Please recall that the martingale property was covered in Chapter 2,
Section 2.9. It is also important to mention that Luigi Accardi has indicated' that
it is white noise which may be the cause of non-Hermiticity in a finance context.

One can argue that within an economics/finance context, the equivalent of the
state function, using Baaquie [1] [2], can be the option price function. A similar
interpretation can also be found in the paper by Li and Zhang [3] (see also Haven
[4]). Please note that the work of Li and Zhang is covered in Section 13.12 of this
chapter. We would like to note that by interpreting the wave function as the call/put
price, we depart from the conventional probabilistic interpretation of the wave func-
tion (the Born interpretation), and we move instead towards Schrédinger’s original
interpretation of the wave function as a real physical field. Schrodinger considered
the wave function as the density of the electron charge (see Khrennikov [5]). In

! One of the authors recalls that Professor Accardi made this remark at the Fifth Foundations of Probability and
Physics conference, which was held at Linnaeus University (Sweden), August 25-27, 2008.
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particular, in his approach the wave function was not normalized. Moreover, at the
beginning he considered only real valued wave functions. Hence, the analogy with
the call/put price interpretation of the wave function in finance is evident. Recently
Schrodinger’s interpretation of the wave function was justified in the framework
of so-called prequantum classical statistical field theory (see Khrennikov [6]). The
main departure from Schrodinger’s approach (as well as from Khrennikov [6]) are
the non-unitary dynamics of such a wave function of the field type.

The underlying asset of the option pricing function (please see also Chapter 2,
Section 2.7.1 for the definition of an option) could be the equivalent of the inde-
pendent variable entering the state function. Since asset prices can not be negative,
there is a restriction on the space where we can find (financial) particles.

However, can we necessarily argue for spatial localization? The concept of
“probability conservation” tells us that the probability of finding a particle anywhere
in space is time independent. To show that probability conservation is intimately
related to the Hermiticity of the Hamiltonian operator, one actually needs to activate
the condition of spatial localization. This condition is simple and says that the wave
function ¥ (x, t) — O when |x| — oo0. Clearly, if we consider the finance equivalent
of ¥ (x, t), i.e. the option pricing function where the underlying is an asset price,
then we know asset prices never go to infinity. But assume for theoretical sake
that they do. Consider the martingale property E(S;y1|F;) = S;. This is intimately
linked to the existence of non-arbitrage, since we can write under this condition
that ﬁE P(S,41) = S, i.e. the risky asset can be discounted at the risk free rate of
interest, r, under the risk neutral probability measure, P.

Bjork [7] (p. 9) indicates that a probability measure P is called a martingale
measure if the condition Sy = % is satisfied. Bjork [7] (p. 10) also shows that
there does not exist arbitrage if and only if there exists a martingale measure P.

Let us for easiness of purpose say that » = 0, and hence we can then write
EP(S,41) = S;. When there is arbitrage, the best we can write is EP(S11) =
S;(1 + r + premium), and, therefore, EF(S,,;) > S, in the case where the premium
is positive, and E”(S,,1) < S; in the case where the premium is negative.” Assume
now that the strike price of a call option is finite, which is a very reasonable
assumption. If S, were to go to infinity, and assuming there is a positive premium,
then EF (S, 1) would certainly go to infinity and therefore the equivalent condition
in finance terms of ¥ (x, t) — 0 when |x| — oo would certainly not be met, since
the call price would even “be more™? infinite since S, — S;,; — oo. Thus the
call price C(S;41, t) - 0. If the premium is negative, we would have possibly the
reverse: S, may tend to infinity, but, since S;+1 < S;, we could argue that S,
is “now less”* tending to infinity. But if it is less tending to infinity, it may be

2 Remark that the premium is asset specific, i.e. the level of the premium refers to the specific asset in question.
3 We agree this is indeed very imprecise language.
4 Again, the language we use is imprecise.
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finite. Hence, although the call price C(S;, t) — oo, one could possibly argue that
C(S;+1, 1) < oo since S;4+1 can be finite. If the stock price were to indeed coincide
with the finite strike price, then C(S;41,#) = 0. Remark that no option contract
exists with infinite strike prices.

In the proposition below, we use the field interpretation of the wave function,
i.e. as a classical (real valued) field.” Here is the argument in a more formal format.

Proposition 13 Assume the state function ¥ (x,t) becomes now C(A, t), where
A is the price of an asset and C is the price of a call option. A necessary and
sufficient condition for the Black—Scholes option price Hamiltonian operator to be
Hermitian is that an appropriate super-martingale on A exists.

Proof. The non-arbitrage condition yields that: w = A(t), where r is the

risk free rate (a constant) and P is the risk neutral probability measure. Hence, we
can write this expression as a martingale (see Chapter 2, Section 2.9 for a defini-
tion):* EP(A(t + 1)) = A(t). Assume for easiness of purpose that r = 0. Assume a
martingale does not exist, i.e. we obtain EX(A(¢ 4 1)) = A(t)(1 + risk premium).
Hence, we can only write the expectation as either a so-called super-martingale
EP(A(t + 1)) < A(t) or a so-called sub-martingale E”(A(t + 1)) > A(t). If A(¢)
tends to the infinite, then, in the case of a sub-martingale, A(# + 1) will be even
larger. Therefore, from a call option point of view, the intrinsic value yielded
by A(t + 1) will be even farther removed from the strike price (and thus far-
ther removed from zero). Under a martingale, if A(¢) is tending to infinity with
a non-zero call price, then A(r 4+ 1) will equally yield a non-zero call price.
A necessary (but not sufficient) condition for the call price to tend to zero
is to impose a super-martingale on A(f). If A(¢) tends to infinity, then under
the super-martingale, A(f + 1) < oo will be finite. However, we need to fur-
ther impose that A(f + 1) must tend to the finite strike price. In that case,
only the call price will tend to zero. Hence, if there exists a super-martingale
and for an appropriate choice of A(z 4+ 1), one can obtain spatial localiza-
tion. Assuming that such spatial localization exists, using the usual state func-

tions’ and following (Morrison [9] (p. 202)), one can write % p([—o00, 00]) =
o0

i f {Tﬁ*(x’ DHY (x, 1) — Y(x, ) [Hy(x, t)]*} dx and since the Hamiltonian

—00
operator can be split into a real potential energy operator (which

5 For a nice introduction on the topic of the quantization of fields, please see Bethe [8].

© We have taken off, for easiness of notation, the conditionality of the expectation on the information set at
time 7.

7 Adjustments would have to be made if the conversion from state function to option price is made, like re-
mapping the fact that the product —; will not appear in the option pricing setting. However, this does not alter
the argument of the proof.
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is the real potential) and a Kkinetic energy operator, one can write:
oo

& p([—00, 00]) = —f f {w*(x, DTV (x, 1) — y(x, ) [Ty(x, t)]*} dx, where T

—0o0
is the kinetic energy operator which is equal to ;—f’;% The above
expression %p([—oo, oo]) can then be shown to be equal to (Mor-

rison [9] (p. 203)): —%[w*(x,t)%lﬂx,t)—w(x,t)%w(x,t)*];ooo and

this expression is zero because spatial localization now exists. Hence,
o

%/{W*(x’t)ﬁw(x’t)_‘ﬂ(x’t) [ﬁW(X,t)]*}dx=0 and therefore we can

—00
recuperate the definition for the Hermiticity of a Hamiltonian operator:

/w*(x,z)ﬁw(x,t)dx= / Y(x, 0 [Hy(x, 0] dx. .

We remark the very specific conditions needed to argue for the existence of
Hermiticity of the Black—Scholes Hamiltonian operator. Here are the conditions
again:

1. We assume that an equivalent analogue of the state function is the option call
function (please see above Proposition 13).

2. We require a super-martingale on the underlying asset.

. Because of 2, we must assume the existence of arbitrage on the underlying asset.

4. The underlying asset’s price must tend to the strike price.

98]

Conditions 2 and 3 are conditions which tend to confirm that Hermiticity and
the existence of arbitrage may have to co-exist. Condition 4, clearly imposes a
constraint, which financially is possible. Asset prices can definitely converge to a
strike price in reality. However, there are many instances where that is not the case.

Proposition 14 Assume the state function (x, t) becomes now P(A, t), where A
is the price of an asset and P is the price of a put option, then the Black—Scholes
option price Hamiltonian operator is Hermitian.

Proof. The proof follows almost entirely the proof of Proposition 13 above. When
A — oo, then P(A,t) = 0 by definition of the intrinsic value of the put option
and the fact that the strike price is always finite. Using the usual state functions,”
there exists spatial localization. Following (Morrison [9] (p. 202)) one can write:

8 Adjustments would have to be made if the conversion from state function to option price is made, like re-
mapping the fact that the product —; will not appear in the option pricing setting. However, this does not alter
the argument of the proof.
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4 p([—00, 00]) = —1i /{w*(x,t)ﬁl//(x,t) — ¥ (x, 1) [Hy(x, n] }dx and since

the Hamiltonian operator can be split into a real potential energy operator (which is
the real potential) and the kinetic energy operator, one can write: % p([—o0, 00]) =

o0
~L / (W, DT Y (x, 1) — ¥(x, 1) [Ty (x, )] }dx, where T is the kinetic energy
—0oQ
2 .
operator which is equal to: %% The above expression % p([—00, 00]) can

then be shown to be equal to (Morrison [9] (p. 203)): —%[w*(x, t)%@//(x, t) —

¥(x, t)%lﬁ(x, £)*]2>° and this expression is zero because spatial localization
o0

exists. Hence, . / (e, OHY (x, 1) — y(x, 1) [HY (x, 1)] }dx = 0 and there-
—0oQ0
fore we can recuperate the definition for the Hermiticity of a Hamiltonian operator:

/ W (e, OHY (x, Ddx = [ (e, 1) [Hy(x, )] da. -

If we compare proposition 14 with proposition 13, we can immediately observe
a high degree of asymmetry. Here are the conditions:

1. We assume that an equivalent analogue of the state function is the option put
function (please see above Proposition 13).
2. The existence of arbitrage or non-arbitrage is irrelevant.

Thus in the case of the put, the existence of Hermiticity is un-connected with
the existence of arbitrage or non-arbitrage. Hence, spatial localization is always
verified in that case.
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13.3 Implications of the non-Hermiticity of a Black—Scholes Hamiltonian
operator on the use of the classical limit arguments

The non-Hermiticity of the Black—Scholes Hamiltonian operator will also have an
immediate implication on the classical limit arguments of Chapter 5, Section 5.15.
Here is a straightforward proposition.

Proposition 15 [f the Black—Scholes Hamiltonian operator is not Hermitian, then
the Ehrenfest theorem cannot hold and the classical limit can not be obtained.

Proof. The proof of this proposition is quite straightforward. From Ehren-

fest’s theorem, one finds that % = —(%) and dAx') ﬁ) (see Holland

[1], p. 111). The key result to prove Ehrenfest’s theorem ie. the tlme evolu-

tion of the expectation value of an arbitrary operator, Q, which is: E (O()) =

<%> + %(l [ﬁ @]) does not hold since it can be shown that (Hl//lQl//) can-

not be written as: (wlﬁéw). In that case, following Morrison [2] (p. 516)
() ~(52) = 1[(Av10w) ~ (v10Ay )] and since [y |0v) # <w|ﬁ§w>,

one cannot rewrite £ [<H¢|Qw) WIQHw las L IHéw) <W|/Q\7/’ZW>]
note that + [(WIHQW) (WIQHI,&)] < [H Q]> To obtain the second result

of the Ehrenfest theorem: % W

517)): %(Q(t)) = <Q> + %<l [7"2, Q]}, and substitute for Q the position operator.

, one would need to use (Morrison [2] (p.

> di
of Hermiticity. A similar argument can be made for the first result of the Ehrenfest

theorem: % = — (%) ]

However, 4(Q(t)) = <aaz§> + }l(z [ﬁ @]) cannot be used because of the absence

Corollary 16 If the state function ¥ (x, t) now becomes P(A,t), where A is the
price of an asset and P is the price of a put option, then the Ehrenfest theorem
does hold and the classical limit can be obtained.

Proof. Immediate. See Propositions 14 and 15. [ ]

Corollary 17 If the state function ¥ (x, t) now becomes C(A, t), where A is the
price of an asset and C is the price of a call option and if there exists an appropriate
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super-martingale on A, then the Ehrenfest theorem does hold and the classical limit
can be obtained.

Proof. Immediate. See Propositions 13 and 15. [ ]
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13.5 Implications of the non-Hermiticity of a Black—Scholes Hamiltonian
operator on the stochastic equivalent of Hamilton-Jacobi equations

When we considered the mathematical formalism of the Bohmian mechanical set
up in Chapter 6, Section 6.3, we obtained equation (6.14), which was termed there
the “continuity equation.” This leads to the next proposition:

Proposition 18 [f the Black—Scholes Hamiltonian operator is not Hermitian, then
the Bohmian continuity equation may not hold.

Proof. This is immediate. The continuity equation was: %—If + %% (RZ%) =0
and when conservation of probability is not obtained, then clearly aa—liz # 0. ]

Clearly, using Propositions 13 and 14 can reverse this result.

In summary, when options would only be puts, the classical limit and the
Bohmian continuity equation would all be verified. When call options were to
be used, those results only obtain under the conditions of proposition 13.

13.6 Interpretations of the wave function: a brief discussion

In Chapter 10, Section 10.3, we proposed some possible uses of the wave function
within the setting of Soros’ idea of reflexivity. The idea of connecting this interesting
concept to the use of one of the most elementary tools of quantum mechanics,
i.e. Fourier integration (and series), was quite straightforward. We also considered
briefly the so-called “active information” interpretation of the Bohmian mechanics-
based wave function in Chapter 10.

We can consider seven possible (economics based/finance based) interpretations
of the wave function.

1. the use of a basic quantum mechanical (like) wave function which represents
the expectations of traders in a financial market (Chapter 10, Section 10.3);
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2. the use of a basic quantum mechanical (like) wave function which is the resultant
of wave packet construction: the Soros interpretation of reflexivity (Chapter 10,
Section 10.3);

3. the use of a basic quantum mechanical (like) wave function as an input in the
Radon-Nikodym derivative (this chapter, Section 13.14);

4. the use of a basic quantum mechanical (like) wave function as an analogue of
the put and call functions (this chapter, Section 13.1); and as an analogue of the
value of an asset (this chapter, Section 13.8);

5. the Bohmian mechanics-based pilot wave function as a carrier of so-called
“active information”: pilot waves as carriers of erroneous information (this
chapter, Section 13.18);

6. the Bohmian mechanics-based pilot wave function as a carrier of so-called
“active information”: pilot wave in a drift dependent option (this chapter,
Section 13.20);

7. the Bohmian mechanics-based pilot wave function as a carrier of so called
“active information”: pilot wave in the non-arbitrage theorem (this chapter,
Section 13.7).

It is important to remark that the above interpretations can in fact be embedded
within a more general possible framework. Depending on the role we decide the
wave function should take in the macroscopic environment, we implicitly make
an assumption as to what formal role is ascribed to this very wave function. It is
clear that the array of formal models one can choose from is constraining if we
want to define a wave function role (in a macroscopic environment) which has a
quantum mechanical characteristic. In other words, if we want to step resolutely
outside of quantum physics, we could consider wave functions as they are defined
in, for instance, classical physics wave dynamics.

A question we may ask is whether there exist other possible interpretations
of the wave function within an economics/finance-based setting? In other words,
compared to, for instance, the analogue interpretation of the wave function as either
a call or put option pricing function, does there exist another type of analogue? One
important issue to note is the following. As Baaquie [1] remarked (p. 51), the wave
function in quantum mechanics is not observable, while the put and call option
pricing functions are observable. The observability of the option price is, as we
know, artificially rendered; i.e. such an observation is made by man. The observ-
ability does not derive from a natural phenomenon. Clearly, the same argument can
be invoked for asset prices, which are not options. The social science literature has
been enriched with important research, which attempts to document how in fact the
option market was generated via the development of the Black—Scholes formula
mentioned in Chapter, Section 2.7. In other words, the phenomenon of an option
pricing market may have been generated by the uncovering of the Black—Scholes
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formula. This is in some sense a reverse phenomenon of what we are used to in the
natural sciences: a phenomenon is observed and a theory is built to explain the phe-
nomenon. MacKenzie and Millo [2] seem to indicate that the opposite happened in
option pricing: a theory is built and the phenomenon is generated from the theory.
To some extent such an event is also noticeable in other areas of social science,
but this so-called “reverse theorizing” is certainly most clear in the option pricing
theory side of the social sciences, since it is after all the Black—Scholes formula
which triggered a trillion dollar market. Hence, in some sense we can thus question
to some slight degree the so-called “observability” of option prices.

13.7 The wave function and non-observed state prices

If we want to stay resolutely within a non-observed framework, then we can
possibly hint at the use of the so-called state prices, which are used in the theory
of non-arbitrage. This theory, within a discrete state space environment, has been
treated in different places in this book (for instance see Chapter 4, Section 4.18).
We follow here an approach which can connect the wave function in, again, a
Bohmian mechanics framework.

Recall the formulation of the non-arbitrage theorem in Chapter 4, Section 4.18.3.
We now reproduce’ the paper by Haven [3] (Sections 4 and 5 (pp. 196-199)).
Remark that ¢ indicates the position of the particle (for instance the price of an
asset)

The existence of arbitrage is for a large part based upon the existence of infor-
mation. Hence, changes in information will alter arbitrage opportunities. We can
thus imagine a benchmark situation where we start out under no arbitrage with
a particular state of information, reflected by a particular functional form of the
information wave function. Our goal, in the proposition below, is then to show
that if the state of information changes (this can for instance be reflected by a
change in the functional form of the wave function) arbitrage can occur. Before we
consider our proposition, let us consider again the non-arbitrage theorem (please
see Chapter 4, Section 4.18.3). We recall that if there exists a K-dimensional state
price vector E; = (®q, Dy, P3, ..., Pg), which solved the system of equations of

that theorem, there will be no arbitrage (and vice versa). An associated probability

P 2 O
D’ Dy P’ """

probability. We have also that &y = exp(—rT'), where r is the risk free rate of return
and T is time. We must stress that we assume that the probability values making

. —— 2 2
up the probability vector ®,,,, can be drawn from [|W||” = fR ¥ (g)|-dM(q).

—— . .
vector @), = ( , %ﬁ) can be defined, where each coordinate is a

9 Emmanuel Haven (2008). The variation of financial arbitrage via the use of an information wave function.
International Journal of Theoretical Physics, 47, pp. 196—-199.
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Proposition 19 Let there exist an__ N-dimensional asset price vector po and a
K -dimensional state price vector <I> Let there exist a K -dimensional probability

vector m = (%, %, %,..., 5 ) Let N = K and let &y = exp(—rT) be
0 0 0 0

fixed. Let there be an informatzon_wc)zve function V(q) and a measure M on R.
Let each of the probabilities in ® .., be drawn from w|? = fR Iw(q)lsz(q)
for each of the respective set of lower and upper bound values of the integral.
Let the state prices which are in ®,,,, guarantee no arbitrage. Consider now an
information wave function y(q) which has a different functional form from ¥ (q)
in the following way: (i) we assume that y(q) cannot be the dual wave function
of ¥(q);' (ii) for the same measure M on R and for the same respective set of
lower and upper bound values of the integral we used for fR Il//(q)l2 dM(q), we
write fR Iy(q)l2 dM (q) such that the functions Iy(q)l2 and |1//(q)|2 can be allowed
to intersect on different intervals of their domain (of course the functions may
not intersect at all) but under the constraint that at least one probability drawn
from ||y I?> = fR |)/(q)|2 d M (q) must be different from the probabilities drawn from
fR 1V (q)1> d M(q). Under those conditions, will the change in the information wave
function from ¥ (q) to y(q) trigger arbitrage.

Proof. Since N = K, there will be a unique state price vector & =

(@, Dy, ..., Pk) solving the system of equations set out by the non-arbitrage
theorem. Hence, the probabilities in @ ,,, = <$(‘), gé, %3 el Z’{ ) where &y =

exp(—rT) is fixed, are also unique. Those probabilities are drawn from ||y 1> =
fR |1ﬂ(q)|2 dM/q), for each of the respective set of lower and upper bound values
of the integral. Now let us consider an information wave function of a different
functional form, y(g). This information wave function cannot be the dual of the
information wave function ¥(g). As pointed out by one of the referees of the paper,
the space of the information wave functions (with the Hermitian inner product) is
a Hilbert space. As the referee points out, “Hence (by the Riesz Lemma), the dual
and bidual spaces are conjugate isomorphic, respectively isometrically isomorphic
to the Hilbert space.” In that case, the result will not hold. Keeping this in mind,
we do allow both |1ﬂ(q)|2 and I)/(q)l2 to overlap on different intervals (of course,
the functions may not overlap at all) in their domain. However, the overlap is per-
missible up to the point where we require, for the same respective set of lower and
upper bound values of the integrals, that at least one probability value generated
by lly1I> = [3 |¥(q)I* dM(q) must be different from any of the probability values
generated by ||y > = fR Iw(q)l2 d M (g). Without this restriction, the two different
functions could possibly overlap on intervals of their domain in such a way to gen-
erate (for the same lower and upper bound values of the integrals) exactly the same

10 Thanks to one of the referees for pointing out this important restriction.
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probabilities. We are now sure that the different functional form of the information
wave function will induce at least one different probability. Therefore, the emerging

. = R S e P . .
probability vector & prob =\ 0 B o g ) which has now probabili-
ties uniquely drawn from ||y I> = fR |y(q)|2 dM (g) will contain at least one state

S — — >
price in ®** = (O™, &T**, ..., ®F) such that ®*** # & . Hence, there must
be arbitrage. [ ]

We make the following three remarks.

1. It is feasible to trigger arbitrage by only changing the upper and lower bound
values of the integral and keeping the functional form of the wave function
unchanged. In this sense, can g be interpreted as the price of information. Since
arbitrage is dependent on information, a change in the price of information
could trigger arbitrage. We can think of the price of information as the price
of proprietary information for instance. A change in the functional form of the
information wave function would then indicate a change in the information
about the price of information.

2. If we allow a change can occur in the risk free interest rate, r, so that ®¢ is not
fixed anymore, then the change in the functional form of the information wave
function from ¥(g) to y(q) could induce a change from the risk free rate of
return r to another rate of return, say R, which is non-risk free. The difference
between R — r could be denoted as a risk premium (or a risk discount) if,
respectively, the difference is positive or negative. Alternatively, we could also
change T, although that would have little economic meaning. Clearly, in both
cases the state prices will also need to change since the probabilities need to
continue to add up to unity.

3. Our proposition will not necessarily hold for the case where N > K since in this
case we may obtain more than one set of state price vectors guaranteeing non-
arbitrage. Hence, for a different functional form y(q) it could still be possible
we find state prices guaranteeing non-arbitrage.

Using the conditions contained in the above proposition, we observe that
in the case when N = K a change in the information wave function from
. . =2
¥(g) to y(q) will change the state price vector ® = (&, Oy, ..., Pg) to
— — —
O = (P, I, ..., PY™) such that @™ £ & . We need at least one state

price in W“ which is different from the state prices in 8 We know that the first
state price, @, multiplies all the prices contained in the N-dimensional asset price
vector corresponding to state 1. We continue doing this for all K states. Neftci [4]
(pp. 19-20) provides for an interesting interpretation of the state prices and likens
them to prices used in an insurance policy. As an example, consider the price of
asset 2 at time 0, which we denote as p?. An investor could be willing to pay @,
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units for an “insurance policy” that offers D,; units of currency if state 1 (at time
1) is to occur (but the insurance pays nothing if any other state than state 1 occurs).
The investor could be willing to pay @, units plus ®; units for an “insurance
policy” that offers D5, units of currency if state 2 (at time 1) is to occur and Dy,
units of currency if state 1 (at time 1) is to occur (but the insurance pays nothing if
any other state than states 1 and 2 occur). If the investor wants to insure that he gets
a payoff no matter what state occurs, then he will be willing to pay an “insurance
policy” of ®; + &, + - - - + D

In order to connect our theory with Bohmian mechanics, we would need to intro-
duce the idea of a continuous state space. We would then, in light of the above, have
a continuum of “insurance policy” prices. In a Bohmian mechanics environment,
we would have a continuum of information prices, ¢, and the information wave
functions would change following the Schrodinger partial differential equation. So
the information about the information prices changes as well as the information
prices themselves. Those changes will then affect the “insurance policy” prices.

So we could in physics terms, imagine there exists a smooth information price
trajectory which is traced out by the Newton—-Bohm equation (which we already
covered as equation (6.16), in Chapter 6.

d>q(t) V(g 30(9)

= 13.1
dr? dq dq (13.1)

subject to the initial conditions that ¢(t = 0) = go and ¢'(t = 0) = q(/) , where g
is the information price at t = 0 and q/ is momentum at + = 0. We note that m is

d? q(t) V(q)
dq

mass and is acceleration, —

is the partial derivative of the real potential

towards the 1nf0rmat10n price, and — BQ(") is the partial derivative of the quantum

potential towards the information prlce We note that m, the real potential V, and
the quantum potential Q have already been interpreted economically in the work
by Khrennikov [5] [6] [7], Choustova [8], and Haven [9] [10] [11]. In Bohmian
mechanics, since the quantum potential, O, depends on the wave function (via
the amplitude function of the wave function), we can say the wave function steers
the particle. Thus, in the context we have now described, the information about the
price of information (i.e. the information wave function) steers the information
prices. Moreover, it seems reasonable to claim that the smooth information price
trajectory on the prices of information would also trigger a trajectory of “insurance
policy” prices. In summary, we have obtained, via the use of the information wave
function, a natural device by which we can induce either arbitrage or form a risk
premium (or risk discount). Those two financial phenomena are essential in asset
pricing and hence we can begin to see the importance of the information wave
function in an asset pricing context.
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13.8 Price and superposition of values

The above approach looked at a wave function and non-observed state prices. Are
there other approaches where non-observed quantities can be rationalized with
the help of a wave function? Recall the approach we discussed in Chapter 3,
Section 3.1, where Baaquie and Martin [12] (p. 11) describe the psyche of an
individual ““as being represented by a state vector, denoted as | P > ” which is an
element of a state space (linear vector space). We could think of the price state
of an asset as the superposition of values of the asset. The value of the asset
would be a subjective (unobserved measure), while the price state is an observed
measure. Those values of assets could be formed from pools of investors who react
to information of the market in a variety of ways. However, we must emphasize that
the value is unobserved. Thus, the idea would be that the value would be equivalent
to the “anti-chamber” stage (or maybe “gestation” stage) before investors decide to
buy or sell an asset at a given (observed) price. The same machinery from Baaquie
and Martin [12] can now be used. Values may be orthogonal to each other:'! <Value
Traders Group 1|Value Traders Group 2 >= 0. In words, traders in group 1 do not
share any common belief as to the value of the asset with traders of group 2. This
could be the case if we think of so-called “fundamental traders” (as Group 1 traders)
versus “noise traders” (as Group 2 traders). In analogy with Baaquie and Martin’s
approach [12] (p. 12) of defining the individual’s psyche as a superposition of idea
states, we can define the price state of an asset as the superposition of different
states, which have emerged from the different groups of traders who participate in
the buying and selling process. We could then write that the price state of an asset
A =|A) =c1|VG1) + 2|VG2) + ¢3|VG3) +--- 4+ cy|VGN). As before, the
squared modulus of the complex number ¢; can be interpreted as the probability
of each of the values in |A). Remark also that VG1, VG2, ..., VGN indicate
the values given to the asset from the traders in the N different trading groups.
“Free will” (as in Baaquie and Martin [12] (p. 16)) can again be invoked here.
But this “free will” now has very much a financial “flavour.” The choice of states,
in the asset price state formation process is decided by whom? The answer may
well be that, depending on the influence various trading groups have, this choice
will be auto-determined via the weights of those groups. There is then also the
scale dependency which we discussed in Chapter 3, Section 3.1. Such dependency
would refer back to the “context” of the price state. The context could be the type
of market to which the price state refers to. Maybe the state price is connected to
a very local stock market exchange. This could be the case if the asset is a very
country specific asset (i.e. for a product which is not sold outside of the country

L ) Baaquie and Martin [12] , ideas were orthogonal to each other (see p. 12 in that paper).
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but produced by a very large company which can be stock exchange traded). The
state price’s context could be connected to a much larger stock market (i.e. it could
be traded virtually simultaneously (assuming comparable time zones) on many
different stock market exchanges). This could be the case of banking stocks which
trade globally. The information exchange level is indeed very different from one
context to the other.

An important issue which needs mentioning is the existence of incompatible
observables. In this case, we could mention that one observable variable is “price”
and the “time change of price” would be the other observable variable. Both
variables cannot be simultaneously observed. See for instance Baaquie [ 13]. Traders
are the “observers” as they cause the price change because of the act of selling and
buying. We can also come up with other possibilities. Assume for instance that the
financial market could be seen as divided by “greed-driven” traders (i.e. traders
who are interested solely in making money) and “fear-driven traders” (traders
who are primordially driven by safeguarding invested capital). Assume there is
heavy volatility in the financial markets with a definite short to medium outlook
that markets will end up in a downward spiral. The practice of so-called “short
selling” consists in a broker selling shares at a price, p, on behalf of an investor.
It is important to stress that the broker borrows the shares from another investor.
Assuming the price of the asset drops, the investor will buy the shares at the price
p1 < p and will make a per share profit (before transaction costs) of p — p;. In
case the price rises after the selling, the short seller makes no money. The act
of short selling can very much trigger a massive sell off on shares, since it can
trigger price drops. This is the main reason why in very volatile markets, with
serious downward pressure, short selling can be prohibited by governments.'?
Consider now the “fear-driven” trader. In a heavily volatile market with strong
downward pressure, the trader may sell and this may cause further price drops if
there exist many “fear-driven” traders. The “greed-driven” traders may sell too,
and will opt for the specific trading route which we described above, i.e. short
selling. This can only accelerate price drops, if sufficient “greed-driven” traders
exist. The two incompatible variables (observables) here could be (i) the price
velocity, i.e. the price momentum, and (ii) the price acceleration. If a market were
to only exist with “fear-driven” traders, then one could make possibly the argument
the acceleration in price drops would be constant. But if “greed-driven” traders are
added to the market, this acceleration could become random. If both traders were
to be present in the market, then we could make the argument that both observables
(price momentum and price acceleration) are not simultaneously observable. Of
course, one could also make the argument that even with the sole presence of

12 During the 2008 crisis, short selling was for a period of time banned by government order in certain countries.
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either “fear-driven” or “greed-driven” traders, there could be randomness on the
momentum of price and the acceleration of price. Thus, here are possibly two
different incompatible observables: price momentum and price acceleration, as
opposed to price momentum and price position.

Before concluding, we would also like to mention that there may well be an
interesting link between the simultaneous observability of variables and the concept
of arbitrage we have discussed before. We could propose that the existence of non-
arbitrage on an asset is equivalently translatable as the existence of simultaneous
observation (of all possible traders) of this asset’s price over all the world financial
trading places.'® Such a type of observation is in reality not feasible, as it would
require transmission of information at speeds which are well beyond the optic
fibre transmission speeds. But if one were to think of this “equivalence” as being
theoretically feasible, then the argument may well invite another possible idea
which may merit mentioning. It seems to be the case that the occurrence of arbitrage,
via its connection to the existence of a martingale, may indeed have ties to the non-
existence of the Hermiticity of an operator. We discussed this in Section 13.1
of this chapter. Hermiticity, we realize is not the sole defining characteristic of
quantum mechanics, but it is still a very important aspect. The non-simultaneity
of observation of variables is also in itself not a defining characteristic of quantum
mechanics. However, again, it is an important characteristic since non-simultaneous
observation can be linked back to so-called incompatible observables. Such link
back has a historical connotation which can be traced to Bohr. See Khrennikov
[14] (p. 48). Here again, only simultaneous observation on an asset’s price over
all stock exchanges would guarantee the existence of non-arbitrage. We may have
therefore a nascent feeling that the existence of arbitrage may be connected to
non-simultaneous observation or the existence of Hermiticity.

We have so far considered some possible interpretations of the quantum-like
wave function in an economics and finance context. More ideas on how such a
wave function may tie into economics and finance will be provided in the next
sections of this chapter. Up to this point in the book, we considered the wave
function as representing the expectations of financial traders in a market or also as
being the result of the wave packet construction (via the Fourier integral). Soros’
idea of reflexivity would fit in quite well in such a construction. We also considered
the wave function as a put or call function and we also looked into the possibility
of using the wave function in the context of superposing values and non-observed
state prices.

We can argue that the applications of the quantum formalism to economics,
finance, and behavioral science can be considered as a theoretical experiment on
the fundamentals of quantum mechanics. The fundamental principles of quantum

13 For ease of purpose, we assume that transaction costs and currency costs could be instantaneously determined.



13.10 Arbitrage and negative probabilities 207

mechanics can be modified to match new domains of applications. Such an activity
induces a variety of novel quantum-like models. In effect, it can be considered as the
testing of the coupling between different quantum postulates and the possibilities
of their modification.
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13.10 Arbitrage and negative probabilities

Feynman [1] introduced the idea of using negative probabilities in the context of
the Young double slit experiment (see Chapter 5, Section 5.3). Scully et al. [2]
indicate that Feynman used the concept of negative probability (quasiprobability
(Wigner-like) distributions) to explain why a particle goes through both holes in the
Young double slit experiment (see Chapter 5, Section 5.3). Burgin [3] quotes Dirac
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[4] who said that “Negative energies and probabilities should not be considered
as nonsense. They are well-defined concepts mathematically, like a negative of
money.” For more background on probability concepts in quantum mechanics,
see Khrennikov [5] and also Suppes [6]. The book by Espen Haug [7], provides
for an excellent overview of some of the work of the top academics in finance
and probability. There are two relevant chapters: (i) a chapter entitled “Andrei
Khrennikov on negative probabilities” (Haug [7], pp. 315-322) and (ii) a chapter
entitled “Why so negative about negative probabilities” (Haug [7] (pp. 323-333)).
We urge the reader to peruse those two chapters so as to get well acquainted with
the notion of negative probability.

In social science, negative probabilities are a taboo subject. It may be “psy-
chologically” more convenient to use the term “negative weights” instead.'* One
of the authors of this book (Khrennikov) published one of his first papers on
negative probability (jointly with O. G. Smolyanov under the recommendation
of Professor Kolmogorov) in Doklady of the Academy of Sciences of the USSR.
Khrennikov also shows the connection between negative probabilities and so-called
p-adic probability theory [8] [9]. See Khrennikov [5] for more detail, but see
also Khrennikov [10] for an application of p-adic probability theory to quantum
physics, to describe negative probability distributions. In the area of social sci-
ence, p-adic probability theory sheds new light on the St. Petersburg paradox. See
Khrennikov [11].

Let us consider the binomial option pricing model which we mentioned in
Chapter 2, Section 2.7. We consider a simple example from Haug [7] (p. 325),
which provides for a simple extension on the basic model.

Example 20 Consider the following example. The asset price, S, is $100. The
time to maturity, T, is 6 months: T = 0.5. The volatility of the asset is: 0 =
2% and the risk free rate of interest is 12%. Assume six time steps and hence
At = 11—2 = 0.08. Assume that the up proportion is given by the formulation u =
VAl = 0024008 — 1 (06, and similarly for the down proportiond = e VAl —
e 002008 — (0.994 2. The risk neutral probability can then be calculated as p, =
L0994 1 309, The complement probability then becomes p, =1 — p; =

1.006—0.9942
1 — 1.309 = —0.309. Note that to make the probability negative we must impose

thato < ‘r«/ At) = 0.02 < 0.124/0.08 = 0.03 (see Haug [7] (p. 325)). The value

of the asset price in the up state is given by pSu = 1.309(100(1.006)) = 131.69
and the value of the asset price in the down state is given by —0.309(100(0.9942)) =
—30.721.

14 Thanks to Karl Gustafson for bringing up this argument.
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Clearly, the negative price in the above example is outside the sample space. As
Haug [7] (p. 326) proposes: why therefore not call it the “hidden state” of the stock
price? Furthermore, since risk neutral probabilities do not measure anything, we
may wonder why negative probabilities would be so extraneous in this context.

An alternative formulation is as follows. Consider the risk neutral probability
which one obtains out of the binomial option pricing model. If we opt for so-called
non-continuous compounding, then the risk neutral probability can be written
as p = %. The relationship between arbitrage and the existence of negative
probabilities can be shown to occur immediately if we consider the statement by
Bjork [12] (p. 8), which says that there does not exist arbitrage if and only if
d <1+ r < u. The proof of this theorem is instructive. We slightly adapt it from
Bjork [12] (p. 8).

e () =:d <1+ r < u implies no arbitrage. This part of the proof shows the
contrapositive of (I): if there is arbitrage, then d < 1 4+ r < u does not hold.
Assume a portfolio & = (x, y), where x is the number of bonds in the portfolio
and y is the number of units of stock in the portfolio. Assume there exists a
stochastic variable Z which takes on either (i) the value u with probability p,
or (ii) the value d with probability p,;. Consider the value of a portfolio at time
t =0, Voh = x + ys, where s is the stock price. Define the value of the portfolio
at time t = 1, V' = x(1 +r) + ysZ. There will be arbitrage if V' =0 and
Vlh > 0 (i.e. you get “something (Vlh > () for nothing (VI = 0)”). Let Voh =0
this means x = —ys. Substituting this into V' = —ys(1 +7)+ ysZ. If Z = u,
Vi =yslu—(1+nr).IfZ=d,V"=ys[d — (1+r)]. Assuming that y > 0,
then 4 is an arbitrage strategy if and only if u > 1 +r and d > 1 4+ r, which
violates the proposition. For the case y < 0, using the same procedure, one
obtains u < 1 +r andd < 1 + r, which again violates the proposition.

e (II) <=:no arbitrage implies d < 1 4+ r < u. This part of the proof shows the
contrapositive of (Il): if d < 14 r < u does not hold, then there is arbitrage.
Assume s(1 4 r) > su, then surely s(1 4+ r) > sd, and then you invest always
in the bond as opposed to the stock. Therefore, let 4 = (s, —1) (i.e. you sell
stock (negative sign) and buy bonds). Then Voh =x+ys =5 —s =0. Recall
Vlh = x(1 4+ r)+ ysZ and substituting 2 = (s, —1), one obtains: V]h =s(1+
r) — sZ > 0 by the assumption we made. Therefore, there exists arbitrage.

In Jammer [13] (p. 256) “Definition I’ of a hidden variable is as follows: “In a
given theory T about certain physical systems § certain variables v describe the
states of S; in a theory 7" about S certain variables v’ (which may be dynamical
quantities or other hypothetical entities) which are not experimentally detectable
within the framework of T describe the states of S; if the values of v...can be
obtained by some averaging operation over the values of v’, (then) v are called
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hidden variables with respect to 7. If we apply Jammer’s statement to the non-
arbitrage context, then we can say:

o The “state prices” used in the calculation of risk neutral probabilities (see this
chapter,'” Section 13.7 or see also Chapter 4, Section 4.18.3) are unobserv-
able. Call those v'. The risk free rate of interest, R, is observable. An asset
with price A(¢) at time ¢ can be carried forward in the future A(#)( 1+ R)=
%Al(t + 1)+ %Az(t + 1), where %(") is part of the probability vector ® which
was defined before'® and ®; describe the states of nature; A; are the prices in
the future, depending on the state of nature occurring. Call this R, thus v.

o In some sense, we can obtain v by “some averaging”'’ operation over the values

LA+ 1)+ 22 Ay (1+1)
. _ B! B 72
vVil+R= D

Before moving to the next section of this chapter, let us reiterate some key issues
which may have arisen so far. When considering quantum mechanical applications
to social science, one needs to keep carefully in mind that one is not importing
quantum physics, as a physical theory, into social science. Khrennikov in the preface
of his book (Khrennikov [14]) stresses this quite clearly. Recall the discussion we
had on the non-Hermiticity of a very important Hamiltonian, i.e. the Black—Scholes
Hamiltonian. This discussion shows us that doing otherwise, i.e. pretending that
there is some trace of quantum mechanics in the macroscopic world, can be a
very difficult position to take. Any quantum system implies the use of Hermitian
operators.

So caution is of importance here. The message remains: we use quantum mechan-
ical principles in social science to potentially better explain certain phenomena in
that macroscopic setting. This does not mean that anything quantum mechanical is
as such manifest in the macroscopic world.
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13.12 The Li-Zhang and WKB approach

At the end of Chapter 2 (Section 2.11), we mentioned some of the work by Li
and Zhang, which maps option pricing functions into wave functions. We also
mentioned related work, using the WKB method. In this section of this chapter, we
provide for some details on those two approaches.

Two papers by Li and Zhang argue for the use of the so-called Weyl-Titchmarsh
theory in option pricing. They are first the 2004 paper by Li and Zhang [1] and
second an update paper by Zhang and Li [2], which appeared in 2012.

In Li and Zhang [1], it is shown that option pricing can be modeled via the use
of the Schrodinger PDE.

In a nutshell, Li and Zhang [1] (p. 459), show that the necessary transformations
to achieve such a pricing approach are that the call function (which is a function
of the stock price, S, and time, t); C(S, t) = /o (S)g(x, t), where g(x, t) is the
quantum mechanical wave function and o (S) is some volatility function of the
asset price, S. Furthermore, they also set: x(S) =6 | —LdS, with§ = +/ — 1.

a(S)
Equation (7) in Li and Zhang [1T (p. 459) shows that a heat equation on a
call option can be written as % 2(S)d 55z = 0 with initial condition C(S, 0) =

max(S — K, 0), where K is the strike price. The authors show that equation (7)
can be written as a Schrodinger PDE: ag = 3 5 — q(x)g, with g(x, 1)|,—0 = go(x)

(they indicate that go(x) is defined from C (S , O)).
A beautiful interpretation is obtained of a potential function: the function g (x)

is the potential function defined as 1 ("lfi(ss))2 —10(9) <%) See Li and Zhang
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[1] (p- 459). The authors also mention that when g(x) is a quadratic function of x,
one can then transform the above Schrodinger PDE into a standard heat equation.

The practical utility of the Li and Zhang approach is important. For instance, in
their paper they provide for a sophisticated volatility function of the form o (S) =

2
S\/cr2 + €2 (ln s%) , with € > 0 a small parameter and o > 0 and Sy > O (see Li

and Zhang [1] (p. 461)). Using the transformation x(S) = ¢ f ﬁd S, they then
find in this specific case that x = % sinh ™! =In S% with § = Spexp ((%) sinhex).
The potential function g(x) = }TZ(S) + %62 — %%, and [(S) = o2 cosh® ex. The
authors indicate that if € — 0, then g(x) — "TZ. A solution is found for g(x, t) in
the paper.

Another volatility function, the so-called exponentially decreasing volatility of
the form o (S) = exp(—S) is also treated. A solution for g(x, ¢) is also presented
for this case. See Li and Zhang [1] (p. 462).

Table 1 in Li and Zhang [1] (p. 463), provides for a very interesting overview of
potential functions for which solutions for g(x, ) exist.

An update on the 2004 paper is provided for in Zhang and Li [2]. In that paper
other interesting potential functions are considered (with associated solutions).

A different approach can be proposed by using the so-called WKB technique in
option pricing. We follow here closely, Haven [3]. The so-called WKB approxima-
tion, by Bender and Orszag [4], yields a solution, ¥(x), to the time-independent
Schrodinger equation.

For that approximation to be senseful, it must satisfy:

im ()

Vv @m(E — R))?
where R is the potential function (Bohm [5]).'® Note that m is mass, E is total
energy, and /i is the rationalized Planck constant. See Haven [3] (pp. 440-441).

In Haven [3], we also mention that when using Bohm [5], the solution for v (x)
using the WKB approximation:

i[5 V2m(E=R) %

<1, (13.2)

—i [} VInE=R% ]

Y(x) = ﬁ(x)e[ ] + 9()6)6[ , (13.3)

where ¥(x) = V%R(x) and O(x) = (‘/E+712(x) and A and B are constants. Those
coefficient A and B can be determined via an initial value problem.

As we have seen in Chapter 2, the Black—Scholes PDE is a so-called bagk\z)vard
Kolmogorov PDE. The backward Kolmogorov PDE is of the form ‘;—’l’ + b ?,712’ +

2

18 Although this book is authored by David Bohm, the book does NOT discuss “Bohmian mechanics,” as
defined in Chapter 6. Hence, the application considered in this section of the book (Section 13.12) does
not have a connection with Bohmian mechanics.
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a(y, t)g—’; = 0. Clearly, depending on the functional forms of b(y, t) and a(y, t),
the solution approaches (and solutions) will vary substantially. Note that p is a
probability density function. As in Haven [3] (p. 441), if we let a(y, t) and b(y, t)
be time independent functions and let a(y, ) be a constant function, then the
claims we make in that paper (Haven [3] (Claim 2 (p. 441)) is that the essential
transformation needed for using the WKB approximation in solving the backward
Kolmogorov PDE are: (a) x = g(b(y)) and (b) ¥ (x) = f(p(y, t)). When we apply
those transformations to the Black—Scholes PDE, we need to set: (a) x = g(a(S))
and (b) ¥ (x) = f(p(S, t)). Furthermore, we need a semigroup operator, c/i\, which
relates p(S, t) with the option price V(S,t): V(S,t) = Zl\p(S, t). In this finance
problem, % =1.

As expressed in criterion 6 in Haven [3] (p. 442), the WKB approximation is
appropriate when, after using £ = ]{1’—22, the inequality ”—; (“’i—f) LV (p? —R*R)} is
respected.

We now reproduce'’ the paper by Haven [3] (latter part of p. 442 and p. 443).

Bender and Orszag [4] provide for an initial value problem where,
if they set Y(x)=0 for x =0 and %lpo =1, they obtain as WKB
solution:

S
¥(x) = ¢(S)sinh [_,2;:1/ VE - R(t)dt:| , (13.4)
0

with ¢(S) = %Wm. Note also that ¢ is NOT time, but just the inte-
gration variable.

Let us apply Bender and Orszag’s initial value problem to our financial problem.
A key issue to note is that when using ¥ (x) = f(p(y, t)), we must make sure
that the conditions ¥(0) = 0 and D x) |x=0 = 1 do make financial sense. Let us set

dx

y = S and let us define, as in the paper by Li and Zhang [1], x(S) = [ ﬁdS (this
20

takes care of defining g(.)).”” Assume we know what d is and let us have for a
given ¢ that V (S, t) = ¥ (x)/o(S) (this takes care of defining f(.)). As in Li and

Zhang [1], we propose a quite interesting (i.e. close to reality) volatility function

2
o(S) = S\/cr2 + €2 (ln s%) , where the volatility ¢ > 0 and Sy > 0 and € is small.

Following, Li and Zhang [1], one can then write x = % sinh~! ZIn S% To apply the
WKSB initial value problem conditions, we need:

19 Emmanuel Haven (2005). Analytical solutions to the backward Kolmogorov PDE via an adiabatic approx-
imation to the Schrodinger PDE. Journal of Mathematical Analysis and Applications, 311, 442-443.
20 This is Example 7 in Haven [3] (p. 443).
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. to see whether the Bohm condition to use WKB can be satisfied: 'g (‘é—f) <

V(p? —h?R)3. In effect, R(x) = —a COSh26X+ QLGZZ and it is

4 52 cosh” ex
immediate for € very small = dR — 0.

.x=0& S=5) and in the WKB equation (13.3), after setting xo = 0, we

. _ _AYB  _ AtB _ V(S=Se.t) _ s i ' i-
get: ¥ (0) = VE-RO ~ Yi-lele © VeGw 0. This is definitely possi
ble, from a financial point of v1ew if Syp <« K and hence A = —B.

. Given A = —B, we have that C = d‘gix)h_ (A - B)YE — R(O)m and let

in
2V2m/E-Lo2+1e

C=1soweget: A= and we can now use equation (13.4)

dl - V.

2
S /o2 +e2 (ln %)

sinh™! £ <1n %>

since M|x=0 =
a(t

|s=s, = 1 is financially feasible.

Therefore, using the relationship between ¥ (x) and V (S, t) and using the oper-

ator d we will have found an analytical solution to the option pricing backward
Kolmogorov PDE.

(1]
(2]
(3]

(4]
(5]
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13.14 The wave function as a Radon-Nikodym derivative

We can augment our understanding of the wave function in an asset pricing context

by

considering some of the results which deal with the measurement of the quantity

of information. In this section we reproduce’’ (with only slight modifications®”) the
paper by Haven [1] (sections 6 until 9 (pp. 751-755)). To measure the quantity of

21 Emmanuel Haven (2010). The Blackwell and Dubins theorem and Rényi’s amount of information measure:
some applications. Acta Applicandae Mathematicae, 109, 3, 751-755.
22 Mainly condition 27 and the brief discussion preceding that condition provides for the modification.
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information in the information wave function, we can use a specific theorem which
we will highlight below. Before we state the main theorem from the Blackwell and
Dubins paper [2], we need to define a so-called predictive probability.

Definition 21 (Blackwell and Dubins [2] (p. 882). Predictive probabil-
ity. Let B; be a o-field of subsets of the set X;, i =1,2... Let (X,B)=
(X1 x Xy x...x By xByx...). Let (X, B, P) be a probability space and let
P, be the marginal distribution of (X1 X Xo X ... X X, By x By x ... x B,);
i.e., P,(A)= P(AX Xyy1 x..)forall A € By x By x ...x B,. The predictive
probability P is defined if, for everyn > 1, there exists a conditional probability P"

for the future X, X ... given the past X1, ..., X,. That is, if there exists a func-
tion P*(x1, ..., x,)(C) where (x1, ..., x,) ranges over X; X X» X ... X X, and
C ranges over B, x ... with the usual three properties: (i) P"(xy, ..., x,)(C)

is By x By x...x B, measurable for fixed C; (ii) a probability distribu-
tion on (X,11 X ...B,q1 x...) for fixed (x1,...,x,); and (iii) for bounded
B-measurable ¢ we have  that fd)dP = f [d(x1, .oy Xy Xnats .- 2)
dP"(xpy1, ... 1x1, ooy Xn)] . dPy(x1, ..., x,) holds.

Definition 22 (Blackwell and Dubins [2] (p. 883)). Distance between distribu-
tions. For any two probabilities (1| and [, on the same o —field F, the distance
o (1, wo) is the least upper bound over D € F of |u1(D) — u(D)] .

Theorem 23 (Blackwell and Dubins [2] (p. 883)). Let P be a predictive probability
on (X, B) and let Q be absolutely continuous with respect to P. Then for each
conditional distribution P" of the future given the past with respect to P, there
exists a conditional distribution Q" of the future given the past with respect to Q
such that the distance between P"(x1, ..., x,) and Q"(xy, ..., X,) converges to
zero as n — 00.

As is proposed in Nakata [3] (p. 13), we can make the distributions conditional in
such a way that we have P {.|x, x3,...,x;} and Q {.|x{, x2, ..., x;} so that when
time t — o0 one can say that both distributions agree Q—a.s. (almost surely). From
an information point of view, the meaning of the theorem indicates that a merging
of opinions (amongst agents) occurs if we assume that there exist two agents who
have as probability measures P and Q. See Nakata [3] (pp. 1, 28, 13). In this sense,
as is well argued in Nakata [3] (p. 13), one can assume mutual absolute continuity
so that both distributions agree Q—a.s. and P—a.s. Therefore (Nakata [3] (p.
13)), a special case of this mutual absolute continuity is then that P = Q. One
possible interpretation of this equality is that agents in an economy have attained
a state where all asymmetric information has been removed. See again Nakata [3]
(p. 29, 55).
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The Radon-Nikodym derivative is a widely used concept in stochastic mathe-
matics and it has applications in many areas, including financial theory where it
is used in the theory of financial option pricing. Primbs [4] provides for a dense
and excellent background to the measure theoretic issues lying on the back of the
Radon-Nikodym derivative. To define the Radon—Nikodym derivative, we need
the following ingredients: (1) a set 2; (2) a set F which is a collection of subsets
of Q (and a o-algebra); (3) two measures, i and v; (4) absolute continuity of one
measure with respect to the other measure; and (5) the so-called Radon-Nikodym
theorem. Let us first define absolute continuity. The definition is by Primbs [4].

Definition 24 Absolute continuity. Let . and v be two measures on the measurable

space (2, F), then v is absolutely continuous with respect to | if, for any set A,
uw(A) =0= v(A)=0.

The Radon—-Nikodym theorem is as follows. We follow again Primbs [4].

Theorem 25 Radon—Nikodym theorem. If v is absolutely continuous with respect
to u, then v(A) = fA gdu.

The Radon—Nikodym derivative is then defined as follows. We follow again
Primbs [4].

Definition 26 Radon-Nikodym derivative. The function g is known as the Radon—
Nikodym derivative and denoted as g = Z—Z.

In the condition 27, which follows below, we mention there exists a represen-
tative agent and a “specific” agent. The representative agent can be thought of as
being representative of a trading group. Examples of such trading groups could be
“fundamental traders” or also “noise traders.” Fundamental traders can be seen as
traders who have specific financial information such as market depth (and other
measures), which they can objectively use in making a trading decision. Noise
traders can be seen as traders who act upon information (which more often than not
could be wholly spurious information). We assume that both types of agents have
knowledge of a measure, which in effect can be a probability density function. We
assume this probability density function can refer to, for instance, rates of return
of a stock or also the price of a stock. We note that in the condition below the wave
function v (g) is defined as ¥ (q) = R(q) exp((i A(q)), where g is position, R(q) is
the amplitude function, A(q) is the phase, and 4 is the Planck constant.

Condition 27 |y(¢)|* as a Radon-Nikodym derivative. Assume there exists a
representative agent “1” and a specific agent “2” who is not part of the represen-
tative’s agent trading group. The representative agent “1” has a measure v (i.e.
a probability density function) on the return or the price of an asset. The specific
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agent “2” has a measure | (i.e. a probability density function) on the return or the
price of an asset. Consider a Hilbert state space of quantum states L* with respect
to v. Assume that u is absolutely continuous with respect™ to v. We assume that
the Radon—Nikodym derivative Z—ﬁ = Iz//(q)lz, where ¥ (q) is the information wave
function of the representative agent “1”.

We remark that |y(¢)|* as a probability density function is defined with respect
to the measure v. We could imagine there exist other ¥ (g) functions which refer
to the specific information of other representative agents.

We are now ready to define the Rényi measure of quantity of information as
follows.

Definition 28 Rényi’s quantity of information measure [5] (pp. 553-554). Con-
sider P as the unconditional distribution of a random variable and consider Q as
the conditional distribution of the same random variable (obtained from observing
an event E). Let Q be absolutely continuous with respect to P. The amount of infor-
mation I (Q|P), concerning the random variable obtained from observing E is
given by I (Q|P) = fQ logh dQ, where h = % is the Radon—Nikodym derivative
of Q with respect to P.

Definition 29 Rényi’s information measure [5] and | (q)|*. Given the above con-
dition that | (q)|* is a Radon—Nikodym derivative, we can apply Rényi’s quantity
of information measure directly on the information wave function and write that,
using the same variables as in the above condition, I (i|v) = fQ log Ilﬁ(q)l2 du.

We can thus say that |1//(q)|2 has in fact a double interpretation: (i) changing
W(q)l2 will affect the probability value and (ii) changing |1//(q)|2 will affect the
quantity of information. We thus see here that |1ﬂ(q)|2 has a true information-
theoretic interpretation.

We now want to discuss a little more how Rényi’s information measure can be
connected to the Blackwell and Dubins theorem. Let us first consider the special
case of mutual absolute continuity. In this case, |1//(q)|2 = 1 and, therefore, Rényi’s
measure yields zero. In the context of the Blackwell and Dubins theorem, we can
interpret this result somewhat better. In the context of the special case of mutual
absolute continuity, the zero information quantity measure would indicate that all
asymmetric information has been removed. This case occurred because, under the
economic interpretation of the Blackwell and Dubins theorem, Nakata [3] (p. 28)
indicates that there is a merging of opinions. This convergence of measures is
obtained because of communication. Communication removes asymmetric infor-
mation and the highest level of absence of asymmetric information is reached when

23 Compared to the definition of absolute continuity, we reverse the measures.
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I (|v) = 0. In quantum physical terms, we can think of the case Iw(q)l2 =1as
the ground state (i.e. the state with minimal total energy). It is not unreasonable
to argue that the representative agent “1” can possibly make gainful use of his
information, transmitted via ¥ (g), if indeed his information is running counter to
the information possessed by the specific agent “2.” The information wave function
would then, in quantum physical terms, have a state with higher than minimal total
energy.

Clearly, by slightly modifying the Blackwell and Dubins theorem, we can induce
a quantity of information measure which is non-zero. Clearly, if - oo, then, using
Nakata’s [3] (p. 13) interpretation, we cannot possibly have convergence of mea-
sures. Therefore, it is impossible that P {.|x, x2, ..., x:} = O {.|x1, X2, ..., X}
using the above terminology. Therefore, it is immediate that, using Rényi’s infor-
mation measure, we have that: I (Q|P) = fQ log Z—ng # 0.

Definition 30 Ambiguity of information. Let (q) = ¥1(q)V2(q), then there is
ambiguity of information.

In this equality, the wave function is factorized into an independent product. As
per Bohm and Hiley [6] (p. 61), this could indicate that there exist “independent
pools of information.” However, the position variable, ¢, is the same. Hence, this
sort of product could indicate ambiguity of information: we have two sources of
information on the same position variable. The obvious conditions for this equality
to hold is that R(g) = Ri(g)Rx(q) and A(g) = A1(q) + Ax(q).

Proposition 31 Rényi’s information measure [5] and ambiguity of information.
Given our condition that |1//(q)|2 is a Radon—Nikodym derivative and that ¥ (q) =
Y1(g)¥2(q), we can apply Rényi’s information measure directly on the information
wave function and write that, using the same variables as in the above condition ,

I(ulv) = [ylogly P dpu = [, log |y *dp + [, log [¥n|* dp.

Proof. Obvious. We can write |y|* = [y xyn|* = |[Rie'™ * Rze”‘z|2 =
- 2 . :

| Ry Rye'™1742|” = RIR3. But R}R3 is nothing else other than [y]* [2|*. We

note that we have omitted Planck’s constant. [ ]

Definition 32 Multi-sourced information. Let (q1, q2) = V1(q1)¥2(q2), then
there is multi-sourced information.

Here we have again a factorization into an independent product. Note that each
information wave function refers now to a different position variable. We have two
sources of information on different position variables. Here the requirements for the
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equality to hold are again obvious: A (q1, ¢2) = A1(q1) + Ax(q2) and R(q1, ¢2) =
Ri(q1)R2(q2).

We now consider postulate 9 in Rényi’s 1961 article [5]. This proposition is
valid for discrete distributions and is formulated as follows.

Proposition 33 Postulate 9in Rényi[5] (p. 555). Consider 1(Q,|P1) and I(Q>|P,)
andlet P = Py x Py and Q = Q1 *x Q,, where “x” denoted direct product. Let the
correspondence between the elements of P and Q be induced by the correspondence
between the elements of Py and Qy and those of P> and Q,. Then we can write
that 1(Q|P) =1(Q1|P1)+ 1(Q2[P>).

It is interesting to see how this postulate would look if we were to use an
information wave function as the basis of the Radon—Nikodym derivative. Assume
that we draw from positive rational numbers rather than positive real numbers, so
we can keep the correspondence. Therefore, we can use the integral representation
for the quantity of information.

We have the following proposition:

Proposition 34 Rényi’s postulate 9 [5] and the information wave function. If
we use |y * wzlz, lelz, |1ﬂ2|2 as Radon—Nikodym derivatives in respectively
Rényi’s quantity of information measures 1(Q|P), 1(Q1|P1), 1(Q2|P,), then
o log ‘j,%:%dgl * Qy # [ log dg‘dQl + J, log dQZdQ2.

Proof. We observe that % can be written as the information func-

tion as follows: % = |1 % y¥»|>. The right-hand side can be written
; i Ay |2 ; 2 . .
as: ‘Rle”“ *Rze’Az‘ = ‘Rlee‘(A‘JFAZ)’ = RlzRg. But R%R% is nothing else

other than [y|?|¥»|*>. Therefore, we can write fQ log %dQl*sz

Jo log GRHaRrd Qi+ Qo = [olog|¥n* d Qi+ Qa + [, log [2|*d Q1 * Qp. From
this, we can clearly see I1(Q|P) # 1(Q:|P1)+ [(Q2]P). [

Proposition 35 Rényi’s postulate 9 [5] and ambiguity of information. If
we have ambiguity of information, then I(QIP)=leog|1//|2dQ1 x Q) #
Jq log T 4% LdQ + [, log dQZsz.

Proof. Obvious. Clearly, since |y *wzlz = lelzlwzlz, we can only write

Jologly P d Q) x @ = [, log|y11*d Q1 * Qs + [, log [V |*dQy * Qs. u

Proposition 36 Rényi’s postulate 9 [5] and multi-sourced information. If
we have multi-sourced information, then I1(Q|P) =fQ log W1>dQ, * Q) #
Jo log dQ'dQl + [ log dQ2dQ
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Proof. Obvious. Since V¥ (q1, g2) = ¥1(q1)¥2(q2), the left-hand side of the non-
equality is integrating a two-dimensional function under d Q; * Q,, while the right-
hand side is integrating a one-dimensional function again towards dQ; * Q,. =

In conclusion, we have connected the information wave function with the concept
of a Radon—-Nikodym derivative. We have then tried to show how this derivative
could be used in Rényi’s quantity of information measure [5]. We also briefly
alluded to how the derivative could be interpreted in the context of the Blackwell
and Dubins theorem [2]. We also introduced the possible notions of ambiguity of
information and multi-sourced information. Finally, we considered Rényi’s postu-
late 9 [5] for the case when we considered an information wave function as the
basis of the Radon—-Nikodym derivative.
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13.16 Universal Brownian motion: definition and discussion
13.16.1 Basic steps

The hypothesis of Universal Brownian motion was proposed by Edward Nelson.
The key references for this important work can be found in Nelson [1] [2] [3]. Paul
and Baschnagel [4] provide for an interesting overview of the essential steps in this
hypothesis. Elbaz [5] also gives a good account of Nelson’s stochastic mechanics.

Recall the Brownian motion (see Chapter 4, Section4.18.2): dx(t) = b(x, t)dt +
odW(t), where dW(t) is Wiener process. Nelson [1] (p. 1080) defines a mean
forward derivative:

(13.5)

Dr0) = lim E [x(t + Ar) — x(t)] '

At
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The mean backward derivative is then (Nelson [1] (p. 1080)):

Dox(t) = lim E | =Xt =40
R At ’

At—0

(13.6)

One can write, using the above Brownian motion, what Nelson calls [1]
(p. 1081) “mean forward velocity” as:

Dx(t) = b(x, 1). (13.7)
Similarly (mean backward velocity):
D,x(t) = by(x,t). (13.8)

Nelson [1] (p. 1081) then defines a current velocity as:

v(x, 1) = %(b(x, 1)+ ba(x, 1)). (13.9)

As Paul and Baschnagel [4] remark (p. 84) for Newtonian motion, the mean
forward and mean backward derivative will be equal, i.e. D,x(¢t) = Dx(t) and
hence v(x, t) = D,x(t) = Dx(t) = b,(x,t) = b(x, t).

The osmotic velocity is defined as (see Paul and Baschnagel [4] remark (p. 84)):

ux,t) = %(D — D,)x(2). (13.10)

Recall the Fokker—Planck PDE we mentioned in Chapter 2, Section 2.3. Paul
and Baschnagel [4] (p. 84) show (see also Nelson [1] (p. 1081)) that by using the
Fokker—Planck PDE (using the Brownian motion above), one finds that:

o? o?

3
u(x, 1) = ?Vlnp(x,t):71/p(x,t)£, (13.11)

where p is a probability density function.

13.16.2 The Universal Brownian motion

Consider the drift in the Brownian motion dx(¢) = b(x, t)dt + cdW(t). Paul and
Baschnagel [4] (p. 86) indicate (see also Nelson [1] (p. 1083)) that, when using the
polar form of the quantum mechanical wave function, one obtains:

h 1
b(x,t) = —VInR+ —VS, (13.12)
m m

where R is the amplitude function, S is the phase, m is mass, and 7 is the rationalized
Planck constant. Substituting the above equation into dx(t) = b(x, t)dt + odW(t)



222 Other applications to economic/financial theory

yields:

vy = ((Lys o LYIWE
0= (5 T P

)dt+dW(t). (13.13)

We assume here also that the Wiener process has the constraints dW = 0 and
dW)* = %dt. Bacciagaluppi [6] also formulated a stochastic differential equation
like the one above. We note that Bohm and Hiley [7] indicate that Vh';/"f 1s osmotic
velocity.

Wallstrom [8] is also an interesting source for more detail on the link between
the Schrodinger equation and stochastic mechanics.
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13.18 Universal Brownian motion and option pricing
13.18.1 Pricing of information risk

In Chapter 6, Section 6.3, equations (6.14) and (6.15) were the two key equations
which emerged from putting in the polar form of the quantum mechanical wave
function into the Schrédinger equation. In Ishio and Haven [1], itis argued that there
is a connection between Bohmian mechanics and the Nelson approach. However, in
Ishio and Haven [1] it is also argued that the stochastic model does not necessarily
imply Bohmian mechanics.

Recall our discussion in Chapter 2, Section 2.7, where we set up the basics
of Black—Scholes option pricing. The famous Black—Scholes partial differential
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equation was equation (2.12). We recall the equation again:
OF  o0?S?0°F GOF
o T2 s s
where F is the option price, ¢ is time, o is the volatility, S is the stock price (not to
be confused with the phase S of (13.13)!), r is the risk free rate of interest.

In Ishio and Haven [ 1], we propose to define a so-called “information risk param-
eter.”” We argued there that information carried a degree of erroneous information
and the parameter we propose would measure this type of information. In that same
paper, we proposed two Brownian motions, one which is (13.13) (but adapted to
become a Brownian motion on the return, ©) and the other stochastic differential
equation which is the Brownian motion we used in the original Black—Scholes set
up, i.e. equation (2.4) (in Chapter 2, Section 2.7.3), i.e. dS = uSdt + o SdW. In

Ishio and Haven [1] (p. 40), the stochastic differential equation on w is introduced
as:

—rF, (13.14)

vyl
|W|2 dt +dWw,, (13.15)

where V Ph(u) is the gradient of the phase of the wave function, ¥, 11 is the asset
(or stock) return, and d W, is a Wiener process. As in Wilmott [2], a correlation is
assumed to exist between d W; and the Wiener process d W, which is part of the
(geometric) Brownian motion of the asset (or stock) price. Ishio and Haven [1]
follow Wilmott’s [2] (pp. 299-302) set up, but use equation (13.15) instead of the
stochastic differential equation on volatility.

We reproduce” the paper by Ishio and Haven [1] (Section 4 (pp. 40-42)).

We now follow Wilmott’s approach [2] (p. 300). Consider the option price F
to be a function of the drift u, the stock price S, and time #: F(u, S, t). The
infinitesimal change in the option price d F' can be expanded as follows:

1
dp = (VPh(M) +3

oF oF oF 19°F 19°F 3’F
dF = —dS + —du + —dt + ——— (dS)* + - — (du)* + dSdpu.
9S o T At T e WS T g g E W s dSdi
(13.16)
In contrast to the Black—Scholes portfolio, which was I1 = —F + g—gS , where

F (S, t)is the option price, the portfolio we have now is somewhat different (Wilmott

[2D:
II=F—AS—AF. (13.17)

24 Tshio, H. and Haven, E. (2009). Information in asset pricing: a wave function approach. Annalen der Physik,
18, 1, 40-42.
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We remark that F' and F) are two different option prices. In full analogy with
Wilmott [2], the two option prices F' and F; are needed in this set up since one
needs to hedge against two sources of randomness: (i) stock price randomness (as
in Black—Scholes) (as expressed by the geometric Brownian motion on the stock
price) and now also (ii) information risk randomness (as expressed by (13.15)).
We are ultimately interested in finding the functional form of F, which can be
found by solving the PDE in (13.24) below. The variables A and A, indicate,
respectively, the quantities of stock and options which are needed to make sure (as
in Black—Scholes) that the portfolio change per unit of time is risk free. At this
stage of the derivation, the quantities A and A; are open. However, as we will see
following from (13.20) below, those two quantities will be fully determined.

As is the case in the Black—Scholes derivation, the infinitesimal change in the
value of the portfolio given by (13.17) can be written as:

dll1 =dF — AdS — AdFy, (13.18)

where d F (and d F) is given by (13.16).”° Remark that 4 S is given by the geometric
Brownian motion on stock.
Substituting those expressions in (13.18) above, one obtains:

oF dF; F dF,
dll=(——-A1——-A)dS+|——-A1— )du
au ol
(E)F 1, ,0°F °F 182F>
— 4+ —0°S5°—

S -
a0 1270 9 TP T 202

AL N 1 2S282F1 N 3°F, N 10%F
"\ Tor 7277 sz TP %500 T 202

)dt. (13.19)

In the Black—Scholes set up, we had one source of risk given by the unique Wiener
process, d W. Now, we have two sources of risk, d W (the d§ term of (13.19)) and
dWy (the du term of (13.19)), which are the Wiener processes corresponding
respectively to the geometric Brownian motion on stock and (13.15). To eliminate
those two sources of risk, one now sets:

dF IF aF dF
A A = (oA ) o (13.20)
3 3

Clearly, from (13.20) we find immediately that A and A; are now defined:

oF [0F,

=—/ — 13.21
on/ on ( )

1

25 We note that to obtain dF, F is to be replaced by Fj in (13.16).
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and

A

_9F <8F am) IF, 13.22)

—a9s \au’an/) ase

At this stage of the derivation, one can invoke the same important arguments
which were used in the Black—Scholes derivation (see Chapter 2, Section 2.7.3):
(1) the sources of risk (dW and dW;) are eliminated by imposing (13.20), and
(i) we assume there is no arbitrage. Given (i) and (ii) we can write again that
dIl = rI1dt. Thus:

aF 1 ’F P?F  10°F
a1l = ( )

22
4 2§ S 7
o T27 0 e TP T a0

aF, 1 9’F 92F 19%F
A (L o2 s 4 T T gy
a2 952 asSopu 2 ou?

=r(F—AS — A F))dt =rIldt. (13.23)

Then the final PDE becomes [2] (p. 301):

8F+1 2S282F+ S ’F +182F+ GOF
— t 0 — a —— +rd—
ar 270 952 TP %50 T 20,2 98
2
1V |yt oF
+ | VPR(n) + = | 2| -2 —
2 ‘wl‘ I
=rF, (13.24)

where we could claim that A is the market price of information risk. In Wilmott
[2] (p. 301), this A, within the stochastic volatility model, is called the market
price of volatility risk. We now claim that dW, is a source of information risk.
We remark that the phase Ph and amplitude Wl‘ of the wave function, which
appear in the above PDE, will have a functional form which will have been deter-
mined within the Bohmian mechanics setting. As was pointed out at the beginning
of this section, those functional forms carry over only in one direction: from
Bohmian mechanics to the Universal Brownian motion, but not in the opposite
direction.

We write, for the case of information risk, in complete analogy with Wilmott [2]
(p- 302):

IF
dTl = rTdt = - (kdt +dW)). (13.25)
m

The right-hand side of the above equation should vanish in Black—Scholes because
of dI1 = rIldt.
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13.20 Wave functions in drift-dependent option pricing

In Chapter 2, Section 2.7.3, we briefly mentioned an alternative way of deriving
the option pricing formula by Bouchaud [1], Bouchaud and Potters [2], Bouchaud
and Sornette [3], Schweizer [4], and Schal [5]. Bouchaud [1] (p. 241) writes
the so-called “global wealth balance” as AW = ce’’ — max(x(T) — x,, 0) +
Zi ¢(x;, ;) exp(r(T — t;)) [xi+1 — x; — rx;t], with ¢ the price of a call, x(T') the
underlying asset price at maturity time 7', x, the exercise price, r the interest rate,
¢(x;, t;) (as per Bouchaud [1] (p. 241)) “the trading strategy, i.e. the number of
stocks per option in the portfolio of the option writer,”x; = x(#;) the underlying
asset price, and 7 is what Bouchaud [1] (p. 241) terms the “elementary time inter-
val.”

The first two terms are self explanatory in the above equation. The price of the
contract (c) is what the writer of the contract receives and is used to buy bonds
with interest . The term with the summation indicates what Bouchaud [1] (p. 241)
calls “the profit or loss . . . incurred due to the trading strategy ¢.”

When imposing the condition E(AW) = 0 and a so called “risk minimization
condition”?° (see Bouchaud and Sornette [3], Schweizer [4], and Schil [5]); the
call value is then found to be: fxio(x’ — x,)P(x’, T|xg, 0)dx’, with P a conditional
probability.

Tan [6] introduces the following condition:

T 00
E </ d)(x,t)ili—:dt) = uxo/ f O*(x, )P (x;, t; pt)xo, 0)dxdt, (13.26)
o Jo

where now P(x;,t;|xp,0), is in the words of Tan [6] (p. 114) “the
biased (u-dependent) distribution of the stock.”” Note that ¢*(x,t) =
fxoso x(T) — xy) %—idx(T). Tan [6] then shows (p. 116) that, when using (13.26),
the call option price can be rewritten in the following form:

pxoT = ay 9" 3P(xy, Tlxo, 0)

2,2 _ | n—3
o°xy = (n—1)! axy

, (13.27)

Cnew = CBlack —

26 This condition is essentially requiring that the first partial derivative of AW towards ¢ is zero.
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where a,, = 0 for all » > 3 when the Gaussian probability density is used. Hence,
in that case one recuperates cp;,cx, Which is the Black—Scholes option price.

Equation (13.27) is a highly interesting result. In Haven [7], we substitute the
drift term we imposed in equation (13.15) (see Section 13.18 of this chapter)
into the above correction term to the Black—Scholes call price. This term then
reads as:

VPh+ 1Y) g7 o .
2P )P0 Z a, 9" °P(X,T|S,0)

13.28
0283 (n —1)! A (13:28)

n=3
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13.22 Generalizations of Ito stochastics: path integration and other tools

Path integration was developed by Feynman. It has very wide applications in
science, but has only trickled-in, in very narrow ways, into social science (mostly
in mathematical finance).

Baaquie [1] in a recent paper which appeared in Physical Review E proposes
the use of quantum fields in the establishment of a theory of forward rates. Any
advanced undergraduate and graduate student in finance will have heard of the
so-called HIM theory [2] of forward interest rates which was developed by Heath,
Jarrow, and Morton. In the context of LIBOR markets, the Baaquie approach gener-
alizes white noise, a characteristic of stochastics, to what Baaquie [1] (p. 046119-4)
calls a “two dimensional quantum field.” The key formulation is given by equation
(9) in Baaquie’s paper [1] (p. 046119-4): % = u(x,t) + vz, x)A(t, x), where
f(t, x) is the LIBOR forward interest rate on position x and time ¢, v(¢, x) is the
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volatility, and .A(f,x) is the two-dimensional quantum field. In Baaquie
[1] (p. 046119-4), f(t,x) is built up as f(t,x) = f(to, x)+ ftf) w(t, x)dt +
f[(tl v(t, x)A(t, x)dt and the quantum field dynamics are given by what Baaquie
[1] (p. 046119-5) calls a “stiff Lagrangian.” The so-called Wilson expansion [3] in
that paper is central because it allows for considering the product of non-Gaussian
quantum fields. Furthermore, this very same expansion for Gaussian quantum fields
also provides for a generalization of It6 calculus.
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13.24 g-calculus and finance

g-calculus is also known under the name of “quantum calculus.” Key references
to this type of calculus can be found in Kac and Cheung [1] and Andrews [2] [3].
The Heisenberg uncertainty principle is to be slightly adapted when such calculus
is used. We would also like to show how this type of calculus can be connected to
some elementary financial principles. We apply it here to option pricing. We now
reproduce’’ the paper by Haven [4] (Sections 2—4 (pp. 530-536)).

13.24.1 q-derivatives, Hilger delta time derivatives and links between them

For definitions 37, 38, 39, and 40, below,”® we follow Kac and Cheung [1]. We
also use their notation.

Definition 37 For an arbitrary function f(x), the q-differential is d, f(x) =
flgx) — f(x).

Definition 38 For an arbitrary function f(x), the h-differential is dj f(x) =
flx+h)— fx).

27 Haven, E. (2010). 1td’s Lemma with quantum calculus: some implications, Foundations of Physics, 41, 3,
530-536.

28 The definitions in this section are also given in Haven [5] except for definitions 42, 43, 44, and 45, and
Theorem 46.
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The relationship between g-calculus and i-calculus follows via either ¢ = ¢’ or

g = €', where i € C. We also have the following definitions.

Definition 39 The g-derivative of afunction f(x)is D, f(x) = d;{g) = f(qqx )?:f(x)-
q

Definition 40 The h-derivative of a function f(x) is Dy f(x) = % =
Sx+h)—fx)

(x+h)—x

Note that lim,_,1 D, f(x) = limj,_.0 Dy, f(x) = L2,

What is the g-derivative of a function f(x) = x"? Since D, f(x) =

qan_ll =q¢" '+ 4+ 1=[n](n € Z{) as in Kac and Cheung [1].

The so-called Hilger delta time derivative follows the calculus of Hilger [6] [7].
See also Bohner and Peterson [8] [9] and Davis et al. [10] for excellent sources.
In order to define this derivative, we need to provide for some background first.
Please see for instance Hilger [7] or also Bohner and Peterson [8]. In Definitions
41,42, 43, 44, and 45, and Theorem 46 below, we follow Bohner and Peterson [8].

Let us first define the most basic object: a time scale T.

x"(g"=1)

@D and

Definition 41 A time scale T is an arbitrary non-empty closed subset of R.

As Bohner and Peterson [8] indicate, the sets 0, 1[, Q, R\Q, and C do contradict
Definition 41 and hence are not time scales.

Definition 42 For t € T, the forward jump operator n:T — T is defined as
n)y=inf{s €eT:s > t}.

Definition 43 For t € T, the backward jump operator A : T — T is defined as
Mty=sup{seT:s <t}.

Definition44 The graininess function9 : T —[0, ool is defined as 6(t) = n(t) — t.

Definition 45 [f t < supT and n(t) = t, then t is right dense. If t > inf T and
Mt) =t, then t is left dense.

Still following Bohner and Peterson [8], ¢ is said to be right-scattered, when
n(t) > t. When A(t) < ¢, then ¢ is said to be left-scattered. We have the usual
derivative when T = R. As an example, the usual time derivative, lim,_, w
is obtained when T = R. When T = Z, one uses the forward difference operator
f@+1)— f(t). When T = R, thenforallt € T, 8(t) = 0. When T = Z, then for
allr e T, 0(r) = 1.

An interesting question is now: “How can one define a ‘derivative’ when T
is arbitrary?” Theorem 1.16 in Bohner and Peterson [8] provides for an answer.
Before we proceed to enumerate part of that theorem, we need the definition of T*.
IfsupT < oo, then T =T \ JA(supT), sup T]. If sup T = oo, then T = T.
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Theorem 46 Bohner and Peterson [8] (p. 13). Assume the function f: T — R and
lett € T. If f is continuous at t and t is right-scattered, then f is differentiable

at t with f2(r) = W where fort € T, n(t) = inf{s € T: s > 1}.

We call f2(t) the Hilger delta time derivative. The link between D, f(x) and
f2(¢) is quite straightforward: if one sets () = gt in f2(¢), then a g-derivative
in ¢ is obtained. We need the graininess 8(t) = n(t) —t = qt —t > 0 for ¢ to be
right-scattered. For T = Z, we know T* = T. We require that gt — ¢t = 1, where
q= % + 1. For the case when T = R, we have T =T and 6(t) =n(t) — t =
gt —t = 0. Therefore, ¢ = 1 in that case.

13.24.2 How can we formulate Ito’s Lemma with g-derivatives?

It6’s Lemma [11] is a crucial mathematical result, which allows for the effective
use of stochastic calculus in financial derivative (or also option) pricing. The title of
this sub-section suggests investigating whether g-derivatives could be used in Itd’s
Lemma. Hence, we need to have a closer look at the proof of It6’s Lemma to check
the feasibility of this query. We follow @ksendal’s [12] treatment of the proof (in
one dimension) of [td’s Lemma. [t6’s Lemma can be expressed in integral form or in
differential notation. Assume that X; is a stochastic integral29 dX; = udt + vdB;,
where B, is a one-dimensional Brownian motion, # and v are respectively drift
and diffusion factors, and ¢ is time. Let a function g(¢, x) be twice continuously
differentiable on the product space [0, oo[ xR, then g(z, X;) is also a stochastic
integral and It6’s Lemma indicates that:*

e ) 1 ,0% o
g, X;) — g(0, X0)=/ B a2t ds—i—/ w8 4B,. (13.29)
0 as ax 2 8 0 ax

a2

It can be assumed, as is indicated in @ksendal [12], that g, Bt’ gg , and 37§

are bounded. But the Lemma can also be proven without this restriction. See, for
instance, BrzeZzniak and Zastawniak [13].

While still following @Bksendal [12], Taylor’s theorem now reads as:

9
g(t. X,) — g0, XO)—Z gAt +Z gA i+ 28[2 (a;)
+Za—g(At~)(AX~)—|—1282—g(AX-)2+ZR.
— d10x ! ! 2j8x2 ! - 7

(13.30)

29 Pplease see Theorem 4.2, p. 33 in @ksendal [12]. 30 please see Theorem 4.5, p- 35 in @ksendal [12].
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where Af; =t;4) —t;; AX; =X, — X;, and R; =0 <‘Atj‘2 + ‘AXJ‘Z), v
The partial derivatives are evaluated at (t i X ,j.).

@ksendal [12] proposes, so as to prove Itd’s Lemma, that the following evalua-
tions are made. Each term in (13.30) is evaluated as follows:

(a) If At; — 0, then Z EAL; — [y B(s, X,)ds.
(b) If At; — 0, then Z BAX; — [y %(s, X,)dX,.
This means the two first-order terms will remain in the Taylor expansion. How-
ever, the situation is different for some of the second-order terms.
(©) If At; —> 0, then in Y L&(AX;)? = Z 0x2u2(m,)2+22 Eeujvi(AL))
J

2
X (ABJ-)+227§U/2.(ABJ-)2 the first two terms are zero. As an exam-

i
ple, @ksendal [12], shows, the limit Af; — O in the mean square sense

2
of Zg%ujvj X (Atj)(ABj), is limp;, 0 E |:<Z —Sujvj(At;)(AB; )) i|
limy,, _>OZE [( qujv,) (Atj)ﬂ =0.

The situation is different with the last term in (c) In effect, @ksendal [12] shows
that Z g‘xg v (AB ) when At; — 0, tends to fo =5 24245,

(d) The other terms in (13.30), Z pree ( ) ( ) and 5 Z az2 ( ) , can
equally be shown to vanish. 7
(e) The remainder term ) RJZ. can also be shown to tend to zero, when Az; — 0.
J
To stay faithful to the title of this section, we now query how (a), (b), (c), (d),
and (e) behave if we consider g-derivatives. A key remark can be as follows. Let
us denote g-derivatives as 8q If we consider (a), then we can write:

9,8
lim S 28 Ay 2 %8 i S A (13.31)
Atj—0 04t 0yt A1j—0

Jj

This non-equality will appear for the following reason.’' Let us use the

g-derivative definition on time f2(t) = % where for t € T, n(t) =

31 Of course, lima,; -0 > %—‘fAzj = g—f lima;; 0 > Aty
J J
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inf{s € T:s > t}andletussetn(t) = gt.Setqt = r,andt = t; andt; < 1, (there-
fore g > 0, which is fine when we assume that g = exp(h)). Let At; =1 — 1.
Thus, lima;, o Z At] = limy,, Z g)— g(")Atj, but lima;, o gli)—gt)

h—1 h—1

?,—f d t . This then means that, if we apply the delta time limit as in (a) on a

q—derlvatlve on time, we plainly cannot keep the g-derivative on time. The ¢g-

derivative converts itself to a regular derivative. So we cannot keep the g-derivative

on time in (a). We must use an ordinary time derivative. This argument does not

repeat itself for (b), where the delta time limit is applied to a position derivative.

Hence, we can write in (b) that lima;, .0 ) gj—fAXj — [! 3qg(s X,)dX,. The
J

same argument goes for (c). In (d) and (e), we must again be prudent to use regular
derivatives and no ¢-derivatives.

In non-summation form, we can write (13.30), with the blend of ordinary deriva-
tives on time and the g-derivatives on position, simply as follows:

0,8 g 1978 19%g 2
Ag = L2AX; + 2At + =L (AXH) + =—= (A1
= x N Ty ’+2aqx2( i)+ 35 (84)
2
Yoy

If we consider AX; = u;At; +v;AB;, thenusing (a), (b), (¢), (d), and (¢) from
above, we can write:

& (At)(AX))+R;. (13.32)

0,8 1 328
A,g = # (u;At; +v;AB;) + (At )+ —vamj. (13.33)

Note the mixed use of derivatives in this expansion.

13.24.3 Financial interpretation of q

In Haven [5], we provide for an option pricing application using the It6’s Lemma
with mixed g-derivatives.*> We summarize this application as follows. Before we
do so, let us consider an example.

Example 47 Consider a small generalization of dX, = udt + vdB; which
is dX =u(X,t)dt +v(X,t)dB. Consider a stock price, S. Let X =S and
u(X,t) = uS, where | is a rate of return on the stock. Let v(X,t) =0S,
where o is a constant stock price volatility. Let g(S) = S". We want to express

32 Haven [5] does not show why we can only have mixed derivatives in Ito’s Lemma. We attempt to show this
in this section.
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dg(S) =dS" when we use q-derivatives. We use therefore (13.33) in dif-

. . d, g(S) d2g(S) d,8(5)
ferential form. We obtain dS" = <0’l’;’7(5) uS + %d;(s)zo*zSz) dt + %GS(ZB =

([n1uS" + 3[nlln — 1]628") dt + [n]o S"d B.

This takes on a quite complicated form if we replace [n]. We get: dS" =
(I+g+ .q"HuS"+ 10 +g+..¢" Hd +q + .q"Ho2S")dt + (1 + g+
.q" Yo S"dB.

A financial option is a contract entitling the buyer of such contract to either have
the right to buy or sell an asset (from the seller of that contract) at a certain price at
a certain date in the future. The value at maturity of a “call” option is max{S — K,
0}, where K indicates the price at which the holder of a call option has the right to
buy the underlying asset (a stock with price § in this case). The “put” option has
as intrinsic value: max{K — §, 0}. K indicates the price at which the holder of a
put option has the right to sell the underlying asset (a stock with price § in this
case). See Wilmott [14]. See also Baaquie [15]. Black—Scholes [16] option pricing
theory yields a partial differential equation, which when solved yields the value of
a (European) call and put contract.

As in Haven [5], we consider an option with intrinsic value, max{S? — K, 0} for
the call and max{K — S?, 0} for the put.** Consider, as in example 47, g(S) = S",
but now for n = 2. The expression, with g-derivatives, for dS? is then dS*> =
([2] wS? + %[Z]UZSZ) dt + [2]o S?d B. The infinitesimal change of the value of the
option price function, df(S?, t) can be shown to be equal to:

0
df(S2, 1) = a"—;
q

af 1 02f
Ldr+ -1
LT 3,8%

(([2]M52 + %[210252) dr + [2165%13)

[21%028%ds. (13.34)

Note that we made use of (d B)> = dr. The above equation (13.34) simply uses
the result (13.33). The traditional Black—Scholes [16] set up defines the value of a

portfolio IT which consists of the buying and selling of two positions: an option and

% units of a stock. In analogy with the Black—Scholes [16] set up, the infinitesimal

change in the value of this portfolio, dI1, is defined as dI1 = —df + g"—sfzdSz.
q

Substituting (13.34) and the expression for d S in dT1, one obtains:

dr 9f 19

— =% 58S22[1+q]20254. (13.35)
q

Note that we replaced [2] = 1 + ¢, using the notation of Kac and Cheung [1].

33 McDonald [18] provides for a discussion, albeit without reference to g-derivatives, on claims other than S.



234 Other applications to economic/financial theory

13.24.4 Non-use of the macroscopic q-derivative version of the Heisenberg
uncertainty principle

A main argument consists now in debating whether equation (13.35) is reasonable

when g-derivatives are used. We make a different argument from Haven [5]. We
2

3
note that the term 3 "S};

is indicative of the so-called “hedging error,” or also the

“gamma” of the optiqon. This term is thus nothing else other than a measure of the
curvature of the option pricing function, f. This measure of the hedging error is
becoming more imprecise when using g # 1, since no limits are being used. But
what interpretation could we give to the imprecision of the curvature measurement?
What does this mean? We could claim that the value of ¢ indicates uncenainty asto
the precision of f to measure the option price. Under the use of 27 , we effectively

advance that the curvature of the option pricing function is premsely measurable.
Under the use of 2 , we effectively advance that the measurement of the curvature
is not precisely measurable and this could be equivalently translated into saying
that there is uncertainty as to the precision of the option pricing function, f. This
could lead to non-uniqueness of option prices.

On prima facie, this imprecision in measurement of f, given by the parameter
q, could also be possibly quantified in some sort of macroscopic Heisenberg uncer-
tainty principle. The g-derivative version of the Heisenberg uncertainty principle,
at the quantum level, can be written as:

P.Q—q.Q.P = —ih, (13.36)

where P and Q are respectively the position and momentum operators. See Baez
[17]. See also Haven [5], where we discuss the g-derivatives version of the macro-
scopic Heisenberg uncertainty principle in different terms. At the macroscopic level
(with no operators thus), we could write:

dy f

dy f
—_— — q —_—
Af.AS ¥ g. A= ¥ Af = (13.37)

where Af is the uncertainty on the measurement of the option price f and A%
measures the uncertainty on the momentum of the option price. The parameter
k > 0 would be some macroscopic “equivalent” of the Planck constant. We note
that a macroscopic version of the Heisenberg uncertainty principle (albeit not in g-
derivative form) is discussed, in a stock price context, by Baaquie [15]. For related
work, see also Segal and Segal [19] and Accardi and Boukas [20].

We can claim that for ¢ = 1 (in (13.37)), we indeed would have no macroscopic
uncertainty principle: there would be no imprecision as to the measurement of
the option pricing function (or the option price momentum for that matter). This
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conclusion could tie in with the argument we made above that for ¢ = 1 there
would be no uncertainty as to the imprecision of the option pricing function.

It is important to observe that from the above development, we found that we
could not use g-derivatives on time in the context of the application of Itd’s Lemma.
Clearly, in (13.37) we must use such derivative, ?T{' Therefore, we can logically
conclude that in the ¢ = exp(k) world, the uncertainty argument we tied to the

aj;sj; is still valid, but the non-commutativity, as captured by (13.37),
would not hold. The specific use of g-derivatives in 1t6’s Lemma prohibits us from
doing this.

In conclusion, if we assume there should exist a macroscopic uncertainty relation
which exhibits non-commutativity at the level of option pricing, then is the g-
derivative world the correct generalization for financial option pricing? Would we
have to work instead with a Langevin-based approach on option pricing, where the

dt — 0 is not an issue?

existence of
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14

The neurophysiological sources of quantum-like
processing in the brain

14.1 Introduction

In previous chapters, we discussed the conjecture of quantum-like (QL) process-
ing of information in the brain. See, for instance, Chapter 1 (Section 1.16) and
Chapter 3 (Section 3.1). In general, such processing need not be based on the
physical quantum brain (see, for instance, Hameroff [1] [2] and Penrose [3] [4]),
which is the quantum physical carrier of information. As we remarked in Khren-
nikov [5], the brain created the QL representation (QLR) of information in Hilbert
space. Such representation uses quantum information rules in decision making.
The existence of such QLR was (at least preliminary) confirmed by experimental
data from cognitive psychology (please see Chapter 8). The violation of the law of
total probability in these experiments is an important sign of the non-classicality
of data. In the constructive wave function approach (see Section 8.16 of Chapter
8), such data can be represented by complex amplitudes. We also presented the QL
model of decision making in Chapter 9.

In this chapter we reproduce' (with only slight modifications) the paper by
Khrennikov [6]. The next natural step is to try to find possible physical realizations
of the QLR in the brain. One of the possibilities is to appeal to the quantum physics
of the microprocesses in the brain — the quantum brain. However, quite surprisingly,
itis possible to proceed within the classical field framework, i.e. to create a classical
wave model producing the QLR.

Neurophysiologically, our model is based on a variety of time scales in the brain.
Each pair of scales — a fine scale (the background fluctuations of the electromagnetic
field) and a rough scale (the mental image scale) — induces the QL representation.
The background field plays the crucial role in the creation of “superstrong QL
correlations” in the brain.

! Andrei Khrennikov (2011). Quantum-like model of processing of information in the brain based on classical
electromagnetic field. Biosystems, 105, 251-259.

237
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We propose a classical (!) wave model, which reproduces probabilistic effects
of quantum information theory. Why do we appeal to classical electromagnetic
fields in the brain and not to quantum phenomena? In neurophysiological and
cognitive studies, we see numerous classical electromagnetic waves in the brain.
Our conjecture is that these waves are carriers of mental information which are
processed in the framework of quantum information theory.

In the quantum community, there is a general opinion that quantum effects
cannot be described by classical wave models. Even those who agree that the clas-
sical and quantum interferences are similar will emphasize the role of quantum
entanglement and its irreducibility to classical correlations (but recall Einstein—
Podolsky—Rosen). It is well known that entanglement is crucial in quantum infor-
mation theory. Although some authors emphasize the role of quantum parallelism
in quantum computing, i.e. superposition and interference, experts know well that
without entanglement the quantum computer is not able to beat the classical digital
computer.

Recently, one of the authors of this book proposed a classical wave model
which reproduces all the probabilistic predictions of quantum mechanics, including
correlations of entangled systems. This model was called prequantum classical
statistical field theory (PCSFT) [7]-[9] and see paper [10] for the recent model for
composite systems. It seems that, in spite of the mentioned common opinion, the
classical wave description of quantum phenomena is still possible.

In this chapter, we apply PCSFT to model the QL processing of information in
the brain on the basis of classical electromagnetic fields. This model is based on
the presence of various time scales in the brain. Roughly speaking, as mentioned
already above, each pair of time scales (fine”, rough®) can be used for the creation
of the QLR in the brain. The background field (background rhythms in the brain),
which is an important part of our model, plays the crucial role in the creation
of “superstrong QL correlations” in the brain. These mental correlations are non-
local due to the background field. These correlations might provide a solution to
the so-called binding problem.

Each of such pairs of time scales (fine, rough) induces the QLR of information.
As a consequence of the variety of time scales in the brain, we get a variety of
QL representations serving various mental functions. This QL model of the brain’s
functioning was originated in Khrennikov [11]. The main improvement of the “old
model” is due to a new possibility achieved recently by the PCSFT: to represent
the quantum correlations for entangled systems as the correlations of the classical
random field, i.e. the prequantum field. This recent development also enlightened
the role of the background field, i.e. the vacuum fluctuations. We now transfer

2 Fine: the background fluctuation of the electromagnetic (classical) field in the brain.
3 Rough: the mental image scale.
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this mathematical construction designed for quantum physics to the area of brain
sciences. Of course, in some sense it is a slightly naive model, since we do not
know the “QL code” used by the brain, i.e. the correspondence between images
and probability distributions of random electromagnetic fields in the brain.

We speculate that decision making through the non-classical law of total prob-
ability (LTP) is based on a wave representation of information in the brain. The
brain is full of classical electromagnetic radiation. It could be that the brain is able
to create the QLR of information via classical electromagnetic signals, cf. Fichtner
etal [12].

It is well known that classical waves produce superposition and, hence, violate
the LTP. However, quantum information processing is based not only on superpo-
sition, but also on ENTANGLEMENT. It is the source of superstrong non-local
correlations. Correlations are really superstrong (violations of Bell’s inequality).

Can entanglement be produced by classical signals? Can quantum information
processing be reproduced by using classical waves? Surprisingly, the answer is
positive.

The crucial element of our classical wave model in explaining the function-
ing of the brain is the presence of the random background field. In physics, this
background field consists of the fluctuations of the vacuum. However, in the cog-
nitive model this field consists of the background fluctuations of the brain. Such a
random background increases essentially the correlations between different men-
tal functions and it generates the non-local presentation of information. As was
already remarked, we might couple this non-local representation of information to
the binding problem:

“How is the unity of conscious perception brought about by the distributed
activities of the central nervous system?”

14.2 Why could the brain use the quantum-like representation of
information which is based on classical electromagnetic waves?

As we have emphasized already, profound neurophysiological studies have demon-
strated that the brain definitely processes information by using classical electro-
magnetic signals. We would like to apply the results of these studies and propose
a classical signal model of the functioning brain. However, we do not plan to just
solely explore the standard classical signal theory. We speculate that information
processing in the brain should be described by the mathematical formalism of
quantum mechanics and that classical electromagnetic waves are used by the brain
to create the QLR.

“Why is the brain not satisfied with classical signal processing?”
“What are the advantages of the QL processing of information (even with a
classical field)?”
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14.2.1 The incomplete processing of information

If we speculate (as we do in this chapter) that in physics quantum probabilistic
behavior can be expressed through classical random waves, then we definitely
reject Bohr’s thesis on the completeness of quantum mechanics (QM). Please note
that this “Einsteinian” attitude is characteristic only for this chapter. In previous
chapters, we were able to proceed even with the orthodox Copenhagen interpreta-
tion. Here we have to assume that the QM formalism provides only an approximate
description of processes in the micro-world. The main difference between quantum
processing of information and classical processing is that the quantum approach
provides for a possibility to ignore consistently a part of information, i.e. to make a
consistent cutoff on information (which is described by the mathematical formalism
of QM).

The operation through incomplete information processing is very profitable for
cognitive systems. An important part of cognition is the extraction of a part of
information from huge information flows coming to the brain. By operating in the
QL framework, for example, on the basis of the wave representation, the brain gets
a possibility to work harmonically with incomplete information. This is one of the
sources of creation of QL processing in the brain.

By ignoring a part of information, the brain is able to create abstract mental
images, ideas, concepts, categories. Another advantage is the incredible increase in
the speed of computations. Here we speak about computations based on classical
electromagnetic signals, but performed on the basis of quantum formalism.

14.2.2 Background noise: how can the worst enemy become the best friend?

By the PCSFT, the standard QM formalism provides a possibility to extract signals
(in fact, their averages) from the noisy background. QM can be interpreted as a kind
of renormalization theory which is applicable to signals with irreducible noise. In
quantum physics, this is the noise of vacuum fluctuations, the background field. It
seems that this noise is a fundamental feature of space. One cannot hope to isolate
a signal from these fluctuations. The only possibility is to take them into account
in a consistent way.

Let us now project this situation to the functioning of the brain. The brain
is a complex electric system. Its functioning definitely induces noise. The more
complex brains are, the more noisy they are. The higher the brain activity, the
noisier it is. Of course, in the process of evolution, cognitive systems might try to
reduce the impact of the background noise in the brain. However, it is clear that
it would be a very complicated task: it seems impossible to isolate signals in the
brain from the background fluctuations (induced by a huge number of neurons).
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We speculate that the brain has chosen another way to evolve, namely to elaborate
a procedure to extract mental images from signals of the noisy background. Hence,
the brain proceeds with the noise, but it has a procedure (which is consistent for
different signals) for extracting images. By using the PCSFT, the processing of
information on the basis of the QLR provides for such a possibility.

Moreover, in physics (by the PCSFT) the background field is a source of super-
strong non-local correlations between entangled systems. Those are “entangled
classical waves” in the PCSFT framework. By projecting this situation to the brain
functioning, we see that the brain can obtain a great advantage from the presence of
background fluctuations. They produce entanglement between processes in differ-
ent (including spatially separated) domains of the brain, between different mental
functions.

14.2.3 The joint processing of an abstract image and its concrete realizations

By the PCSFT, a random electromagnetic field is represented in the QL way by
its covariance operator (=‘“density operator”). In the cognitive model, the QL
representation corresponds to abstract mental images. Thus, they are given by
covariance operators. To process such QL images, the brain is not interested in the
complex structure of random fluctuations of classical signals. The brain operates
with images encoded by operators — covariance operators (matrices) of classical
random signals. However, in this process the brain might need to proceed from the
abstract image to its concrete realization. For example, the brain can operate with
abstract notions, e.g. house and tree, but it can switch to the concrete house and
the concrete tree. In the processing of the first type (the QL processing), the brain
operates with operators Dyoyse and Dyee and in the processing of the second type
(the classical processing) the brain has to switch to the classical signals encoding
this house and this tree.

We remark that two different realizations of the random signal with the fixed
covariance operator can differ essentially, i.e. they really can encode two dif-
ferent houses. Take a coin. Consider a series of tossings, e.g. a few thousand:
X = (x1, X2, ..., X,), where x; = 0, 1 are labels of coin’s sides. After this tossing
is finished, start a new series: y = (y1, ¥2, ..., ¥»). Although both sequences are
samples of the same random law, they can differ essentially bit-wise. Thus, we can
encode “house” (as the abstract notion) by the probability law of this coin, but two
concrete houses are encoded by sequences x and y.

If the brain works in the QL (abstract) regime, it recognizes only encoding of
the corresponding probability laws. If it works in the classical regime, it has to
use essentially more processing resources, since it operates not with the codes of
probabilistic laws, but with the real data streams.
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In the QL model induced by PCSFT, we consider only Gaussian random fields
with zero averages (symmetric rhythms). Such random fields are uniquely deter-
mined by covariance operators. The former remark on encoding by using the coin
and its tossings can be modified in the following way. We have a Gaussian random
generator producing vector data. Each vector (realization) has dimension m. Start-
ing with some input given by the vector x( the generator produces the stream of
vectors x encoding the concrete house. Starting with another input x{, the gener-
ator produces another stream of random data y encoding another concrete house.
The concept of house is represented by the covariance operator D = Dy gyse Of this
random generator, the density operator in the QL formalism.

14.3 Prequantum classical statistical field theory: non-composite systems

Quantum mechanics (QM) is a statistical theory. It cannot tell us anything about an
individual quantum system, e.g. an electron or photon. It predicts only probabilities
for results of measurements of ensembles of quantum systems. Classical statistical
mechanics (CSM) does the same. Why are QM and CSM based on different
probability models?

In CSM, averages are given by integrals with respect to probability measures
and in QM they are given by traces. In CSM, we have:

<f>lL:/]VIf(¢)d:u(¢)7 (14.1)

where M is the state space. In probabilistic terms, there is a random vector ¢(w)
given, which is taking values in M. Then (f)y = Ef(¢(w)) = (f),. In QM, the
average is given by the operator trace-formula:

(A), = TrpA. (14.2)

This formal mathematical difference induces a prejudice on the fundamental dif-
ference between classical and quantum worlds. Our aim is to show that, in spite of
common opinion, quantum averages can be easily represented as classical averages
and, moreover, even correlations between entangled systems can be expressed as
classical correlations (with respect to fluctuations of classical random fields).

14.3.1 Einstein’s dreams:

Albert Einstein did not believe in irreducible randomness, i.e. the completeness of
QM. He dreamed of a better, so to say “prequantum,” model [13]:

(1) Dream 1. A mathematical model reducing quantum randomness to classical
randomness.
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(2) Dream 2. Renaissance of the causal description.
(3) Dream 3. Instead of particles, classical fields will provide the complete descrip-
tion of reality: the reality of fields (Einstein and Infeld [13] (p. 257)):

“But the division into matter and field is, after the recognition of the equivalence of mass
and energy, something artificial and not clearly defined. Could we not reject the concept
of matter and build a pure field physics? What impresses our senses as matter is really a
great concentration of energy into a comparatively small space. We could regard matter as
the regions in space where the field is extremely strong. In this way a new philosophical
background could be created.”

The real trouble with the prequantum wave model (in the spirit of early
Schrodinger) is not the various no-go theorems” (e.g., the Bell inequality [14]),
but the problem which had already been recognized by Schridinger. In fact, he
gave up with his wave quantum mechanics because of this problem: A composite
quantum system cannot be described by waves on physical space! Two electrons
are described by the wave function on R® and not by two waves on R>.

Einstein also recognized this problem (Einstein and Infeld [13] (p. 305)):

“For one elementary particle, electron or photon, we have probability waves in a three-
dimensional continuum, characterizing the statistical behavior of the system if the exper-
iments are often repeated. But what about the case of not one but two interacting parti-
cles, for instance, two electrons, electron and photon, or electron and nucleus? We can-
not treat them separately and describe each of them through a probability wave in three
dimensions . ..”

14.3.2 Quantum system = classical random field

Einstein’s Dreams 1 and 3 came true in PCSFT (but not Dream 2!), which is a
version of CSM in which fields play the role of particles.’ In particular, composite
systems can be described by vector random fields, i.e. by the Cartesian product
of state spaces of subsystems and not the tensor product. The basic postulate of
PCSFT can be formulated in the following way:

A quantum particle is the symbolic representation of a “prequantum” classical
field fluctuating on the time scale which is essentially finer than the time scale of
measurements.

In the prequantum state space M = L,(IR?), states are fields ¢ : R* — R; “elec-
tronic field,” “neutronic field,” “photonic field” — classical electromagnetic field.

4 See Chapter 1, Section 1.22 for more on no-go theorems

5 It seems surprising that, although Dream 1 came true, Dream 2 did not. The situation differs essentially
from CSM where dynamics of probability distributions given by the Liouville equation can be reduced
to the deterministic Hamiltonian dynamics. The main difference is due to the presence of the background
fluctuations — irreducible noise.
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An ensemble of “quantum particles” is represented by an ensemble of classical
fields. The probability measure ;1 on M = Ly(R?), or the random field ¢(x, ®)
is taking values in M = L,(R?). For each fixed value of the random parameter
w = wy, X = P(x, wp) is a classical field on physical space.

14.3.3 Density operator = covariance operator

Each measure (or random field) has the covariance operator, say D. It describes
correlations between various degrees of freedom. The map p — D = p is one-to-
one between density operators and the covariance operators of the corresponding
prequantum random fields, in the case of non-composite quantum systems. In the
case of composite systems, this correspondence is very tricky.

Thus, each quantum state (an element of the QM formalism) is represented
by the classical random field in PCSFT. The covariance operator of this field is
determined by the density operator. We also postulate that the prequantum random
field has zero mean value. These two conditions determine uniquely Gaussian
random fields. We restrict our model to such fields. Thus, by PCSFT, quantum
systems are Gaussian random fields.

Finally, we recall that the covariance operator D of a random field ¢ is defined
by its bilinear form (u, v € H):

(Du,v) = E)p,u{{v,¢) = E (/ o(x, a))mdx) (/ v(x)qs(x,a))dx) (14.3)
o o

or by using the probability distribution u of the random field:
(Du,v) = / </ ¢(x)u(x)dx> (/ v(x)d)(x)dx) du(ep). (14.4)
H \Jo 0

14.3.4 Quantum observable = quadratic form

The map A— falp) = (A\QS, ¢) establishes a one-to-one correspondence between
quantum observables (self-adjoint operators) and classical physical variables
(quadratic functionals of the prequantum field).

It is easy to prove that the following equality holds:

Efa(p) = fM fa(@)du(p) = TrpA. (14.5)

In particular, for a pure quantum state ¥, consider the Gaussian measure with zero
mean value and the covariance operator p = ¢ ® V¥ (the orthogonal projector on
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the vector 1), then

fM Fa@)d (@) = (A, ¥).

This mathematical formula coupling the integral of a quadratic form and the cor-
responding trace is well known in measure theory. Our main contribution is the
coupling of this mathematical formula with quantum physics.

This is the end of the story for quantum non-composite systems, e.g. a single
electron or photon [7] [9].

14.3.5 Beyond QM

In fact, PCSFT not only reproduces quantum averages, but it also provides a
possibility to go beyond QM. Suppose that not all prequantum physical variables
are given by QUADRATIC forms. Consider a more general model, such as all
the smooth functionals f(¢) of classical fields. We only have the illusion of the
representation of all quantum observables by self-adjoint operators.

The map

f> A= f"0)2 (14.6)

projects smooth functionals of the prequantum field (physical variables in PCSFT)
on self-adjoint operators (quantum observables). Then quantum and classical (pre-
quantum) averages do not coincide precisely, but only approximately:

/M Fa@) (@) = TepA + O(z/ T, (14.7)

where T is the time scale of measurements and 7 is the time scale of fluctuations
of the prequantum field. The main problem is that PCSFT does not provide a
quantitative estimate of the time scale of fluctuations of the prequantum field. If
this scale is too fine, e.g. the Planck scale, then QM is “too good an approximation
of PCSFT,” i.e. it would be really impossible to distinguish them experimentally.
However, even a possibility to represent QM as the classical wave mechanics
can have important theoretical and practical applications. In the present chapter,
we shall use the mathematical formalism of PCSFT to model the functioning of
the brain. Although even in this case the choice of the scale of fluctuations is a
complicated problem, we know that it is not extremely fine. Hence, the model can
be experimentally verified (in contrast to Roger Penrose, we are not looking for
cognition at the Planck scale!).
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14.4 Cognitive model: two regimes of brain’s functioning

We now turn to considerations which were exhibited in Section 14.2.3 and proceed
on the basis of the short presentation of PCSFT given in Section 14.3. We first
consider a one fixed mental function of the brain, say F, which is physically
concentrated in some spatial domain O C R? of the brain. We shall then come to
the model of QL cooperation of a few mental functions (“entanglement of mental
functions”) after presentation of the PCSFT for composite systems, Section 14.8.

Classical regime

By getting an input ¢9 (from an environment or another mental function), the
mental function F produces a random signal ¢(x, w), a classical electromagnetic
field resulting from neuronal activity.’ It is a random signal depending on the
chance parameter w. For each wy, this electromagnetic field, x — ¢(x, wp), is
distributed on the domain O.

We use the complex representation for the electromagnetic field, the Riemann—
Silberstein representation:

¢(x) = E(x) +iB(x),

where E(x) = (E((x), E2(x), E5(x)) and B(x) = (B(x), B2(x), B3(x)) are the
electric and magnetic components, respectively.

In our model, each concrete mental image is associated with a random signal.
Its mental features, “qualia,” are given by functionals of this signal. In the simplest
case, these are quadratic forms of the signal.

The main problem is to create the classical signal code, i.e. to establish a
correspondence between random signals and mental images as well as between field
functionals and qualia of images. We speculate that at least some field functionals
represent emotions related to the mental image (which is represented by the classical
electromagnetic signal). Consider a number of emotions, say &1, . . ., &, related to
some image, say M I, (associated with the signal ¢). Then, the mental function F
physically operates with the corresponding field functionals. In the simplest case,
these are quadratic functionals and they can be represented by integral kernels:

fe, () = /0 OKj(x,yw(mey)dxdy. (14.8)

6 Thus, we consider the ensemble of neurons which are located in O. By our model the brain is not so much
interested in the “private life” of the individual neurons, i.e. the frequency of spikes and so on, it is only interested
in the electromagnetic field induced by the activity of these neurons.
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However, in the classical regime non-quadratic functionals are also in use, e.g.:

F@) = fe(@) + / K(x, v, D)@ dxdydz,

Ox0x0

where f¢ is the functional of the form (14.8).

Remark 1. (Spatial distribution of qualia) By considering integral functionals
of the classical electromagnetic field, we suppose that the F-function performs
integration of a signal over its domain of spatial concentration. Thus, we consider
only spatially concentrated mental functions. If a mental function F is concentrated
in a domain O = U, Oy, where the O, are located in the brain far away from each
other, then we represent F' as a collection of “elementary mental functions” Fj
concentrated in domains O;. Some qualia of F are associated with elementary
functions Fy. However, there are also exist global qualia which are obtained by
the summation of local ones (so integration on each O, and then collection and
summation in a “special center”).

Since signals are random, field functionals are fluctuating quantities — random
variables £4(w) = f(¢(w)). It is clear that the brain cannot operate with such
unstable mental entities. Thus, it has to produce averages of emotions and operate
with them. It will be especially clear in the time-representation of random signals,
see Section 14.5. Let u be the probability distribution of a random signal ¢. Then
emotions are quantified by averages:

(fe;) =f fe,(@)d (@), (14.9)
H

where H = L,(0O). In our model, not only emotions but all qualia are quantified
by averages.

It is clear that quantification of each qualia consumes the brain’s resources.
Therefore, only a special class of qualia (in particular, emotions) is associated with
each mental image. How the mental function F selects them is the open question!
The crucial point is that in principle any two emotions &£; and &, or other qualia
can be associated with the image M I, and quantified. This total compatibility of
emotions and qualia in general may induce some problems. For example, it is not
always profitable for survival to combine some emotions. We shall see that the
situation is totally different in the QL processing of information.

Functionals of classical electromagnetic signals represent not only emotions,
but even other qualia of the image M I4. For example, in the PCSFT we have the
energy variable (representing the intensity of a signal):

f1(¢) = f ¢ dx = f (E*(x) + B*(x))dx. (14.10)
o o
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We relate this functional to the intensity of feeling of the image M 1. This intensity
is quantified as:

(f1)=f f1(¢)du(¢)=/ (/ |¢(X)I2dX>d/L(¢), (14.11)
H H o

_ f ( / (E2(x) + Bz(x))dx> ey
H 0]

In QM, the position observable is given by the multiplication operator:

XP(x) = x¢(x)
and in the PCSFT it is represented by the field functional:

fr(@) = 3¢, ¢) = /0 x|p(x)*dx = /0 x(E*(x) + B*(x))dx. (14.12)

What quale can be coupled to this functional?

Already here, on the level of classical mental processing, mathematics led us
to the notion of conjugate qualia of a mental image. For example, consider the
momentum functional in the PCSFT:

126) = @0.9) = | plétpPap. (14.13)

where ¢(p) is the Fourier transform of the signal ¢(x). What is a cognitive inter-
pretation of conjugation between qualia given by functionals f, and f,?

It seems that in the classical regime the brain can process conjugate qualia
simultaneously. In the case of “position and momentum” functionals, this means
simultaneous processing in the spatial and frequency representations.

Classical mental coding: How does the brain associate the mental image
M1, with a classical signal ¢? In our model, this is done through calculation
of its covariance operator D = D(¢). This association, mental image — covariance
operator, is especially natural in the time representation of random signals, see
Section 14.5.

Quantum-like regime

We are now interested in the QLR (quantum-like representation) of information.
In the QLR, the brain operates with density operators which represent not only
concrete mental images (coming from the classical regime of mental processing),
but also abstract concepts (of different levels of abstraction, see Section 14.7 for
details) which do not correspond to classically produced images.

In the QLR, the brain’s state space is a space of density operators D(H), H =
L,(0). In principle, each density operator can be used as a QL state of the brain.
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However, it is natural to assume that each mental function F operates in its own
subspace Dp(H) of D(H).

In standard QM a system has not only the state, but also the “properties” or
(depending on the interpretation) there are defined observables on this system (in
this state) — e.g. the energy observable, the coordinate observable, and so on. In
QM, they are represented by self-adjoint operators.

To simplify the mathematics, we shall consider only bounded (continuous)
operators. Denote the space of all bounded self-adjoint operators by the symbol
L;(H). For a given quantum state p € D(H) and observable Ac L (H), the QM
formalism gives the average of this observable in this state, see (14.2).

We encode qualia of a QL cognitive image M I, (which is encoded by a density
operator p) by self-adjoint operators. Thus, qualia of a mental image (in the QLR
of information) are described by the space L;(H). They are quantified by their
averages, via (14.2).

Contrary to classical processing, in the QLR the brain cannot quantify all qualia
simultaneously. There exist incompatible qualia; in particular, incompatible emo-
tions. The QL brain can select different representations of the mental image M1,
and different collections of compatible qualia of the image. The QL brain escapes
the simultaneous use of e.g. some emotions (“incompatible emotions”). In this way
the QLR-processing differs essentially from classical processing. We can specu-
late that in the process of evolution, the brain created (on the basis of experience)
commutative algebras corresponding to compatible qualia.

Coupling between classical and quantum-like representations

The crucial point of the QLR of information is that this “operator-thinking” is
naturally coupled with the processing of classical electromagnetic signals. On the
level of mental images, we have:

(aM1). From the classical regime to QL: a classical signal ¢ induces the mental
image M1, given by its covariance operator D = D(¢) and it is transferred to the
QLR through normalization by the trace D — p = D/TrD. Thus, there is a map
from classical mental images to QL mental images M1y — M1,.

(bMI). From QL to classical: a QL mental image M, can be represented by
a classical (Gaussian) signal ¢ = ¢, with the covariance operator p, i.e. by the
image M 1.

On the level of qualia we have:

(aQU). From the classical regime to QL: each functional of classical field, f(¢),
is represented by its second derivative — self-adjoint operator, see (14.6).

(bQU). From QL to classical: each quantum qualia (given by a self-adjoint
operator) is represented by its quadratic form.
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Since (aQU) is not one-to-one, i.e. since a huge class of different classical
qualia given by various functionals of the electromagnetic field (all functionals
with the same second derivative) is mapped into the same self-adjoint operator,
the QLR makes the mental picture less rich than it was in the classical repre-
sentation. The same can be said about (aMI). Various classical signals, concrete
mental images, can have the same covariance operator. Please note that we do
not claim that input signals are obligatory Gaussian, so there is no one-to-one
correspondence.

Take a classical mental image M I,. It is represented by the covariance operator
D = D(¢). Of course, it can be mapped to a QL image M I,, see aMI. Values of
all QL qualia can be obtained by scaling from values of corresponding classical
qualia, since, for any operator Ae Ly(H):

—~ —~ 1 —~
A), = TrpA = —TrDA
(A)p =Trpd = FpTr

1 1
SELE /H FA@MR®) = == (fa)s.

where u is the probability distribution of the signal. We remark that:

TrD = / ( / |¢(x>|2dx) du(e) = (f1)
H o

is the intensity of the signal, or in the cognitive model the intensity of feeling
of the mental image M ;. Thus, QL qualia are normalized by the intensity of
feeling:

A, [y Fa(@)du(@)
" [y (L 160 12dx) du(e)

The QL processing of all mental images is performed on the same level of
intensity of feeling, so it is “calm thinking.” We remark once again that some
classical qualia do not have a quantum counterpart.

14.5 Classical regime: time representation

As usual in signal theory, we can switch from the ensemble representation for
averages to the time representation (under the standard assumption of ergodicity).
Thus, instead of a random field ¢(x, w), which is distributed with some probability
distribution du(¢) on H, we consider a time-dependent signal:

P(s) = ¢(s, x),
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where x € O,s € [0, +00). Then, for each functional f(¢) such that
[y 1f(@)d () < oo, we have (by ergodicity):

1 T
(fu E/ f(@)du(g) = Tlim 7] S(@(s)ds = (f)y- (14.14)
H o0 0

Consider two time scales: 7 is a fine scale and T >> t is a rough time scale. In
QM the latter is the scale of measurements and 7 is the scale of fluctuations of the
prequantum field.” In cognitive science, we use the following interpretation of time
scales: T is the scale of the QLR and 7 is the scale of the real physical processing
of the electromagnetic signal in the brain. Thus

1 T
(flg ~ Tfo f(@(s)ds, (14.15)

where s denotes the time variable at the t-scale. We call the T'-scale the mental
time scale. We can also speak about psychological time. The T-scale is the scale of
creation of mental images by the brain. The t-scale is the physical processing scale
or premental time scale. Theoretical and experimental studies in neurophysiology
provide the following estimate of relative magnitudes of these time scales. If we
select T = 1 mls., then 7 &~ 80 mls.

For each signal ¢(s, x), x € O, the brain can find its qualia, e.g. the strength of
feeling of this image:

T
(flu~ %/0 (/O(Ez(s, x) 4+ Bz(s,x))dx> ds. (14.16)

In particular, emotions (special qualia) are given by such functionals, e.g.,
Sanger» fsadness - - - Our formal mathematical model cannot provide the form of con-
crete emotion functionals. We hope that in the future it will be described as the
result of neurophysiological and cognitive studies.

In the time representation, the covariance operator (its bilinear form) of the
signal ¢(s, x) is given by

T
(Du,v):TliIrolo%/(; (/0 u(x)¢(s,x)dx/0¢(s,x)mdx> ds,

T
mlf (/ u(x)d)(s,x)dx/ ¢(s,x)mdx> ds, (14.17)
T Jo 0 )

where u(x), v(x) are two “test signals,’u, v € L,(0).

7 The PCSFT does not predict the magnitude of the scale of prequantum field fluctuations. One may speculate
(motivated in particular by cosmology and string theory), cf. G. ‘t Hooft [15] [16] and T. Elze [17]), that it
has to be the Planck scale 7p ~ 10~** s. If it were really the case, then prequantum fluctuations have only a
theoretical value: they will never be approached experimentally. However, in Khrennikov [18] we discussed a
possibility that the prequantum scale may have a larger magnitude and, hence, fluctuations will be sooner or
later approached experimentally.
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14.6 Classical signal processing of mental images

This section contains a detailed presentation of the classical processing of infor-
mation, see Section 14.4. We proceed in the time representation of random signals.

CSP1. Electromagnetic field basis of mental images. Inputs from external
and internal worlds induce electromagnetic signals in the brain. Each signal has a
variety of qualia, in particular emotions associated with the signal ¢(s, x). Qualia
are realized by various functionals, ¢ — f(¢), of the signal. They are quantified
by averages of these functionals, f + (f)g, see (14.14) and (14.16). In principle,
all possible qualia (e.g., emotions) can be jointly associated with ¢(s, x).

The physical dynamics of a signal is in general non-linear and very complicated.
It depends essentially on the context of the signal processing:

(s, %) = P(s0, ) + / ' da ( /0 K(x, v, a: (@, y>;¢<so,y)>dy>, (14.18)

where the kernel K depends on (i) the spatial variables x, y € O (the distribution
of the signal in the brain), (ii) the time variable «, (iii) the previous dynamics of
the signal ¢(«, y), o € [s9, 5), and (iv) the signal at s = s¢, the input. We remark
that the dynamics ¢(s, x) depend on input not only additively, i.e. as the initial
state which then will evolve in accordance with some integral equation, but even
the kernel of the equation depends non-trivially on the input. Thus, the dynamics
are different for different inputs.

CSP2. Calculation of correlations, creation of mental images. For each signal
¢(s, x), the brain calculates the corresponding covariance operator D = D(¢), see
(14.17). The completion of this process, i.e. calculation of D, is associated with the
creation of the mental image, M I, induced by the signal, ¢. Thus, on the cognitive
level, the brain is not interested in the dynamics of the physical signal (14.18). It is
only interested in the dynamics of the covariance operator

t — D(1). (14.19)

We remark that the dynamics (14.18) and (14.19) have different time scales. The
first one is performed on the physical time scale and the second one on the mental
time scale. Thus, it is very important that the “physical brain” and the “cognitive
brain” work on two different time scales: the scale of physical signal — 7, and the
scale of the QLR — T'. The interval of time 7' >> t, so its size justifies the ergodic
interplay between ensemble and time representations of random signals.

CSP3. Memory of correlations. The density operator D is recorded in the brain.
The PCSFT basis of the model in combination with the ergodic argument makes
the following model of memory very attractive.
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The operator D determines uniquely the Gaussian probability distribution wp
(with zero mean value). The brain records this probability distribution. How can it
do this? We speculate that, to encode wp, the brain uses the statistical distribution
by assigning statistical weights to elements of some ensemble 2. What are elements
of 2? They might be neurons or even distributions of chemical components in the
brain. We emphasize once again that such a model of memory for probabilistic laws
is based on the ergodicity of processes in the brain: from a signal ¢(s) = ¢(s, x) (the
time representation) to its covariance, and from the covariance to the probability
distribution on an ensemble.®

CSP4. Recollection of images. Recollection is the process of activation of a
special mental image. We keep to the model of statistical (ensemble) representa-
tion of the probability distribution encoding the image, see CSP3. We obtain the
following procedure of recollection.

Suppose that a mental image M1, was recoded in the memory, ¢ > D =
D(¢) = n = pp.

The process of recollection proceeds as follows. Starting with the probability
distribution w, the brain computes the covariance operator D of this probability
distribution by using the ensemble averaging, see (14.3), (14.4).

On the basis of this covariance operator, it produces a signal ¢recan(s, x), x € O,
a trajectory of the corresponding Gaussian process.

In this situation, the brain does not reproduce the original signal ¢(s, x), see
CSP1. The graphs of ¢ (s, x) and Precan(s, x) can differ essentially point wise. More-
over, the original signal ¢(s, x) need not be Gaussian at all. However, correlations
inside both signals approximately coincide and, hence, their qualia:

e Lrr
<f>¢ = T]Lngo 7/0 f(p(s))ds =~ Th—>n;o T/() S (@recan(s))ds = <f>¢reca11'

We also remark that even two different recollections ¢L (s, x) and ¢2_,;,(s, x)
of the same image can be very different as physical signals — two different realiza-
tions of the same Gaussian process. However, their qualia coincide:

1 [T 1 (7
(hup = Tlin;o T /0 F(@Loa(s)ds = Thféo T /O F(@E(s)ds. (14.20)

To be more precise, we say that they coincide approximately, since in reality the
brain does not calculate the limit for 7 — oo, but it uses the finite 7. Thus:

1 1
P> 7 [ F@as ~ 7 [ f@ronas. aazn

8 The choice of a Gaussian probability law can be debated. But at least mathematically it works well, because of
the one-to-one correspondence between covariance matrices and Gaussian probability distributions (with zero
mean values).
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CSP5. Recognition of images. Suppose now that some mental image was saved
in the memory: starting with the input signal ¢(s, x) and through its covariance
operator D(¢). As an example, consider the Moscow Kremlin. I revisit Moscow
once again and I look at the Kremlin. This visual input induces a signal g (s, x). Its
covariance operator D(q) is produced, see CSP2. It is compared with covariance
operators in the memory to match with the operator D(¢). Note that the model under
consideration does not describe the mechanism of this comparing process. However,
see CSP5n (Section 14.6.1). Finally, matching of the operators, D(¢) & D(q), is
approached. This activates in the memory the statistical probability distribution
wpeg) in the form of a Gaussian signal ¢recan(s, x). Its triggers the feeling of
recognition of the image, which was encoded by D(¢).

14.6.1 Classical signal processing of mental images:
finite-dimensional approximations

In principle, the brain can calculate the complete covariance operator (14.17),
especially if it works as an analogous computational device. However, it consumes
a lot of computational resources. We might speculate that the brain selects a finite
number of test functions. It is always possible to assume that they are orthogonal
in L,(0):

ur(x), ..., u,(x). (14.22)

Instead of the complete covariance operator D = D(¢), the brain calculates its
cutoff, the covariance n x n matrix D, = D,(¢). Thus, instead of an infinite
dimensional L,-space, the brain works (for a given mental function) in a fixed
finite dimensional subspace H,. We modify CSP1-CSP5. The first step CPS1 is
not changed. We have:

CSP2n. The signal ¢(s, x) induces the mental image M Iy, encoded by the
covariance matrix D,,.

CSP3n. The M 1., is recorded in the memory through the probability distribution
w1 p, on the finite-dimensional Hilbert space H,,.

CSP4n. On the basis of D,, the brain produces a signal @ecan(?) in H,. Its
activation is a recollection of the memory on M I,.,.

CSP5n. The memory contains the image M /4., in the form of the matrix D, (¢).
The new signal produces M I, with the covariance matrix D,(q). These matrices
must be compared. Since a lot revolves around covariance matrices, so n X n
matrices, it is natural to expect a comparing algorithm which compares cutoffs of
these n x n covariance matrices. First, the matrix is of dimension two, then three,
and so on. Thus, first the D,(g) is compared with 2 x 2 matrices obtained through
the projection of mental images on H, until the cluster of matrices with the left-up
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block Dy(q)(= D»(¢)) is found. Then inside this cluster the brain is looking for
the sub-cluster with the left-up block D3(q)(= D3(¢)) and so on.

How does the brain select the subspace H,, with the basis (14.22)?

The most natural way is to assume that it just selects a band of frequencies. It is
also natural that different mental functions may use different bands, i.e. different
Hilbert spaces. For mental functions F and G, two Hilbert spaces Hr and Hg are
used.

14.7 Quantum-like processing of mental images

We still proceed with the functioning of one fixed mental function, say F.

QLP1. Density operator code. At some stage in its growth, a cognitive sys-
tem creates a sufficiently extended database of classical mental images. They are
encoded by covariance operators which are transferred in density operators by
normalization, see (aMI), Section 14.4. Thus, the brain created a collection of QL
mental states borrowed from the classical processing, p € Dgyaa(H) which is a
subspace of D(H ). At this stage the brain can be fine by working inside D(H), i.e.,
even without contact with the physical and mental environment.

QLP2. Unitary thinking. The processing of information inside D(H) is the
process of QL thinking. Starting with the operator p the brain induces the evolution
p(s) of the mental QL state. The simplest dynamics correspond to the process of
thinking in the absence of inputs from the environment (which includes the body).
It is given by the von Neumann equation:

.dp(t)
;4P

= [H, p(t)], p(0) = po, (14.23)

where H : H — H is the “mental Hamiltonian” (given by a self-adjoint operator).
It describes the functioning of the mental function F under consideration.

In the simplest case, the Hamiltonian 7 is completely determined by the mental
function F, so H = Hp However, even more complex dynarmcs seem to be
reasonable — with 7 which also depends on the initial state oy : H=H F.p (cf.
with the QL model of decision making, Chapter 9).

We remark that by starting with e.g. the QL version of a concrete image, i.e.,
00 € Dgaa(H), the QL dynamics can go away from this subspace of D(H). New
“really QL” images are created. They can be visualized through the production of
corresponding classical signals, see (bMI), Section 14.4.

We emphasize that the QL dynamics of mental images is performed on the 7 -
scale which is rough compared with the t-scale of physical processing of signals
in the brain. Each instant of time ¢ of the T-scale is the (large) interval T of the
s-time.
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It may be more illustrative to consider the discrete dynamics, the mental time ¢
is considered as the discrete parameter: t, = n7T. Then

ip(tas1) = TIH, p(t)], p(0) = po. (14.24)

QLP3. Dynamics of QL qualia. In QL processing qualia are reduced to
quadratic functionals of premental (physical) signals. These functionals are rep-
resented by their QL counterparts — corresponding self-adjoint operators. The
evolution of QL qualia is described by the Heisenberg equation:

AdA() ~ o~ -~ .
—i— = =1, Al A©) = A, (14.25)

or in the discrete representation of the mental time:
iAt,) = T[H, At,)], A0) = A,. (14.26)

The qualia (encoded by Z) of amental image M I, (encoded by the density operator
p) is quantified by its average, given by the quantum formula (14.2).

Of course, the transition from the class of classical qualia (given by arbitrary
functionals of signals) to QL mental features corresponding to only quadratic func-
tionals simplifies the mental representation of an image. However, this reduction
can be justified by (14.7) in the framework of the QLR (14.6) of classical functionals
of signals.

QLP4. Thinking via operator algebra. This is the crucial point. In QL think-
ing, the brain switches from the classical physical signal processing, i.e. non-linear
equations of the type (14.18) to the linear processing of mental images represented
by density operators (14.26). The representation of qualia is also essentially sim-
plified and it can be done in the linear operator form. Our conjecture is that the
brain is really able to realize such linear operator processing of mental entities.
This type of processing is especially profitable for “abstract thinking,” i.e. thinking
which has a high degree of independence from inputs.

How does the brain realize the QL (operator) processing on the physical level?

We do not know yet. However, we hope that our model may stimulate neurophys-
iologists to look for the corresponding neuronal representation of QL processing.
We can present the following scheme of mental operator processing.

Since the brain has no other computational resources different from neural elec-
tric activity, it seems reasonable to assume that the QL mental dynamics ((14.26),
(14.29)) also has to be performed through this activity. The production of density
operators can be done similarly to the production of covariance operators in the
classical regime. The only difference is that the brain wants to escape the com-
plicated non-linear evolution (14.18). We consider the following stochastic linear
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dynamics in Hilbert space H (of classical electromagnetic fields):

?}—(f(t, X, w) = ﬁq)(t, X, w), ¢(ty, x, w) = Po(x, w), (14.27)

where the random variable ¢y(x, w) is the Gaussian field with zero mean value
and the covariance operator py. Hence, (pou, v) = E{¢o, u){v, ¢o), u, v € H. The
solution of the Cauchy problem (14.27) is the random field:

o(t, x, w) = U;o(x, w), (14.28)

where u, = ="M is the standard for QM one parametric group of unitary oper-
ators. The covariance operator p(f) = pg,) can be easily found: (o(t)u,v) =

E<Ut¢07 Lt)(l), Ut¢0> = E<¢07 U[*M>(Uz*v’ ¢0) = (,O(t)Ut*l/t, U[*v>' Thus:
p(t) = UypoUy-

This operator valued function p(¢) satisfies the von Neumann equation (14.29).
Thus, the von Neumann evolution of the mental state can be induced by the linear
dynamics with random initial condition (14.27). As was mentioned, the crucial
point is that those dynamics are much simpler than the “classical signal dynamics”
(14.18).

Finally, we have the following model of physical realization of the evolution
(14.29). In fact, the brain produces the Gaussian random signal by realizing on the
neuronal level the linear Schrodinger type evolution. At each moment of mental
time ¢ by calculating its covariance operator, the brain creates the mental image
given by the covariance density operator p(t).

In quantum information theory it is well known that in general, i.e. in the
presence of interaction with the environment, the von Neumann equation should
be modified to the Gorini—Kossakowski—Sudarshan—-Lindblad equation:

dp(t)

7, = L), p(0) = po, (14.29)

i
where L : L(H) — L(H) is a linear map with special properties. All previous
considerations can be easily generalized to such mental dynamics.

QLPS5. Concepts. Consider a subspace L of H and the orthogonal projector 7 =
myp ¢ H — L. Itinduces the map 7 : D(H) — D(L),

TOT

=TT g .
oL () Trmpm

Mental images corresponding to elements of D(L) can be considered as abstractions
of mental images corresponding to elements of D(H ). We call them L concepts or
simply concepts. Take some p; € D(L). The mental image M I,, can be interpreted
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as an abstract concept induced by the cluster of mental images:

Wy, ={p € D(H) : 7(p) = pL}

Each concept is based on common correlations of a cluster of mental images. It is
especially interesting to consider the case dim L = m, and m is quite small. These
are very abstract concepts which contain only the basic common correlations in a
huge cluster of mental images. It is extremely profitable for the brain to think on
the conceptual level, especially to operate in a finite-dimensional L. The operator
unitary dynamics (14.29) is reduced to the matrix dynamics. Conceptually, the
Hamiltonian is given by a symmetric m x m matrix. For small m, the dynamics of
such a type are very simple and processing is very rapid.

For example, consider the QLR for the concept “house.” In the classical regime,
the brain created a collection of images of concrete houses M1y, ..., MI;. They
were classically encoded by covariance operators Dy, ..., D;. These operators
contain some common correlations. In the matrix representation, they have a com-
mon block. For simplicity, suppose that this block is of the diagonal type. Consider
a subspace L of H related to this block. Then this block can be represented as a
self-adjoint and positive operator Dy, in L. We have:

DL=7TDj7T,j=1,2,...,k,

where w : H — L is the orthogonal projector. Its QL image is given by

nD;m 7(D;/TrD;)x ;T
= = = L.

=D;/TrD; = = = =
2 L/ L TrrDjxr Trn(D;/TrDj)m Trop;m

Here p; are QL representations of the covariance operators D ;. The density operator
oL gives the abstract concept of house.

We now describe the process of creation of a concept of a higher level of
abstractness from a cluster of concepts. Consider a subspace Z of L. The brain can
create new concepts belonging to D(Z) starting with clusters of L concepts. Of
course, it can proceed directly starting with mental images from D(H ). However,
such step-by-step increasing of the level of abstraction is very natural.

QLP6. Neuronal location of the QL processor. From the general viewpoint there
are no reasons to assume that the QLR is realized in the same physical domain, i.e.
there is the same ensemble of neurons, as in classical processing. It may be that there
is a special domain Oy, which is used for dynamics (14.29). Our model induced
an interesting problem of experimental neurophysiology, i.e. to find domains of
the brain coupled to the QLR. If the hypothesis that the dynamics (14.29) of
mental images is based on the physical dynamics (14.27) is correct, then domains
of the QLR can be identified by the presence of Gaussian stochastic dynamics.
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Unfortunately, at the present level of measurements it is impossible to measure
directly the electromagnetic field inside the brain (at least to make measurements
in a sufficiently dense set of points). However, even the measurement technology
based on EEG provides a possibility of reconstruction of the field inside the brain
by using the methods of the inverse problem.

QLP7. Quantum-like consciousness. We may speculate that consciousness can
be associated with QL processing in the brain. The von Neumann equation (or more
generally the Gorini—-Kossakowski—Sudarshan-Lindblad equation) represents the
“continuous flow of consciousness.” The feeling of continuity is generated through
the averaging of physical signals with respect to the mental time scale, i.e. the
representation of mental images by covariance density operators. In fact, on the
physical time scale the dynamics are discrete, see (14.26).

QLPS. Correspondence between classical and quantum qualia. Consider a clas-
sical quale given by a functional f(¢). The corresponding quantum quale is given
by the self-adjoint operator, the second derivative of f(¢) at the point ¢ = 0. In
general, the behavior of the functional f(¢) differs essentially from the behavior of
its quadratic part. However, on the level of averages the difference is not so large:
in the limit t/7T — O they coincide, see (14.7).

14.8 Composite systems

We turn again to physics. As remarked in Khrennikov [19] (pp. 2-3), in CSM, a
composite system S = (57, S,) is mathematically described by the Cartesian prod-
uct of state spaces of its parts S; and S,. In QM, it is described by the tensor
product. The majority of researchers working in quantum foundations and, espe-
cially quantum information theory, consider this difference in the mathematical
representation as crucial. In particular, the entanglement which is a consequence of
the tensor space representation is considered as a totally non-classical phenomenon.
However, we recall that Einstein considered the EPR-states as exhibitions of classi-
cal correlations due to the common preparation. The PCSFT will realize Einstein’s
dream on entanglement.

Let S = (S, S»), where §; has the state space H; — complex Hilbert space.
Then, by the CSM, the state space of S is H; x H,. By extending the PCSFT
to composite systems, we should describe ensembles of composite systems by
probability distributions on this Cartesian product, or by a random field ¢(x, w) =
(91(x, ®), $1(x, w)) € H X H;.

In our approach, each quantum system is described by its own random field: S;
by ¢;(x, ), i = 1, 2. However, these fields are CORRELATED - in a completely
classical sense. Correlation at the initial instant of time s = sy propagates in time
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in complete accordance with the laws of QM. There is no action at a distance. We
have purely classical dynamics of two stochastic processes which were correlated
at the beginning. In fact, the situation is more complex: there is also the common
random background, i.e. vacuum fluctuations. We shall come back to this question
in future research.

14.8.1 Operator realization of wave function

Consider now the QM model. Take a pure state case ¥ € H; ® H,. Can one
peacefully connect the QM and the PCSFT formalisms? Yes! But W should be
interpreted in a completely different way than in conventional QM.

The main mathematical point is: W is not a vector! It is an operator! It is,
in fact, the non-diagonal block of the covariance operator of the corresponding
prequantum random field: ¢(x, w) € H; x H,. The wave function W(x, y) of a
composite system determines the integral operator:

To(r) = / W(x, ().

We keep now to the finite-dimensional case. Any vector ¥ € H; ® H, can be
represented in the form W = 3", ¥/; ® x;, ¥; € Hy, x; € Ha, and it determines
a linear operator from H, to H;

m
o= (¢, x)Vj. ¢ € Hy. (14.30)

j=1
Its adjoint operator W* acts from H; to H, : @*w = Z;”:l(w, Yi)x;, ¥ € Hy.
Of course, (VA H, — H; and Y H, — H; and these operators are self-
adjoint and positively defined. Consider the density operator corresponding to a

pure quantum state, p = W ® W. Then, the operators of the partial traces p!) =
Try,p = WW* and p® = Try,p = V¥V,

14.8.2 Basic equality

Let W € H; ® H, be normalized by 1. Then, for any pair of linear bounded opera-
tors A; : Hi — Hj, j = 1,2, we have:

TV A, U A, = (A @ Ar)y = (A @ AW, ). (14.31)

This is a mathematical theorem (Khrennikov [10]). It will play a fundamental role
in further considerations.
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14.8.3 Coupling of classical and quantum correlations

In the PCSFT a composite system S = (S, S») is mathematically represented by
the random field ¢(w) = (¢1(w), p2(w)) € H; x H,. Its covariance operator D has

the block structure
Dy D12)
D= ,
(D21 D

where D;; : H; — H;, D;j : H; — H;. The covariance operator is self-adjoint.
Hence, D}, = D;;, and D}, = D»;.

Here by the definition: (D,'jl/tj, V) = E(uj, qu(a)))(v,-, ¢i(w)), u; € H;, vj €
H;. For any Gaussian random vector ¢(w) = (¢1(w), ¢2(w)) having zero aver-
age and any pair of operators A\l e L,(H),i =1,2, the f(/)}lowing gi]ual-
ity tak:c\s placE: (fars far)e = EfA1(¢l/(\w))fAz(¢2(a))) = (TrD11A1)(TrDxnAs) +
TrDA2Dy1A . We remark that TrD;; A; = Efa, (¢i(w)), i = 1, 2. Thus, we have
fa,fa, = Efa Efa, + TrDlzf/szzlA\l. Consider a Gaussian vector random field
such that Dy, = U

E(fa, — Efa)(fa, — Efa,) = (A, @ AW, W) = (A ® Ay)y, (14.32)

or, for the covariance of two classical random vectors f4,, fa,, we have:
cov (fAl’ fAz) = (Al &® A2>‘IJ'
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Conclusion

This book had as its main objective to discuss how (quantum) physics concepts
could be used in a relevant way in the modeling of a variety of economics/finance
and psychology-based processes.

For those readers who have come to read this conclusion, without skipping its
“backbone,” we would like to say “thank you” for keeping with us until the end.

The possible claim, which says that social science driven dynamics would need
analyzing with techniques from the natural sciences, may well have been tempered
with this book. Although quantum physics as a theory of prediction is one of the
most successful theories humankind ever devised, it is not unreasonable to suggest
that the number of foundational interpretations of quantum physics is sizable.

Consider now the following natural question: “How can a theory with such a
wide diversity of foundational interpretations serve to inform and elucidate a non-
cognate area of research (like economics or psychology)?” Indeed, we should want
to stand upright and write, without hesitation, the words “non-cognate.”

No theory in social science can come close to the predictive power of quantum
physics. However, very few social science theories are “plagued” by foundational
issues of such depth as quantum physics. As an example, consider the issue of why
quantum physical wave functions do have to be complex valued. Do physicists
have a satisfactory answer to this very basic question? A theory of such predictive
power has a partial differential equation, the Schrédinger equation, which cannot be
rigorously derived. However, in economics and finance we strive to build theoretical
edifices with the utmost respect for rigor.

Consider the recent financial crisis. Are we comfortable to propose that physics
should now lend a helping hand to the social sciences? This is indeed an extremely
difficult question. There are good examples of theories in finance which can be
reformulated in (quantum) physics-based terms. Option pricing is one such theory.
In economics, expected utility and the violation of the sure-thing principle can
be explained with the concept of probability interference. However, it is unclear
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whether those novel viewpoints have added to our understanding of the pricing or
decision making processes expressed in the above two examples.

We hope that this book has given more clues to aid in our understanding of how
certain foundational aspects in the theories of finance, economics, and psychology
can be re-interpreted. We may have opened up new avenues for research but it
is still far too early to ascertain whether this bears any promise. However, there
may be “rays of light” on the horizon. As an example, we can observe that several
important research funding agencies have now provided financial aid to projects
which involve the use of quantum physical techniques in psychology, finance, and
economics. This is a healthy positive step forward and we can only hope that this
continued support can muster sufficient enthusiasm and wit around the world so
that true breakthroughs can be expected in the near future. We may soon be in dire
need for those.



Glossary of mathematics, physics, and
economics/finance terms

Some mathematics based definitions (in alphabetical order)

Bayes’ formula: the conditional probability P(B|A) is defined by using the prob-
ability P(B N A) of the intersection of events A and B (their joint occurrence):
P(B|A) = Pgﬁjj;”; P(A) > 0.

Bra vector: elements of the dual space H*, the space of linear continuous func-
tionals on H, are called bra vectors. They are denoted as (¢| (see also “Ket
vector” below).

Complex numbers: 7 = x +iy; x, y € Rand i> = —1.

Dirac braket: it can be defined as (Y |wy,) = f Y (wy)dv, where ¥ denotes
the complex conjugate of the state function v/, and the operator w acts on the
state function r,.

Eigenstate equation — see “Eigenvalue equation” below: when the function f; is
replaced by a quantum mechanical wave function, i, the eigenvalue equation is
often re-named as an eigenstate equation: wy = [y, and v can be seen as an
eigenstate.

Eigenvalue equation: this equation for an operator w, with eigenfunction f; and
eigenvalue /, is given by w f; = Lf; (see “eigenstate equation” above).

Fourier integral of a function f: f(x) = \/127 ffooo f(w) exp(iwx)dw, where i is

a complex number (see “Fourier transform” below).

Fourier transform of a function f: f(w) = J% ffooo f(x)exp(—iwx)dx, where

i is a complex number. Note that f(x) (i) needs to be piecewise continuous on
every finite interval and (ii) f(x) is absolutely integrable on the X -axis.
h-derivative of a function f: Dy, f(x) = dgﬂi’;) =1 (fﬁ’lf)_f;x).

h-differential of a function f: dj, f(x) = f(x +h) — f(x).

Hermitian Hamiltonian: the Hamiltonian, ﬁ, is Hermitian when (ﬁlﬂﬂlﬂz) =

(1#1 I'I/'Zw2>, where (.|.) is a Dirac braket.
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« Hilbert space: see Chapter 4: Vector calculus and other mathematical prelimi-
naries.

o Infinitesimal transformation: see entry “Dirac brakets and bras and kets” in
Chapter 4: Vector calculus and other mathematical preliminaries.

« Hyperbolic numbers: z = x + jy; x, y € R, and j? = +1.

« Kantian prejudice: physical space has to be identified with its Euclidean model
(later modified by Lobachevsky and Einstein) — see also “Laplace’s prejudice”
in Chapter 1: Classical, statistical, and quantum mechanics: all in one.

o Ket vector: elements of the Hilbert space H are called ket vectors and they are
denoted as |y) (see also “bra vector” above).

e Linear space: see Chapter 4: Vector calculus and other mathematical
preliminaries.

« Operator: an operator, w, is defined relative to a function f(x) in the following
way: g(x) = w f(x).

o Operator (adjoint): see entry “Dirac brakets and bras and kets” in the Chapter 4:
Vector calculus and other mathematical preliminaries.

o Operator (bounded): an operator w is bounded if: [|W| = suppycpy.jyj=1
[wy |l < oo.

o Operator (Hermitian): an operator, w, is Hermitian if (Wi |yn) = (Y1 |wyn),
where (.|.) is a Dirac braket.

o Operator (idempotent): an operator w is idempotent if W> = w.

o Operator (identity): such an operator leaves a quantum state unchanged. As an
example, in the Heisenberg uncertainty principle, one can write the identity
operator §p — pg = il 1, where 1 is the identity operator.

o Operator (inverse): an inverse operator is such that ww™
operator.

o Operator (linear): i) way = awy and ii) w [ay; + Byr] = awy + Bwis,
where « and B are arbitrary complex constants, and w and v are operators. See
also entry “Operators” in Chapter 4: Vector calculus and other mathematical
preliminaries.

 Operator (momentum): p = —ih%, where ¢ is position, i is a complex number,
and / is the rationalized Planck constant.

o Operator (non-commutative): consider a function f(x), operators ¢, p do not
commute if gp f(x) # pq f(x).

o Operator (projection): an operator which is idempotent and Hermitian.

o Operator (unitary): see entry “Dirac brakets and bras and kets” in
Chapter 4: Vector calculus and other mathematical preliminaries.

o Ordinary differential equation (ODE): F(x, y, y'...y™) = 0, where y are func-
tions of x and y’ indicates the first ordinary derivative towards x; similarly for
y™, which indicates the nth derivative towards x.

I'= 9~ 'w = identity
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Ordinary differential equation (ODE) (linear): An ODE will be linear if F is a
linear function of the variables y, y’ ... y®™.

g-derivative of a function f: D, f(x) = d;’lq‘);g) =1 (q;;:f(x) .

g-differential of a function f: d, f(x) = f(gx) — f(x).

Stochastic matrix (double): a square matrix of non-negative real numbers, where
each row and each column sums to 1.

Stochastic matrix (right): a square matrix where each of its rows consists of
non-negative real numbers, with each row summing to 1.

Stochastic matrix (left): a square matrix whose columns consist of non-negative
real numbers whose sum is 1.

Unitary transformation: see entry “Dirac brakets and bras and kets” in Chapter 4:
Vector calculus and other mathematical preliminaries.

Some physics-based definitions (in alphabetical order)

Bohr’s postulate: an electron can move only on a discrete set of orbits and hence
its energy can take only a discrete series of values.

Bohr—Heisenberg Copenhagen interpretation of quantum mechanics: this inter-
pretation says that the wave function of a quantum system provides the
most complete description of its state, i.e. no finer description could be
created.

Born’s rule (discrete version): the probability to find a particle at the point x of
physical space is given by the square of the absolute value of the y-function
(complex probability amplitude).

de Broglie relation: p = hk; p is momentum and / is the rationalized Planck
constant; k is the wave number.

Conditioning (context): conditioning which is not only based on the Bayes’
formula and Boolean algebra, since a context C need not (although can in some
cases) be associated with any event.

Conditioning (event): conditioning which is based on the Bayes’ formula and
Boolean algebra.

Conservative force: f(x) = —%, where f is force, V is the real potential, x is
position.

Context: a context C is a complex of conditions: for instance physical, social,
financial.

Continuity equation: 334;2 + %% (Rzg—j) = 0, where R is the amplitude of the
wave function, S is the phase of the wave function, m is mass, g is position, f is
time.

Correspondence principle: the principle which establishes a coupling between
classical and quantum mechanics.



268 Glossary of mathematics, physics, and economics/finance terms

« Double slit experiment: the basic experiment in quantum mechanics which indi-
cates wave-particle duality.

« Energy preservation in the process of motion: H(q(t), p(t)) = H(q(ty), p(to)),
where H is the Hamiltonian function (please see below for “Hamiltonian func-
tion”).

« Factorizability of the density: the probabilistic independence of particles (this
does not imply factorization of the probability amplitude).

¢ Hamiltonian function: H(g, p) = 2m + V(gq), where p is momentum, m is mass,

2
V(.) is the real potential, £~ is kinetic energy, ¢ is position.

o Hamilton—Jacobi equation: consider the equation % 4+ ﬁ ( % )2 + (V-
zfij ‘(’;Tlf) = 0, where S is the phase of the wave function, ¢ is time, m is mass, g
is position, £ is the Planck constant V is the real potential, R is the amplitude
function. When ﬁ << 1 and let 57— 2 7 3 R be negligibly small, then the above
equation is a Hamilton—Jacobi equation.

« Heisenberg’s postulate: operators on position and momentum should satisfy a
peculiar commutation relation (the Heisenberg uncertainty principle).

o Heisenberg uncertainty relation (first proven by Kennard (1927) — see
Chapter 1: Classical, statistical, and quantum mechanics: all in one): 0,0, > %,

wherei = h/2m, and oy, 0, are the standard deviations of respectively position

and momentum.

o Information: i = — ) p;In p;, where p; is a probability distribution of states

J
and the index j can describe a feature of a system (or a particle for instance).
o Information gain: K = Z D ln , where p; and p’ ; are different probability

distributions (see also “Informatlon above).
o Maps (quantum information theory): a map is important for describing an infor-
mation transmission such as a measurement process or a signal transmission.

e Mean forward derivative of a function f: D, f(x,t)=Ilima,; g
E S x@+A), t+A)— f(x(1),1)
At

], where ¢ is time.

e Mean backward derivative of a function f: D_f(x,t)=Ilima, ¢
E[f(X(t),t)—f(X(t—At),t—At)

At

« Mixed state: such a state is obtained when a statistical mixture of wave functions
is used.

« Newton’s second law: m.a = f m is mass, a is acceleration, f is force.

« Newton-Bohm equation: m % d"gl) avd(q L) dQJ(Z D where m is mass, g is

position, V is the real potential, and Q is the quantum potentlal 0O(g, t) depends

on the wave function, and the wave function evolves according to the Schrodinger

equation. The initial conditions are ¢(ty) = g and g'(ty) = g, (momentum).

], where ¢ is time.
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No-go theorems: theorems about the impossibility to construct “prequantum
models” reproducing the probabilistic predictions of quantum mechanics and
operating with classical probabilities.

Non-local realism: a condition of the world where determinism holds true. There
is instantaneous action (with transmission speed faster than speed of light) at a
distance.

Non-stationary states: when the wave function is not separable, then we must
obtain a non-stationary state.

Operators on position and momentum (respectively): Gv¥(q) = q¥(q),
pY(g) = —ih%;"), where ¥(q) is a square integrable function, i is a complex
number.

Planck constant: & &~ 6.6260693(11) x 1073 J x sec.

Polar form of wave function: ¥ (¢, t) = R(q, t)e"w, where R(q, t) = |V (q, 1)],
S(g, t)/ h is the phase of the wave function (divided by the Planck constant), g
is position, ¢ is time.

Prequantum approach: approach by which classical-like models reproduce
results of quantum experiments have been created.

Prequantum classical statistical field theory (PCSFT): in this model quantum
non-locality has been reduced to classical correlations in the background field
(please see below for “quantum non-locality™).

Probability interference term: 2 |y (x)| [2(x)| cos (S — S2), where S;(x) is the
phase of the wave function i and |y;(x)| is the amplitude of the wave function i.
Pure state: when a system is described by a single wave function then it is called
a pure state.

Quantization: a transition from functions on the phase space, f(g, p), to Her-
mitian matrices or more generally operators, by using operators of position and
momentum, instead of corresponding classical variables.

Quantum entanglement: the existence of wave functions of the form ¥ (g1, g2) =
Y1(q)V2(g2) + ¥2(q1)¥1(g2). The correlation of phases (and not the coordi-
nates) is the essence of quantum entanglement.

Quantum-like approach: the approach by which we do not start with a classical
model and then quantize it, but we directly mimic the quantum approach.
Quantum non-locality: a consequence of quantum entanglement (please see
above for “quantum entanglement”).

Quantum potential: — % %ZT]f, where R is the amplitude of the wave function, m
is mass and ¢ is position, £ is the Planck constant.

Quantum state representation: only normalizable state functions can represent
a quantum state. The state function, before complex conjugation is applied, is
indicative of the probability wave or the probability amplitude.

Rationalized Planck constant: i = h /2.
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o Schrodinger partial differential equation (time dependent — for one particle sys-
tem): zh% = —%% + Vg, t)¥(q,t), where i is a complex number, /i
is the rationalized Planck constant, ¥ is the wave function, m is mass, V is the
real potential, g is position, and 7 is time.

« Stationary states (existence): in the case we have a conservative system, i.e. with
a real potential which is time independent, stationary states will exist.

« Wave packet construction: ¥ (x, t) = \/#27 ffooo A(k)exp(i(kx — wt))dk, where k
is a wave number, A(k) is the amplitude function, ¢ is time, x is position, and w
is the angular frequency.

Some economics/finance and psychology-based definitions
(in alphabetical order)

o Absolute risk aversion (ARA): ARA= _MLTZ%); where u”(W) indicates the
second derivative of the utility function towards wealth (and similarly for the
first derivative).

o Absolute risk aversion (increasing): if wealth increases ARA increases (often
denoted as IARA).

« Absolute risk aversion (decreasing): if wealth increases ARA decreases (often
denoted as DARA).

« Anscombe—Aumann expected utility model: a mixture of objective and subjective
probabilities are used in the calculation of expected utility.

« Arbitrage (no-): the absence of making a riskless profit. Example: if two deposit
accounts, A and B, are equally default free (ceteris paribus), then if the interest
rate on deposit account A is higher than on the deposit account B, an arbitrage
profit situation occurs; the excess interest rate between accounts A and B reflects
no additional risk.

« Binomial option pricing: a model which aids in setting the non-arbitrage price

of a financial option (see “Black—Scholes option pricing model” below).

o Black—Scholes partial differential equation: ‘]a—f +rS g—g + %GZSZ‘ZZT@ =rsF,
where F is the option contract and ‘;—g is the “delta” of the option, 7y is the risk
free rate of interest, o is the volatility of the price of the underlying asset S, ¢ is
time.

o Black—Scholes option pricing: solutions to the Black—Scholes partial differential
equation (with the proper end conditions (please see ‘“Black—Scholes partial
differential equation” above)) provide for the pricing equations of the Black—
Scholes model.

¢ Black-Scholes portfolio: I1 = —F + %—gS , where I1, F is the option contract
and ‘;—? is the “delta” of the option, § is the price of the underlying asset.

o Brownian motion on the price of an asset: a stochastic differential equation
dS =a(S)dt+ B(S)dX, where dS denotes the infinitesimal change in the
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asset price S, o (S) is some drift function of the asset price, d¢ denotes the
infinitesimal change in time, B (5) is some diffusion function of the asset price,
d X is a Wiener process.

Call option (plain vanilla): a security that gives its owner the right, but not
the obligation, to purchase a specified asset for a specified price, known as the
exercise price or the strike price.

Capital asset pricing model (CAPM): the return of asset i, r;, is written as
ri =ry+ Bi(r, —ry) + €;, where ¢; is the error term, B; is the CAPM beta (see
below for “CAPM — B;”), r s is the risk free rate of interest (please see below for
“risk free rate of interest”), r,, is the rate of return on the market portfolio (see
below for “market portfolio™).

CAPM - B;: for a security i, B;, is defined as 8; = %’2”’), where r; is the
return of asset i and r,, is the return of the market portfolio and cov(r;, ry) is the
covariance of the return of asset i and the return of the market portfolio, m (see
also “market portfolio” below).

Efficiency: efficiency expresses what type of information (for instance public
information) prices reflect.

Equivalence between preference relation and utility function: there exists an
equivalence between the preference relation of an object x over an object y,
denoted as x > y, if and only if there exists a utility function «(.), which maps a
set of objects into R, such that u(x) > u(y).

Ellsberg paradox: this paradox indicates that the “sure-thing principle,” a key
assumption of the Savage model can be refuted on experimental grounds.
Incompatible observables (economics/finance interpretation): non-simultaneous
observables. As an example, one observable variable is “price” and the “time
change of price” would be the other observable variable. Both variables cannot
be simultaneously observed.

Information price trajectory: a Newton—Bohm path (see above “Newton—Bohm
equation”) of non-observed prices which affect non-observed risk neutral prob-
abilities (see below “Risk neutral probabilities”) in the non-arbitrage theorem.
Information (quantum-like representation): in the quantum-like representation
of information, the brain operates with density operators which represent not
only concrete mental images (coming from the classical regime of mental pro-
cessing), but also abstract concepts (of different levels of abstraction which do
not correspond to classically produced images).

Kinetic energy in economics: % Z';:l m; v?, where m ; is the number of shares

q,(t+At)—q;(t)

of stock j and v;(f) = ¢;(t) = lima;—0 A

the price of asset j.
Market capitalization: T;(t) = m ;q;(t): market capitalization of trader j at time
t, where m; is the number of stock of asset j, and ¢g; is the price of asset j.

, where 7 is time and ¢; is
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o Market portfolio: a theoretical portfolio used in the capital asset pricing model.
A close proxy of such portfolio can be an index portfolio like the Dow Jones 30
portfolio.

o Martingale of a stock price: the conditional expectation of a stock price, St
at time 7 > t, given the information at time ¢ : I;, is E[St|l;] = S; (note: the
mathematical definition is more involved than this heuristic definition).

o Phase space of prices: a product space Q x V; where V=R" and ¥ =
(v1, v2,...,v,) €V, vj(t) = C}j(l) = lima;_¢ W, t is time and 7 =
(q1, q2, - .., qn) € Q, where g; is the price of the share of the jth corporation.

« Potential energy in economics: describes the interactions between traders as well
as interactions from other factors such as macro-economic factors.

o Pricing rule: %, where Q is the quantum potential (adopted for a financial
environment) and ¢ is price.

« Psychological time scale (7 -scale): the T'-scale is called the mental time scale or
psychological time scale. The T'-scale is the scale of creation of mental images
by the brain.

o Put option (plain vanilla): a security that gives its owner the right, but not the
obligation, to sell a specified asset for a specified price, known as the exercise
price or the strike price.

o Qualia: in prequantum classical statistical field theory, each concrete mental
image is associated with a random signal. Its mental features, *“ qualia,” are given
by functionals of this signal. In the simplest case, these are quadratic forms of
the signal.

o Quantum-like wave function (economics/finance interpretation): as an input in
the Radon—Nikodym derivative (see Chapter 13).

« Quantum-like wave function (economics/finance interpretation): as an analogue
of the put and call functions (see Chapter 13).

¢ Quantum-like pilot wave function (economics/finance interpretation): pilot
waves as carriers of erroneous information (see Chapter 13).

o Quantum-like pilot wave function (economics/finance interpretation): pilot wave
in a drift-dependent option (see Chapter 13).

o Risk averting: u(E(W)) > E(u(W)), i.e. if the utility of expected wealth is larger
than the expectation of the utility of wealth, then the individual is risk averse.

« Risk averting (degree of): if agent 1 is more risk averse than agent 2, then agent’s
1 utility function is “more concave” than agent’s 2 utility function; we get for
agent’s 1 utility function that u(w) = h(v(w)) where A(.) is an increasing/strictly
concave function.

« Risk free rate of interest: the rate of interest on an asset which carries no risk at
all. Example: a deposit account upon which no default can occur should carry a
risk free rate of return.
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Risk loving: u(E(W)) < E(u(W)), i.e. if the utility of expected wealth is smaller
than the expectation of the utility of wealth, then the individual is risk loving.
Risk neutral probability: a probability measure which allows a risky asset to be
discounted at the risk free rate of interest.

Savage expected utility model: subjective probabilities are used in the calculation
of expected utility.

Short selling: a broker sells shares at a price, p, on behalf of an investor. The
broker borrows the shares from another investor. Assuming the price of the asset
drops, the investor will buy the shares at the price p; < p and will make a per
share profit (before transaction costs) of p — p;.

von Neumann—Morgenstern expected utility model: objective probabilities are
used in the calculation of expected utility.
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